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Introduction
It's a new era for data warehousing (DW) processes and technology, as well as for the organisations they service. With this project, we want to discover, assess, and analyse DW's current developments. Recognizing, defining, and analysing the most significant trends requires a methodical methodology. It is predicated on the trends' function and usefulness in the company's business operations and intelligence (BI). To begin, we'll look at the generic design of today's DW, which is based on more recent definitions of DW and BI. "Digging down" further, we examine the DW issues related to data directly proportional to the quality (such as compliance issues and infrastructure aggregation), as well as performance management improvement (which includes a focus on data integrity) and the administration of metadata. As early stages of project choices have long-term consequences, this in-depth logical analytical technique yields intelligible insights that should be taken into account at the crucial early stages of DW projects (Biere, 2003).
Тhe current trends in data warehousing, business intelligence and data mining
The term "data warehousing" refers to the practise of keeping data in relational databases. Data is chosen from many sources, consolidated, structured, and maintained in order to offer relevant insights from data for analytical and querying purposes (Castellanos et al., 2012).
Data management at the corporate level requires a comprehensive strategy. Data is not only fetched from sources of data for operating or transactional operations, but is also transformed so that it may be used for analysis and comparison (Chitoria, 2022).
Other titles for a data warehouse include Decision Support System, Executive Information System, Management Information System, Analytic Application and Business Intelligence Solution. For this reason, we refer to it as a "Decision Support System," which delivers helpful insights and patterns based on the examination of data. Most companies have a separate data warehouse from their operating database. We only use it for transactional, more objective functions (Castellanos et al., 2012).
A normal operational database contains normalised data, which is either completely normalised or in the third normal form (3NF). During a 3NF state, each database table field is functionally reliant on the main key and has no indirect links (Chitoria, 2022).
In this case, the data is substantially ramified, which indicates that retrieving the data is a time-consuming procedure. Data is de-normalized, i.e. it is changed to 2NF from 3NF, in data warehousing and so is known as Big data. We call it big data because the amount of redundant data grows, and so the amount of data that must be stored grows as well. Creating data warehouses is only for the purpose of swiftly retrieving processed data. For companies to assess and make choices that are helpful for their company and for the industry's operation, we also give aggregate statistics like totals, averages, general trends, etc (Castellanos et al., 2012).
Tools and technology used for data gathering, integration, analysis, and visualisation are together known as Business Intelligence. By using BI tools, we can turn raw data collected from many sources into understandable data or relevant information (Fink et al., 2009).
To create a business choice based on the facts given by the studied data, this information analyses trends and patterns. We use Business Intelligence technologies to turn raw data from numerous sources into useful information in order to simplify the notion. Depending on the data type, it may be stored in a variety of different data structures like files, databases, data warehouses, and data lakes (Chitoria, 2022).
It is possible to create a report, a query, or a dashboard using the data contained in the data warehouses. As a result of the so-called ETL procedure, we are able to (Extract, Transform, Load). There are several ways in which the extracted, restructured and loaded data might be used by the corporate executive. These findings are utilised to make conclusions and drive their decision-making by assessing the relevant facts (Fink et al., 2009).
It's common for data warehousing and business intelligence (BI) to work together, as BI technologies heavily rely on data warehousing. The efficient and cost-effective operation of every company relies heavily on Business Intelligence. As a result, BI helps with operational efficiency, including ERP reporting, KPI monitoring and risk management. Additionally, it aids in interactions with customers, such as sales analysis, sales forecasting, segmentation, campaign design, and customer profitability (Kimball & Ross, 2016). When a user inquires about the status of an order, such as "When did the order ship?" How many units of product X have been sold so far in the current calendar month? Etc. OLTP, or Online Transaction Processing, is being used to access data from a conventional database. Data warehouses are essential to the usage of Business Intelligence technologies. Through Online Analytical Processing, the information is sent (OLAP). There was a clear need for an upgrade from the previous generation of decision-making tools, which were based on OLTP. At the time, the data was in an unorganised and low quality state.  The recovery of data from the source was also a time-consuming operation since the data was dispersed. Because of this, almost all businesses now employ OLAP and data warehouse models (Maheshwari, 2014).
Essential concepts and principles by using predictive analytic software
Analytical methods that forecast future patterns and occurrences are called predictive analytics. It analyses data from the past to predict future outcomes that might aid in strategic planning (Biere, 2003).
As an example, anticipating a piece of machinery's failure later that day or forecasting your company's cash flow for the forthcoming year are examples of short-term forecasts (Castellanos et al., 2012).
Automated machine learning techniques may be used for predictive analysis. In any case, predictions regarding the future are based on previous evidence (Chitoria, 2022).
Regression analysis is a method for determining the connection across two or more variables. Mathematical equations are used to describe the connections between variables and predict the result if one variable changes (Castellanos et al., 2012). Examples of Predictive analysis from real-world professional environment: 
· Predictive analytics may play a large part in predicting the health of your company's future cash flow, and every firm has to maintain periodic financial records. For example, by looking at past financial records and industry trends, you may predict future sales, income and costs based on the information you have (Chitoria, 2022).
· Staffing in the Entertainment and Hospitality Industry - Caesars Entertainment, a casino and hotel operator, uses predictive analytics to identify staffing requirements at various periods, which is one example examined in Business Analytics. How many employees a venue or hotel requires at any particular moment is dependent on a variety of variables, all of which have an impact on how many customers are coming in and leaving at any given time. It's expensive to overstaff, yet understaffing may cause poor customer service, overworked personnel, and costly blunders. Multivariate regression models were used to forecast how many people will check into hotels on any given day. To the best of its abilities, Caesars used this approach to staff its hotels and casinos (Fink et al., 2009).
· Behavioural targeting in marketing Consumer data is plentiful in marketing, and it is used to generate content, adverts, and tactics that are more effective at reaching prospective consumers where they are located. Predictive analytics is the study of past behaviour and the use of that data to make predictions about the future. Using prescriptive analytics in marketing may help businesses anticipate seasonal changes in sales and design marketing efforts appropriately. In addition, you can anticipate a lead's chance of going down the funnel from awareness to purchase based on prior behavioural data. With a single regression model, for example, you may discover that the number of content offers that leads interact with predict—with a statistically significant degree of certainty—the possibility that they will become a client down the road. Using this information, you may create advertisements that are relevant to different stages of the customer's journey (Kimball & Ross, 2016).
· Aside from the instances above, predictive analytics may also be used to avoid undesirable or detrimental circumstances from happening, such as in the case of manufacturing. An algorithm may be taught to reliably forecast when a piece of equipment would likely fail based on past data in the manufacturing industry. It is possible that the algorithm may save a corporation thousands or even millions of dollars in damaged merchandise and repair expenses by alerting an employee to an impending failure. In the now, rather than months or years in the future, this research anticipates potential malfunctioning situations. Fixes and adjustments are even recommended by certain algorithms to prevent future problems and increase performance. This is an example of prescriptive analytics, which is typically used in conjunction with other forms of analytics (Maheshwari, 2014).
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