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0.0 [bookmark: _bookmark0]Executive Summary
AI has now become an operating tool in use throughout Unilever and not an innovation project. In 2025 the company claimed that its products were marketed in 190 countries, reached 3.7 billion individuals every day and was backed by an even more digitalised business model, an AI framework and an assurance programme (Unilever PLC, 2025). This scale is appealing to AI since it can enhance predicting, streamline product portfolios simplify marketing choices and assist in research and development. However the same scale implies that any lack of strength in governance, security or ethics can become viral across brands, markets and functions.
The given report reviews the key business risks caused by accelerated AI adoption in the FMCG industry and uses the client organisation of Unilever. Analysis is conducted with the PESTLE framework, theory of international trade and micro-economic logic that demonstrates that AI is transforming not only the internal decision-making process, but the external risk environment as well. The threats that are the most crucial are aggravated by inconsistent data management, the exposure to cyber attacks in the context of interconnected supply chains, discrimination or favoritism in marketing processes, legal ambiguity in different jurisdictions and the potential loss of customer confidence.
The regulatory gap between the United States and the United Kingdom is paid specific attention to. The UK has favored a principle-based, regulator-focused strategy, whereas the US has continued to be typified by sector regulations, state privacy regulations as well as patchy enforcement signals (UK Government, 2023; ICO, 2023; California Privacy Protection Agency, 2025). To Unilever, this adds the cost of compliance and complicates global standardisation.
The conclusion of the report states that AI risk cannot be discussed as a limited issue in technology. It has to be controlled as an enterprise concern which impacts on the strategy, operations, competition and reputation. It can be suggested to implement it in stages. The core measures consist of more stringent data control between brands, prejudice auditing, privacy-promoting technologies, greater transparency in human control over pricing and marketing, more robust resilience testing in supply chains and a global compliance base founded on the toughest standards that may be applied. These would assist Unilever inturning AI into a non-controlled exposure generator to a controlled source of long-term benefit.

1.0 [bookmark: _bookmark1]Introduction
The fast moving consumer goods industry is passing into a new era where digital capability cannot be separated with commercial performance. The demand indicators are volatile, the retail channels are decentralized, product lines are large and margins are strained. Companies in this setting are finding it easier to use artificial intelligence to accelerate the analysis, minimiseforecasterrorandenhanceresourceallocation.Unileverisagoodillustrationofthis change. In its 2025 annual report, it emphasizes the use of digital solutions throughout the value chain, AI training across geographies and functions, and an official framework, which is supposed to steer responsible usage of AI (Unilever PLC, 2025).
To the management, the appeal is obvious. AI can assist in product development, media purchase, promotional targeting, supplier planning and customer operations. Hypothetically, prediction is more inexpensive and rapid in cases when machine learning can manage massive amounts of consumer, operational and market data (Agrawal, Gans and Goldfarb, 2018). Nevertheless, risk is not eliminated because of greater predictive power. It in most instances transfers risk in human decisions which are visible to less visible automated systems. Opaque algorithmic processes, as Pasquale (2015) says, can undermine accountability and also intensify managerial power.
This is particularly important in FMCG since trust is the main element in performance. Consumers purchase products that come into the house, products applied on the body or eaten as food. Reliability, safety and fairness are therefore the value of the brand. Mistake in pricing, biased recommendation system, data fraud or cyber attack can go beyond a single product and hurt an entire portfolio. Whether AI works or not is not the issue but whether it works in the manner that is legally acceptable, explicable and socially acceptable.
This report is intended to be a strategic advice of Unilever PLC to RFD Global Consulting. It evaluates the current rate of AI development that is transforming the risk management of the enterprise, and the FMCG industry as a whole. The report analyses macro-environmental forces, trade and micro-economic theory, governance and ethical risk, operational exposurein the logistic and R&D areas and comparisons the regulatory environment in the United Kingdom and the United States. It then outlines a workable implementation strategy that will put analysis into board-level action.

