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Abstract 
Aim: The purpose of this research was to examine how AI personalisation impacted consumer buying behaviour in online e-commerce environments. In this respect, the study focused on the decision-making process of customers’ engagement levels and loyalty, along with trust, which were shaped by personalised shopping experiences. To achieve the given objectives of this research, a secondary qualitative research approach was adopted, which utilised publicly available academic articles, reports, and various case studies.
Method: An interpretivism research philosophy was utilised in conjunction with an inductive approach, which helped to guide the examination of existing literature. The data analysis in this research was conducted using thematic analysis, which effectively helped to evaluate a plethora of secondary data collected from multiple sources to achieve the objective of this research.
Key findings: In this context, the findings of this research reflected that AI personalisation significantly influenced the way customers discovered products and enhanced their likelihood of purchase, engagement rates, and satisfaction levels. The findings also reflected the presence of privacy concerns, algorithmic biases, as well as issues linked with transparency, which often tended to moderate customer trust and acceptance of such personalisation technologies.
Conclusion: Considering the challenges that were identified in the findings of this research, it was recommended that organisations should strengthen ethical governance, transparency, and explainable AI practices to build customer trust. Apart from that, the use of balanced personalisation was also recommended, along with human oversight, which could help to sustain long-term customer relationships and enhance customer loyalty.






Acknowledgement 
I would want to begin this acknowledgement by expressing my sincerest appreciation to my supervisor for their advice, patience, and support. I am incredibly glad to have worked under my supervisors and the unwavering confidence I have gained as a result over the months. Thank you to all of my professors for your kind remarks. Your consistent assistance was of great assistance in completing my research. I would also like to thank my parents for their unending emotional and financial support over the years.

Table of Contents
Chapter 1: Introduction	6
1.1 Background	6
1.2 Research aim	7
1.3 Research objectives	7
1.4 Research questions	7
1.5 Problem statement	7
1.6 Rationale	8
1.7 Dissertation structure	10
1.8 Summary	10
Chapter 2: Literature Review	12
2.1 Introduction	12
2.2 Significance of AI personalisation in the e-commerce market	12
2.3 Ways AI personalisation is used within e-commerce platforms	13
2.4 Market-driven factors encouraging the adoption of AI personalisation in e-commerce	15
2.5 Organisational factors encouraging the adoption of AI personalisation in e-commerce	17
2.6 Ethical and regulatory considerations influencing AI personalisation in e-commerce	19
2.7 Impact of AI personalisation on consumers' decisions to make purchases online	21
2.8 Challenges and opportunities associated with AI personalisation that shape or constrain consumer decision-making	23
2.8.1 Challenges associated with AI personalisation that shape or constrain consumer decision-making	23
2.8.2 Opportunities associated with AI personalisation that shape or constrain consumer decision-making	24
2.9 Theoretical underpinnings	26
2.10 Conceptual framework	31
2.11 Literature gap	32
2.12 Summary	32
Chapter 3: Methodology	33
3.1 Introduction	33
3.2 Research onion	33
3.3 Research philosophy	34
3.4 Research approach	34
3.5 Research design	35
3.6 Data collection	35
3.7 Data analysis	36
3.8 Limitations	36
3.9 Ethical considerations	37
3.10 Summary	37
Chapter 4: Data analysis	38
4.1 Introduction	38
4.2 Coding	38
4.3 Thematic analysis	39
Theme 1: Current Applications and Mechanisms of AI-Driven Personalisation within Contemporary E-Commerce Platforms	39
4.3.2 Theme 2: Strategic, Competitive, and Market-Driven Factors Motivating the Adoption of AI Personalisation by E-Commerce Organisations	41
4.3.3 Theme 3: Influence of AI-Based Personalisation on Consumer Decision-Making Processes and Online Purchase Behaviour	42
4.3.4 Theme 4: Role of AI Personalisation in Enhancing Consumer Engagement, Satisfaction, and Long-Term Brand Loyalty in Online Retailing	44
4.3.5 Theme 5: Challenges of AI Personalisation and Their Influence on Consumer Trust and Decision-Making	46
4.4 Discussion	48
4.5 Summary	50
Chapter 5: Conclusion and recommendations	51
5.1 Conclusion	51
5.2 Linking with objectives	52
5.3 Recommendation	53
5.4 Future scope	55
References	56


[bookmark: _heading=h.l7sivaukr179]List of figures 
Figure 2.1: Challenges in AI personalisation	21
Figure 2.2: S-O-R model	28
Figure 2.3: TPB	29
Figure 2.4: TAM	30
Figure 2.5: ECT	31
Figure 2.6: Conceptual framework	32
Figure 3.1: Research Onion	34
Figure 4.2: Customer expectations around personalisations	41
Figure 4.3: AI growth in the e-commerce market	44
Figure 4.4: AI personalisation in e-commerce	45
Figure 4.5: Revenue of Alibaba	47
Figure 4.6: Temu users, by country	49
[bookmark: _heading=h.jb3ouflwlvyb][bookmark: _heading=h.z9hxsows15t6]
Chapter 1: Introduction 
[bookmark: _heading=h.htc6fk50bgs4]1.1 Background 
Artificial intelligence (AI) is quickly changing the e-commerce scene, opening up new avenues for personalization while also posing problems with data usage, customer expectations, and the overall effect on online purchasing behaviour. AI is turning out to be one of the most disruptive technologies that has transformed the E-Commerce industry (Anica-Popa et al. 2021). However, this transformation comes with a significant level of challenges along with benefits such as customer engagement, retention, loyalty, and convenience. In this regard some of the most notable technologies that have helped E-Commerce companies to transform consumer shopping experience includes AI personalization acts as an algorithm where consumers are recommended products that they are highly likely to buy or prefer (Raji et al. 2024). Research on how much AI personalization actually influences consumer decision-making and purchasing behaviour is still lacking, despite the fact that it is frequently credited with improving shopping convenience and directing customers toward products that suit their preferences. 
The use of AI personalisation strategies leverages the behavioural patterns of consumers that helps companies to anticipate the needs of customers and transform the passive browsing nature into a guided purchasing journey online (Joseph et al. 2025). However, there is still little research on how well this increasing data volume actually translates into better personalization outcomes and influences consumer purchasing behaviour, despite the fact that increased online shopping has increased the availability of consumer data for training AI personalization models. In addition to that, the use of artificial intelligence in personalizing the shopping experience of consumers has also become a major factor of differentiation among companies and is currently acting as a competitive advantage for organisations. Moreover, it has been seen that the use of AI personalisation increases consumer loyalty significantly as it helps consumers to identify products that they are looking for thus increasing their convenience (Ifekanandu et al. 2023). Adding to that, real-time analytics allow for immediate changes to product availability, prices and promotions based on buying signals. Nonetheless, the effectiveness of this personalisation depends on algorithms accuracy, quality of data collected and how well these tailor-made experiences will conform to users and their expectations in order to provide both relevance and satisfaction in dynamic e-commerce settings.
[bookmark: _heading=h.3tiyf344paus]1.2 Research aim 
The aim of this research is to critically examine how much AI-driven personalization affects online customer purchase behaviour in modern e-commerce environments, especially with regard to decision-making, engagement, and loyalty.
[bookmark: _heading=h.nfme9x7hjlqm]1.3 Research objectives
· To examine how AI personalisation is implemented within contemporary e-commerce platforms
· To analyse the key factors motivating e-commerce companies to adopt AI-driven personalisation strategies
· To evaluate the impact of AI personalisation on consumer purchasing behaviour
· To analyse the challenges associated with AI personalisation and how these challenges influence consumer decision-making
[bookmark: _heading=h.ttd4ao7jos0s]1.4 Research questions 
1. In what ways is AI personalisation currently applied within e-commerce platforms?
2. How do important market and organizational aspects encourage e-commerce businesses to use AI-driven personalization?
3. How does AI personalization affect consumers' decisions to make purchases online?
4. In what ways do the challenges associated with AI personalisation shape or constrain consumer decision-making?
[bookmark: _heading=h.1mlmeyjrt3v2]1.5 Problem statement 
The actual impact of e-commerce platforms that heavily rely on AI personalisation remains unclear mostly due to the fact that use of AI is a recent phenomenon and not much studies have been done in this context. With use of AI, personalisation offers consumers a significantly high level of tailored recommendation as per the needs and requirements of customers; it still reflects upon the potential concern regarding manipulation and influencing the decision-making process of consumers. Furthermore, there is also a significant degree of less transparency linked with AI personalisation systems used by E-Commerce platforms which leads to distrust among customers that affect the credibility of a brand and long-term loyalty of customers (Will Arachchige et al. 2024). Moreover, the adoption of AI personalisation among E-Commerce companies has become a major determinant of competitive advantage in the market however it greatly overlooks the ethical considerations which affect the overall wellbeing of consumers and their shopping experience (Moodley and Sookhdeo, 2025). In light of these concerns, it is still unclear how AI personalization actually affects customer purchasing behaviour, underscoring the need for studies that elucidate its true impact, dangers, and ramifications in e-commerce.
[bookmark: _heading=h.82ymb52xfdtp]1.6 Rationale 
As the relevance of AI personalisation on E-Commerce platform is growing its relevance in the industry has been one of the major antecedents of empowering both retail companies as well as customers. The AI personalisation strategies that are currently being employed by retail companies offers significant boosts in terms of revenue engagement of customers as well as makes the overall shopping experience quite convenient and intuitive (Okeke et al. 2024). However, this utilisation of such strategies is not limited to one single organisation as this can be seen as a diffusion of innovation where multiple organisations are implementing AI personalisation strategies after understanding the benefits this technology offers in terms of competitive advantage and relevance in the market. Based on extensive studies it has been seen that professionals involved in the development and implementation of AI personalisation have a preference of 71% as it extensively helps companies to leverage legacy technology to differentiate from competitors (Allaboutai, 2025). In addition to that, the potential of AI personalisation in the retail environment is significantly higher than any other technology as it has the capability of lifting the revenue by 10 to 15% on average (Amazon, 2025). It can be seen as a disruptive technology that is rapidly gaining momentum across companies in the retail sector. Thus, more scholarly study is required to comprehend the wider behavioural, strategic, and ethical implications of AI personalization in e-commerce, given the strong organizational demand for it and its proven ability to generate large revenue increases.
Since AI driven personalisation strategies have the capability to influence consumer purchase decisions it tends to improve the shopping experience as per the needs and requirements of the organisations based on data, they have gathered on particular consumer segments (Moodley, and Sookhdeo, 2025). However, this is where various ethical concerns come into question as the use of such technology creates a manipulative force that organisations are currently using to influence the decision-making process of consumers (Broklyn et al. 2024). To some extent it can be stated that the independence of consumers regarding the selection of products and shopping experience is declining with the use of such technology. Moreover, availability of growing data sets regarding consumer purchase and their behaviour is also making it easier for organisations to develop their own AI platforms. However, these personalization strategies have also become a problem as this creates an overabundance of product choices which can lead to shopping fatigue among customers. AI personalisation strategies utilised by retail firms are also known for influencing repeat purchase as this helps companies to develop an emotional connection with customers by strengthening the perceived brand relevance (Panya and Leelasantitham, 2025). 
