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[bookmark: _Toc225717536]1. Introduction & Research Rationale
The consumer buying habits in the United Kingdom have been significantly transformed by technological innovation and changing consumer expectations which have been accompanied by the high influences of e-commerce which are rapidly enjoying wide spreads. It is indicated by the latest data that online retailing has been steadily growing across the European market and the UK has one of the most developed digital market because the level of internet penetration and acceptance of online purchases by consumers is high (Abdinazar, 2025; Roszkowojtowicz et al., 2024). The shifts in consumers behaviour during the COVID-19 and after it that have made online shopping a common activity and increased reliance on online sources of information have also facilitated online shopping (Guthrie et al., 2021; Halim, 2022). As a result, other e-commerce websites are also competing on pricing and product variety in addition to the technological development. The artificial intelligence (AI) became a component of such a change since it enables companies to enhance their communication with users and enhance the decision-making process. It has been found that AI technologies are employed to a significant degree to develop consumer behaviour by digital products such as Amazon particularly through information-driven knowledge and automated actions (Ologunebi et al., 2024; Upadhyay, 2023).
AI-driven personalisation  AI-driven personalisation refers to the process of developing a more friendly digital content, product suggestions and user interfaces by using advanced algorithms and machine learning strategies to address the preferences and behaviours of consumers. The approach allows e-commerce machinery to give personalised experiences, which align with the user history, surfing, and purchasing behaviour. In their illustration, personalised recommendations are where products are recommended based on previous searches, and targeted advertising is where promotional content is displayed to the consumer in a particular manner. In addition, the web layouts and navigation are customised to make the web sites convenient and easier to use through customised user interfaces. Based on the available literature, the personalisation strategies can be used to cyanocytose the user engagement and perceived value by reducing information overload and reducing the decision-making process (Chen et al., 2023; Silva, 2025). However, the effectiveness of such strategies may vary depending on the validity and subjective applicability of the content that is provided to the end-users. Even though the aim of the AI technologies is to make the shopping process smooth and effective, it has a complex and context-specific influence on the actual consumer decision-making process.
Despite the fact that there is a growing trend of AI-driven personalisation in e-commerce, it remains yet to be understood how it influences consumer buying behaviour in particular. Application of the AI technologies by most organisations has been expensive since the organisations assume that personalisation will lead to increased sales and retention of customers. However, individualised online experiences and customer buying desire do not always depend on each other in the linear manner. According to other researchers, the excessive personalisation may result in privacy risks, data security, and manipulation perceptions, which may negatively affect the trust of consumers and their purchasing decision-making (Rangel, 2021; Rybaczewska and Sparks, 2022). Additionally, in as much as AI may make services more convenient it may also lead to cognitive biases as it decreases the choices of consumers by doing so may limit the capacity of making a single independent decision. It denotes that AI-improved personalisation has not been properly studied yet in terms of the way it affects behaviour, particularly against the background of the UK context, where the magnitudes of digital maturity and consumer needs are quite high.
The systematic review of the literature reveals that there is seemingly a knowledge gap in the research on the subject of the specific correlation between AI-assisted personalisation and the desire to purchase the product. The majority of the earlier studies have focused on the consequences of customer satisfaction, engagement, and loyalty with no direct impact on the purchase decisions (Chen et al., 2023; Upadhyay, 2023). These are significant factors though it does not necessarily mean the actual purchasing behaviour. In addition, the majority of the studies performed to date adopt a solidaristic outlook of personalisation and then discuss the actual aspects of it, such as recommendations, advertising, user experience and perceived relevance. It is a disadvantage since it lacks a way of determining the most effective aspects of AI personalisation when it comes to defining consumer choice. Consequently, there is a need to conduct a narrower and quantitative study, the measurement of which would involve the impact of specific dimensions of personalisation on purchase intention within a specific market.
