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[bookmark: _Toc234589587][bookmark: _Toc234590660]Abstract 
The growing elderly population in the UK has placed additional pressure on healthcare and social care systems, necessitating the search for innovative solutions that promote the independence and health of elderly people. This research will analyse how Artificial Intelligence (AI) based assistive technologies can help elderly people in the country by considering how these tools are used by seniors, whether they are helpful and easy to operate, and what problems there are with implementation and acceptance of these technologies. The goal of the research is to determine the type of AI tools used by elderly people, evaluate their value, and clarify what difficulties exist with the implementation of AI and what should be done to improve its availability and usability.
The rising number of elderly people in the United Kingdom is causing extra challenges for health care services and social care systems. Therefore, there is a need for innovative technologies for promoting independence and health of older individuals. This paper discusses the application of assistive technologies based on Artificial Intelligence (AI), considering the degree of their usefulness and practical application by older individuals. The purpose of the research is to examine which AI technologies are used by elderly members of society, analyse their advantages, and explore what difficulties arise when implementing such technologies in order to enhance their accessibility and usability.
In conclusion, the research demonstrates the strong potential of AI in enhancing elderly care and facilitating independent living for senior citizens. For proper implementation, however, AI technologies must be properly designed and usable by elderly people and be affordable, safe, and easy to access so that they are ready to use the technology properly.
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Chapter 1: Introduction
[bookmark: _Toc234589588][bookmark: _Toc234590661][bookmark: _Toc237449524]1.1 Introduction
Rising life expectancy, combined with declining birth rates, is profoundly driving a shift in the population age distribution toward older adults, a pattern widely observed in the global population. In this context, healthcare systems are increasingly confronted with the challenges associated with an ageing population, particularly the growing prevalence of chronic diseases among older adults (Tana et al., 2025).
As the ageing population of the UK exerts strain on the health and social care systems, the use of Artificial Intelligence (AI) has become geared towards providing better independence and quality of life to elderly people. The current research is centred on examining the use of Artificial Intelligence (AI) for elderly people’s quality of life improvement. The fast evolution of machine learning, robotics and natural language processing has facilitated the availability of new AI-driven assistive technologies, including smart home automation, wearable devices, smart mobility, assistive robots and AI-based communication devices (Masala and Giorgi, 2025). This research considers how AI is defined in a caring context, the impact of these devices on everyday life, and their social and technical implications for people in their daily lives.
[bookmark: _Toc234589589][bookmark: _Toc234590662][bookmark: _Toc237449525]1.2 Background of the study
In the UK specifically, the proportion of adults aged 65 and over continues to rise, increasing pressure on the NHS and social care provision and prompting growing policy interest in AI-enabled support (Mordor Intelligence, 2024). This research demonstrates how AI and IS can enhance well-being for older people worldwide (Padhan et al., 2023). There is mounting demand for automated care services worldwide as the world population aged 65 and above is estimated to almost double over the next 20 years, reaching 1.58 billion by 2050, placing sustained pressure on health and social care systems internationally. 
[image: ][bookmark: _Toc237449693]Figure 1: Share of adults own a smart speaker, by Age group, in percentage, UK
Source: (Mordor Intelligence,2024)

The UK tech market infrastructure is financially capable of accommodating all integrated healthcare technologies. On the other hand, data from the UK technology market tracker (2020) confirms that the smart home market was valued at $ 11.94 billion by the end of 2020, and it can accommodate an Automated house caretaker service. 
Therefore, this study assesses the ways of intelligent ecosystem that encompasses robot controllers, automated wheelchairs, and automated voice systems assists individuals to live independently. This capability of AI to dismantle institutional barriers, as described in an OECD report on assistive technology, contributes to smoother inclusion of the ageing population into society. Since the world employs software-based tech infrastructure, in this study, it is suggested to apply AI to help elderly individuals in the UK explain how the acute lack of available caregivers can be alleviated systematically through a Software Engineering methodology (Nieto Agraz et al., 2022).
[bookmark: _Toc234589590][bookmark: _Toc234590663][bookmark: _Toc237449526]1.3 Problem Statement
There is a gap between what AI technology offers and what elderly people actually use. Today, many devices remain expensive, poorly designed around people rather than machines, and lack a system for working together effectively. Digital literacy and digital exclusion barriers are often left unaddressed, especially as issues of security risk, bias, and the use of technology as a substitute for human connection fall off the research radar (Zhou et al., 2025). Although AI tools are becoming increasingly more accessible, the evidence on the attitudes of older adults regarding their utility and usability, and what can be cited as the primary barriers to their adoption, is largely UK-based, and this unaddressed gap is growing just as fast as AI technologies develop.
[bookmark: _Toc234589591][bookmark: _Toc234590664][bookmark: _Toc237449527]1.4 Aim and Objectives
Aim
To investigate the role of AI tools in assisting elderly people in the UK, examining their usefulness, ease of use, and the challenges faced, and to recommend improvements to better support elderly users.
Objectives
· To examine the types and applications of AI tools currently used to assist elderly people in the UK
· To assess the perceived usefulness of AI tools among elderly people in the UK
· To assess the perceived ease of use of AI tools among elderly people in the UK
· To examine the main barriers and challenges elderly people face when adopting AI tools
· To recommend improvements to AI tools to better support elderly people in the UK.
[bookmark: _Toc234589592][bookmark: _Toc234590665][bookmark: _Toc237449528]1.5 Research Questions
· What are the types and applications of AI tools currently used to assist elderly people in the UK?
· What is the perceived usefulness of AI tools among elderly people in the UK? 
· What is the perceived ease of use of AI tools among elderly people in the UK? 
· What are the main barriers and challenges elderly people face when adopting AI tools? 
· What changes are needed to enhance the effectiveness of AI tools for elderly people in the UK?
[bookmark: _Toc234589593][bookmark: _Toc234590666][bookmark: _Toc237449529]1.6 Significance of the Study
The importance of this research lies in the use of AI, intelligent systems and ICTs for older people's rehabilitation, drawing on global data from international health organisations. The study has broader practical implications for AI developers, care providers, and policymakers interested in enhancing real-world adoption due to its academic contribution of UK-specific TAM evidence about elderly users. The study limits its technical scope to specific mobility systems, including power wheelchairs, functional electrical stimulation, and home automation, focusing only on behaviours and environments (Bhatta, 2026). 
[bookmark: _Toc234589594][bookmark: _Toc234590667][bookmark: _Toc237449530]1.7 Scope of the study
This focuses on artificial intelligence and smart technologies in rehabilitation for elderly people in the UK. The scope of the research with respect to space covers statistics and cases that are from global health organisations and developing communities. Specifically focusing on how behaviour and environment-related activities are taken into account, but without specifically addressing any particular chronic health conditions (Baumann, Dirks and Pelka, 2025).
[bookmark: _Toc234589595][bookmark: _Toc234590668][bookmark: _Toc237449531]1.8 Research Rationale
Increased care demands, ageing populations and problems in staffing also contribute to why studying the adoption of AI amongst older adults in the UK is more urgent. Although there is an increase in AI availability, the evidence in the UK is sparse. A Technology Acceptance Model, as per this study, can deliver the systematic evidence that helps to assess the barriers to adoption and make the improvements that can be practically implemented (Rodriguez-Pereira et al., 2020).
[bookmark: _Toc234589596][bookmark: _Toc234590669][bookmark: _Toc237449532]1.9 Structure of Report
Chapter 1: This chapter introduces the topic, background, research problem, objectives, research questions, significance, scope, and rationale.
 Chapter 2: It provides a literature review, documenting growing evidence and classification of AI assistance for elderly people in global and UK contexts.
Chapter 3: Research methodology provides the research approach, research design and data collection tools employed in the research. Methodology also gives an account of the analysis techniques used in the study.
Chapter 4: Data analysis and discussion section, in which the results will be analysed, and the obtained results will be compared with previous studies in relevant research areas.
Chapter 5: The dissertation finishes with the conclusion, which should consist of a summary of the findings of the research, an evaluation of the research aim, and conclusions about the findings.