Retailers like Amazon utilize behaviour analytics that they collect from consumer browsing patterns which are used for recommendations that enhance customer satisfaction (Adeniran et al. 2024). Apart from that, flexible pricing strategies can also be developed with the use of AI bots which helps to enhance the satisfaction of AI recommendations. Apart from that target content delivery is another aspect of AI personalisation which effectively helps organisations to strengthen the trust they have with their potential customers and increase the perceived relevance of their platforms, respectively. As a result, taking only aspects into consideration it can be useful to understand the actual impact of any personalization and to assess consumer buying behaviour online. 
[bookmark: _heading=h.nicnqi9ube9k]1.7 Dissertation structure 
	Chapter
	Objectives 

	Chapter 1: Introduction
	· Introduces research topic and establishes context within AI personalisation in online consumer behaviour today.
· States research aim, objectives and questions guiding investigation into AI-driven e-commerce personalisation impacts clearly.

	Chapter 2: Literature Review
	· Critically examines existing theories linking AI personalisation with online consumer decision-making patterns in literature.
· Identifies research gaps requiring further investigation regarding influence of AI on buyer psychology online

	Chapter 3: Methodology (Secondary)
	· Explains secondary research approach utilizing existing credible academic sources and industry reports for analysis.

	Chapter 4: Data Analysis (Thematic Analysis)
	· Organises extracted findings into themes reflecting behavioural trends influenced by AI personalisation across e-commerce.
· Interprets thematic patterns to understand how personalised features shape online purchasing decisions among consumers. 

	Chapter 5: Conclusion and Recommendations
	· Summarises concludes key insights regarding AI personalisation's overall impact on online consumer behaviour today comprehensively.
· Provides practical recommendations for businesses and researchers to enhance responsible AI personalisation strategies implementation



[bookmark: _heading=h.l7edp89es8h]1.8 Summary 
This chapter has shed light over the background of the research and helps in understanding the concept of AI personalisation and the weight is being used by retail firms. The problem statement of this research indicates the lack of extensive studies that can help to link performance and impact of AI personalisation over consumer behaviour. Based on this the chapter lists down a set of objectives and research questions based on which the study aims to analyse to what extent AI personalization actually impacts consumer behaviour and decision-making process. Therefore, based on the objectives of this research the subsequent chapter will critically analyse existing literature that has analysed AI personalization's impact on online consumer buying actions.


[bookmark: _heading=h.hxe94hioufev]Chapter 2: Literature Review
[bookmark: _heading=h.y78dlmip7w6a]2.1 Introduction 
AI personalisation has significantly emerged as a transformative aspect of e-commerce business, which is reshaping the way consumers interact with online platforms. The following chapter will refer to analysing vast amounts of journal articles, which will refer to analysing the way AI personalisation is significantly influencing consumer buying behaviour online. In connection with that, the analysis of this chapter will further refer to addressing research objectives and questions regarding personalising to enhance engagement, satisfaction, and purchase intention of individual preferences. In addition to that, the literature will be synthesised by critically comparing theories and empirical studies on AI personalisation, identifying key themes, relationships, contradictions, and research gaps influencing online consumer buying behaviour
[bookmark: _heading=h.k12a6q7njxog]2.2 Significance of AI personalisation in the e-commerce market 
E-commerce companies can use AI-powered personalisation capabilities to tailor consumer interactions to individual preferences and behaviours. The global e-commerce market is growing steadily. It has been noted that, from $5.8 trillion in 2023 to $8 trillion by 2027, global retail e-commerce revenues are projected to increase by 39% (Moodley and Sookhdeo, 2025). Regarding this, personalisation has emerged as a crucial strategy for enhancing the consumer experience in e-commerce. As referred in the analysis of Felix and Rembulan (2023) and Aithal (2023); by using the easily accessible consumer data, e-commerce businesses may create personalised encounters that make customers feel valued and involved. Innovative technologies like AI, Big Data, and the Internet of Things are driving Industry 4.0, which is marked by extreme automation and hyper-connectivity. Considering this, companies gain a major competitive edge if they use these technologies to provide individualised client experiences (Aithal, 2023). In particular, AI is essential when creating tailored e-commerce experiences that help companies better satisfy the demands and requirements of their clients. Personalisation matters beyond growth and competition because it shapes consumer trust, perceived value, decision quality, emotional engagement, privacy perceptions, and long-term relationships, influencing satisfaction, loyalty, and expectations in digital marketplaces (Felix and Rembulan, 2023).
Moodley and Sookhdeo (2025) suggested that local e-commerce companies are adopting similar tactics as a result of global brands like Amazon setting high standards for smooth, customised encounters. AI is frequently employed in developed countries to improve customer happiness and operational effectiveness through automated customer service, predictive analytics, and personalised suggestions. For example, Amazon's recommendation algorithms heavily rely on AI to increase engagement and sales (Moodley and Sookhdeo, 2025). Competition has increased since Amazon entered South Africa in 2024, and its global dominance is expected to raise customer expectations (Moodley and Sookhdeo, 2025). Similar AI-driven personalisation outcomes are observed across platforms like Alibaba and Netflix, though effectiveness varies by market maturity, data availability, and consumer trust levels (Moodley and Sookhdeo, 2025). 
Regarding this, it can be referred to that AI-driven personalisation has become vital in the global e-commerce market, which is allowing businesses to tailor their interaction based on consumer preferences and behaviour. Moodley and Sookhdeo (2025) justified that technologies significantly analyse vast amounts of data while predicting preferences that lead to allowing organisations to deliver customer recommendations and services. Overall, while analysing the objective, the literature suggests AI-driven personalisation consistently enhances consumer decision-making, satisfaction, and engagement by effectively leveraging data to tailor online shopping experiences. 
[bookmark: _heading=h.rvk2j95q5una]2.3 Ways AI personalisation is used within e-commerce platforms 
As referred to by Rane (2023), AI personalising is currently used in many industries to produce relevant product suggestions and contextually appropriate experiences on a large scale. These tactics are effective whether the target user is a single online buyer, a procurement professional in a business-to-business (B2B) firm, or an employee receiving customised communications. AI in e-commerce analyses browsing and purchase history to provide suggestions for products based on a user's particular requirements and preferences. It can also create customised emails or additional communications for clients, allowing for customised advertising campaigns. Compared to the analysis of Rane (2023), Felix and Rembulan (2023) noted that AI's primary role in e-commerce personalisation centres on analysing a vast amount of user data, such as in terms of past purchases, browsing history, and interaction patterns, to tailor the user experience in real time. 
Central to this are AI-driven recommendation systems, which are prominently used through machine learning or algorithms to generate personalised product suggestions that closely align with the preferences of the shopper (Moodley and Sookhdeo, 2025). This system has been significantly identified to increase engagement and conversion rate while allowing users to engage with the brand. In addition to recommendations, dynamic content adaptation is another key AI personalisation strategy (Felix and Rembulan, 2023). AI can personalise search results, website layout, and promotional content so that each consumer can see a unique interface that is tailored to their profile and predicted requirements. The dynamic adaptation is extended to personalising marketing campaigns where the AI segment significantly delivers target offers, email content and advertisements that reflect individual preferences and buying signals. These approaches can help strengthen customer loyalty while improving the overall shopping experience (Rane, 2023). 
Apart from the analysis of Rane (2023), Okeleke et al. (2024) critiqued that predictive analytics further represent AI personalisation while forecasting future behaviour based on historical data. This cannot only foster a more intuitive shopping experience, but it will also enable retailers to adjust pricing, inventory, and marketing strategies dynamically. As referred to in the study of Cherukuri (2024), AI is utilised for suggesting goods as Amazon's suggestion engine employs item-to-item collaborative filtering. These recommendations include the homepage, pages for products, and a few targeted emails. Additionally, Cherukuri (2024) additional analysis suggests that up to 35% of Amazon's total revenue is believed to come from recommendations, and the company's increasing user involvement and revenue have been largely attributed to customisation. By doing this, Amazon ensures that consumers obtain products that satisfy their wants and preferences, improve their experiences, and encourage brand loyalty. Customised recommendations not only make purchasing more appealing and give clients a sense of value, but they also enhance the likelihood that they will stick with their current provider (Cherukuri, 2024).This case implies that AI-driven recommendation systems broadly enhance engagement, sales, and loyalty across e-commerce by aligning offerings closely with consumer preferences.
Despite this advancement, Khan (2024) identified a few challenges in terms of data privacy concerns, ethical implications of extensive data usage, and algorithmic bias. In this regard, users are increasingly expressing their unease about the way personal data is significantly collected and deployed, which leads to an impact on trust regarding transparency and ethical aspects. Regarding this, undertaking the research objective, it can be referred to that AI personalisation in e-commerce is multifaceted, incorporating recommendations, dynamic content delivery, and numerous other systems to create tailored shopping experiences. However, it can be stated that there is a requirement to address ethical and privacy challenges that can significantly ensure personalisation benefits for both businesses and consumers sustainably.
[bookmark: _heading=h.5hdgjbmqrk9v]2.4 Market-driven factors encouraging the adoption of AI personalisation in e-commerce
Consumer demand has been increasing regarding personalized experience which increases the opportunity of organisations to adopt AI for personalisation as it meets the expectations of consumers regarding tailored recommendations. This not only increases the demand for adopting AI in E-Commerce platforms but with the implementation of AI personalisation companies are able to meet the satisfaction rate of customers while also retaining a large number of consumers (Patil, 2024). In addition to that when organisations address the requirements of consumers and satisfy their needs companies gain a significant competitive edge in the market. However, it is also true that there are customers in the market that do not trust AI personalisation due to privacy concerns which limits the universal appeal of such technology regardless of its high demand. 
Competitive market pressure is also a factor that motivates various retailers to adopt AI personalisation in the respective platforms which helps them to differentiate from rivals while also increasing their visibility in the market (Sankranthi, 2025). Differentiating through such personalized experience helps companies to not only increase the customer lifetime value but also market share significantly which makes the proactive organisations. However, reliance on personalisation strategies offered by companies risks homogenizing offerings. This not only diminishes the uniqueness of a particular brand but also limits the explorable capability of consumers to a range of limited products. Sophisticated recommendations based on various algorithms developed by organisations in the engagement of consumers by delivering them relevant products that suit their need and requirement (Vashishth et al. 2024). In this context a higher engagement rate of consumers often helps companies to translate click through rates which essentially helps to maximize conversion rate of consumers thereby boosting the revenue of companies significantly. However, if the recommendations offered by AI personalization are poor quality the engagement of users decreases significantly which decreases the trust of consumers thereby reducing the overall conversion rates. 
Another factor that pushes organisations towards the adoption of AI personalisation in the respective platform is the real-time E-Commerce interaction that such technology offers which leads to faster personalization delivery (Bhuiyan, 2024). Faster personalization is essential for organizations operating in competitive markets as this helps them to enhance overall user experience which meets the requirements of modern consumers specifically in terms of efficiency and immediacy expectations. Nevertheless, it is also essential to consider that rapid personalization strategies and algorithms may overwhelm users with multiple choices which leads to decision fatigue which may often lead to abandonment of the entire purchasing process. Availability of data from consumers and their browsing from E-Commerce platforms also enables organisations to use AI to optimise personalized offerings effectively (Moodley and Sookhdeo, 2025). Leveraging such rich databases and sources increases the accuracy of AI to make predictions which strengthens the overall tailoring strategies for each customer on a particular platform. However, such use of data can often lead to the storage of huge databases which are prone to data breach that undermines the overall benefits achieved through personalization which may lead to erosion of trust thereby deterring the adoption of AI. 