2.0 [bookmark: _bookmark2]Macro-Environmental Pressures (PESTLE Framework)
A PESTLE framework can help since the threat of AI does not come as a result of technology. It is influenced by the political pressures, inflation, social expectations, technical dependencies, legal change and environmental scrutiny. In the case of a multinational consumer goods organisation, these external forces dictate to which extents AI can be centralised and how much data can be utilised and at what rate innovation can be deployed without establishing unnecessary exposure.
[bookmark: _bookmark3]2.1 Political Dynamics: The Rise of Tech-Nationalism
One of the key political threats of Unilever is the fact that the digital economy is becoming more and more fragmented. There is a growing concern among governments over national control in terms of data, digital infrastructure and strategic technologies. This, in practice, implies increased chances of localisation of data needs, transfers between countries and regulatory prohibitions that make common AI systems use between regions difficult. To a company whose products are distributed in 190 countries, there is a very practical tension in marketing, analytics and supply chain planning as a result of the political shift towards tech-nationalism (Unilever PLC, 2025).
It is not merely an administrative risk. In case training data needs to be geographically confined, the company will lose some of the advantages of scale that the AI itself is supposed to bring. The central models are reduced to less comprehensive models and the costs of duplication go up and the costs of regional inconsistency are also high. Besides, there is a possibility of more geopolitical tensions influencing cloud provision, semiconductor provision and digital collaborations. This becomes particularly applicable in cases where AI technology relies on a limited number of vendors.
Political risk management in the case of Unilever should hence incorporate digital sovereignty planning. The company ought to project that additional markets will desire a greater local control of consumer information and automatic decision-making. A regional-data-driven governance model combined with global security and ethics standards would be even more resilient than a centralised architecture.
2.2 [bookmark: _bookmark4]Economic Realities: Inflation and Pricing Elasticity
The economic rationale of AI in FMCG is high since it holds a promise of higher forecasting, reduction of waste, and faster decision-making when faced with a margin. The 2025 outcomes also reveal that Unilever continues to focus on productivity, portfolio streamlining

and improving the gross margin, which are all commercially viable with the help of algorithmic decision support (Unilever PLC, 2025). During inflation times, AI can assist companies to react faster to shifts in the input prices, negotiations with retailers and effectiveness of promotional activities.
But it is not economic advantage that comes automatically. The systems based on AI demand the investment in the data engineering and software, cloud systems, and talented staff. This expenditure could be ineffective in as far as it is not prioritised appropriately, the company would have over-invested in tools that make the process complex yet have no quantifiable returns. There exists a less obvious risk at the interface to the market. Short-term margin can be optimised using dynamic pricing or promotion algorithms without reference to long-term consumer sensitivity.
Elasticity is important in FMCG since most of the categories are highly replaceable. A consumer who is dissatisfied with the cost of a certain soap, detergent or sauce can easily switch to store brand. When an algorithm responds mechanically to signals of competitors or cost shocks, it can result in prices that are above what local customers would deem fair. The outcome can be a loss of loyalty but not a better profit. Any AI-based pricing model mustthus have human commercial judgement as a major control.
2.3 [bookmark: _bookmark5]Social Shifts: The Privacy Paradox and Informed Consent
Social environment is now becoming more challenging to firms that desire to utilize personal data intensively. Customers are demanding convenience, offers personalised and smooth digital experiences, but are increasingly conscious of surveillance, profiling and the unseen transaction of free digital services. This contradiction is commonly referred to as privacy paradox. Individuals accept personalized experiences until they become observed, manipulated or deceived (Pasquale, 2015).
This is important to Unilever since most of its brands are anchored on trust, identity and daily routines. A data campaign can sound effective in terms of marketing, and can still seem to be intrusive to the consumer. This issue is also more delicate when algorithms conclude intimate details, including health interests, household circumstances or beauty issues based on behavioural data. The ICO advice on AI and data protection focuses on fairness, transparency and meaningful accountability within such environments (ICO, 2023).
The generational aspect is also present. Brands are often expected to describe how young consumers adapt to automated systems in the way they offer, recommend and message them.