[bookmark: _Toc234589597][bookmark: _Toc234590670][bookmark: _Toc237449533]Chapter 2: Literature Review
[bookmark: _Toc234589598][bookmark: _Toc234590671][bookmark: _Toc237449534]2.1 Introduction
This section analyses the existing literature on the role of AI in helping senior citizens in the UK. The involvement of AI is revolutionising not only the present-day healthcare system but also the design of assistive tools intended for vulnerable groups. This section of the research will specifically consider the growing significance of AI in working with senior citizens, emphasising the necessity for AI assistants. However, despite these remarkable advances in technology, such successful deployment needs to overcome important aspects, including data privacy sensitivity and ensuring accessibility to all users. Furthermore, this chapter reviews both of those domains, which contribute towards the establishment of the academic context in which to explore and identify AI's capability to integrate within contemporary care practice.
[bookmark: _Toc234589599][bookmark: _Toc234590672][bookmark: _Toc237449535]2.2 Artificial Intelligence 
[bookmark: _Toc234589600][bookmark: _Toc234590673][bookmark: _Toc237449536]2.2.1 Definition of Artificial Intelligence
According to Bajwa et al. (2021), Artificial Intelligence is intelligent, complex computer systems which emulate human behaviour, thinking capabilities and behaviours, such as problem-solving abilities like reasoning and thinking with trial-and-error learning. As per the view of Mahato (2022), pre-programmed software AI has evolved into data-intensive machine learning and deep learning, which have become neural-net-based systems with the capability of evaluating diverse data streams in real-time. With complex systems and evolving capacity, AI has been used in the medical and healthcare field with the help of mechanical robots.
In the modern clinical framework, AI approaches have been used across health service delivery and the digital systems used in storing health records. Previous researchers identified the clinical benefits of artificial intelligence, including enhanced diagnostic precision and minimised medical errors. According to Kurotani et al. (2025), AI-supported diagnostic models help identify acute cardiac events quickly, alongside applications such as automatic documentation. However, Masala and Giorgi (2025) note significant structural concerns regarding sensitive patient data privacy, embedded algorithmic bias, and potential erosion of human interaction within standard care frameworks. AI-supported digital health workflows reduce misdiagnoses and effectively support resource management in overloaded hospitals.
[bookmark: _Toc234589601][bookmark: _Toc234590674][bookmark: _Toc237449537]2.2.3 AI for Elderly People in the UK
The strategic importance of AI for vulnerable populations has a specialised ability to support individual domestic growth in parallel with the alarming gaps in system support. With the help of Intelligent sensors and smart assistive wearables with dynamic interface controls, motor challenges provide constant intellectual support and connect quickly to dispatch in an emergency at home. Alanazi, Alanazi and Benlaria (2025) assert that such tools provide a direct advantage to people who rely on them and have helped to significantly enhance life expectancy and life quality for older people across the globe.
In the UK alone, the increasing proportion of adults older than 65 years of age is a long-term burden on the NHS and on community social care, and this has been complemented by policy forces like the NHS Digital Agenda, which is actively encouraging remote monitoring and assistive technologies as a means to ease the burden on frontline services (Mordor Intelligence, 2024). It is in this context of an ageing demographic and limited caring capacity that AI support with the older population has become a live policy issue, as opposed to a strictly technical one (Zhou et al., 2025).
[bookmark: _Toc234589602][bookmark: _Toc234590675][bookmark: _Toc237449538]2.3 Theories
[bookmark: _Toc234589603][bookmark: _Toc234590676][bookmark: _Toc237449539]2.3.1 Technology Acceptance Model
Technology Acceptance Model (TAM) is a model that explains the way individuals adopt technology based on two constructs. Perceived usefulness (PU) is the degree to which users perceive technology as enhancing their day-to-day activities. The expected ease of use (PEOU) indicates the perceived ease of using the technology. These variables combine to create the behavioural intention and actual use. Subsequent theories like the Unified Theory of Acceptance and Use of Technology (UTAUT) further extended TAM to include social influence and facilitating conditions. Senior Technology Acceptance Model (STAM) also added ageing factors like health status, cognitive ability and physical capability. Nonetheless, the application of TAM is appropriate since this study targets specifically the usefulness and ease of use in older adults. Fan et al. (2026) argue that TAM provides a good understanding of user motivation but fails to address impediments, including financial limitations, cognitive deterioration and privacy. Giansanti and Pirrera (2025) further observe that the elderly embrace AI applications when they believe they are effective, easy and can minimise anxiety. Nevertheless, empirical results indicate that even with its shortcomings, PU and PUO are robust predictors of AI adoption in older adults, which justifies TAM as the primary framework of this research.
[bookmark: _Toc234589604][bookmark: _Toc234590677][bookmark: _Toc237449540]2.3.2 Social Cognitive Theory
Social Cognitive Theory (SCT) offers a psychological framework which defines human behaviour as an interactive flow of environmental influences and behavioural patterns. The theory states that the psychological core of SCT is self-efficacy, which means that the individual believes in their capability to execute behaviours necessary to achieve specific goals. As per the view of Sahar Borna et al. (2024), SCT reveals that it has captured the social dynamics of learning but has misjudged the institutional systemic constraints, as it has often downplayed financial barriers and infrastructure deficits and how progressive physical deterioration can continuously alter personal confidence over time. However, as per the view of Seino and Ishizaki (2022) on the role of AI in assisting elderly people, SCT has been deeply relevant, as AI adoption depends heavily on user self-efficacy and active caregiver encouragement. Smart home sensors or social companion robots have been introduced which support the user’s cognitive perception. Therefore, SCT has provided vital academic insights into how social support systems and digital training have maximised independent living through advanced AI technologies.
[bookmark: _Toc234589605][bookmark: _Toc234590678][bookmark: _Toc237449541]2.4 Types of AI Tools Used by Elderly People in the UK 
According to Ilyas (2022), AI has been increasingly involved in our existence and could be seen as a revolution with the potential to impact every aspect of life, bringing significant changes to communication, career, education and medicine. As a result, elderly individuals have been among the most benefited subgroups in the UK and beyond. 
It has often been suggested that AI apparatuses can serve growing adults. According to Cantone et al. (2023), AI apparatuses can be used to monitor factors of the surroundings, such as lights and indoor climate, to eliminate chances of minor accidents that would have otherwise been preventable in the presence of other people, and to send SOS signals to family, friends, or emergency contact numbers in need of external help. These tools may also monitor the vitals of the subject and provide vital statistics to aid in first aid and treatment. McDaniel et al. (2025) argue that these devices would also decrease the dependency of elderly people on caregiving services or extended family and friends. 
Several additional uses of such technology among ageing users are also available. Tezopoulos and Satratzeki (2020) note that voice assistants and smart speakers can be used to remind the elderly, provide companionship and provide information access without the need to type manually or navigate through menus. In contrast, Almufareh et al. (2024) observe that older users who lack dexterity can use voice- and gesture-controlled interfaces to use computers and other devices more easily. The diversity of assistive AI technology can transform everyday life into a social and active experience for elderly individuals with different physical conditions.
Apart from the actual challenges involved with the use of AI tools, another hurdle is the stigma around assistive tech, along with the negative algorithmic biases of AI that might result in biased or unfavourable treatment.
[bookmark: _Toc234589606][bookmark: _Toc234590679][bookmark: _Toc237449542]2.5 Perceived Usefulness and Ease of Use of AI Tools
According to Waluyo et al. (2025), the Technology Acceptance Model (TAM) identifies perceived usefulness (PU) and perceived ease of use (PEOU) as the primary drivers of technology adoption. Perceived usefulness is the extent to which the user believes in the gain or return provided by the technology in question. Perceived usefulness is the subjective belief that using a certain set of tools will bring enhanced results. It is one of the initial determinants of the technology adoption process. AI tools perform well on the expectation of the ability to automate lengthy tasks, analyse or clean large datasets, generate content in short durations, and process information many times faster than an average human brain. These features of AI tools aided in worldwide adoption in many fields, such as generative AI being used for content, marketing, report writing, and coding, and predictive AI tracing potentially life-threatening ailments in early stages or sometimes even before beginning (Abdalla Ashraf, 2025; Hassan and Omenogor, 2025). 
Although the tasks seem easy and time-saving when done via AI tools, the complexity of the fields has also been used to tie perceived usefulness to their accuracy and user trust. According to Gwon, Yoo and Lee (2025), hallucinations, or unreliable data from AI tools, reduce their perceived usefulness in the users' eyes, and the resultant distrust might make the users spend more time cross-checking than doing actual productive work.
On the other hand, perceived ease of use focuses on the extent to which the operation feels user-friendly, intuitive, and effortless. Initial models of computers, and most software before the introduction of AI, required a certain level of expertise and knowledge that discouraged potential users due to their low perceived ease of use. In recent years, the same tasks that once required operational knowledge and some level of expertise can be delegated to AI with a few clicks, which contributes to its perceived ease of use and eventually the growth in usage statistics.  Perceived ease of use directly impacts the perceived usefulness since individuals spend more time on a tool that is easy to navigate and are more likely to discover and understand all utility features.
[bookmark: _Toc234589607][bookmark: _Toc234590680][bookmark: _Toc237449543]2.6 Barriers to AI Adoption Among the Elderly
According to Birati and Tzemah-Shahar (2026), the barriers to AI adoption involve assessing multi-dimensional technical, economic, ethical and socio-psychological issues in the state-of-the-art of AI for advanced assistive technologies to check their effective introduction from the lab to the day-to-day life of elderly people. AI has an outstanding potential to restore autonomy, but the engineering readiness and actual application of this potential are largely unconnected. Four-dimensional classification of the structure of systemic issues of robotic nurses, robotic power chairs, automated home network technologies and other complex AI for assistive robots demonstrates poor adoption in society and high abandonment rates.
As Alsaleh (2025) highlights, technical issues revolve around algorithmic safety, response speed, and a problematic risk-to-benefit ratio in physically engaging human-robot interactions: one incorrect sensor reading, processing lag or unexpected bug can turn instantly hazardous for the user. To add to the confusion, as human body conditions vary widely between individuals, machine learning agents struggle to produce an idealised fit across multiple users, fitting adaptive controls into a standard behavioural or contextual model.
As supported by Hassan, Kushniruk and Borycki (2024), advanced AI still presents a prohibitively high economic barrier, from specific biosensors and computer vision hardware up to neural interfaces. Healthcare and insurance structures are, in most circumstances, not set up to heavily subsidise or give free access to patients, leaving such equipment inaccessible to those with low disposable income.
Per Gkiolnta, Roy and Fragulis (2025), assistive technologies rely on persistent monitoring of personal whereabouts, physical data, and private activities, posing significant risks to data privacy, remote storage safety, and unwanted observation. Though there are consent mechanisms, the level of invasion that comes with surveillance makes it difficult to justify for elderly and vulnerable users with cognitive disabilities, dementia, and significant communication problems.
Finally, according to Bertolazzi, Quaglia and Bongelli (2024), the user psychology challenges are enormous, given low digital literacy in the elderly population, along with a high level of fear while interacting with complex UI. AI systems are not very intuitive and are a substitute for human beings. The elderly would eventually be disappointed and frustrated, would have the urge to abandon the tech and also lose out on improving the quality-of-life aspect.
These technical, economic, privacy and psychological obstacles are rooted in more fundamental moral issues of autonomy, surveillance and capacity to provide meaningful, informed consent to ongoing monitoring, especially in the case of older users with diminishing cognitive capacity (Gkiolnta, Roy and Fragulis, 2025). It is also possible that AI tools will be applied at the expense of, instead of to supplement, human care and contact, raising concerns about the need to assess adoption beyond efficiency.
[bookmark: _Toc234589608][bookmark: _Toc234590681][bookmark: _Toc237449544]2.7 Literature Gap
The current studies on the use of AI to support older adults are dichotomous and excessively focused on short-term technological gains or the potential ethical dilemmas. It therefore follows that the adoption of this polarised methodological approach creates a significant research need in the field pertaining to the potential barriers in terms of practical implementation and the impact of this implementation on the long-term psychological health of the end-users. Additionally, in accordance with the theoretical stance espoused by Noor et al. (2025), the application of artificial intelligence has usually been studied in a general setting without considering the particular needs of the ageing population group.
Furthermore, there appears to be a lack of evidence pertaining to the use of AI applications by the elderly population in the UK. The bulk of evidence considered thus far has mostly originated in North America or East Asia and does not take into account the numerous operational problems associated with the UK health-care environment. As per the view of Alamri et al. (2025), the study shows that the existing evidence-based models are unusable and unable to be rolled out as is directly into the NHS or community social care systems. 
[bookmark: _Toc234589609][bookmark: _Toc234590682][bookmark: _Toc237449545]2.8 Summary
This literature review explored the role of various AI tools in assisting elderly people in the UK. This review relied upon the theoretical framework of the Technology Acceptance Model, which explained the effect of perceived usefulness and ease of use on the adoption of AI technologies by older adults, and Social Cognitive Theory, which promotes the idea of the minimisation of societal and technological barriers through AI. This is believed to increase accessibility, independence, and general quality of life. This chapter discussed the usefulness and ease of AI tools and types of tools used by the elderly population, as well as the challenges related to the adoption of such tools. 
Based on the above literature review, it can be summarised that despite various challenges posed, the use of AI tools has the potential to have positive effects on the day-to-day experiences and quality of life of elderly people in the UK and provide them with a degree of independence and ease in both personal and professional aspects of life.