This study is significant in that it can be applied not only to augment the academic but also to the business application. The research can fill in the academic gap, as it provides empirical information on the relationship between the AI-based personalisation and the consumer purchase intention, particularly in a multidimensional context. It is also based on the existing consumer behaviour theories by incorporating the concepts of technology into the decision-making processes. The conclusions can also be used by the e-commerce companies, as a manager, to optimise the AI strategy by discovering the most successful procedures of personalisation in eliciting purchasing behaviour. This will be in a position to ensure successful allocation of the technological resources and enhance the competitive advantage within the UK e-commerce sector.
[bookmark: _Toc225717537]2. Research Aim, Objectives & Questions 
The research paper is aimed at examining the role of AI-based personalisation in the customer buying intention of e-commerce sites in the UK. The study seeks to provide a theoretical, as well as empirical understanding of how different attributes of personalisation influence the decision-making processes of consumers in the online environment.
This research will be guided by the following objectives in an attempt to achieve this objective. First, it tries to evaluate the effect of personalised recommendations on customer purchase intention. Second, it seeks to establish the effect of focused advertisement on purchasing behaviour. Third, the study is carried out on the impact of the personalised user experience on consumer purchase intention. Fourth, it discusses the implication of perceived relevance of the AI-generated information to purchase intention. The objectives will assist in reflecting the multidimensional quality of the AI-based personalisation and potential behavioural outcomes.
The research questions used in the study are as follows using these objectives. To what extent does AI-based personalisation influence the intention to buy in the UK online stores? How do different aspects of personalisation, including recommendations, advertisement, user experience and perceived relevance, affect purchase intention? Which is the most effective area of AI personalisation that affects consumer purchasing behaviour?
The research goal, objectives, and questions will all be consistent and will offer a logical and systematic study. Each goal is attributed to a research independent variable and the designation of the empirical studies is carried out through the research questions which are quantitative in nature. Such alignment helps in the deductive research approach and the opportunity to apply the statistical techniques, such as regression analysis, to examine the connexions among variables.
[bookmark: _Toc225717538]Research Aim, Objectives & Questions (Bullet Summary)
Research Aim:
To examine the impacts of personalisation with the help of AI in purchasing intention by clients in online shopping platforms in the UK. 
Research Objectives:
· To determine the effects of the customised recommendations on the intention to purchase.
· To establish the impact of targeted advertisement on purchase intention.
· To investigate the influence of customised user experience in purchase intention.
· To examine the impact of perceived relevance on purchase intention. 
Research Questions:
· What is the influence of personalisation through AI on purchase intention?
· Which dimension of personalisation is the most efficient?
· To what extent are AI strategies affecting consumer decisions?
[bookmark: _Toc225717539]3. Literature Review 
[bookmark: _Toc225717540]3.1 AI in E-Commerce
Artificial intelligence (AI) is one of the key aspects of the contemporary e-commerce that allows companies to boost the efficiency of their operations and enhance customer interactions and experience through data-driven decision-making. AI means applying machine learning algorithms, predictive analytics and automation tools to process large amounts of consumer data to produce personalised outputs. Recommendation systems, dynamic pricing, and automatic customer services are only some of the functions that AI is applied to in the retail context and that influence consumer experiences (Fu et al., 2023; Agarwal et al., 2024). Due to the post-pandemic environment, in which digital transformation has become a must-have, the adoption of AI has increased.
In the United Kingdom, the current trend of retail transformation using AI has become extremely topical because the country is highly digitally mature and nearly all customers are dependent on the Internet. The latest research states that the UK retailers are getting more engaged in making use of AI technologies to better retain customers and streamline the marketing processes (Chaudhary et al., 2025; Zerine et al., 2025). Such changes provide reasons to believe that AI is not a mere technology but also a strategic resource that affects the consumer behaviour. Nevertheless, although the adoption of AI is common, its direct influence on consumer buying behaviour is a field that needs more empirical research.
[bookmark: _Toc225717541]3.2 Theoretical Framework (TAM and Consumer Behaviour Theory)
Technology Acceptance Model (TAM) offers an effective theoretical basis of consumer interaction with AI-driven systems. TAM postulates that perceived usefulness and perceived ease of use have an impact on the acceptance of technology among users, which consequently has impact on the behavioural intentions. Regarding e-commerce, AI personalisation can increase the perceived usefulness by providing useful suggestions of the products and making the decision-making process easier (Suherlan and Okombo, 2023). Nevertheless, the applicability of TAM within highly personalised digital context can be constrained, since it fails to consider emotional and psychological factors of consumer behaviour in full.