They will reward convenience, but will punish opacities. The social aspect of this problem is not merely compliance. It is legitimacy. The AI should be implemented in a manner that it is viewed by the consumers as reasonable and acceptable, failing that the technology will undermine instead of improving the relationship with the brands.
2.4 [bookmark: _bookmark6]Technological Disruption: IoT Cyber security and Obsolescence
AI within FMCG requires a broader technological stack that encompasses the cloud systems, connected sensors, enterprise systems and third-party applications. The proliferation of Internet of Things devices in manufacturing and distribution can enhance quality management, maintenance and inventory tracking. Nonetheless, every connection increases the attack surface as well. The AI Risk Management Framework of NIST emphasizes the fact that trust is determined by governance, validity, security and resilience, rather than performance alone (NIST, 2023).
In the case of Unilever, the cyber risk is high since physical activities can be disrupted by a cyber attack in one section of the network. Conjoined factories, warehouses and planning software may fall victim to ransom ware or sabotage. Meanwhile, the company is experiencing technology obsolescence. The rate at which AI tools develop is also high, which implies that today’s solution can turn into a liability that will be replaced by a new one tomorrow. The reliance on a single cloud provider or single specialist model provider may tie the firm into expensive options in the future.
Another issue is the quality of data and manipulation by adversarial. Automated outputs can be assured of incorrectness in case of poor, incomplete or corrupt data feeds into the forecasting or R&D systems. That may result in missed demand signals, erroneous decisions to formulate or operational disruption. Technological advancement consequently enhances competence, yet it likewise relies on the secure architecture, purged information and maintained vendor control.
2.5 [bookmark: _bookmark7]Legal Complexity: The Liability of Autonomous Systems
The complexity of the law introduced by AI is that decisions can be influenced by the models, which are hard to define and that work in multiple jurisdictions simultaneously. The conventional accountability is relatively straightforward when human manager accepts a campaign or price change. When an adaptive model suggests or performs an action based on past information, and makes use of probabilistic inference, it becomes less apparent. Legal

responsibility does not however vanish. The organisation deploying the system takes the liability.
Data protection, consumer protection and sectoral oversight are also applicable in the UK despite the absence of one economy-wide AI law (UK Government, 2023; ICO, 2023). In the US, it is more divided, and state privacy regulations and various enforcement demands are different. The implication of this is that a single AI-powered practice can be tolerable in one market but refuted in another. In the case of Unilever, the field of marketing is one of the most vulnerable sectors since it is associated with profiling, advertising claims and at-risk consumer groups.
The legal risk is added as much when companies do not understand how a model got to a result. In case a pricing mechanism results in discriminatory effects, or a targeting system locks out some consumers, the business may be subject to regulatory review, lawsuit and tarnished reputation. Policy documents are not sufficient in guaranteeing legal preparedness. It needs model documentation, audit trails, ownership and ability to suspend or override automation where necessary.
2.6 [bookmark: _bookmark8]Environmental Scrutiny: The Ecological Cost of the Cloud
AI is usually projected as a path to efficiency, but it comes at a price to the environment. The energy, cooling infrastructure, and digital infrastructure are needed to develop and deploy large models. According to Crawford (2021), AI systems are not abstract and need to be acknowledged as material systems, and their impact on the environment should be taken into consideration. The same is demonstrated by Strubell, Ganesh and McCallum (2019), who demonstrate that compute-intensive AI may have important energy implications.
This is strategic tension to Unilever. In its publicly stated objectives, the firm aligns long term value creation with environmental responsibility, which includes a set of net zero and wider environmental priorities (Unilever, 2025). When companies start to adopt AI very quickly without considering the intensity of the energy consumption, the company will be compromising its own sustainability storey. The next thing that stakeholders can consider is that AI-led improvements in efficiency are not consistent with the environmental pledges employed to establish corporate legitimacy.
The question of the management issue at hand is not one of using AI or not, but rather the question of how to responsibly use AI. It implies the choice of efficient model designs wherever possible, the quantification of the emissions related to digital infrastructure, and the