Retailers gain the opportunity to measure ROI from AI personalisation which helps to validate the overall strategic expenditure made to include such technology (Vashishth et al. 2024). Such demonstrable returns can continue to encourage organisations to make innovative upstream investments which leads to the incorporation of more advanced personalization models. However, if the return on investment fluctuates regarding such technology organisations may hesitate to scale the overall AI personalisation uniformly. Integration of artificial intelligence with cloud platforms has become quite common and it also offers analytical tools which helps to make personalization for consumers easier and more affordable. The presence of affordable AI stacks in the current market also allows smaller retailers to compete with large brands using AI through their own personalised services (Thatavarthi, 2023). However, complexities and shortage of skill that is necessary to operate such AI models can prevent various firms from fully leveraging the capabilities of such technology. In addition to that it is also essential for small companies to have the necessary infrastructure and human resources that can help to effectively leverage the overall capability of AI that may help them to gain a competitive edge in the market. 
The urgency to achieve difficult digital transformation is another factor that influences organisations to adopt artificial intelligence in their business which can help them to modernize their existing legacy infrastructures (Sharma et al. 2023). Modernising platforms by companies to include AI helps to facilitate seamless personalization offerings across different channels which improves the overall Omni channel shopping experience of consumers. The cost of transformation, however, is quite significant while also presenting integration challenges that can stall personalization projects which delay the overall strategic impact such technology can offer (Bezditnyi, 2024). 
[bookmark: _heading=h.vmrhf7dci0c4]2.5 Organisational factors encouraging the adoption of AI personalisation in e-commerce
In terms of organisational factors, a strong top management support becomes quite essential which not only increases an organisations commitment towards adopting AI personalisation strategies but also encourages implementation and resource allocation effectively (Ingriana and Rolando, 2025). When leaders of an organisation promote AI projects in their respective organisations’ employees adopt personalization tools much faster which helps to boost innovation as well as strategic advantages. However, it is essential to note that leadership support without essential operational alignment for any project may lead to underutilisation of AI systems, which may result in underutilized resources. 
The commitment of an organisation towards achieving digital innovation is another factor that drives the adoption of AI personalisation strategy for improving competitive positioning online. Embracing such digital innovation allows organisations to efficiently offer tailored experience to customize which enhances the overall satisfaction and conversion outcomes (Rane et al. 2024). However, innovations and a significant proportion of focus on such technology can divert the existing resources of an organisation from other core functions which undermine the overall performance of an organisation. The support of leadership for adopting AI initiatives also play some major role in achieving strategic alignment with the adoption of AI personalised E-Commerce objectives which ultimately aims towards increasing customer engagement (Raji et al. 2024). In this context alignment of leaders towards such objectives and sharing effective resourcing training as well as process integration is necessary for deploying such personalised AI systems successfully. However, the enthusiasm of the leadership and their engagement cannot alone guarantee effective AI strategies without practical competence as well as internal technology in any organisation. 
The readiness of an organisation also acts as a major factor based on their existing IT infrastructure that helps to facilitate seamless integration of AI personalisation strategy across its various channels (Rane et al. 2024). Robust infrastructure effectively helps to accelerate the overall implementation process which not only reduces technical frictions in the implementation process but helps to support scalable AI personalisation deployment across multiple platforms. Nevertheless, it is necessary to note that legacy IT systems of companies can still constrain the overall adoption of AI which leads to delays in integration and also creates technology bottlenecks. Flexibility of a firm as well as its organisational structure is another factor that helps to adapt companies to quickly adopt AI which fosters experimentation as well as helps to develop better personalized services for customers (Rane et al. 2024). However, there is too much flexibility in organisational structure causing inconsistencies in the strategies that are developed which may lead to fragmented efforts in personalisation strategy with ambiguous priorities. 
The literacy rate of employees also plays some major role in terms of organisational factors due to which investment in employee literacy plays an important role which helps to boost the internal competence of the workforce which is responsible for managing AI personalisation projects effectively in a sustainable manner. Skilled employees in this regard effectively contribute to make AI model training more relevant with better maintenance capability that helps the company to align their respective AI models with the expectation of customers (Tien et al. 2025). However, training costs can be significantly high with a steep learning curve that can slow down the overall adoption rate and strain an organisation's financial resources. Collaboration between different departments in an organisation helps to enhance data sharing capability which enables access to rich consumer insights that is necessary for developing effective personalized AI recommendations (Sankranthi, 2025). In this context data synergy between different departments which results due to proper collaboration helps to improve targeting as well as relevance of AI personalisation efforts in different platforms. However, siloed departments in organizations resist collaboration which limits their access to a wide variety of data thereby reducing the overall accuracy of AI personalisation models and their responsiveness. Clear organisational goals that are set by leaders and the management for customer experience helps to motivate tailor adoption of AI which aligns an organisations existing technology with strategic objectives (Moodley and Sookhdeo, 2025). In this context defined goals by an organisation helps to allocate resources more effectively based on performance metrics which improves the overall personalized engagement outcomes. However, over emphasizing experience metrics can lead to neglected functional aspects which weakens overall business performance. 
Organisational culture is another aspect that helps companies in the adoption of AI as organisational culture can effectively help in creating values that encourage employees to experiment and prototype with new AI personalisation solutions to improve customer interaction. Experimentation culture within an organisation also helps to reduce the fear of failure which accelerates the overall learning process and optimizes personalised user journeys (Sun, 2025). However, without proper governance an organisational experiment cannot yield successful results and often leads to inconsistent experience which confuses customers reducing their overall trust. Allocation of financial resources is also a necessary factor for demonstrating commitment towards adopting AI for personalisation technology which enhances the overall interaction of customers. In this context adequate funding within an organisation supports robust AI tools, analytical platforms as well as helps to develop a personalization infrastructure that is necessary for such technology (Wang et al. 2023). However, extensive focus on financial aspects reduces a company’s willingness to fund AI projects in critical areas such as customer support or logistics which reduces the overall effectiveness of AI personalisation strategies. 
[bookmark: _heading=h.77rnlx2ysccd]2.6 Ethical and regulatory considerations influencing AI personalisation in e-commerce
Owen and Moore (2023) demonstrated that while utilising AI to personalise products and services is straightforward, there are privacy, security of information, and ethical issues. One of them is the problem of the massive volumes of private information required for developing AI algorithms. Occasionally do such algorithms for filtering and sorting take advantage of data such as GPS locations, surfing past behaviour, or consuming preferences (Cherukuri, 2024). Even though this data helps platforms provide customised content or other recommendations, it also poses significant privacy concerns. Different from the perspective of Cherukuri, (2024), Morić et al. (2024) claim that customers are very concerned about the collection, storage, and use of private information, as well as potential theft or misuse. Numerous data breach incidents and controversies involving large corporations misusing personal data exacerbate the problem. 
Therefore, it is crucial to create unshakeable, robust data protection standards in order to prevent data breaches and demonstrate to customers that they are protected when using these intelligent gadgets and services. Connecting to that, Cherukuri (2024) mentioned that the ethical application of AI technologies is an additional issue. The personalisation techniques' amplification of the prejudice in the training data set may lead to prejudices in the final result. Users may only see heavily filtered material and be exposed to a limited number of information sources, which is a drawback of AI in personalisation. In addition, Cherukuri (2024) also justified that the “filter bubble” effect is a phenomenon that can create echo chambers that reinforce preconceived notions and obstruct critical thinking. Regarding this, to solve these hard and soft ethical dilemmas, algorithms can only be made more transparent and fairness and responsibility must be integrated into the AI and machine learning system. 
[image: ]
[bookmark: _heading=h.6gvc9n8za4ql]Figure 2.1: Challenges in AI personalisation
(Source: Cherukuri, 2024)
Another potential issue with using AI for customisation is data security regulations. Connecting to this, when using AI for personalisation are data security regulations are noted as the primary concern. Irrespective of the to the Chang (2025), Khan (2024) states that because these systems leverage such data, hackers continue to target AI frameworks, which pose financial and reputational challenges. Proactive oversight of Alexa's data-collecting procedures in the Amazon COPPA case would have shown that Amazon kept children's voice recordings while the device was being developed (Chang, 2025). 
Additionally, user rights security can be guaranteed worldwide by adhering to other acknowledged codes as the CCPA (Central Consumer Protection Authority) and GDPR (General Data Protection Regulation) (Cherukuri, 2024). Some of them require more stringent data protection laws than others. Others, on the other hand, offer the customer more control over their personal information, which is essential for the reliability of AI personalisation. As a result, there are several challenges with the general concept of using AI in personalisation. Security and data protection are two general concerns that apply to all industries. Bias in algorithms and ethical concerns are the two main barriers to applying the models. AI systems may be biased in the same manner as the training datasets since machines learn from the information that they are fed (Oyeniran et al. 2022). Collectively, privacy, security, bias, and ethical concerns undermine consumer trust, limit data sharing, and create hesitation, thereby constraining confident decision-making in AI-personalised e-commerce that prominently aligns with the research objectives.
[bookmark: _heading=h.qqfqg3k4iuwt]2.7 Impact of AI personalisation on consumers' decisions to make purchases online
The study by Moodley and Sookhdeo (2025) indicated that AI-driven personalisation positively influences consumer decisions in the e-commerce sector by allowing convenience. AI can streamline the journey of users by offering relevant recommendations for products that enable customers to save time as well as cognitive efforts for searching for products. Moreover, by drawing the example of Amazon, Moodley and Sookhdeo (2025) indicated that AI-driven personalisation is beneficial for organisations to drive customer engagement as well as sales. Likewise, one of the most remarkable areas of AI personalisation to influence consumer behaviour is the recommendation system. Similar to the perspective of Moodley and Sookhdeo (2025), the observations made by Ingriana and Rolando (2025) clearly pointed out that for Amazon, the extensive use of AI-powered personalisation has been going beyond just production, and it also includes a dynamic pricing strategy. Explicitly, AI-powered personalisation enables real-time adjustment of pricing based on competitors' pricing, market trends, as well as users' behaviour intentions, which enable the organisation to positively impact customers' buying decisions and enhance sales. In support of this, the findings of Vashishth et al. (2024), the AI-powered recommendation engine of Amazon has been predicted to ensure around 35.0% of its revenue, as it is driving sales by demonstrating products that individuals are likely to purchase.
However, Kronemann et al. (2023) argued that AI-driven personalisation may enhance customers' concerns over the collection and use of their personal information, as there is a PPP (Personalisation-Privacy Paradox). This reflects that while AI personalisation elevates relevance, it simultaneously heightens perceived surveillance, increasing privacy concerns as consumers trade benefits for personal data exposure. Explicitly, PPP describes that there is a conflict, as, despite preparing personalised experiences, customers are concerned regarding the collection and use of data by organisations. Likewise, users may feel uncomfortable with the accumulation of their personal information by organisations, which can adversely affect consumer trust. In support of the opinion of Kronemann et al. (2023), Vashishth et al. (2024) noted that despite elevating customer experience by offering personalised services or product recommendations, AI-driven personalisation can increase customers' worry about the use of personal information. AI-powered suggestions continuously adapt based on users' interactions, and this real-time adaptability elevates conversion rates. However, despite working as a solution to the frustration of customers regarding the search for products as per their preferences, it enhances users' worry about the accumulation of their information and its misuse. 