Consumer Behaviour Theory is an addition to TAM as it emphasises the cognitive and behavioural mechanisms that underlie the purchasing decisions. It highlights aspects like information processing, perception and motivation in influencing consumer choices (Anand et al., 2023). In the online environment, personalised content and interactive interfaces affect such processes. However, there are also studies that believe that traditional consumer behaviour frameworks are not necessarily the best way of describing the complexity of AI-driven environments, in which algorithms actively define user experiences (Purohit et al., 2022). Moreover, online shopping behaviour is still restricted by the obstacles of trust and perceived risks even after the development of the technologies (Daroch et al., 2021). Thus, these theories are useful in terms of their basis, though their explanatory capacity might need adjustment to the changing nature of AI-based personalisation.
[bookmark: _Toc225717542]3.3 Personalised Recommendations → Purchase Intention
Some of the most ubiquitous AI implementations in e-commerce are also personalised recommendation systems where a product is recommended according to user behaviour, preferences, and previous purchases. The goals of these systems are to minimise the amount of searching effort and increase perceptions of relevance, hence, impact consumer decision-making. Empirical data support the positive impact of personalised recommendations on purchase intention through boosting the perceived usefulness and supporting the efficient discovery of products (Yun and Chun, 2024; Mican and Sitar-Taut, 2024). Recommendation systems will also be able to help the consumer to move towards particular products by providing customised choices which may boost the conversion rates.
The success of personalised recommendations, however, is not always the same. Other reports indicate that overreliance on automated recommendations could lead to a lack of consumer freedom and decrease the number of choices (Yudhistira and Wang, 2025). Also, the validity of the recommendation is vital in influencing the user perceptions. The perception of irrelevant and redundancy in the recommendations can result in frustration and a drop in the engagement. As Arisandi et al. (2025) emphasise, user-generated and system-generated recommendations affect the purchase intention, although the former is more effective than the latter due to trust and perceived credibility. These results show that although personalised recommendations may increase purchase intention, they are dependent on the performance of the system and perceptions of the users.
[bookmark: _Toc225717543]3.4 Targeted Advertising → Purchase Intention
Another important facet of AI-based personalisation is targeted advertising; the promotion is customised and optimised according to the user data based on their browsing history and previous interactions. This method can help companies show advertisements that are very relevant to particular groups of consumers, which is more likely to attract their attention and make them take the bait. It has been shown that retargeting advertisements have a strong potential to impact the purchase decision especially through reminding customers about products they have already seen and by strengthening the intentions of their purchase (Jiang et al., 2021; Mulla and Narhe, 2023). These tactics are especially successful in online space where the consumer concentration is not concentrated.
Although these advantages exist, one important issue that targeted advertising brings up, is the question of privacy and ethical issues. Consumers might find the use of personalised advertisements to be obtrusive especially when the data collection practises are not publicised. Arli (2024) states that the concept of ethicality is very important in the context of consumer reaction to targeted advertising. Equally, Davidova and Antuntes (2024) point out that retargeting can increase purchase intention, but it can also adversely influence consumer well-being when it is perceived to be too much or even manipulative. These results indicate that targeted advertising works well when a balance between personalisation and protection of privacy is attained.
[bookmark: _Toc225717544]3.5 Personalised User Experience → Purchase Intention
Personalised user experience (UX) is the issue of digital interfaces and content being tailored to individual preferences of users, and thus, increasing the usability and satisfaction. This in e-commerce sites entails customisations, pathways of navigation and interactive functionalities that enhance the overall shopping experience. It has been shown that good UX design is capable of impacting the intention to purchase greatly due to the complexity and perceived ease of use (Sawal, 2023; Razaq and Kristin, 2024). An interface should be designed in a way that will help ease interactions and increase engagement and conversion.