[bookmark: _Toc234589610][bookmark: _Toc234590683][bookmark: _Toc237449546]Chapter 3: Research Methodology
[bookmark: _Toc234589611][bookmark: _Toc234590684][bookmark: _Toc237449547]3.1 Introduction
This chapter provides a description and rationale for the main quantitative method that have been used to study the influence of artificial intelligence on the care for elderly people in the UK. The collection of data involved using a questionnaire in order to obtain empirical evidence from respondents. This chapter explains the research philosophy, the deductive approach to research, the mono-method quantitative approach, the survey method, sampling methods, the construction of the questionnaire, data analysis methods, and ethics. The choice of all these methodologies has been made to accomplish the aim, objectives, and research questions of this study.
[image: ]
[bookmark: _Toc237449694]Figure 2: Saunders Research Onion Framework
Source: (Melnikovas and Žemaitis, 2019)
[bookmark: _Toc234589612][bookmark: _Toc234590685][bookmark: _Toc237449548]3.2 Research Philosophy
Research philosophy refers to assumptions upon which knowledge is developed, created, and analysed in a particular study. (Mwita, 2025). This study intended to explore the views of older adults regarding the utility and usability, as well as the challenges in the use of AI technology among elderly individuals in the United Kingdom. Therefore, positivism has been adopted in order to facilitate objective measurement, data structuring, and statistical analysis (Karupiah, 2022). It was a suitable research philosophy since this study was a largely quantitative one based on a survey, where responses from participants were quantified and statistically analysed in order to make generalisations and discover any relationships.
[bookmark: _Toc234589613][bookmark: _Toc234590686][bookmark: _Toc237449549]3.3 Research Approach
[bookmark: _Toc234589614][bookmark: _Toc234590687]Research approach has been referred to as the logical connection between theory and empirical research. In this study, a deductive approach was used, starting with the Technology Acceptance Model and Social Cognitive Theory, followed by testing of the model constructs using data gathered through a survey. The deductive approach was justified by the fact that perceived usefulness, perceived ease of use, self-efficacy, and social support are well-defined theoretical variables that can be operationalised and measured empirically (Hall, Hall and Shaw, 2022). Statistical analysis of the data collected was done in order to identify relationships and patterns. Through statistical analysis, we will be able to determine whether the evidence that has been gathered from the older people in the UK lives up to the theoretical expectations. The chosen method of research is relevant since the aim of the research is to test the validity of the existing theories (TAM and SCT) based on the perceptions of the older people concerning AI.