Nonetheless, Kronemann et al. (2023) opined that AI-enabled personalisation is beneficial for driving a positive attitude of customers; however, too much personalisation may adversely affect customers stressed by increasing their concern over information solitude. This suggests that excessive AI personalisation can feel intrusive, overwhelming customers and triggering privacy stress, which undermines positive attitudes despite perceived relevance benefits. Besides, the study by Vashishth et al. (2024) pointed out the recruitment of privacy-perceiving personalisation, while e-commerce organisations like Amazon emphasise positively swaying customers' purchasing decisions online. Nevertheless, Fassiaux (2023) found that customers' autonomy can be affected, as sometimes AI-enabled interfaces can be designed to manipulate their decisions regarding information safeguarding-related choices, which is known as dark patterns. This is undoubtedly an unethical practice that must be avoided by e-commerce organisations while they emphasise accumulating users' information and interpreting it with AI and offering personalised services. 
In contrast to the observations of Fassiaux (2023), as comprehended with the study of Raji et al. (2024), AI-based personalisation is favourable for the development of long-term relationships with customers as well as altering their purchasing intentions. This is because the use of this technology allows e-commerce companies like Amazon to successfully and consistently offer relevant and customised products and services that contribute to the development of the sense of interconnectedness among users. This sense of interconnectedness is beneficial for the elevation of clients' loyalty. Most importantly, AI-enabled systems swiftly comprehend and adapt with reference to user feedback and interactions, which enables users to feel valued, as they receive suggestions as per their preferences. Likewise, Raji et al. (2024) claimed that AI-driven personalisation has been playing a profound role in the e-commerce sector in terms of boosting clients' loyalty and trust for organisations and positively influencing their purchasing behaviour. This indicates that AI-driven personalisation strengthens loyalty and trust by delivering relevant experiences, increasing customer satisfaction, engagement, and confidence in purchasing decisions. Despite having some areas of concern, like customers increasingly worrying about information misuse or PPP and unethical use of AI, it is undeniable that AI-driven personalisation positively elevates customers' online shopping journey, builds a notable relationship or emotional connection between organisation and customers, increases trust, and influences their behaviour toward organisations. Henceforth, with respect to the study objectives, AI-driven personalisation conclusively impacts customers' decisions to purchase online.
[bookmark: _heading=h.4ccld6ap644s]2.8 Challenges and opportunities associated with AI personalisation that shape or constrain consumer decision-making 
[bookmark: _heading=h.76a8y4kzclca]2.8.1 Challenges associated with AI personalisation that shape or constrain consumer decision-making
Though AI-powered customisation is more relevant and convenient in online shopping, there are multiple issues related to AI, which may have a profound impact or limitation on the decision-making of customers. Some of the most pressing issues include data privacy and monitoring consumers. According to Gkikas and Theodoridis (2021), AI customisation needs to collect information concerning a browsing history, buying habits, search terms and patterns of interaction, among others. Such information brings about personalised experiences, but the client might feel violated or exploited when they are aware of being followed too closely. However, Fletcher et al. (2023) argued that in online shopping situations such as those found in the Amazon market case, these concerns might discourage customers from providing their data, which will reduce the efficiency of the personalisation and negatively affect purchase decisions. Besides, the second issue is that AI systems do not have transparency and explainability, which is another key difficulty. Nonetheless, Sharma et al. (2021) mentioned that most of the suggestion systems are black boxes, meaning that the users do not comprehend much about how the recommendation generation is performed. Unless people comprehend the purposes of constant product promotions, they will consider the system to be biased or manipulative. Apart from that, Buell and Kalkanci (2021) pointed out that this transparency may reduce the feeling of power of the consumers over the decisions they make, which will erode their feeling of justice. Consequently, the consumers might question the legitimacy of the advice they receive, hence compromising the trust and reducing the chance of purchasing a product. Besides, as per Abrardi et al. (2022), AI is often trained on past data, and this may reinforce existing preferences and consumption patterns. Although this brings current relevance, it may restrain exposure to other products, companies, or industries. However, the purchasing decisions can be impaired in this type of constraint because exploratory behaviour and creative thinking are inhibited. The tendency to over-personalise is another issue which might lead to psychological reactance. Nevertheless, Gal and Simonson (2021) argued that in the case where AI is capable of accurately predicting the needs and preferences of consumers in such a way that it does so to an extreme extent, it can be perceived by the user as forcing them to make a decision. Customers may respond to this sense of being manipulated or pressured by finding an alternative. Ironically, such customisation was designed to enhance comfort, but it may decrease the authenticity perceived and enjoyment of the retail experience. Furthermore, Du and Xie (2021) indicated that the factors of ethics largely influence the way consumer behaviour responds to the customisation of AI. The ownership and consent of the data, as well as the commercial use of the personal information, raise the question of fairness and accountability. Nonetheless, the views may affect decision-making patterns in the long run and confidence in a brand. Also, there will be the unanticipated impact of AI personalisation, such as information addiction and the inability to make choices. As people increasingly rely on algorithmic suggestions, therefore, Gkikas and Theodoridis (2021) indicated that there might be a drop in their capacity to make their own decisions. Such reliance may also reduce levels of self-confidence in making self-decisions and critical thinking skills, hence predisposing one to a greater susceptibility to biased or sub-optimal advice. This can reduce experienced empowerment and pleasure relating to internet purchasing over time. Finally, the application of personalisation is being hindered by ethical standards and data protection regulations, and this could lead to less uniform or personalised experiences, thus indirectly influencing consumer decisions. These policies safeguard the consumer rights but may have an impact on how utility users form opinions about the use of AI-powered features. 
[bookmark: _heading=h.x9ia0ubywoc7]2.8.2 Opportunities associated with AI personalisation that shape or constrain consumer decision-making
Personalisation brought about by AI contains its challenges and massive potential in influencing e-commerce, which leads to positive consumer choice. As per Lv (2023), e-commerce platforms can apply the most advanced analytics and consumer data to advance the shopping experience, consumer behaviour, and continued interaction. However, better efficiency in decision-making is one of the key opportunities. In accordance with the viewpoint of Rofi’i (2023), the online market very frequently offers customers a large number of choices, which may lead to exhaustion and choice overload. Browsing history, narrowing down the content in the feed and showing only the most relevant to the purchasing history of a particular user and the preferences of the particular user, AI personalisation addresses this issue. Besides, Rane et al. (2023) stated that customisation allows customers to make their decisions faster and more confidently through the reduction of cognitive load, hence improving their satisfaction with the buying process. Another possibility that is very important is to increase relevance and engagement. 
As per Villanova et al. (2021), engaging in marketing communications, learning about other products, and eventually purchasing products are all more likely to engage consumers. A flawless combination of individualised details in numerous touchpoints and through the website, product pages and emails can result in an integrated experience of shopping, as seen in Amazon. The AI customisation can enhance upselling and cross money-crystallising by suggesting related items or complements at the moment of browsing and in the checkout section. This influence of nudging softly, as per Lv (2023), modifies the behaviour of consumers when decisions in line with current interests or intentions to purchase are emphasised. In addition, personalised suggestions and discounts on products and services that change depending on the preferences or a view history will accelerate fast shopping, therefore, boosting the sales volume and conversion rates. The other alternative is to increase customer loyalty and confidence. 
Nonetheless, the act of personalisation allows customers to anticipate an appropriate, convenient shopping process, consequently, enhancing the chances of revisiting a platform in the long run. Moreover, Rane et al. (2023) indicated that the perceived attention will stimulate emotional attachments, which will foster long-term loyalty and repeat buying. Other people might think that personalisation could narrow opportunities; however, advanced algorithms can recommend new products or categories that are compatible with existing preferences in order to balance relevance and originality. By exposing the customers to things that they may not have thought about, the platforms could contribute to broadening the shopping horizons and making the purchasing process perceived to be more valuable and enjoyable. The other viable alternative is to make clients happier. Other than that, Bhuiyan (2024) mentioned that AI systems have a better chance to reflect the changing tastes and preferences as they continuously upgrade their suggestions on the basis of the contacts with consumers. 
This cyclic feedback mechanism aids in augmenting the precision of customisation over time, therefore, raising the chances that the expectations of consumers are achieved. Strategically, Will Arachchige et al. (2024) indicated that personalisation of AI makes it easy to communicate and time better; the increased levels of happiness can enhance brand perception, increase levels of engagement, and encourage good buying behaviour. The design is highly informed by consumer preferences, choice, and browsing habits that will be used to create customised emails, alerts, and in-app messages. Such right-time interactions make marketing communications more important, and therefore, customers more responsive to promotions and recommendations. Focusing the message enhances the experience of the customer as well as the success of the marketing campaign. Lastly, the AI personalisation data insights, as per Rofi’i (2023), provide opportunities to the consumer and the business. The concepts would assist consumers in making decisions by identifying the trends in spending, use or preference of the product. 
For companies such as Amazon, behavioural data combined can be used to improve product choices, maximise inventory, and create targeted campaigns, thus benefiting the customers indirectly by having the majority of the relevant products and services available and being displayed prominently. Essentially, when it comes to e-commerce, AI personalisation, as per Will Arachchige et al. (2024), offers several ways of affecting consumer choice positively. Personalisation promotes the effectiveness of decision-making, relevance, engagement, trust, satisfaction, and discovery, and hence results in more informed, confident, and pleasant purchasing moments. Therefore, by prudently applying AI personalisation, the platform can have the potential to modify consumer behaviour and employ AI to achieve long-term customer loyalty, thereby becoming the profit maker of both companies and consumers. 
[bookmark: _heading=h.3as64fjit39u]2.9 Theoretical underpinnings 
The frequently used stimulus-organism-response (S-O-R) paradigm offers a good theoretical framework regarding the shed of light on exploring the effects of AI-driven personalisation of customer online purchasing behaviour. The model was created in the context of environmental psychology, whereby the external environmental stimuli influence the inner psychological processes of a person and, therefore, their behaviour (Hussain et al. 2023). The most important environmental inducer that e-commerce brings is AI customisation. Individually tailored content, focused ads, flexible interfaces, and personalised suggestions are stimuli of online retail locations such as the business at Amazon. 
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[bookmark: _heading=h.f2o6jywjvmm1]Figure 2.2: S-O-R model
(Source: Hussain et al. 2023) 
Such AI applications are supposed to attract the attention of the users and provide them with data that is highly reflective of their own preferences as well as historical activities. However, change could be felt as a case of intrusive customisation, such as anxiety or doubt, though pertinent guidance could reduce mental strain and raise perceived simplicity. Moreover, Kumar et al. (2025) stated that with positive states of the organisms, involvement may increase, but the negative states may result in avoidance, lack of trust or switching the behaviour. In addition, it provides a systematic structure for studying the role of bespoke digital surroundings in mediating and interrelating consumer behaviour and technical cues. However, the S-O-R framework is especially appropriate as it enables a closer examination of the impact of AI personalisation on the online consumer behaviour, but it does not investigate the attitude and behaviour of customers in relation to technology acceptance, thereby facilitating the need of using TPB below.
The TPB is identified to be beneficial for understanding customers' attitudes toward AI-driven personalisation. The theory indicates that customers' behavioural intentions to word particular products or services are driven by three aspects, which are attitude, subjective norms and PBC (Perceived Behavioural Control) (Azad et al. 2023). 