Nonetheless, the connexion between personalised UX and purchase intention is not quite unlimited. Although personalisation can enhance convenience, excessive personalisation can result in cognitive overload especially where the user is shown too many options or overcomplicated interface. According to Hakim et al. (2024), the user experience is essential in determining customer loyalty, and it should be effective in terms of avoiding excessive functionality or complexity. Moreover, Farhan and Usman (2025) claim that inadequately designed interfaces can adversely affect the advantages of personalisation and result in adverse user experiences. The results of these findings suggest that the use of a personalised UX should be well-developed to help it bring the maximum of positive effects on the purchase intention.
[bookmark: _Toc225717545]3.6 Perceived Relevance → Purchase Intention
Perceived relevance is also one of the key success metrics of AI-led personalisation because it denotes how much consumers view the personalised content to be useful and relevant. Good scores in relevance may boost trust and interest thus a high probability of purchase. Research suggests that information technology-based recommendations are accurate and meaningful to help improve decision-making and purchase intention (Bastani et al., 2022; Zhou and Zou, 2023). In this context, relevance is a mediating process that personalisation has a role to play in consumer behaviour.
Nonetheless, in cases of low perceived relevance, the effect of personalisation can turn out to be negative. The irrelevant or false recommendations may result in deactivation and a lack of trust in the platform. According to Rana et al. (2024), user experience is strongly connected to the perceived quality of personalisation, whereas Du et al. (2025) note that information stress can be raised by the excessive or unsuitable recommendations, which results in discontinuance behaviour. These results indicate that perceived relevance is not merely a predictor of purchase intention but also a risk factor that may lead to failure in case it is not properly managed. Thus, the effectiveness of the AI-based personalisation is in the possibility to provide effective and valuable content.
[bookmark: _Toc225717546]3.7 Research Gap Summary
An analysis of the available sources shows that the concept of AI-based personalisation has been popularly researched in terms of consumer engagement, satisfaction, and loyalty. Nonetheless, little effort has been focused on its direct influence on the purchase intention especially in the UK e-commerce setting. Besides, available literature tends to consider personalisation as a unit, instead of focusing on its various dimensions. New systematic reviews point towards the necessity of additional empirical and quantitative studies that explore the exact mechanisms, in which AI can and does affect consumer behaviour (Riandhi et al., 2025; Rosario and Dias, 2025). Besides, the relative significance of various personalisation factors is still unclear. The research covers these gaps by taking a multidimensional approach in an attempt to investigate the effects of AI-based personalisation on purchase intent.
[bookmark: _Toc225717547]4. Conceptual Framework 
This study is conceptualised on the premise that the use of AI-based personalisation has a customer purchase intention dependence on several dimensions. It is a model that uses four independent variables, namely personalised recommendations, targeted advertising, personalised user experience, and perceived relevance with the purchase intention being the dependent variable.
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[bookmark: _Toc225717565]Figure 1: Conceptual Framework.
Each of the independent variables is a valid dimension of AI personalisation. Individualised suggestions are expected to increase perceived usefulness through proposed relevant products, which is in line with the Technology Acceptance Model. Targeted advertising works on consumer awareness and justifies purchase decisions by repetition. Customised user experience enhances the quality of interactions and ease of use which are major behavioural intention determinants. Perceived relevance shows how relevant personalised content is and this impacts the trust and engagement. The framework reflects all these variables to give a systematic way of analysing the value added towards the purchase intention of customers by various dimensions of AI-based personalisation in UK e-commerce websites.
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[bookmark: _Toc225717549]5.1 Research Philosophy
Research philosophy is an unspoken assumption in the creation and interpretation of knowledge in a study. The research paper adheres to positivist philosophy that is premised on the reality that the latter is objective and can be measured in terms of observable and quantifiable datum. Positivism approach is typically employed in business research when the researcher aims to study the correlation between variables through the application of statistical methods (Saunders et al., 2019). The objective of this study as applied to the current research is that the impacts of AI-based personalisation on purchase intention should be analysed through the quantifiable constructs, which is consistent with the recommendations of positivism.