3.4 Methodological Choice
Methodology selection is the selection of the methods of data collection and analysis used in the research process. In this study, the mono-method approach has been used, where only numeric data was collected using the questionnaire survey technique (Khan and Ksaibati, n.d.). This methodology allowed measuring attitudes, comparing statistics of answers, and identifying barriers that were encountered consistently. It also allowed collecting data from many people in a consistent manner. But it provided less context as compared to qualitative interviews because there were fewer chances of elaborating on the participants' personal experiences. The method is appropriate since the research seeks to gather quantifiable data on the experiences, perceptions, and difficulties facing elderly individuals using AI-driven technology. The approach enables efficient collection of data from several subjects and comparison of their responses.

[bookmark: _Toc234589615][bookmark: _Toc234590688][bookmark: _Toc237449550]3.5 Research Design
Research design refers to the overall structure that combines the assumptions about the philosophy of the research, its methodology, and the way data is collected. Following the research onion approach by Saunders Research Onion Model, the research has been based on positivist philosophy, deductive reasoning, mono-method quantitative design, survey approach, and cross-sectional period (Wimalaratne and Kulatunga, 2022). Structured questionnaires were used in order to collect the numeric data from the elderly population living in the United Kingdom. This design is relevant as it allows objective measurement of the dependent variables and clear connection between the research questions, theoretical framework, sampling and statistics.
[bookmark: _Toc234589616][bookmark: _Toc234590689][bookmark: _Toc237449551]3.6 Research Strategy
Research strategy refers to the actual method used for gathering information that is able to answer the research questions. In this study, a survey research strategy was applied by using an online questionnaire and a paper-based questionnaire given to senior citizens living in the United Kingdom (Kita et al., 2024). The research strategy helped gather information from different people by using standardised questions, which made statistical comparison easy. The method was cost-effective and time-saving; also, it reduced the effect of the interviewer on the answers. Furthermore, the survey research strategy helped measure the constructs of the Technology Acceptance Model such as usefulness and ease of use.
[bookmark: _Toc234589617][bookmark: _Toc234590690][bookmark: _Toc237449552]3.7 Sampling Strategy
A sampling technique was applied in order to select suitable subjects for the study (Tajik, Golzar and Noor, 2024). The study was conducted among UK residents above 65 years of age who had used, witnessed or had general knowledge about AI-powered assistive technologies, which include smart speakers, voice assistants, wearable health monitors, fall detection gadgets, smart homes, AI-powered health apps and assistive robots. Purposive non-probability sampling combined with convenience sampling was used to get people who meet all the requirements and are easily available (Salendab and Laguda, 2023). People were identified via community centres, organisations that work for the welfare of older people, caregivers, social networking platforms and family/friends/professionals’ networks. A total of 71 valid responses were targeted to collect enough data for descriptive and inferential analyses. People who are below 65 years of age or reside in other countries or could not provide informed consent were excluded.
[bookmark: _Toc234589618][bookmark: _Toc234590691][bookmark: _Toc237449553]3.8 Data Collection 
Data collection refers to the process of collecting information required to answer the research questions and objectives. In this case, the primary data collection method was used in order to ensure that the information is collected directly from the target respondents, thus reflecting their present opinions and experiences (Roche, Coroamă and Finkbeiner, 2026). Quantitative data was collected using a structured questionnaire with closed-ended questions and five-point Likert scale statements (Adam Ka-Lok Cheung, 2023). The structured questionnaire had items related to demographic profile, knowledge and usage of AI-enabled assistive technologies, perceived usefulness of the technology, perceived ease of use of the technology, and barriers to AI technology adoption (Dalati and Marx Gómez, 2018). The questionnaire was issued to the respondents in both online and paper versions to facilitate easy access by the elderly people who have different levels of computer skills. The primary quantitative data collection method was chosen since it facilitates the collection of uniform responses that are quantifiable and consistent among the respondents. Additionally, the structured questionnaire reduces researcher biases and ensures the collection of reliable numerical data.
A total of 150 questionnaires were distributed using both online and paper modes in order to ensure that the elderly people could access the questionnaires regardless of their level of digital literacy. In total, 71 valid answers were obtained from the respondents, which were used in the analysis. The use of questionnaires helped in the collection of reliable and comparable data from the respondents.
[bookmark: _Toc234589619][bookmark: _Toc234590692][bookmark: _Toc237449554]3.9 Data Analysis
[bookmark: _Toc234589620][bookmark: _Toc234590693]Data analysis refers to the organisation, summarisation, and interpretation of data collected to answer the research questions and meet the objectives of the study. In this study, the analysis of quantitative data gathered through the structured questionnaire was done using frequency analysis (Zhou, Ma and Fu, 2025). The answers to the questions from the respondents were coded and then entered into Microsoft Excel. Frequencies and percentages were calculated for each question. The results were then presented using tables and graphs to clearly summarise the characteristics of the participants, use of AI tools, usefulness of AI tools, easiness in the use of AI tools, and the factors limiting the adoption of AI tools among elderly people in the United Kingdom. The use of frequency analysis was considered appropriate since it is used to summarise huge numbers of data in numeric form and allows an easy comparison of responses made by different participants. Besides, it helps in identifying the most prevalent attitudes and experiences about the use of AI-assisted technologies among elderly people in the UK. A total of 72 valid responses to the survey were gathered and analysed using Microsoft Excel. The data were analysed through the use of frequency analysis, percentages, tables, and graphs in determining trends regarding the use of AI, advantages, usability, and obstacles to adopting AI technology.
3.10 Ethical Consideration of the Research
The issues related to ethics are concerned with the rules that ensure the protection of the participants' rights, respect for their dignity, confidentiality, and welfare during the research process. The ethical clearance was received before data collection took place. The participants were presented with the information sheet that contained information about the research and its purposes, and consent to participate was received. Participation was voluntary, and the respondents had the option of withdrawing at any time without fear of sanctions. No unnecessary information about personal details was requested, and the data were kept confidential and properly stored. The language was simple because the participants were elderly people.
[bookmark: _Toc234589621][bookmark: _Toc234590694][bookmark: _Toc237449555]3.11 Summary
The current chapter explains the research methodology adopted to analyse the impact of artificial intelligence on elderly people in the UK. The study is based on Saunders’ Research Onion where the research is conducted using a positivist paradigm, deductive logic, mono-methodology approach, quantitative research design, survey strategy, and cross-sectional timeline. The primary data were obtained through structured questionnaires delivered via the internet and paper-and-pencil modes among the selected target respondents who were above 65 years. Frequency distribution was used in the analysis of numerical data. In addition, the ethical considerations included informed consent, voluntary participation, confidentiality, and security of data.