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[bookmark: _heading=h.jco3ut9g1qfo]Figure 2.3: TPB
(Source: As influenced by Azad et al. 2023)
Based on this theoretical understanding, the attitude of customers toward AI-driven personalised shopping online is shaped by the evaluation of personalised features, like the recommendation system. Customers perceive AI-driven personalisation as a relevant and favourable system, as it offers convenience, which shapes their positive attitude (Raji et al. 2024). However, the fear or concern for misuse of personal information can be illuminated as a negative attitude that can adversely affect their purchasing decisions. Besides, while concerning subjective norms, perception among users regarding whether the use of AI personalised online shopping is positively embraced or perceived by others is also shaping their buying behaviour. For instance, recommendations by peers or positive community reviews on Amazon can work as a subjective norm that encourages users to use the website and purchase products. 
Concerning PBC, individuals believe that their capability to successfully navigate an AI-driven personalised system and control their privacy settings influences their decisions (Azad et al. 2023). Likewise, while organisations assure customers about positively managing data, alongside offering AI-driven personalisation, they can successfully influence their purchasing behaviour. Respecting the observations of Vashishth et al. (2024), privacy-perceiving personalisation is beneficial. Thus, some aspects such as perceived control over information privacy, peer influence or societal acceptance, perceived utility of AI-powered recommendations or features influence consumer behaviour. Based on this idea, referring to the objectives of this study, AI-powered personalisation is implemented by e-commerce platforms as a personalised recommendation system, which further influences the purchasing behaviour of customers positively. However, the integration of AI personalisation can also introduce challenges for e-commerce companies like Amazon, as customers may have a negative attitude toward AI-driven services due to concerns related to the misuse of personal information. 
However, as TPB does not particularly emphasise technology use, the TAM (Technology Acceptance Model) is identified as a notable theory that can aid in understanding the acceptance of AI-powered personalisation by customers in the e-commerce sector. The theory indicates that the acceptance of any technology or innovation depends on external aspects like its PU (Perceived Usefulness) and PEU (Perceived Ease of Use) (Massoudi and Zaidan, 2024). Furthermore, these external aspects shape individuals' attitudes, behavioural intentions, and lead to actual adoption or acceptance of technologies by users. 
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[bookmark: _heading=h.pv5gzimozobw]Figure 2.4: TAM
(Source: Massoudi and Zaidan, 2024)
By applying this theoretical idea, in the e-commerce sector, AI-powered personalisation has a remarkable acceptance by customers (Moodley and Sookhdeo, 2025). Behind this, PU of AI-enabled recommendation systems have been playing a remarkable role, which constantly adapts based on user interaction as well as feedback. In addition, AI-driven personalisation has also been offering convenience for customers by allowing them to successfully get product recommendations without any extra effort (Moodley and Sookhdeo 2025; Raji et al. 2024). 
In this regard, while concerning Amazon, a globally renowned e-commerce organisation, extensive use of AI-driven personalisation has resulted in a remarkable growth in its sales and revenue (Ingriana and Rolando, 2025; Vashishth et al. 2024). This supports the idea that customers nowadays have a positive attitude toward AI-enabled personalised recommendations and services offered by e-commerce companies like Amazon, which is influenced by the convenience and utility of AI-powered personalisation, which, in turn, results in the actual use of this. Thus, with respect to the study goals, the convenience offered by AI-powered personalisation and its role in elevating client satisfaction are motivating factors for organisations to leverage AI positively, and a given personalisation positively impacts consumer behaviour. 
However, as TAM only emphasises technology acceptance and use, not concerning customers' expectations regarding AI-based recommendations, the theoretical idea of ECT is identified to be applicable for understanding the impact of AI-driven personalisation on consumers' behaviour and purchasing decisions. The theory established the fact that individuals' repurchasing intentions are driven by the perceived performance and expectations of products or services. Explicitly, core concepts of the theory include perceived performance, expectation, confirmation or disconfirmation, and customer satisfaction. While products or services meet customers' perceived performance and expectations, customers are usually satisfied and make repurchases. 
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[bookmark: _heading=h.pl4dcpkadguy]Figure 2.5: ECT
(Source: AlSokkar et al. 2024)
With respect to this theoretical idea, customers' expectations from products seen on e-commerce platforms can be shaped by AI-driven personalisation. AI-driven personalised recommendations encourage customers to purchase particular products, as they are suggested based on customers' preferences. Expectations of customers include beliefs about product or service quality, service delivery, and relevance. Furthermore, when the performance of actual products meets user expectations, users experience confirmation, which in turn, elevates their satisfaction level. Consequently, for an e-commerce organisation like Amazon, personalised recommendations are shaping individuals' expectations from products and encouraging them to make purchases (Moodley and Sookhdeo, 2025). However, if customers' expectations formed by AI-driven personalised recommendations regarding particular products are not fulfilled, they can experience disconfirmation, which adversely affects customer loyalty and repeat purchasing intention. Referring to objectives, while AI-driven personalisation positively enhances customer satisfaction by offering personalised recommendations and forming their expectations, the quality of products is important for ensuring satisfaction and repeat business. 
[bookmark: _heading=h.e3sjhwsyfbih]2.10 Conceptual framework
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[bookmark: _heading=h.2ad02s7z39w3]Figure 2.6: Conceptual framework
(Source: Self-created)
The above-illustrated conceptual framework clearly indicates that organisational, market-driven, ethical, and regulatory factors influence the adoption of AI personalisation in e-commerce (Cherukuri, 2024; Morić et al. 2024). Behind this, theoretical perspectives of TAM, S-O-R, TPB, and ECT clearly indicated that AI-driven personalisation is used by e-commerce companies to influence consumer behaviour (Hussain et al. 2023; Azad et al. 2023; Massoudi and Zaidan, 2024; AlSokkar et al. 2024). However, alongside offering opportunities like improved decision-making, increased conversion rate, trust building, product discovery, and engagement, integration of AI for personalisation can also cause issues like algorithm bias, information privacy-related complexity, poor transparency, regulatory constraints, and others (Oyeniran et al. 2022; Felix and Rembulan, 2023).
[bookmark: _heading=h.eydwmxe7ifc]2.11 Literature gap 
Even though the literature on AI personalisation in e-commerce continues to expand, there remain loopholes that prevent a comprehensive understanding of the effect of this technology on consumer behaviour. The literature on technical efficiency, accuracy of their recommendations and organisational performance comes first, by which means it is less concerned with the psychology of customers, their perception, and decision-making processes. Second, many studies rely on quantitative indices such as click-through rates or sales. It thus disregards the qualitative data on the perception of personalised experiences or control of the likely intrusion by the consumer, which has been infused in his study by considering secondary qualitative data as the research method that will be presented in the next chapter. Third, previous studies have the tendency to investigate specific theoretical perspectives, such as TAM or S-O-R, in isolation and do not integrate multiple theories to describe both desirable and undesirable behavioural outcomes. Even though the literature on AI personalisation in e-commerce continues to expand, there remain loopholes that prevent a comprehensive understanding of the effect of this technology on consumer behaviour, thereby stating the gap in this area and meeting the aim of the research. 
[bookmark: _heading=h.op9daa9hbzea]2.12 Summary 
The findings in this chapter reveals that by improving consumer experiences, influencing purchasing decisions, and bolstering competitive advantage, AI-driven personalization has emerged as a key factor impacting contemporary e-commerce. However, obstacles including algorithmic prejudice, ethical dilemmas, data privacy concerns, and legal restrictions can limit its efficacy. AI personalization presents enormous potential to boost consumer pleasure, loyalty, and long-term growth when used ethically, transparently, and with strong governance. Moreover, the application of ECT indicated that while AI-driven personalization shapes customers' expectations, e-commerce platforms must fulfil them with products and services. The literature guides methodology by identifying key variables, suitable models, ethical considerations, and appropriate qualitative approaches to study AI personalisation.

[bookmark: _heading=h.kd9fngtz3ujq]Chapter 3: Methodology
[bookmark: _heading=h.4sq2ds63hhnn]3.1 Introduction
This chapter is going to reflect upon all the methods that have been utilised by the researcher to collect and analyse data to identify how AI personalisation shapes consumer behaviour and affects the decision making process. The methods that have been used and compared and contrasted with complementary methods in order to reflect on the rationale of selecting a particular way of analysing the data in this research. 
[bookmark: _heading=h.rut38jhrb5j0]3.2 Research Onion
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[bookmark: _heading=h.405956l8sdt0]Figure 3.1: Research Onion
(Source: Saunders and Lewis, 2017)
The methodological selection of methodological options was driven by the research onion framework, starting with an interpretivist philosophy and an inductive methodology. Secondary qualitative data was collected once a descriptive study strategy was chosen (Saunders and Lewis, 2017). In order to ensure compatibility between the study objectives, type of data, and philosophical perspective, thematic analysis was chosen as the analytical approach.
[bookmark: _heading=h.z9yeau3rr1s4]3.3 Research philosophy
In terms of research philosophy this study utilised interpretivism research philosophy which enabled understanding of the various subject meanings related to consumers that shape AI personalisation within complex online context. Since this research examines the interpretations, perceptions and experience, the use of an interpretivism philosophy has been more effective compared to the consideration of measurable variables (Mbanaso et al. 2023). In addition to that the secondary qualitative sources that were taken into consideration for this research provided rich insights into various consumer behaviour narratives that were effectively analysed with the help of an interpretivist research philosophy. Moreover, the use of this research philosophy also helped to support the contextual analysis of how evolving environments in e-commerce offer various meanings that differ across platform cultures and consumers. In this context positivism research philosophy was found to be unsuitable since the study does not seek statistical testing or requires the verification of a hypothesis or aims to establish causal generalisation. Since the responses of customers to AI personalisation are socially constructed aspects as well as subjective in nature, aligning a positivism research philosophy based on objective would not have been possible (Mbanaso et al. 2023). However, interpretivism allowed critical engagement with privacy ethical as well as trust concerns that reflected within the various academic sources that were collected for this study. 
[bookmark: _heading=h.shj83ra39l4a]3.4 Research approach
In this research the inductive research approach was taken into consideration which allowed the formation of the themes organically from existing qualitative literature regarding AI personalisation. The research does not test predefined hypotheses which effectively allowed the researcher to utilise the inductive research approach as a more suitable framework (Pandey and Pandey, 2021). The inductive research approach was also suitable as it helped in analysing various complex consumer behaviour patterns that are shaped by AI driven personalisation strategies. The secondary qualitative sources that were utilized provided diverse perspectives as well as theoretical frameworks that were used to analyse data rather than verifying new theories (Yuwono and Rachmawati, 2023). Since the deductive research approach requires different variables that are measurable in nature along with the hypothesis it was not taken into consideration as it would have become inconsistent with the research design. Additionally, the inductive research approach is more flexible to generate interpretations regarding evolving e-commerce practice without restrictive theoretical assumptions (Proudfoot, 2023). The inductive research approach also aligns with the thematic analysis done in this research that has helped to identify recurring patterns across the collected secondary data which has made this approach more suitable. 