selection of suppliers whose energy mix can help the company to achieve the declared climate objectives. Technology procurement should incorporate environmental governance which is not an independent reporting practise at the end of the process.
3.0 [bookmark: _bookmark9]International Trade Theory and Micro-Economic Structures
AI does not only transform the manner in which Unilever conducts its activities within an organisation but also its rivalry in the global context. Trade theory can be used to understand why data, access to compute and platform are becoming like strategic factors of production. Micro-economics then demonstrates an outcome of these changes on the pricing, product selection and market power at local categories and individual consumers.
3.1 [bookmark: _bookmark10]Digital Foreign Direct Investment and the Heckscher-Ohlin Model
The classical form of foreign direct investment in consumer goods was the factory, labour, transport connexions and proximity to local resources. AI adds a new layer. Companies have started making investments in information systems, model ability and digital infrastructure which has the potential to impact production, predicting and interaction with consumers across borders. Effectually, algorithms and data assets are a part of the competitive advantage of the firm not just of physical plants (Acemoglu and Restrepo, 2019).
The Heckscher-Ohlin model proposes that nations export the goods which utilise intensively their factors of production which are very abundant. With the growth of a digital economy, the most common aspects of abundance are access to data, the ability to compute, talent of specialists and the ability to do so within the law. Unilever can gain an advantage when it is able to integrate local market information and global analytical systems. But that benefit becomes weaker when information is not easily transferred across borders or when digital infrastructure needs to be replicated on the regional level (Iansiti and Lakhani, 2020).
This is important to risk management since the AI capability is not scalable to the global scale without any issues anymore. A hybrid approach where sensitive information remain local, but upper insights are transferred in a privacy-sensitive way may be required in the company. This would allow keeping some of the advantages of global learning without implying the political and legal risk of complete centralisation of data.
3.2 [bookmark: _bookmark11]The Linder Hypothesis and the Risk of Global Brand Homogenisation
According to the Linder hypothesis, trade is further advanced between nations that have analogous demand structures. The logic is commercially appealing in AI-enabled consumer markets since the algorithms are able to identify similar tastes in urban, digitally connected

consumer groups of various countries. In the case of Unilever, it can help in scale efficiencies in product design, messaging and channel strategy.
[bookmark: _bookmark12]However, this is facing a strategic threat that is critical. In cases where similarity is the key source of AI rewarding, managers are able to over-standardise what should be differentiated locally. The recommendation engine can conclude that the consumers of London, Singapore and Dubai respond to the similar statements or fashion better. That may be a statistically working thing, but cultural legitimacy in FMCG is subtle to a point that it is not homogenous. The types of food, beauty products and household practises also have localised concepts that cannot be captured by the pattern of data (McMahan et al. 2017).
The result can be certain kind of homogenisation of algorithms. Brands are scalable, but not as relevant. This is why Unilever should employ AI and focus on finding certain patterns but not attempt to erase the difference. The business strategy should be discriminative standardisation: they can share platforms on which they can save money, and they can customise at market level on which identity, taste or trust conditional on them.
3.3 Micro-Economic Pricing and Choice Architecture
On a micro-economic level, AI determines the price that a consumer is facing and the context that a decision is made. Choice architecture is in the form of digital shelves, application interfaces and promotional sequences. They direct attention, put value and form substitution. When AI produces those environments, it gains actual authority of short-term demand.
This is opportunity to seize since wastages can be minimised through targeting and product relevance can be enhanced. Yet it also creates risk. O'Neil (2016) cautions that opaque data systems may be able to recreate unfairness under the pretence of being objective. In FMCG, an inadequately managed model may propensitate those consumers that have higher purchasing power, subject disadvantaged groups to high-pressure promotion or introduce price changes in a selective manner where it may seem exploitationist.
The problem of choice architecture is particularly sensitive in circumstances whereby the consumers themselves are nudged as opposed to being informed. Provided that automation favours to the company the favourable result, rather than the informed choice of the consumer, then the efficiency may shift to manipulation. Personalisation and dynamic pricing should thus be placed within limits by Unilever. Such limits must encompass explainability, fairness test and discretion of regional management especially in categories of necessity or high frequency where trust is of utmost importance than the gains made on a one-off conversion.