[bookmark: _Toc235881292][bookmark: _Toc237449556]Chapter 4: Data Analysis and Discussion 
[bookmark: _Toc235881293][bookmark: _Toc237449557]4.1 Introduction to the Chapter 
Findings from the questionnaire survey of the elderly population in the United Kingdom aimed at investigating the impact of AI-powered assistive technologies on everyday activities are given in this chapter. In total, 71 valid responses have been received and analysed using the frequency analysis method, and the results of the analysis are provided in tables, percentages, and graphs. Research objectives, including the use of AI tools, usefulness of AI, ease of use of AI tools, obstacles to adoption of AI, and future intentions to adopt AI technology, are explored within the findings' analysis.
[bookmark: _Toc235881294][bookmark: _Toc237449558]4.2 Frequency Distribution
[image: ]
[bookmark: _Toc237449787]Table 1: Age Group

[bookmark: _Toc237449695]Figure 3: Age Group
The numbers above show the age distribution of the 71 participants. Those aged 65–69 years were the highest number at 32% (23 participants), followed by those aged 70-74 years at 28% (20 participants). Age 75-79 had a representation of 20% (14 participants), while age 80-84 was 11% (8 participants). Finally, age 85 and above had the lowest representation at 9% (6 participants). The findings suggest a greater number of younger elderly participants.
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[bookmark: _Toc237449788]Table 2: AI-Enabled Assistive Technologies Currently Used by Respondents


[bookmark: _Toc237449696]Figure 4: AI-Enabled Assistive Technologies Currently Used by Respondents
The data gathered above highlight the use of AI-enabled assistive technologies by the 71 respondents surveyed. The most popular AI-enabled assistive technologies are smart speakers and voice assistants, which 38 per cent (27 people) use, followed by wearable health monitors, used by 24 per cent (17 people), and smart home systems, used by 18 per cent (13 people). Fall detection systems have been used by 13 per cent (9 people), whereas AI health apps and assistive robots are used by 6 per cent and 1 per cent respectively.
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[bookmark: _Toc237449789]Table 3: AI Usage Frequency
[image: ]
[bookmark: _Toc237449697]Figure 5: AI Usage Frequency
The above-mentioned figures and graphs represent the distribution of use frequency of AI-powered assistive devices among 71 respondents. The largest percentage of users used AI technology several times per week, which is 29%, i.e., 21 respondents; then the second-largest group consisted of daily users – 28%, or 20 respondents. Usage of the technology weekly was reported by 20%, or 14 respondents; occasionally – by 17%, or 12 respondents.
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[bookmark: _Toc237449790]Table 4: AI Improving Independence while performing tasks



[image: ]
[bookmark: _Toc237449698]Figure 6: AI Improving Independence while performing tasks
[bookmark: _Toc194783091]Respondents' perceptions about the contribution of AI technologies towards increased independence in carrying out everyday tasks have been provided through the above frequency distribution. Out of the total respondents, which was 71, a greater number had positive perceptions about the issue, with 48% (34 respondents) and 24% (17 respondents) having agreed and strongly agreed, respectively, that AI technologies increase their independence. There were also some respondents, numbering 16% (11 respondents), who were neutral about the impact of AI technologies. Only a few disagreed and strongly disagreed.

In general, it can be concluded that older users consider AI-powered assistive technologies useful instruments for enabling independent living. Agreement is quite high, which means that the application of AI, including voice assistants, wearable devices, and smart homes, may contribute to more confident performance of everyday tasks with less reliance on other people. Nonetheless, the fact that some answers are neutral and negative shows that not all users benefit from the use of AI in an equal way, which may depend on different factors such as their relationship with technology, availability of these technologies, and personal needs.

[image: ]

[bookmark: _Toc237449791]Table 5: AI-enabled assistive technologies improving work quality

[image: ]
[bookmark: _Toc237449699]
Figure 7 : AI-enabled assistive technologies improving work quality
This can be understood through the above table and pie chart which demonstrates the perception of respondents on whether AI-based assistive devices have helped in improving their quality of life. From the sample size of 71 respondents, the majority had positive perceptions where 47%, meaning 33 respondents, agreeing, while 25%, meaning 18 respondents, strongly agreed that AI-based technologies have aided in improving their quality of life. However, 14% (10 respondents) gave a neutral answer, indicating that some respondents had doubts regarding the effect of AI technology as a whole. On the other hand, fewer respondents gave a negative answer, whereby 10% (7 respondents) disagreed while 4% (3 respondents) strongly disagreed with the statement.
In general, the research results show that AI-based assistive devices are perceived positively by elderly people in the UK. The high rate of agreement indicates the fact that AI applications could help the elderly live independently, conveniently, and healthily due to their assistance in performing various tasks and activities. Nevertheless, the presence of neutral and negative answers demonstrates the necessity of considering elderly people’s needs and concerns while designing such applications.
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[bookmark: _Toc237449792]Table 6: AI Support for Daily Tasks

[bookmark: _Toc237449700]Figure 8:AI Support for Daily Tasks
The pictorial representation above illustrates the opinions of the subjects on the usefulness of the AI systems in easing their work. In total, there were 71 respondents, out of which most had a positive experience, as 46 per cent (33 respondents) said they agreed, while 21 per cent (15 respondents) said they strongly agreed that AI technologies make their lives easier. However, 23% (16 people) chose the neutral position, implying that some of the participants had doubts concerning how AI affects their everyday life. Fewer participants disagreed or strongly disagreed with the statement, with only 6% (4 people) and 4% (3 people), respectively.
In general, the results prove that AI applications are considered helpful approaches to aid elderly people in performing regular actions. Voice assistants, smart homes, wearable technologies, and similar innovations may offer help through minimising dependence and enhancing convenience. However, taking into account both neutral and negative responses, it should be mentioned that personal experience in this case can vary depending on familiarity with technology, its availability, and ability to use AI-based innovations.
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[bookmark: _Toc237449793]Table 7: Ease of Learning AI Technologies
[image: ]
[bookmark: _Toc237449701]Figure 9: Ease of Learning AI Technologies