[bookmark: _heading=h.o5keqka2zpl1]3.5 Research design
In terms of research design a descriptive research design was taken into consideration which effectively allowed the researcher to systematically debate how the use of AI personalisation influences behaviour of consumers across the E-Commerce context globally. Since this research aims to describe the existing patterns rather than discovering entirely new or unknown phenomena online the use of a descriptive research design has been much more suitable (Hennink et al. 2020). The descriptive research design also aligns with the use of secondary qualitative data which has helped in summarising various documented impacts that have been reported within academic literature sources. Furthermore, the descriptive research design was chosen over the exploratory research design due to the fact that an exploratory design was not found to be suitable as AI personalisation affects our widely discussed and exist within studies globally. Moreover, this study aims to present a clear description of the various decision-making process, engagement rate and loyalty of customers as an outcome in online context which made the descriptive research design more suitable. Additionally, the descriptive research designs support the use of thematic analysis by clearly outlining different patterns and relationships that can be identified across different sources within secondary data (Tomaszewski et al. 2020). The exploratory research design focuses on discovery of new phenomena whereas this research focuses on structured explanation of existing and known impacts from publicly available studies which makes the descriptive research design more suitable. 
[bookmark: _heading=h.f5kmwdebp30u]3.6 Data collection
For this research, a secondary data collection method was taken into consideration as it enabled a comprehensive analysis using existing qualitative sources without any form of direct consumer participation or involvement. Academic journals and articles provided peer reviewed evidence regarding AI personalisation as well as documented consumer behaviour impacts which were considered one of the most credible sources of information (Corti, 2022). In addition to that newspaper articles were also taken into consideration that offer real world perspectives on evolving E-Commerce practices that utilised AI personalisation as well as trends circulating globally. Organisational reports were also used as a secondary source which revealed the strategic motivations implementation approaches as well as outcomes of AI personalisation initiated by companies. Furthermore, in terms of secondary sources case studies were utilised which allowed an in-depth understanding of different AI personalisation effects within a specific organisational context (Corti, 2022). For this research primary data was found to be unsuitable due to time constraints as well as limitations to its access as well as ethical considerations involved in collecting such data. Furthermore, secondary sources offered a broader coverage across different industries and geographical regions that primary research could not have offered which strengthened rationale for the selection of secondary data for this research. 
[bookmark: _heading=h.ei6ze43stnav]3.7 Data analysis
In order to analyse the secondary data thematic analysis was utilised which systematically helped in identifying recurring patterns across secondary qualitative literature on AI personalisation based on Braun and Clarke 6 step method (Braun and Clarke, 2022). This method effectively helps to support the interpretive examination of various meaning perceptions as well as narratives that surround consumer buying behaviour online. In terms of Data analysis empirical calculations were found to be unsuitable because the research did not involve numerical data sets or measurable variables. Instead, the study focused upon understanding behavioural influences rather than quantifying statistical relationships of establishing core relations. Thematic analysis allowed the use of a flexible coding method based on diverse sources including reports, academic articles and case studies that help to achieve the objectives of this research. In addition to that, thematic analysis is also aligned with the inductive approach by allowing themes to emerge from data organically (Braun and Clarke, 2022). The use of an empirical method would have required the use of primary sources or structured quantitative data which this research has intentionally excluded. 
[bookmark: _heading=h.sewfabkok77p]3.8 Limitations
One of the major limitations of this research is the reliance on secondary data which has limited the access to first-hand customer perspective and real time behavioural insights. In addition to that the findings depend upon the availability, quality and scope of existing published qualitative sources which has limited the validity of the findings in the research. Additionally, the rapid technological evolution that is currently occurring in the field of AI may render some studies outdated. The lack of primary data has also restricted the ability of the researcher to validate the findings in the research through direct empirical observations. 
[bookmark: _heading=h.kkpj3jshh228]3.9 Ethical considerations
In terms of ethical consideration, the researcher has utilised only secondary sources which has ensured that there is no direct involvement of any participants which has eliminated the risk of consent or harm (Kretschmer et al. 2022). In addition to that all academic articles utilised for this research including reports and publications are properly cited to avoid any form of plagiarism or intellectual property violations. Furthermore, the data is interpreted objectively which has helped to avoid any biased interpretation. Apart from that the researcher has made sure not to collect any sensitive data or information which may harm the interests of any organization with this research. 
[bookmark: _heading=h.ixg3uct1u83l]3.10 Summary
[bookmark: _heading=h.i691y282t8ap]This chapter has helped outline the methodological framework which has guided the investigation regarding the use of AI personalisation and its impact on online consumer behaviour. The chapter justifies the use of considering interpretivism philosophy used alongside inductive approach for the qualitative understanding of various phenomena. Additionally, the descriptive research design is also justified which has been effectively linked with thematic analysis to identify key patterns that align with the objectives of this research. 
[bookmark: _heading=h.wkokde34gj73][bookmark: _heading=h.b00vc82ulu49]
Chapter 4: Data analysis 
[bookmark: _heading=h.8e16l311d3kx]4.1 Introduction 
The following chapter represents the data analysis process utilising a thematic analysis. In this chapter raw data has been utilised to develop various themes that have emerged from repetitive patterns occurring in the collected qualitative data. The creation of the themes has been justified and explain this chapter along with arithmetic analysis and discussion of the findings linking with existing literature and comparing it with identified secondary data. 
[bookmark: _heading=h.2oabkin1367h]4.2 Coding 
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Figure 4.1: Coding tree
(Source: Researcher)
As the above figure reflects relevant qualitative studies were identified and extracted from the secondary sources through careful reading and systematic observation which help in identifying various keywords that help in the formulation of the themes that have been utilised in this chapter. The initial opening code as can be seen in the above figure have been labelled in meaningful segments which relate to ai personalisation and consumer behaviour. Similar quotes from the raw data were also utilised compared and group which help in refining and identifying consistent patterns across multiple sources. These codes were then organised into broader categories that help in aligning with their predefined thematic framework. Finally, the themes were reviewed to ensure that they are relevant and coherent with the objectives of the study and aligned with the scope of the research. 
[bookmark: _heading=h.vi3odu9ejba2]4.3 Thematic analysis 
[bookmark: _heading=h.kf4dqmledrz6]Theme 1: Current Applications and Mechanisms of AI-Driven Personalisation within Contemporary E-Commerce Platforms
E-Commerce platforms have been widely deployed using machine learning which has allowed organisations to offer recommendations and analyse the browsing history of customers on the platform to suggest personalised products that meet requirements and preferences. Based on studies it has been identified that the personalisation algorithms utilised by Amazon has helped the company to achieve a growth of 35% in their revenue through machine learning (Firney, 2025). Which effectively helps to demonstrate how AI personalisation has significantly influenced how customers discover products and decide their basket size and helps to increase the likelihood of their purchase online. 
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[bookmark: _heading=h.auz4afyxexcs]Figure 4.2: Customer expectations around personalisation 
(Source: Salesforce, 2026)
Dynamic website personalization is another aspect that helps to adjust layout pricing offers as well as messaging based on the preferences and behaviours of individuals. In this context, salesforce identified that 65% of customers from different segments expect that organisations should understand the unique needs they have and the expectations (Salesforce, 2026). This expectation from customers has created a pressure on various E-Commerce platforms which has influenced them to implement adaptive interfaces which has not only enhanced the relevance of their E-Commerce platform but has also allowed them to perceive customer centricity. AI driven targeted advertisements use predictive analytics which helps to deliver promotions that are customised as per the preferences and needs of customise on social media platform websites and applications. Reports in this context have suggested that ad personalization utilised by organisations effectively improve click through rate of customers by 10 times which can increase the revenue by 25% (Marketingltb, 2025). Higher click through rates indicates that the personalized advertisements developed by organizations effectively increase their engagement rate and encourage consumers towards making a faster decision-making process regarding a particular purchase. 
AI chat bots is another technology along with virtual assistant which helps to provide real time personalised support to customers where tailored product recommendations are offered during the entire shopping process. The business has adopted chatbots in their E-Commerce platforms and has seen a reduced customer service cost of 30% which indicates the efficiency and productivity of this technology and the way it helps organisations to maximize the return on investment (Kayako, 2025). Cost efficiency occurs when the widespread adoption of chatbot is done through the platform while also maintaining personalised interaction throughout the shopping journey of customers. Since chatbots leverage past interaction with customers along with analysing their purchase history it helps them to customize responses and recommend products that are suitable for customers instantly. The integration of AI personalisation across different platforms has also helped to create seamless data driven shopping experience in different shopping channels. This mechanism has collectively helped to enhance the overall relevance, convenience, and efficiency within the contemporary E-Commerce environment. As a result, it can be seen that the utilisation of AI personalisation has helped to represent a core operational mechanism which has not only shaped modern digital retail platforms but has also enhanced its functionality and the way it interacts with customers. 
[bookmark: _heading=h.orcsqf9dvi6o]4.3.2 Theme 2: Strategic, Competitive, and Market-Driven Factors Motivating the Adoption of AI Personalisation by E-Commerce Organisations
Increasing competition and evolving customer demands are forcing e-commerce firms to adopt AI-powered personalisation as a deliberate strategy to overcome emerging competition and requirements. Provision of shared experiences amidst saturated digital markets is not what more brands may have to become distinct. Instead, the personalisation of AI has emerged as one of the competitive advantages. No matter how well it is done at the companies, the obvious economic benefits of AI personalisation are individualised methods that can increase revenue by 5 to 15% and improve marketing expenditures performance by up to 30% in industry studies (PT, 2025). Among the most frequently mentioned ones, one can single out Amazon. Starting with homepage suggestions to “Customers Who Bought This Also Bought”, every single stage of the consumer experience at Amazon is supported by sophisticated advice generators. Insisting upon the extent to which customisation can contribute to financial prosperity, it points to the possibility that Amazon owes its achievement to as much as 35% of its sales to its AI techniques (AFP, 2025). 
Similarly, the merchants using AI applications say they increased conversion rates by 29%, which demonstrates the usefulness of these technologies even among small internet enterprises (Shopify, 2025). Another significant growth-driving factor is access to customer data. The current e-commerce platforms are continually gathering transaction and behavioural data based on the purchasing histories, click-through trends, search engines, and browsing history. Machine learning and predictive analytics are some of the ways AI systems can offer individual product recommendations, personalised prices, and personalised offers to large volumes (Bhattarcharya, 2025). This plethora of information will assist them. Collecting information, this data-driven approach is not possible through the use of traditional analytical tools, which allows companies to make real-time decisions and, therefore, to deliver timely offers and personal messages, which have a significant positive effect on engagement. Moreover, founded on cost savings and scalability are the strategic reasoning of AI implementation. 
Personalisation is also automated, allowing customer service and marketing to be performed with the extra resources available, as the need to hand-segment and manage the various campaigns is reduced. In this regard, placing an example, AI-based chatbots can address a massive amount of consumer inquiries at once, thus lowering the operating expenses, but at the same time providing round-the-clock service quality (Uzoka et al. 2024). Such automation guarantees customised, consistent communication that increases brand awareness, besides allowing one to scale it. Changing customer expectations is another factor that influences the adoption of AI personalisation. It has been proven that 77 to 80% of customers would recommend companies that customise their experiences (Yin et al. 2022). This highlights the fact that the factors of relevance and ease are increasingly being appreciated by consumer in their shopping experiences over the net. Therefore, instead of voluntary upgrading, e-commerce companies are beginning to consider customisation as a client retention and loyalty requirement. 