Focus on particular methodologies and testing in an empirical manner is what also explains the appropriateness of positivism. The approach enables a researcher to obtain a statistical information through methods such as questionnaires which are standardised. Bryman (2016) outlines that the positivist research methodology can be applied efficiently in the cases when one is to establish patterns, relations, and causal and effect associations between variables. The shortcoming in positivism has also been penalised as its failure to reproduce subjective experience and environmental related fineness. Despite such a weakness, the philosophy is applicable in this research since this entails quantifiable relationships amongst outlined variables.
[bookmark: _Toc225717550]5.2 Research Approach
The methodology adopted in the study is deductive, which assumes the development of hypotheses based on the existing theories and testing of hypotheses based on implementing the empirical data. Deductive reasoning is the process that uses already available theoretical frameworks such as Technology Acceptance Model, consumer behaviour theories and applies them to specific research situations (Saunders et al., 2019). This research will rely on the deductive method to come up with hypotheses concerning the relationship between the dimensions of AI-based personalisation and purchase intention.
Deductive approach is appropriate because the study tries to test the existing relationship and does not seek to derive new theoretical understanding. This approach favours quantitative approach; information is collected and investigated with the aim of either proving or refuting hypotheses. Bryman (2016) stresses the fact that deductive research is particularly effective in the research that would prefer to draw generalisable conclusions. However, the disadvantage of this approach is that it may restrict the potential of researching the sudden outcomes or the new trends. Nevertheless, the deductive methodology provides a clear and logical model of examining the impact of AI-based personalisation on consumer behaviour.
[bookmark: _Toc225717551]5.3 Research Strategy
The research may be explained as using a survey method as the most popular in the quantitative research in order to collect information about a large sample of the population. Surveys can be used particularly well in the case of testing the relationships between variables as one is able to both obtain standardised data and perform statistical analysis (Dillman et al., 2014). The research under analysis makes use of a written questionnaire in order to gather the data regarding the perception of the UK consumers in terms of using AI to develop personalisation and the willingness to buy those products.
There are several strengths of a survey strategy. It enables gathering data on a rather large and heterogeneous sample within a small period and enhances the external validity of the study. Secondly, surveys are rather cheap methods of gathering information particularly when done online. Attitudes and perceptions can be measured through Likert-scale questions, which provide an opportunity to be consistent in measuring them (Joshi et al., 2015). However, there are certain limitations of survey-based research like biassed response and poor response rate. Nevertheless, despite these problems, the survey strategy would be appropriate to the research since it is aligned with the research aims and quantitative research design.
[bookmark: _Toc225717552]5.4 Research Design
The research design of the research is a cross-sectional research design since it will involve a single time point of data collection on the respondents. The business studies prefer cross-sectional designs that examine the relationship between variables without the complexity of using longitudinal data (Saunders et al., 2019). In this sense, the design can be used to assess the impact of different elements of personalisation on the foundation of AI as a predictor of the purchase intention among the UK consumers.
The cross-sectional design is selected because of its practicality and effectiveness. It enables one to collect data in quite a short time, which is compatible with the time constraints of academic studies. In addition, it allows simultaneous investigation of multiple variables, which explains some justification of the possibility of conducting regression analysis. The major weakness of cross-sectional research however is that it cannot identify causality or cannot trace changes through time. Bryman (2016) notes that this kind of design merely provides a picture of relations and not an insight into a dynamic behaviour. This constraint is appropriate in this study since the design will be determined to identify associations among variables as opposed to causal associations.
[bookmark: _Toc225717553]5.5 Method Evaluation
There are also a few strengths of the methodological approach used that can aid the reliability and validity of the study. The deductive approach and a positivist philosophy adopted ensure a well methodical study of the research problem. Surveys are useful because they allow the researcher to use standardised instruments to gather quantitative data thereby improving consistency and the comparability of results (Saunders et al., 2019). The Likert-scale questions give the possibility to measure the attitudes and perceptions and, therefore, can be statistically analysed (Joshi et al., 2015). Besides, the SPSS software enables the application of complicated analysis processes, such as the regression analysis, which can identify the strength and significance of relationships between variables (Field, 2018). Cronbachs alpha (reliability test) enhances validity of the findings also since it measures internal consistency of scales of measurement (Tavakol and Dennick, 2011).