The above graphical presentation has highlighted respondents' perceptions on the ease of learning and use of AI-enabled assistive technology. Out of the 71 respondents, the majority had positive perceptions about the ease of learning and use of AI technologies, where 44% (31 respondents) agreed while 20% (14 respondents) strongly agreed that AI technologies are easy to learn and use. There was, however, neutrality on the part of 18% (13 respondents), indicating that some respondents found themselves unable to learn or use AI technologies effectively. There were even a few who had some difficulties in learning and using AI technologies, where 13% (9 respondents) disagreed and 5% (4 respondents) strongly disagreed with the perception.
The results overall indicate that older participants, for the most part, find AI-based assistive technologies easy to use. The great level of consensus indicates that the modern AI-powered developments have made considerable progress with regard to ease of use. This, in turn, makes it easier for older people to use technologies like voice-activated assistants, home automation technologies, and wearable tech. How-ever, the fact that there were some participants who found it difficult to use those technologies points at the need for offering training, technical assistance, and easy-to-use designs.
[image: ]
[bookmark: _Toc237449794]Table 8: Confidence in Using AI Independently

[bookmark: _Toc237449702]Figure 10: Confidence in Using AI Independently
The table and chart show the confidence levels that the respondents have in using AI assisted technologies without the help of anyone else. Out of the total 71 respondents, 37 percent (26 respondents) of them agree, while 20 percent (14 respondents) strongly agree that they are confident in using AI technology on their own. On the other hand, 20% (14 respondents) chose to give a neutral answer, which implies that some of the elderly participants were not sure of their ability to control AI technology without help from anyone else. There was also a significant number of those who disagreed and strongly disagreed, making up 15% and 8% respectively.
However, based on the research conducted, it is apparent that although many elderly persons feel confident in utilising AI-powered technologies, the level of confidence does not vary across all participants. In this case, the significance of offering assistance such as training, guidance, and designing technologies in a way that makes them easier to use independently is evident. It is important to note that family members, caregivers, and healthcare practitioners might also have a big part to play in ensuring that confidence is enhanced, and there is increased utilisation of AI-powered technologies by elderly people in the UK.
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[bookmark: _Toc237449795]Table 9: Cost Barrier to AI Adoption



[bookmark: _Toc237449703]Figure 11: Cost Barrier to AI Adoption
The above visual presentation represents the opinions of respondents about the influence of the price of AI-based assistive technologies on its use. In the total number of 71 respondents, the majority have shown that price is a hindrance, where 41% (29 respondents) agree while 28% (20 respondents) strongly agree that the price of AI technologies stops them from using these technologies. On the other hand, 15% (11 respondents) gave a neutral answer, implying that there is doubt concerning the impact of cost on their decisions to adopt. However, an even lower percentage disagreed with the statement, where 10% (7 respondents) agreed while 6% (4 respondents) strongly disagreed with the statement.
In general, the results show that one of the main challenges which influence the implementation of AI-based assistive technologies by older people in the UK is limited finances. While many participants acknowledge the possible benefits of the use of AI technologies, high prices can limit the availability of the technologies and hinder their widespread usage. Thus, it shows the necessity of affordable solutions and the creation of programs which will help people with various incomes access the AI technologies.
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[bookmark: _Toc237449796]Table 10: Privacy Concerns Affecting AI Adoption


[bookmark: _Toc237449704]Figure 12: Privacy Concerns Affecting AI Adoption
The frequency distribution above shows the opinions held by the respondents on the effect of privacy and security concerns on the usage of assistive technologies based on artificial intelligence. From the total of 71 participants, a number of respondents considered privacy to be one of the challenges, as 36% (26 participants) and 24% (17 participants) agreed and strongly agreed that security issues play a role in using AI technologies..
On the other hand, there is a neutral response that was given by 20% (14 respondents). This shows that some of the participants had some uncertainty regarding the role of privacy concerns in determining the decision to adopt. Disagreement is a response that was given by 14% (10 respondents), and 6% (4 respondents) strongly disagreed.
In this context, the findings suggest that privacy and security concerns are an obstacle to adopting AI technologies by older adults in the UK. Even with the undeniable advantages of AI-based assistive devices, such as increased independence and the ability to perform various daily tasks, the concerns regarding data collection, security, and possible abuse may undermine potential users' willingness to employ AI solutions. 
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[bookmark: _Toc237449797]Table 11: Challenges Faced When Using AI Tools

[bookmark: _Toc237449705]Figure 13: Challenges Faced When Using AI Tools
The data above display the major problems faced by the respondents while utilizing AI systems. Out of 71 respondents, the major problem faced was that of the expensive nature of AI technology, as indicated by 34 per cent (24 respondents). The privacy issue was the next major problem faced by 25 per cent (18 respondents) of respondents, reflecting their concern about data security and the privacy of their personal data. Lack of training was another major problem faced by 20 per cent (14 respondents).
Moreover, 13% (9 respondents) viewed the AI tool as untrustworthy, which may raise questions about its accuracy and reliability. The lowest number of respondents (8%) reported complexity as the least mentioned challenge, meaning that AI tools were hard to understand and use.
The results indicate that issues related to finance and privacy are the major impediments to AI implementation in older adults in the UK. Although complexity was rarely stated as an obstacle, the findings emphasise the need to achieve affordability, adequate training, and more reliable AI technologies. Working towards such solutions may lead to enhanced accessibility to the benefits of AI-enabled assistants for older people.
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[bookmark: _Toc237449798]Table 12: Role of family members, caregivers or healthcare professionals  in AI Adoption


[bookmark: _Toc237449706]Figure 14: Role of family members, caregivers or healthcare professionals  in AI Adoption
The above graphical presentation highlights the attitudes of respondents regarding the effect of the support of their family members, caregivers or healthcare experts on encouraging them to adopt AI-powered assistive technologies. In the sample of 71 people interviewed, the largest number had positive attitudes, where 48% (34 people) agreed while 28% (20 people) strongly agreed that support affects their adoption of AI technologies.
However, 14% (10 respondents) chose a neutral response to show that some participants had doubts about the influence of support on their technology decisions. Fewer people were against it, with 6% (4 respondents) choosing to disagree and 4% (3 respondents) strongly disagreeing with the given statement.
In summary, the results show that encouragement by families, caregivers, and healthcare experts is an important aspect in enhancing self-confidence and acceptability of AI-enabled devices among the elderly population. The findings point out the significance of including social networks when applying AI technology in order to ensure that users are adequately guided and assured. This could potentially result in better adoption of AI-enabled assistive devices in the UK.
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[bookmark: _Toc237449799]Table 13: Future Intention to Use AI Technologies

[bookmark: _Toc237449707]Figure 15: Future Intention to Use AI Technologies
The above pictorial presentation highlights the willingness of respondents to adopt AI-powered technologies in the future. Out of 71 respondents, the majority were found to be accepting of the idea in the future, where 50% (35) of the respondents agreed while 28% (20) strongly agreed that they will continue using AI-powered technologies in the future. On the other hand, 14% (9 individuals) responded neutrally, indicating that certain participants were still undecided about future use of the product. Some negative views were also elicited from 6% (4 individuals) and 2% (3 individuals), respectively.
From the results obtained, it is clear that the older generation views the ongoing use of AI technology positively. The high rate of positive answers shows that users understand the advantages of using AI in terms of independence, increased efficiency of their daily activities, and overall quality of life. Nevertheless, the existence of neutral and negative answers shows the necessity of solving some of the problems, which include affordability, privacy, accessibility, and users’ confidence issues. Consistent support and user-oriented design of AI may contribute to the successful application of AI technology by older people.


