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[bookmark: _Toc568003026]Introduction
In the financial industry, business intelligence (BI) tools provide insights derived from raw data which give companies a competitive edge. In an industry that is renowned for holding vast quantities of sensitive and intricate data, banking continues to rely heavily on BI tools and processes.
The volume, diversity, and velocity of big data have all increased dramatically, which in turn means that business intelligence (BI) techniques within the financial sector have made notable advances. In the fields of fraud detection, predictive analytics and consumer behavior analysis are where they have advanced most notably. When we talk of a successful BI culture, EI MATRIX (Eidizadeh et al., 2017) specifies how this is built up from data outlay, analytical capability, content excellence and conscientious decision-making. On the other hand, Larson & Chang (2016) set forth developing trends in today's market -from data science applications to new agile BI tools and methods. Consequently, this study will aim to identify types of big data, scrutinize platforms and instruments, work out what to make of BI trends in the financial industry and have a word on future results from big data analyses.
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[bookmark: _Toc983750146]Current development of financial business intelligence
BI developments include cloud-based BI solutions and AI-driven predictive modeling (Chen et al., 2012), real-time analytics. At Whosa, they're breaking down the full computing problem-racking servers of bank information systems are being replaced with distributed information networks that can extract and channel many thousands more transactions per second than any centralised system has so far managed to do. For example, by using real-time data analytics it is possible to monitor transaction volumes instantly and market patterns instantly, essential for high-frequency trading and fraud detection (Davenport & Bean, 2018). This immediacy means that banks can respond immediately to financial worries, thereby providing stability.
Financial institutions are beginning to understand consumer behavior and market trends more accurately than ever thanks to AI-powered predictive analysis for creating data-driven predictions (Rialti et al., 2019). When it comes to evaluating credit risk a pivotal area of finance assistance with machine learning models is critical in spotting potential defaults. Finally, cloud-based BI is in a leading position on the market. For its scalable nature and easy usability, it is widely accepted by banks to store their sensitive data and conduct secure operations on than Chen (2015).
[bookmark: _Toc2005516363]Classifying Big Data in Finance
Big data in finance can be divided into structured, unstructured and semi structured. They each have different advantages which can be used for BI (Wamba et al., 2015). Relevant information is provided by these structured financial data for essential activities such as risk assessment and portfolio management.  Financial institutions increasingly utilise unstructured data sources, such as customer reviews or social media insights, to understand public sentiment and market trends more directly (Gandomi & Haider, 2015). As firms analyse these unstructured data sources, they can uncover patterns which provide clues for making investment decisions (Davenport & Bean, 2018). Semi-structured Data Semi-structured data is information that appears in a mixture of structured and unstructured forms. It needs advanced processing techniques (Chen et al., 2015). Semi-structured data is vital for determining customer risk and detecting signs of financial fraud. It maintains an interface between each of the categories above which lies as a powerful analysis tool for financial information.
[bookmark: _Toc242910356]Platforms and Tools for Managing Financial Big Data
As previously mentioned, finance institutions make use of a wide range of platforms and BI tools in order to handle big data sets.
Take Apache Hadoop, which is able to process large volumes of structured data and Apache Spark that can handle both meteorically increasing data quantities as businesses grow, plus unstructured data. Together they run the analytic jobs for fraud detection and market segmentation (Wamba et al., 2015). Spark also enables in-memory processing - that speeds up analyses--necessary for pixel-by-pixel performance in making trading decisions real time. (Chen et al., 2012).
Using these visualization tools, Tableau and Microsoft Power BI, lets stakeholders at organizations all points in the enterprise make fast but well-informed choices. By presenting messy financial data in a way that is easier to understand, analysts can communicate with their peers. (Kiron, Prentice & Ferguson, 2014) One case is that banks frequently use Tableau to monitor KPIs for making campaign contributions across geographies. Another example comes from the finance industry, where Tableaus also aids in interpreting FX rates for decision making purposes among different regions.
SAS and Oracle BI are specialized platforms for the finance sector that provide advanced risk management and compliance capabilities (Puklavec et al., 2018). Just as examples: Oracle BI is capable of performance analysis, enabling banks to maximize their profitability; SAS has been widely applied in regulatory reporting (Larson & Chang, 2016).
The names of these platforms are SAS and Oracle BI.
[bookmark: _Toc1740061944]Finance Big Data Analytics
Future developments in edge computing, enhanced predictive analytics, and data security: Three reasons that big data analytics will probably be further lifted in the finance sector.
Edge Computing: With edge computing becoming more prevalent, data processing is moving closer to the source. Decisions therefore become faster, and swifter as required in high-frequency trading (Wixom, Yen & Relich, 2013). Financial institutions can now monitor market changes with minimum latency (Manyika et al., 2011).
Advanced Predictive Analysis: Just as AI-based predictive models become more accurate and sophisticated, so will banks begin to fine-tune their predictions for consumer demand and market trends. This shift is needed to enhance consumer satisfaction and will not only be a technical one but need various other conditions of operation.
Data Security and Privacy: As the volume increases of sensitive financial data it is essential that proper protection measures are taken. In BI systems of the future that will be composed especially for financial services such encryption and sophisticated privacy features to defend against cyberattacks are a must (Chen et al., 2015).
[bookmark: _Toc1154238428]Conclusion
Finally, I am confident that we can change banking through business intelligence. By altering the way financial institutions handle data, business intelligence is changing the banking industry. With technologies such as cloud-based BI platforms, predictive AI, and real-time analytics, financial institutions can handle massive amounts of data that were more efficient than ever before more tuned for making decisions faster and better (Kiron et al., 2014). The banking industry can know most of what consumers need and what market trends have been by relying on structured, un-structured, and semi-structured data (Wamba et al. 2015). Large financial companies can use big data to increase profitability, decrease risks, and guarantee regulatory compliance, making use of tools such as Hadoop, Tableau, and SAS. The finance industry can see the future in data and be ready for it, thanks not so much to self-service BI as it is that we will be better served by future advances in edge computing and data convenience (Davenport & Bean, 2018; Manyika et al., 2011).
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