Despite the strengths, there are several limitations that should be mentioned. Due to convenience sample, the sample might not be representative, which limits the generalisability of the findings (Etikan et al., 2016). Research which is conducted in form of survey also has the issue of bias in response as those giving the survey can respond in a manner that is socially acceptable or respondents may misinterpret the questions. A weakness is also the cross-sectional design in the establishment of a causal relationship between variables. The other weakness lies on the quantitative side of the study that may not provide the in-depth understanding of the consumer behaviour that can be obtained through qualitative research. Drakaki et al. (2020) state that to treat such a complicated decision-making process and comprehend all factors that underlie it, one may require more advanced techniques.
[bookmark: _Toc225717554]6. Data Collection & Sampling 
[bookmark: _Toc225717555]6.1 Data Collection Method
The study will use the quantitative method of data collection involving the use of structured questionnaire to gather primary data of the respondents. The popularity of questionnaires in business studies is linked to the reality that it enables the collection of standardised information pertaining a large sample of respondents in the most effective manner (Saunders et al., 2019). The study questionnaire will be directed at the attitude of the respondent towards the AI-based personalisation and its influence on the purchase intention regarding the UK e-commerce websites. The online questionnaire tool will be appropriate as the research is carried out online and respondents can complete the questionnaire at the convenience of their location.
A Likert scale is used to measure attitudes and perceptions, and this is normally strongly disagreed, strongly disagree, strongly agree and strongly disagree. The specified scaling method is effective in cases when one has to measure subjective views and can perform the statistical analysis of responses (Joshi et al., 2015). Each construct, including personalised recommendations, targeted advertising, personalised user experience and perceived relevance is measured on more than one item to enhance the reliability. Structured questions enable the researcher to obtain the consistency of the response that is needed in quantitative analysis.
[bookmark: _Toc225717556]6.2 Questionnaire Design
To make the questionnaire easy to understand and logically structured, it is split into three major parts. The first section also captures the demographic information of age, gender and frequency of online shopping to give the context of the analysis. The second section will be dedicated to the independent variables, where the respondents will be compelled to evaluate their experiences with the AI-based personalisation on the four dimensions. Each of the variables is measured by a number of Likert-scale statements to capture different sets of dimensions of the construct.
The final is the measurement of the dependent variable, the purchase intention of the customers, using statements that reveal the potential of purchasing the products in the event of personalised experiences. The questionnaire is formulated on the guidelines, which ensure that the questions are clear, simple, and relevant (Dillman et al., 2014). Caution is also taken to make sure that there are no ambiguous or leading questions, which will affect accuracy in responses. The systematic format is easy to fill and improves the quality of responses.
[bookmark: _Toc225717557]6.3 Sampling
The study employs convenience as a sample of research methods whereby the participants are sampled based on the availability of the participants and their intentions to participate. The probability sampling of convenience sampling is a typical form of quantitative research when there is a limitation on the probability sampling because the time and resources constraints limit it (Etikan et al., 2016). In this case, the target population is the consumers of the UK who are active online shoppers and have already been exposed to online shopping platforms.
A sample size is reported to be about 100 to 200 respondents that is reported to be enough to undergo statistical analysis and particularly regression analysis. This range provides sufficient number of observations not only to find out the relationship among variables but also the range is manageable with the study. Although the convenience sampling may minimise the sample representativeness, it enables the gathering of data within a limited time. Saunders et al. (2019) emphasise that the sample size must be large and it is received in this study.
[bookmark: _Toc225717558]7. Data Analysis Plan 
The analysis of this study will be done in SPSS that is among the most widely used software in quantitative research that is concerned with statistical analysis. The analysis will begin with the descriptive statistics that will involve the description of the characteristics of the data (mean, frequency, standard deviation). The summary of the respondents profile and the overall tendencies in the data that can be observed during the first steps can be presented in the descriptive analysis (Field, 2018).