[bookmark: _Toc237449559]4.3 Descriptive Analysis
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 Interpretation of Descriptive Analysis:
The descriptive analysis presents the findings of the responses gathered from 71 respondents on all the questions in the survey instrument. From the mean values, it can be seen that the participants have generally favourable attitudes towards the use of AI technologies. This is because most of the questions pertaining to the usefulness, user-friendliness, and intention to continue using these AI-assisted devices scored an average of 4. In addition, questions involving factors such as barriers to use, such as cost and privacy issues, were given higher means, thus implying that these factors are critical concerns in the adoption of AI technology. The standard deviations were low (almost 1), thus indicating that there is little variation among the attitudes of the respondents. Finally, the median and mode further proved that the majority of the respondents chose the “Agree” and “Strongly Agree” categories.

[bookmark: _Toc237449560]4.4 Correlation Matrix
[image: ]
 Interpretation of Correlation Matrix:
From the correlation matrix, we can see how different variables from the questionnaire are correlated with each other concerning AI-based assistive technologies. From the findings, it can be noted that there are positive correlations between factors of perceived usefulness (Q4-Q6), ease of use (Q7-Q8) and future intention to use AI technologies (Q13). For instance, Q6 and Q7 present a moderate positive correlation (r = 0.355), meaning that better perception of usefulness is correlated with ease of use. Also, there is a positive correlation between Q12 and Q13 (r = 0.409).
On the contrary, cost and privacy issues (Q9 and Q10) have been shown to be negatively associated with the usefulness and adoption variables, indicating that such barriers could limit the acceptance of AI technology. In addition, social support (Q11) is positively associated with adoption intentions. Therefore, from these correlation findings, it can be concluded that perceived benefits, usability, and support have a positive impact on AI acceptance, whereas barriers such as cost and privacy have a negative impact on the same.

4.4 Discussion of Findings
The results of the current study give useful information about the use of assistive technologies powered by AI among the elderly population in the UK. The discussion is organised based on the research objectives and covers the following areas: types of AI technologies employed, usefulness and usability, barriers to adoption, and intentions to continue using AI technologies in the future.
In regard to the types of AI tools used by elderly respondents, it was revealed that smart speakers and voice assistants had the highest level of use, with 38% (27 respondents), followed by wearables for health monitoring at 24% (17 respondents) and smart homes at 18% (13 respondents). This high usage rate indicates that elderly users prefer convenient AI tools that can be used for their regular activity performance. Indeed, it correlates with the research of Terzopoulos and Satratzemi (2020) stating that voice assistants and smart speakers may help elderly users remind some things, get some information and have some company without using sophisticated interaction techniques. Likewise, Cantone et al. (2023) claimed that AI-based sensors and monitoring systems could help older people live safely and independently. Hence, the current research results confirm that convenient AI applications are more likely to be accepted by elderly users.
Another conclusion from the study is that the participants find AI technologies helpful in enhancing the degree of independence and improving the quality of life. It should be noted that 72% of the surveyed participants agreed or strongly agreed that AI-powered assistive devices increase independence during regular activities, while 72% of the participants mentioned that AI helps improve their quality of life. In addition, 67% of the people agreed or strongly agreed that AI assists them in doing their regular tasks more easily. These conclusions corroborate the study of Kumar et al. (2023), where the authors stated that AI technologies are able to improve independence and decrease dependence of elderly people through supporting daily activities and managing their health. Similar ideas were expressed in the research of Padhan et al. (2023), who stated that AI and robotics could significantly contribute to improving independence and well-being of older people.
In terms of ease of use, the findings have demonstrated that the elderly participants had little difficulty learning and using AI technologies. Approximately 64% of the respondents believed that AI technologies were easy to learn and use, whereas 57% of the participants felt confident using AI technologies independently. These findings coincide with those obtained by Almufareh et al. (2024), as the researchers highlighted the necessity of developing interfaces that would be easily understandable to elderly people. At the same time, some respondents had doubts regarding their ability to use AI independently, thus indicating the need for training in order to be able to use the technologies efficiently. This finding is consistent with those reported by Bertolazzi, Quaglia and Bongelli (2024).
The study additionally revealed several major barriers to AI adoption among older adults. The first barrier to AI adoption mentioned by the majority of the participants was cost, with 69% reporting that high costs discourage them from using AI technology. Privacy and security also played an important role, as 60% of the participants reported that privacy and security concerns influenced their willingness to adopt AI technology. This finding is supported by Hassan, Kushniruk and Borycki (2024), who pointed out some financial and organisational barriers in the process of AI adoption in the healthcare sector.
Lastly, the findings reveal positive intention for the adoption of AI, with 78% of the participants agreeing or strongly agreeing that they will keep on using the AI assistive technologies. From the findings, it is clear that social elements such as family members, caregivers, and healthcare workers play a critical role since 76% of the participants agree or strongly agree that external support helps promote AI. This is according to the Social Cognitive Theory outlined in the literature review, where social support and self-confidence play a critical part in technology utilisation.
[bookmark: _Toc237449561]4.5 Implications of the Findings 
[bookmark: _Toc237449562]4.5.1 Theoretical Implications
The research results underscore the role of numerous factors in technology acceptance that influence its adoption among the elderly population, including perceived usefulness, ease of use, confidence, barriers and social support. The results indicate that while elderly people understand the importance of the technologies that are AI-capable, they face practical obstacles that prevent them from using robots, such as affordability and privacy. The current study enhances knowledge in the area as it demonstrates that AI acceptance needs to take both technological characteristics and user factors into account
[bookmark: _Toc237449563]4.5.2 Practical Implications
Our results are also useful for AI developers, health care workers, public authorities, and family caregivers who support older people. First of all, AI developers need to make technologies that will be cheap and easy to use. Secondly, health institutions like the NHS should deliver digital training and support services to users to overcome their fear of the adoption process because the lack of knowledge and skills is one of the major barriers to the successful use of AI technologies. Thirdly, our suggestions can be used by public authorities to provide financial support and develop the legal framework for the introduction of secure and inclusive AI systems. Finally, it is very important for caregivers and relatives to support and help older users.
[bookmark: _Toc237449564]4.6 Summary of the Chapter 
In this chapter, the results from 71 senior individuals from the UK concerning AI-based assistive technology are discussed and evaluated. The results indicated that the opinion of AI technologies is mainly positive and allows for independence, better quality of life, and better organisation of one’s daily routine. Nevertheless, since cost, privacy issues, and low confidence still represent considerable obstacles for the adoption of such technologies, it is necessary to note that successful application may be achieved through comprehensive design, affordability, support for users, and additional information. All in all, the results obtained appear to be quite helpful in terms of understanding how to improve the adoption of AI-based solutions by older people.
 