4.0 [bookmark: _bookmark13]Critical Risk Dimensions: Governance, Ethics and Trust.
The data governance, ethics, and customer trust is the largest threat of AI to Unilever at the merger. These are not different themes. An unethical governance will bring about ethical failure and ethical failures will not take long to become trust failures. In the case of consumer goods, the chain can impair a portfolio far faster than it can impair a business to business technology company.
4.1 [bookmark: _bookmark14]Data Governance in a Multi-Brand Ecosystem.
In Unilever, the portfolio comprises of brands where very varied data is gathered, such as media associations and loyalty response, retailer data, and supply chain indicators. This is a typical governance issue. The company would desire to be integrated as joint data can enhance prediction and coordination, though it should not create a situation where the sharing is uncontrolled, weak security and undefined ownership.
Multi-brand structure may result in damaged standards as it is fragmented. The controls in some business units can be high whereas in others, the legacy systems or external agencies may be used. One area of weakness in an ecosystem may then result in the exposure of the rest of the group. Common regulations on the data quality, retention, access permissions, model documentation and incident response are therefore needed in good governance. The annual report reveals that Unilever already has an AI framework and assurance programme, which offers a basis to the larger governance initiative (Unilever PLC, 2025).
Minimisation of data is especially necessary. The less essential personal information the organisation holds, the bigger is the exposure in case anything goes amiss. Tighter control would imply gathering less, categorising better, tracing the way of data into models and making sure that brand-level innovation would not get out of group-level control.
4.2 [bookmark: _bookmark15] Algorithmic  Bias and Ethical marketing responsibility.
One of the most obvious AI ethical risks is bias. Buolamwini and Gebru (2018) revealed that the commercial systems do not work equally with the demographic groups, proving the fact that the bias is not a hypothetical concept. In FMCG marketing, bias may manifest in the form of skewed targeting of audience, exclusive imagery, unequal offer and wrong assumptions of what various consumers hold dear to themselves.
In the case of Unilever, this risk is severe since numerous brands act publicly on the topic of inclusion, wellbeing and social purpose. An algorithm that is biassed would not be a small technical flaw. It would be against the values of brand positioning. The reputational effects

may be instant, particularly when computerised campaigns run at a global pace through online platforms.
In this case, ethical responsibility is more than what various intention entails. It demands challenge, monitoring and testing. The models must be scaled with independent audits, representativetrainingdataaswellascross-functionalreview.Red-teamexerciseswouldalso be useful since they would reveal areas of a system that misbehave under realistic situations. Ethical marketing ought to be handled as an operational process that can be controlled, rather than a statement of communications.
4.3 [bookmark: _bookmark16] Consumer Trust and Ethics of Behavioural Nudging.
The economic benefit of trust is that it reduces search costs and enables a repeat purchase and defends a brand in times of uncertainty (Tadelis, 2016). The trust can be enhanced with AI since it assists companies in making clear communication, enhances service and minimises noise and redundant messages. It may also destroy trust when it is employed to guide behaviour in ways that are not comprehendible to the consumers.
Nudging behavioural choices needs to be an issue where personalisation is aimed at exploiting cognitive bias instead of making informed choices. This danger is manifested in dark patterns, compelled defaults and hidden data sharing. It can be particularly harmful in the field of consumer goods since everyday brands do not require shoppers to act as covert behavioural laboratories.
The implication of this in practise to Unilever is that personalisation should be clear and moderate. The consumers need to know why they are seeing an offer and must be in a position to back out of profiling without being unreasonably irksome. Greater shift in the direction of zero-party data, where people willingly provide information, would render behavioural AI more acceptable and sustainable in the long term.
5.0 [bookmark: _bookmark17] Operation and Supply Chain Complex risks.
In addition to marketing and consumer analytics, AI is finding its way to physical operations. This is especially significant to Unilever since the size of the company, breadth of category and retail exposure present a giant issue of coordinating a large company. That coordination can be enhanced by AI, yet it is also likely to increase error when the systems are not managed well or are over-automated.

5.1 [bookmark: _bookmark18]Algorithms The Bullwhip Effect of Logistics.
The supply chains are weak as minimal shifts in the retail demand generate bigger swings in the orders, production and inventory upstream. This archetypal bullwhip effect can be magnified in an algorithmic setting when the models are oversensitive to noisy signals. An interim peak in one area can be seen as a structural tendency, which stimulates the unwarranted replenishment, transport expenses and waste.
The digital push by Unilever aims at doing just the opposite: to be more precise, have simplified portfolios and quicker operational learning (Unilever PLC, 2025). It all is dependent on the quality of the models and also the extent to which the system is left to its own devices. When forecasts are conditioned excessively on historical data they can collapse in the face of disruption like geopolitical shocks, weather extremes or abrupt changes in the behaviour of retailers.
Stress testing is needed on a resilient approach. Planning algorithms need to be tested with extreme scenarios and not just with normal business conditions. Human override is also to be maintained. The managers should be assisted by the logistics systems, rather than automated escalation. That differentiation is of commercial importance in an FMCG setting, where products are perishable and the shelf has a short shelf life. Figure 1 below shows the visual increase of this algorithmic error of prediction by the supply chain.
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Figure1: The Algorithmic Bullwhip Effect in FMCG Supply Chains.