The alpha of Cronbach will be measured in order to identify the reliability of the measurement scales. This test determines the internal consistency of the items that are measured by using the test in order to assure consistency and stability in the results. A Cronbachs alpha of 0.7 and above would normally be considered satisfactory to be employed in a research (Tavakol and Dennick, 2011). This will be needed to make sure that the list in the questionnaire represents the variables under investigation.
This will be followed by correlation analysis so as to examine the strength and direction of relationship between the independent variables and the dependent variable. Due to this analysis, one will be able to conclude whether there are some significant correlations between the dimensions of personalisation by AI and purchase intention. Correlation is not causation and as such it has to be further analysed to ascertain the effects of each variable.
[bookmark: _Toc225717559]8. Ethical Considerations 
These ethical concerns are crucial in ensuring that the research process is conducted in a responsible way and safeguarding of the rights of the participants. This study is based on the principles of the ethics of informed consent, confidentiality and data security. The informed consent means that the subjects of the study are aware of the aim of the study, the nature of the involvement and they can pull-out at any time with no consequences. The respondents will be provided with information on the objectives of the research and their voluntary participation in the study.
The confidentiality is provided since all the answers of the participants are anonymous and do not correspond to the recognisable individuals. No personal data would be collected unless necessary and the data collected would be stored in a secure place. It is a research methodology that is aligned with ethical research practises that are geared towards ensuring the preservation of identity and privacy of the research participants (Saunders et al., 2019). Besides, the study complies with the principles of the General Data Protection Regulation (GDPR) based on which the collection, data storage and processing of personal information in the UK and the European framework is governed. This data will be kept in a safe location and will be used by academic purposes only.
[bookmark: _Toc225717560]9. Limitations 
There are several limitations on the research design. First, convenience sampling may cause sample bias due to the fact that the sample size will constitute individuals that can be approached and not necessarily representative. This limits the applicability of the results to the rest of the UK population (Etikan et al., 2016). Second, time is a limitation on the research, as data is collected within a limited period of time on the premise of a cross-sectional research. This restricts the ability to measure behaviour change of customers in the long run.
The other weakness comes with the fact that the self-reported data is subject to the bias of response. The participants are allowed to make socially desirable answers or they may not have to imitate their actual behaviour. This could affect validity of the findings. Despite the limitation, the research has provided valuable data on the connexion between individualisation by artificial intelligence and purchase intention and it has provided points of improvement in the future research.
[bookmark: _Toc225717561]10. Resources & Cost 
The research does not require a substantial sum of money since it is pegged on web-based tools and sites. Data collection will be done through Google Forms since it is a low-cost and convenient method of distributing questionnaires and receiving feedback. The SPSS software will be utilised to perform data analysis and support the further statistical procedures required in the proposed study including the regression analysis (Field, 2018).
The research process involves a number of steps in terms of time resources; the questionnaire design, the data collection, data analysis, and report writing. The stages will require planning to determine that they would be done in good time. The overall cost is also not excessively high because the research is not carried out with the help of actual resources or travelling, that is why the research can be carried out within the academic restrictions.
[bookmark: _Toc225717562]11. Timeline
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[bookmark: _Toc225717566]Figure 2: Gantt chart.
[bookmark: _Toc225717563]12. Conclusion 
This research proposal has outlined a systematic procedure that concerns the study of the impact of AI-based personalisation on customer buying intention on e-commerce platforms in the UK. The paper is a synthesis of theoretical foundation with the application of a quantitative research design in the attempt to establish the relationship between the crucial levels of personalisation and consumer behaviour. The study considers a systematic and empirical study of the formulated relationships by adopting a positivist philosophy and dedicative approach.
The research contributes to the scholarly body of information through the gaps in the literature, to be more precise, the absence of the focus on purchase intention as the outcome of the AI-based personalisation. It also offers good implications to the businesses within the e-commerce industry. Information on which aspects of personalisation have the greatest impact on the purchase intention can be used to enhance more effective marketing campaigns, as well as, enhance customer interaction.
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