[bookmark: _heading=h.hshicum4qpo7]4.3.3 Theme 3: Influence of AI-Based Personalisation on Consumer Decision-Making Processes and Online Purchase Behaviour 
AI-driven personalisation simplifies product evaluation and lessens information overload, both of which have a direct effect on consumer decision-making. Online buyers are often bombarded with thousands of options, which can result in fatigued decisions and abandoned purchases. This significant increase implies that AI tools like chatbots, personalised recommendations, automation, and predictive analytics are being utilised more frequently to get a competitive edge in the market (Anozie et al. 2025). As AI advances and becomes more accessible, more businesses will likely employ it, which will quicken market growth. AI recommendation systems examine browsing history, recent purchases, and current interactions to present highly relevant options. In this regard, around 89% of merchants utilise AI regularly or test it via trial programs, and about half of all businesses have already incorporated AI for their e-commerce needs (Kumar, 2026). The global market for AI in e-commerce was $9.01 billion, and at a rate of 15.6%, it may grow to $16.3 billion in 2029, as well as 64.03 billion by 2034 (The Business Research Company, 2026). This finding matters because rapid AI e-commerce growth evidences rising personalisation investment, shaping consumer buying behavior and validating research relevance.
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[bookmark: _heading=h.3p79c6rqhnkp]Figure 4.3: AI growth in the e-commerce market
(Source: The Business Research Company, 2026)
Furthermore, 31.4% of businesses now employ AI-powered tools like bots and virtual purchasing assistants to improve customer satisfaction (Kumar, 2026). This matters because it demonstrates the the growing adoption of AI tools is enhancing customer experience efficiency and responsiveness, giving businesses a competitive advantage in increasingly digital markets. AI personalisation affects not only decision efficiency but also measurable behavioural effects. Purchase probability and expenditure levels are greatly increased by personalised information and product suggestions. It has been found that 42% of the time, e-commerce businesses employ AI for customised marketing and advertising (Kumar, 2026).
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[bookmark: _heading=h.3cfhjzv9qs8r]Figure 4.4: AI personalisation in e-commerce
(Source: Kumar, 2026)
This indicates that a significant number of consumers are adopting AI for regular online shopping, even though it is most successful for more complicated transactions. As evidence, Amazon is one of the biggest examples of AI-based personalisation in operation. Its recommendation engine analyses over 150 data points, including prior purchases, search activity, and consumer preferences, to generate customised product recommendations (Kumar, 2026). As a result, AI recommendations produce 35% of Amazon's revenue (Firth, 2025). The financial return on investment that systematic recommendations system engineering generates. Although there are benefits to AI-based personalisation, there are also concerns about customer trust and data security. While many consumers like tailored experiences, concerns exist around how AI systems collect, store, and use their personal information. The degree of faith that different cultures have in AI-driven customisation varies; research indicates that markets in North America and East Asia are more accepting than those in other countries (Chow et al. 2026). This suggests that ethical data practices and transparency are necessary to preserve consumer trust. This finding matters because it highlights that while AI-driven personalisation delivers significant revenue and competitive value, its long-term effectiveness depends on ethical data practices and cultural sensitivity to maintain consumer trust.
[bookmark: _heading=h.f3622yzfh1z]4.3.4 Theme 4: Role of AI Personalisation in Enhancing Consumer Engagement, Satisfaction, and Long-Term Brand Loyalty in Online Retailing 
Personalisation using AI has quickly emerged as a key component of competitive online retail strategy, radically altering how customers engage with businesses. By using engines of recommendation, dynamic content, and predictive data to customise the shopping experience to each customer's tastes, AI personalisation boosts engagement. AI-driven suggestions, for instance, greatly increase the exposure of pertinent products, resulting in a more robust customer connection. In this regard, it is noted that 78% to 83% of consumers think AI recommendations influence their purchasing decisions, and 61% to 72% of consumers prefer personalised AI-enabled shopping experiences (WifiTalents, 2025). This finding matters because it demonstrates that AI-driven personalisation strongly shapes consumer purchasing behaviour, making it a critical tool for improving customer engagement, satisfaction, and sales performance. These demonstrate that consumers clearly demand personalised interactions as a component of contemporary online shopping experiences. Furthermore, AI has been linked to higher add-to-cart actions and lower abandonment rates when customers receive recommendations that are tailored to their individual preferences. Regarding this, it is noted that 54% of customers leave their carts empty due to a lack of personalisation, which AI can solve (WifiTalents, 2025).
Moreover, the extent to which a shopping experience fulfils or surpasses expectations determines customer satisfaction. Explicitly, AI makes it possible to adjust in real time depending on browsing patterns, past purchases, and contextual cues (Abubakar, 2025). This allows chatbots to provide fast and helpful product recommendations, tailored promotions, and attentive customer support. Industry analytics show that roughly 76% of consumers prefer to purchase from companies that tailor interactions, and 71% of consumers express increased pleasure when they receive personalisation (Abubakar, 2025).
Besides, in online retailing, AI-based customisation is indispensable for fostering long-term brand loyalty by generating experiences that give consumers a sense of being understood, appreciated, and involved. This is because customers get a more relevant and fulfilling experience when online businesses utilise AI to assess behavioural data and customise interactions, including product recommendations, tailored offers, and dynamic content. Stronger emotional and practical ties to companies result from this relevance, and over time, this is a major factor in repeat business and brand loyalty. In support of this, it is noted that 62% of consumers are ready to spend more when their shopping experience feels personalised. Additionally, 80% of consumers are inclined to return to and continue doing business with companies that provide personalised shopping experiences (IAGLoyalty, 2024). This finding matters because it shows that personalised experiences directly drive higher customer spending and loyalty, making personalisation a key determinant of long-term business profitability and retention.
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[bookmark: _heading=h.dk2plb1xiudy]Figure 4.5: Revenue of Alibaba
(Source: Ma, 2025) 
In this regard, an example of Alibaba can be drawn, which employs advanced AI algorithms to customise product notifications, search outcomes, and promotional offers on a large scale (Daws, 2025). By continuously offering customers relevant suggestions and products that suit their tastes, these tailored interactions not only boost conversions but also promote repeat engagement. This positively impacts its financial growth; its revenue became ¥966.347 million in 2025, which was ¥76.205 million in 2015 (Ma, 2025). Thus, AI-driven personalisation improves key performance outcomes, particularly engagement, contentment, and loyalty. This leads to increased conversion and steady revenue growth. This finding matters because it provides empirical evidence that large-scale AI-driven personalisation can significantly enhance customer engagement and loyalty, translating directly into sustained revenue growth and long-term competitive advantage.
[bookmark: _heading=h.h89o8o3lfnod]4.3.5 Theme 5: Challenges of AI Personalisation and Their Influence on Consumer Trust and Decision-Making
AI-based customisation is widely recognised as an innovative influence in online retail since it increases engagement and tailors’ experiences to individual preferences (Kumar, 2026). However, several major barriers to its implementation impact consumer trust and online merchants' decision-making, which have implications for companies trying to expand sustainably. In this way, a major concern with AI personalisation is data privacy. Personalised AI systems collect, process, and analyse vast amounts of personal data, including demographics, past purchases, and surfing patterns. It is noted that 82% of consumers are extremely concerned about the usage of their personal information in AI-driven scenarios (Lopes et al. 2024). These issues are a result of worry about possible misuse, opacity, and breaches. When consumers consider trade-offs between customised comfort and personal data threats, these worries about privacy can seriously undermine trust. Furthermore, biases present in training data may unintentionally be reinforced or amplified by AI systems (Mensah, 2023). This finding matters because privacy concerns influence consumer trust, acceptance of AI personalization, and ultimately online purchasing decisions.
Biased personalisation algorithms, for instance, might provide discriminatory results like unfair targeting or suggestion patterns that erode customer confidence and create sentiments of unjust treatment or exclusion. Furthermore, a crucial contradiction in AI personalisation is that, whereas customised recommendations might increase relevance and satisfaction, subpar or irrelevant recommendations erode decision confidence and trust (Petersen and Tom, 2025). There is a mismatch with algorithmic output and real customer intent, as evidenced by industry data showing that a sizable percentage of consumers steer clear of AI-generated recommendations when they believe they are not well-suited to their tastes. Despite the increasing use of AI tools in business, many consumers are still hesitant to let AI make independent decisions on their behalf, with the vast majority still wanting to have the ultimate say over purchases. Furthermore, Carroll et al. (2023) referred that customers may see AI recommendations as intrusive or manipulative, especially if they are concerned about how decisions are influenced by algorithms that are not visible to them. Excessively customised prompts in these circumstances might erode customer trust and subtly cause them to doubt the impartiality of AI systems.
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[bookmark: _heading=h.bunzqaaa5kf1]Figure 4.6: Temu users, by country
(Source: Curry, 2026)
In this regard, Temu, a well-known low-cost e-commerce platform with operates internationally, with around 53.0% users in the US, and around 12.9%, 7.4%, 6.4%, 6.0%, and 4.6 in countries like Mexico, the UK, France, Germany, and Spain, respectively (Curry, 2026). The company offers a clear illustration of how consumer confidence in AI personalisation is being undermined by privacy and data protection concerns. Temu's handling of user data has been the subject of numerous legal challenges and investigations (Dave, 2024). In 2023, class-action lawsuits were filed in Illinois and New York over alleged improper collection and use of personal information. Moreover, 12 more plaintiffs are included in a second amended complaint that was filed in February 2024 and charges Temu with breaking several state-specific consumer protection and privacy laws (Dave, 2024). These cases demonstrate how privacy concerns can undermine confidence and deter customers from confidently interacting with tailored experiences and suggestions on e-commerce platforms, particularly when data usage is opaque.
[bookmark: _heading=h.rzbcvhq56bh]4.4 Discussion
In addressing RQ1, the findings show that AI-driven personalised marketing uses consumer information and predictive analytics to give tailored promotions across platforms. In real time, intelligent chatbots, including virtual assistants, are offering individualised customer service and product advice. According to Rane (2023) and Felix and Rembulan (2023), AI's main function in e-commerce personalisation is to analyse a large quantity of user data, including browsing history, prior purchases, and interaction patterns, to customise the user shopping experience in real time. In this regard, using the S-O-R model, it is observed that these AI programs are meant to grab users' attention and give them information that is highly representative of their personal preferences and past actions (Hussain et al. 2023; Kumar et al. 2025).
The findings of Theme 2 are consistent with the existing literature that emphasises market-based and competitive forces as the primary forces that contribute to the adoption of AI personalisation in e-commerce. AI-driven customisation allows businesses to fulfil customers' growing expectations to customise experiences, thus improving satisfaction, contribution, and retention (Patil, 2024). With the more successful company personalisation, a competitive advantage is gained, thus increasing the visibility of the market, customer lifetime value, and revenue (Sankranthi, 2025; Vashishth et al. 2024). The real-time communication also allows quick, pertinent responses to consumer behaviour and increases the overall user experience and perceived effectiveness (Bhuiyan, 2024). Nevertheless, issues such as privacy, poor quality of suggestions, and fatigue of decisions may harm the efficiency of the technology by decreasing the level of confidence and engagement (Moodley and Sookhdeo, 2025). Under the pretext of ethical implementation, data management, and the ability of infrastructures, the authors claim that, in competitive markets, data personalisation holds strategic value depending on its implementation and is not an exclusive technological instrument (Sharma et al. 2023; Thatavarthi, 2023).
In terms of addressing RQ3, online buyers are often faced with thousands of options, which might result in tired selections and rejected purchases (Kumar, 2026). Leadership support for AI projects is essential to achieving strategy consistency with the execution of AI-personalised E-Commerce objectives, which ultimately aim to boost consumer engagement (Raji et al. 2024). An organisation's overall performance may be jeopardised if innovations and a lot of focus on such technologies divert its present resources from other crucial operations. According to the theoretical understanding of TPB, consumers' opinions on AI-driven personalised online shopping are impacted by how they evaluate customised components like the recommendation system (Azad et al. 2023; Raji et al. 2024). 