[bookmark: _Toc237449565]Chapter 5: Conclusions, Limitations & Recommendations
[bookmark: _Toc194783092][bookmark: _Toc237449566]5.1 Introduction 
[bookmark: _Toc194783093]This concluding chapter has generalised the research findings by critically assessing the place of AI-enabled assistive technologies in helping older individuals and people with disabilities in the UK. It has made objective-based inferences, included the research problem, debriefed critical findings, outlined the original contribution, discussed limitations, and recommended realistic advancement in the future. This chapter marks the end of the study and highlights the findings concerning the use of assistive technologies enabled by AI that help elderly people in the UK. It also assesses how well the objectives of the study were met and makes recommendations on how future implementation can be improved based on the current findings.
[bookmark: _Toc194783094]5.2 Conclusions 
[bookmark: _Toc237449567]5.2.1 Objective 1: Types of AI Tools Used
The results revealed that older adults in the UK employ various AI-enabled assistive technologies, with the most popular being smart speakers and voice assistants. Wearable health monitoring devices and smart home systems are also widely embraced, while there are fewer uses of AI-driven health applications and assistive robots. They also showed that most respondents utilised AI tools on a daily or frequent basis, meaning that there is a significant level of use of AI devices and applications. This shows that senior users tend to choose practical and straightforward technologies that make their lives easier.
[bookmark: _Toc237449568]5.2.2 Objective 2: Perceived Usefulness of AI Tools
The results revealed that older adults in the UK employ various AI-enabled assistive technologies, with the most popular being smart speakers and voice assistants. Wearable health monitoring devices and smart home systems are also widely embraced, while there are fewer uses of AI-driven health applications and assistive robots. They also showed that most respondents utilised AI tools on a daily or frequent basis, meaning that there is a significant level of use of AI devices and applications. This shows that senior users tend to choose practical and straightforward technologies that make their lives easier.
[bookmark: _Toc237449569]5.2.3 Objective 3: Perceived Ease of Use of AI Tools
According to the results of the study, the vast majority of elderly respondents found AI-assisted technologies easy to understand and use. In the responses to questions 7 & 8, many respondents claimed that they felt comfortable using AI tools on their own, confirming that the latest AI innovations are steadily opening doors for elderly individuals. However, some participants expressed their uncertainty and decreased self-confidence, which hints that the problems might persist because of their insufficient digital literacy, lack of knowledge, and absence of technical help. Thus, enhancing the user-friendliness of the applications, ensuring instructions are available to users, and providing training opportunities.
[bookmark: _Toc237449570]5.2. 4 Objective 4: Barriers to AI Adoption
According to the research, several limitations have been pointed out when it comes to the implementation of assisted technologies powered by artificial intelligence in the elderly population. Thus, cost-related constraints represent a major challenge to the use of AI technologies, whereas privacy and security issues, lack of knowledge and skills, complications with using AI, and their dependability appear to be the second-most important barriers. Despite acknowledging the general importance of AI technologies and their potential help, any technology might not be equally implemented due to the above-mentioned limitations of technology access. 
[bookmark: _Toc237449571]5.2.5 Objective 5: Recommendations for Improving AI Tools
The following section includes a set of recommendations drawn from the research findings in order to increase the uptake and efficacy of assistive technologies powered by AI in the elderly group. The recommendations mainly seek to tackle the major challenges, including affordability, accessibility, privacy issues, and demand for digital support encountered by this group of users. Improving user-friendly design, providing proper training, and enhancing support from healthcare professionals, caregivers, and technology creators will enable more inclusive AI solutions.
[bookmark: _Toc237449572]5.3 Conclusions on the Research Problem 
AI-driven technologies have an overall positive effect on the elderly through improved autonomy, quality of life, and well-being. Yet, for effective implementation of such innovations, barriers such as affordability, privacy issues, and lack of accessibility and technological literacy must be taken into account. Thus, the results indicate that AI technology should assist rather than substitute human care.
[bookmark: _Toc194783095][bookmark: _Toc237449573]5.4 Summary of Research Findings and Outcomes 
AI applications like smart speakers, wearables, and smart homes have helped the elderly through increased independence, simpler task performance, and an improved quality of life. Factors that hinder AI usage are high cost, issues related to privacy, inadequate digital literacy, and training. Social support from caregivers and family members motivates the elderly to adopt AI technology. Effective AI technology, therefore, should involve accessibility, ethics, and user-driven design considerations. Future development of AI technology should pay attention to constant improvement, better security, innovation for all, and cooperation of technology designers, healthcare specialists, and policymakers.
[bookmark: _Toc194783096][bookmark: _Toc237449574]5.5 Original Contribution of the Research 
The present research offers UK-oriented information about older persons' attitudes towards AI-powered assistive technologies and the reasons for their adoption. The research offers the interactions of contextual barriers, usefulness and ease of use for the Technology Acceptance Model (TAM). The results are valuable from a practical perspective for the AI industry, the healthcare sector and politicians since they support accessible, affordable and ethically developed technologies.
[bookmark: _Toc194783097][bookmark: _Toc237449575]5.6 Limitations of the Research 
[bookmark: _Toc194783098][bookmark: _Toc237449576]This study was limited by its sample size, sampling method, and lack of diversity among elderly participants, reducing generalisability. While the questionnaire generated objective information, it did not allow for greater insight into personal experiences. Personal opinions might have contributed to biases. Furthermore, Excel was used in evaluating data instead of sophisticated software like SPSS.
5.7 Practical Recommendations 
In this chapter, the results from 71 senior individuals from the UK concerning AI-based assistive technology are discussed and evaluated. The results indicated that the opinion of AI technologies is mainly positive and allows for independence, better quality of life, and better organisation of one’s daily routine. Nevertheless, since cost, privacy issues, and low confidence still represent considerable obstacles for the adoption of such technologies, it is necessary to note that successful application may be achieved through comprehensive design, affordability, support for users, and additional information. All in all, the results obtained appear to be quite helpful in terms of understanding how to improve the adoption of AI-based solutions by older people.
[bookmark: _Toc194783099][bookmark: _Toc237449577]5.8 Summary 
This chapter has concluded that use of AI-powered assistive technologies has played a major role in enhancing the independence and life quality of the elderly users. Nevertheless, sustainable adoption has been pegged on addressing the challenges of affordability, access, privacy and support. There has been a critical assessment of AI benefits, barriers and recommendations, which have provided the research objectives.
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[bookmark: _Toc235881300][bookmark: _Toc237449579]Appendix: Survey Questionnaire
Q1. What is your age group?
· 65–69 years
· 70–74 years
· 75–79 years
· 80–84 years
· 85 years and above
Q2. Which of the following AI-enabled assistive technologies do you currently use? (Please select all that apply)
· Smart speakers/voice assistants
· Wearable health monitors
· Fall detection devices
· Smart home systems
· AI-powered health apps
· Assistive robots
Q3. How often do you use AI-enabled assistive technologies?
· Daily
· Several times a week
· Once a week
· Occasionally (Less than once a week)
· Never
Q4. AI-enabled assistive technologies improve my independence in performing daily activities.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q5. AI tools help me perform daily tasks more easily.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q6. AI-enabled assistive technologies improve my overall quality of life.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q7. AI-enabled assistive technologies are easy for me to learn and use.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q8. I feel confident using AI-enabled assistive technologies without assistance from others.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q9. The cost of AI-enabled assistive technologies discourages me from using them.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q10. Privacy and security concerns discourage me from using AI-enabled assistive technologies.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q11. Support from family members, caregivers or healthcare professionals encourages me to use AI-enabled assistive technologies.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q12. I am willing to continue using AI-enabled assistive technologies in the future.
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Q13. What challenges do you face when using AI tools? (Please select all that apply)
· Too complex
· Expensive
· Privacy concerns
· Lack of training
· Unreliable
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