5.2 [bookmark: _bookmark19]Digital Twin Technology and Intellectual Property Risks
Another impact of AI on product design is given. Simulation and digital twin technologies can make formulations, packaging options/process changes tests cheaper and less time-consuming. The level of R&D investment developed by Unilever is significant, it has a number of scientific and technical professionals which exceed 4,500 and almost 500 PhD holders to facilitate innovation in their Power Brands (Unilever PLC, 2025). This renders digital experimentation very appealing.
However, the replacement of physical test with simulation with data opens more intellectual property threats. The product knowledge can be valuable and it may be stored in code as well as datasets and the cloud, not just the laboratories. When the protection of these assets is weak, then it is easier to steal or leak. Commercial loss may be huge since existing products are not alone that might be exposed but also future innovation pipelines.
The legal issue related to whether AI-assisted invention is registered and patented also exists. The company must have a transparent human control and input whenever a model suggests a solution of high value. In the absence of this, possession and defensibility might be more difficulttoprove.Themanagementofintellectualpropertyshouldconsequentlychangealong with technological research potential.
6.0 [bookmark: _bookmark20]Navigating the Regulatory Schism: United Kingdom vs. United States
One of the strategic challenges of AI governance that are the most challenging is international regulatory divergence. Compliance cost is not the only problem in the case of Unilever. It is the loss of simplicity. Various privacy policies, automated actions and records complicate the construction of a single repeatable operating model of marketing, analytics and customer interaction.
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Figure2: Comparative Regulatory Pressures and the Global Unilever Compliance Strategy.

6.1 [bookmark: _bookmark21]The United Kingdom: Flexible, Sector-Led Innovation
A relatively lenient attitude towards AI regulation has been preferred in the United Kingdom. The white paper by the government had a pro-innovation framework consisting of cross-cutting principles, where the current regulating bodies were supposed to utilise the principles in the respective sectors, instead of implementing a single piece of legislation covering AI regulatory measures (UK Government, 2023). This is complemented by the guidance of the ICO that translates data protection responsibilities into realistic expectations of AI fairness, transparency and risk assessment (ICO, 2023).
In the case of a firm like Unilever, this provides a certain agility. It permits trial and error and gradual rollout of the experiment without this cumbersome ex ante authorisation regime. Flexibility however also presents interpretive uncertainty. Companies have to keep track of various regulators, decode new instructions and determine the level of evidence that is sufficient to prove they utilised it responsibly.
UK model can thus be considered to be permissive though demanding. It is not as prescriptive in writing, but it presupposes good internal governance. The UK position should not be interpreted by Unilever as an indication that the light-touch governance is adequate. Vice versa, there is a lack of a single statute with detailed explanation, which makes internal discipline and documentation more and more necessary.

6.2 [bookmark: _bookmark22]The United States: Fragmented State-Led Patchwork
The United States is still more divided. No uniform federal AI regime exists regarding the type of consumer-facing issues that are of greatest concern to Unilever. Rather, companies have a combination of federal regulations and sector enforcing and state privacy regulations. California is particularly significant as the California Privacy Protection Agency set rules in 2025 that will address the issue of cyber security audit, risk assessment and automated decision making technology (California Privacy Protection Agency, 2025). NIST also provides voluntary AI risk management framework, along with this (NIST, 2023).
In the case of multinational firms, the challenge lies in the fact that US obligations are lopsided. This does not mean that practises that are tolerated in one state cannot be questioned in another state. The structural risk of litigation is also increased. This leaves doubt on profiling, tailored offers and data retention which are important to digital FMCG strategy.
The practical solution to Unilever is aimed at establishing a shared compliance standard that can be seen as being of a higher standard than the minimum one that is demanded in a certain market. The highest-standard approach will not eliminate all the legal risk, but will simplify matters, and substantiate the claims of trust and make internal controls more consistent across transatlantic operations.
7.0 [bookmark: _bookmark23]Strategic Implementation Plan
Analysis on the above indicates that Unilever should have a progressive programme and not a one-off policy remedies. AI risk management is to be integrated into enterprise governance, day-to-day operations and decision-making processes that are facing the market. A workable road map is described in Table 1.