Using this theoretical concept, AI-powered customisation has a remarkable level of customer acceptance in the e-commerce industry (Moodley and Sookhdeo, 2025). Customers can now successfully receive product recommendations with no additional effort because of AI-driven customisation (Moodley and Sookhdeo 2025; Raji et al. 2024). Regarding this, Alibaba's financial growth is positively impacted by these customised interactions, which increase conversions and encourage repeat engagement by consistently providing customers with relevant products and ideas that fit their preferences. Likewise, with respect to the third research question, AI personalisation conclusively impacts consumers' decisions, while making purchases online and by leveraging AI personalisation, e-commerce companies can ensure better performance. 
While addressing RQ 4, a number of significant obstacles to its implementation have an impact on online retailers' decision-making and consumer trust, which has ramifications for businesses looking to grow sustainably. Thus, one of the main issues with AI personalisation is data privacy. Additionally, Carroll et al. (2023) noted that consumers can see AI recommendations as invasive or manipulative, particularly if they are worried about how algorithms that are hidden from view affect their choices. In a similar vein, Owen and Moore (2023) showed that although using AI to customise goods and services is simple, there are privacy, information security, and ethical concerns. Temu's management of user data has been the focus of multiple legal disputes and investigations, according to the evidence (Dave, 2024). Regarding this, personalised suggestions are influencing people's expectations for products and motivating them to make purchases when utilising ECT for an online retailer (Moodley and Sookhdeo, 2025). Customers may feel disconfirmed, which influences customer loyalty and the intention to make additional purchases, if the expectations that AI-driven tailored suggestions for certain products have created are not met.
[bookmark: _heading=h.u9she46lrtta]4.5 Summary
This chapter has examined the role of AI-powered personalisation, as it affects the internet consumer's purchasing behaviours through thematic analysis. The results have shown that AI customisation not only has strategic impacts on e-commerce businesses but also significantly affects loyalty, engagement, and decision-making. Nevertheless, aspects such as trust, openness, and privacy are also important and should be considered. The chapter emphasises the importance of ethical and responsible AI implementation to increase the rewards and maintain positive customer relationships over time. The next chapter will sum up the study to an end by reviewing the most significant findings of the study and giving a recommendation to apply for further research.

[bookmark: _heading=h.1xnlm97oq8lg]Chapter 5: Conclusion and recommendations 
[bookmark: _heading=h.w9aouvw9zjqu]5.1 Conclusion 
The findings of this research have helped to confirm that personalization done using AI can fundamentally reshape customer interactions while also helping to evaluate their product purchasing patterns online. Recommendations offered through machine learning can significantly influence the way customers discover products, expand their baskets and overall increase the likelihood of purchasing products. In addition to that, personalization done on websites using dynamic designs and overlays can effectively enhance the engagement rate of customers by delivering timely and relevant promotions that align with the preference of customers consistently. Moreover, higher click through rates also implies the fast-decision-making process of customers and effectively helps to persuasive effects from personalised advertising strategy online. The findings also reflect that chat bots utilised by organisations that are integrated with intelligent algorithms effectively improve the service efficiency while sustaining personalised interactions throughout the shopping journey of customers on online platforms. Cost reduction that organisations achieve from chatbot adoption has also encouraged the scalable personalization without compromising the responsiveness of such technology or reducing the customer experience quality. Strategically, the findings reflect that AI personalisation offers a significant level of competitive advantage to organisations by increasing conversion rates, expanding revenue and increasing the effectiveness of the marketing campaign across digital markets. Furthermore, the access that organisations have gained to extensive behavioural data collected from online shopping patterns enables real-time decision-making and more precise and customised customer targeting at a large scale. From a consumer's perspective the personalization through AI has reduced the overload of information while also simplifying their evaluation process and increased the confidence during purchasing online. Furthermore, the enhanced engagement that organisations have gained has not only increased the satisfaction of the customers but has directly contributed to repeat purchasing patterns and long-term loyalty outcomes for retail companies. With the use of AI personalisation E-Commerce companies have also generated a higher degree of emotional relevance and resonance with customers which has been made possible with tailored experience. This not only strengthens the relational bonds organisations have with customers but has also enhanced the brand reputation of digital retailers over time. However, there are also challenges involved in the use of AI personalisation for E-Commerce companies for instance the presence of privacy concerns which significantly moderate the trust level of customers. In addition to that, influencing customers and their willingness to accept an act upon recommendation online platforms also reflects the manipulative aspects of using AI personalisation to enhance sales and engagement rates. Apart from that, the findings of this research have also identified the presence of algorithmic bias and opaque data practices which risks undermining the perceived fairness of using such technology and the way it affects the decision autonomy of customers globally. Furthermore, the findings also indicated that cultural differences among customers also shape the acceptance of AI personalisation which requires context sensitive implementation of such technology across global E-Commerce markets to become truly successful. The implications of the findings indicate that organisations need to manage personalisation benefits with transparency ethics as well as data governance responsibilities carefully to make sure that such technology is utilised positively without harming the privacy of customers. 
[bookmark: _heading=h.bi5136xfa92j]5.2 Linking with objectives 
Objective 1 
This objective was accomplished by showcasing how machine-learning suggestions, dynamic website personalization, targeted advertising, and AI-enabled customer care systems are used to apply AI-driven personalization across e-commerce platforms. In this regard, thematic analysis helped to identify the white spread use of machine learning recommendations that are utilised by E-Commerce platforms which helps to address the subjective. In addition to that the findings also highlighted technologies such as dynamic website personalisation as well as extensive deployment of AI targeted advertisement using predictive analytics across digital channels. The use of intelligent chat abouts and cross platform integration was shown to enable seamless data driven shopping experience across multiple customer touch points and these aspects have effectively helped to achieve this objective. 
Objective 2 
In order to achieve this objective, the main market- and organization-driven reasons driving the adoption of AI personalization in e-commerce were determined to be competitive pressure, revenue growth, conversion improvement, data availability, and cost efficiency. The findings in this research have helped to demonstrate the competitive pressure as one of the primary drivers that has post organisations to differentiate with competitors in the saturated digital markets. In addition to that, the growth of revenue and improvements in conversion rates were also identified as one of the major economic incentives using AI personalisation. Furthermore, the access that organisations have again to large volumes of behavioural and transactional data has also motivated companies to implement advanced AI analytics on their shopping platforms. Cost efficiency and rising customer experience are also factors that have motivated the adoption of e-commerce companies to use AI driven personalization and least findings are there for help to address and achieve this objective. 
Objective 3 
This objective was achieved by demonstrating how AI personalization affects customer purchasing behavior by decreasing information overload, speeding up decision-making, raising the chance of a purchase, and improving engagement and repeat business. The results in this research have shown that AI personalisation reduces information overload from the perspective of customers which helps to simplify the evaluation process and accelerates the purchasing decisions of customers. Moreover, personalized recommendations that are offered through such technologies were also found to significantly increase the likelihood of purchase and increase the average basket size. Data-driven advertising and content personalization that are done by organizations enhances engagement rate and click through behaviour of customers. Evidence has also shown that tailored experience effectively helps to enhance the satisfaction level of customers and encourage repeat purchase behaviour. These aspects and evidence effectively help to address and achieve this particular objective. 
Objective 4 
This objective was accomplished by emphasizing how customer confidence and decision-making in AI-driven personalization are hampered by challenges with data privacy, algorithmic bias, over-personalization, transparency, and cultural differences. The findings in this research have revealed the concerns regarding data privacy which significantly affects the trust level of customers in AI-driven personalisation strategies. In addition to that, the presence of algorithmic biases and over personalisation that are often done by organizations has shown to cause discomfort leading customers to question the autonomy and manipulation risks they currently face. Moreover, the lack of transparency in using customer data has reduced the confidence of various customers in AI generated recommendations. Furthermore, this objective was also achieved by indicating how cultural differences were found to influence acceptance level of AI personalisation across global markets. 
[bookmark: _heading=h.x650q9lejjxf]5.3 Recommendation 
Strengthening Data Transparency and Ethical AI Governance Practices
Businesses may foster customer trust and decrease opposition to AI-powered customization systems by being transparent about how they utilize data. Additionally, companies may empower consumers and enhance their perceived influence over personalized experiences by using clear consent processes (Alzoubi et al. 2025). Apart from that, the use of ethical AI frameworks can also be utilised by companies which can help to mitigate algorithmic biases that are currently present and prevent discriminatory recommendation outcomes. Companies should also carry out regular audits of the AI systems they use which will ensure they are compliant with evolving data protection laws and privacy regulations of different markets. 
Balancing Personalisation Depth to Avoid Over-Personalisation and Consumer Discomfort
Excessive personalization has been found to appear quite intrusive therefore reducing customer comfort and engagement levels, thus companies should avoid over personalization. Additionally, businesses may modify the personalization settings so that consumers can tailor the context of AI-driven recommendations. Additionally, context-aware data analysis, as demonstrated by the results, may be put into practice, which not only makes these technologies more relevant but also lessens the possibility of overwhelming customers with tailored alerts (Mouhim and Lachhab, 2025). Optimising the personalization strategies can also intensify and support positive perception of fairness and user experience. 
Investing in Explainable AI to Improve Consumer Trust and Decision Confidence
Businesses can make investments in explainable AI technology, which can assist consumers in comprehending the reasons behind product recommendations. The findings show that these technologies can be complicated and may cause adoption resistance. This can significantly improve the technology's transparency and suggestion logic, which lessens the impression of algorithmic opacity and manipulation (Krishnan and Mariappan, 2024). Moreover, using such technology and methods can improve the understanding of customers and enhance that trust which increases the acceptance level of the AI assistant decision making process. This would also ensure that AI recommendations are trustworthy and more likely to influence the purchasing decisions of customers in a positive manner. 
Integrating Human Oversight with AI Personalisation Systems
Errors and biases that are frequently missed by automated systems can be reduced by combining human oversight with AI personalization systems (Gupta, 2025). Furthermore, as the results show that there are ethical inconsistencies in the use of AI to personalize suggestions for consumers based on their browsing data, human monitoring would also guarantee the ethical use of AI in customization. Moreover, hybrid AI human approaches can also help to preserve the amount of empathy needed in customer interactions especially even if customers have complex queries. Additionally, the presence of human oversight can also ensure that recommendations by AI systems remain aligned with the brand values of their companies and meet the expectations of the customers. Furthermore, combining human judgement with AI can also enhance the overall service quality and customer satisfaction outcomes which it's quite essential in a highly competitive market. 
[bookmark: _heading=h.d17rxj6z4vl4]5.4 Future scope
Future studies in this topic can incorporate primary data which can help to capture real time perception of customers regarding AI personalisation and its effectiveness. Moreover, longitudinal research can also help to examine how trust of customers on AI personalisation evolves over an extended time period. Comparative studies and analysis can also be done on cultures which can help to explore the differing acceptance levels of AI personalisation at a global scale. Future research can also access different emerging technologies like generative AI which can help to shape the next generation of personalized E-Commerce experiences. 
[bookmark: _heading=h.obzfolywfvew][bookmark: _heading=h.p2m32aq2k44z]
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