Table1.Strategicimplementation roadmap

	Phase
	Timeline
	Strategic
objective
	Key actions
	Expectedoutcome

	



Phase1
	



Months1–6
	


Define overall AI governance
	Form an AI Risk and Ethics Board; visualize data flows across key brands; determine model documentation norms; determine key risk areas of use in pricing, profiling and supply chain planning.
	Individual responsibility, transparency in data resources and realtime access to the systems	most
vulnerable.

	


Phase2
	

Months6–
12
	

Minimise data and model risk
	Introduce more stringent rules of data minimisation; start independent bias audits; introduce model testing procedures; make cloud and analytics partners subject to more stringent
Vendor due diligence.
	Reduced exposure to failure of privacy, biassed results andpoor	third-party controls.

	


Phase3
	


Months12–
18
	
Establish operational resilience, build trust
	Use federated learning where suitable, redesign consumer experiences so as to achieve transparent consent and opt-out; incorporate human inspection in the processes of pricing and promotion.
	Elevated consumer legitimacy, enhanced durability and enhanced control of automated business
choices.

	




Phase4
	



Months18–
24
	


Future-proof  the	operating model
	
Adopt highest standard transatlantic compliance baseline; stress test the supply chain on extreme conditions; quantify the use of AI and align the key workloads with lower-carbon infrastructure.
	Greater consistency in global compliance, enhanced continuity planning and reconnecting digital growth	and
sustainability
commitments.



The above implementation roadmap is a 24-month strategic plan that is staged to operationalise AI risk management at Unilever systematically. This progressive programmeis addressing the governance as part of the core enterprise architecture, rather than a reactive response to policy.
Phase 1 (Months 1 to 6) entails the main goal of developing a strong governance foundation. With the creation of an AI Risk and Ethics Board and data flow mapping, Unilever will instantly detect and filter high-risk algorithmic applications within pricing and supply chain planning. Phase 2 (Months 6 to 12) forwards to active risk mitigation. The step is aimed at the strict data minimisation policies, an independent audit of bias, and stricter controls of third-party vendors to safeguard the privacy of consumers.

Phase 3 (Months 12-18) is focused on developing consumer trust and resilience in its operations. This would entail the implementation of privacy-enhancing software, such as federated learning, alongside keeping the human control in the sensitive pricing and promotion algorithms. Last is the Phase 4 (Months 18 to 24) which future-proofs the organisation. Stress-testing the supply chain, matching the compute-heavy AI workloads to sustainability-friendly infrastructure, and taking a stringent global compliance standard would help Unilever to make its AI integration legally enforceable, ecologically friendly, and commercially viable.
8.0 [bookmark: _bookmark24]Conclusion
The notion of artificial intelligence has been brought nearer to how Unilever develops, competes, and distributes resources. It can be handy in making predictions, developing new products, planning and getting into business, as well as risking in new destinations. Political fragmentation, inflation pressure, privacy expectations, and cyber dependency are the risk factors that the firm will adjust to in response to making AI central to the business model, as well as legal ambiguity and environmental scrutiny.
These are the risks, which have not been abstract as pointed out by the report. These impact international data implementation, controlled pricing, product relevance, consumer trust, logistical stability and protection of intellectual property. Regulatory difference between the United Kingdom and the United States also contributes to them. Therefore, AI governance cannot be a tight IT activity. It must be the core of board supervision and enterprise risk management.
Unilever can respond well because it already has scale, recognizable brands, scientific capabilities and in-house AI platform. However, these strengths will protect value so long as the firm integrates creativity and rigidity. A stronger data management, open behaviour architecture, bias external audit, resilient supply chain architectures and the best-in-class compliance plan would empower Unilever to roll out AI with greater confidence and minimal reputational and legal liabilities. The object of strategy is not innovation that is slower. It is less risky and is dependent on innovation.
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