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1. Introduction  
  This report focused on using business intelligence and data analysis techniques to understand film performance and audience behaviour. The analysis is based on the Letterboxd Movie Classification dataset, which includes information such as film genres, average rating, runtime, original language, number of watches, likes and fan counts. In today’s media and entertainment industry, data plays an important role in helping business understand what audiences prefer and what makes film popular.
The main aim of this report is to explore and analyse the dataset using Microsoft Excel and SPPS In order to identify patterns, trends and relationship in the data. The report begins with data cleaning and preparation in Excel to deal with missing values and inconsistencies and to ensure the data is accurate and reliable. Next, descriptive statistics are used to summarise key variables such as ratings, watches, fans and runtime. Trend analysis and data visualisation are then carried out to examine how film ratings and popularity differ across genres and languages. Finally, statistical using SPSS, including correlation, hypothesis testing and regression analysis is used to explore relationship between key variables. The results of the analysis are used to provide insight and recommendation on how data-driven decisions can improve performance and audience satisfaction in the film industry. 

[bookmark: OLE_LINK1]2. Data Cleaning and Preparation 
The data was checking firs in Microsoft Excel to see if it was good enough to use. Filters were used on important numbers like runtime, average rating and fan count look for any missing values. This check showed that there were no missing numbers, so later analysis would not be affected by Incomplete.
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Categories like genre and original language were checked for differences in spelling or capitalization. When necessary, values were standardized to maintain data consistency. This cleaning step is very important in business intelligence because accurate and consistent data makes results and charts more trustworthy (Provost and Fawcett, 2021). 
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Applied the AVERAGE formula in Excel to calculate both the run time and rating. By selecting the relevant cells for each dataset and using =AVERANGE (range), Excel automatically computed the main values, providing a quick and accurate summary of the overall run time and average rating.
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3.Descriptive Statistics 
Descriptive statistics are basic number used to summarise and describe data, such as the average, minimum, maximum and spread of values. They help to understand the main features of a dataset in a simple way (IBM,2023).
Used descriptive statistics to understand the main features of the dataset, which was 10,001 movies. The average movie runtime is about 103 minutes. This means that most movies are normal feature-length films. However, some movies are short and some is long. These unusual runtimes show that the dataset has few outliers and that movies can be very different in length. 
 The average movie rating is about 3.27. This shows that most movies get medium rating from viewers. Some movies have very hight rating and some have very low rating, which shows that people’s opinions about movies can be very different. The number of watches, fans and likes is also very different for each movie. Some movies are very popular, while others are watched by only a few people. This shows that user engagement varies a lot across movies. 

Histogram: Average Rating 
The histogram of average ratings shows that most movies have ratings between 3.0 and 3.5.  Few movies have rating below 2.0 above 4.5. This shows that most viewers give medium ratings. Only a small number of movies get very high or very low ratings. This means that most movies meet general audience expectations. 
Histogram: Runtime 
The histogram of movies runtime shows that most movie are between 90 and 120 minutes long. This means that most movies follow the usual length for feature films. Very short movies and very long movies are rare, but they are still part of the dataset. This shows that while most movies are standard length, some movies are much shorter or longer than normal.
Bar Chart: Number of Films by Genre 
The bar chart shows that Drama and Comedy are most common genres. Movies in genres like Horror and Adventure are less common. This shows that popular genres appear more often in the dataset, while less popular genres are rare. The chart helps us understand which types of movies are most common and which are less frequent.
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The histogram shows that most movie ratings are concentrated around the middle values (approximately 3 - 3.5), with fewer movies receiving very low or very high ratings. This suggests a roughly normal distribution with a slight central peak. 
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The bar chart shows the number of films in each selected genres in the dataset. Drama is the most common genre with 4,417, followed by Comedy with 2.932. Action films account for 2,075 films, while Horror is the least frequent among the selected genres with 1,812 films. This indicates that drama films dominate the dataset compared to other genres. 
4. Trends Analysis 
Trend analysis was used to identify patterns in average rating, likes and watches across the dataset using Microsoft Excel. Pivot tables were created to calculate the average value and bar charts were used to visualise the results. The chart shows that the average number of watches (170,325) is much higher than average number of likes (43,735), while the average rating remains relatively stable at around 3. This suggest that many films are watched by users, but fewer viewers actively engage by like them. The stable average rating indicates that most films receive moderate feedback, while popularity and engagement vary much more. When filters such as genre or language are applied, differences can be observed in audience engagement, showing that some genres and languages attract more attention than others. Overall, the trend analysis reveals that usen engagement (watches and likes) changes more than ratings, suggesting that popularity is driven more by audience interest and visibility than rating alone. 
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5. Statistical analysis using SPSS
Descriptive Statistics – SPSS was used to calculate descriptive statistics for 10,000 films. The main variables analysed were average rating, watches, likes, fans and runtime. The main average rating is 3.27 which means that on average films received a moderate rating from users. Rating ranges from 1.08 to 4.71, showing clear differences in film quality or audience opinion. The averages number of watches is 170,315 but the large standard deviation shows that some films are watches far more than others. This means popularity is very uneven across films. The average runtime is 103 minutes which is normal for feature films. Most films are close to this length, although some are much shorter or longer. Overall, these results shows that while film length and rating are stable, audience engagement (watches, likes, fans) varies a lot. 
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Correlation Analysis 
Correlation analysis is a statistical technique used to examine the relationship between two variables and to show strongly they are related for each other (Pallant, 2020). A Person correlation test was used to examine relationship between average rating, watches and likes. 
The result shows a positive correlation between average rating and watches (r = 0.249, p <.001). This means that films with higher ratings tent to have more watches, although the relationship moderate.
There also positive correlation between average rating and likes (r = 0.290, p <.001). This shows that better-rated films are usually receive more likes. 
The strongest relationship is between watches and likes (r= 0.951, p < .001). This very strong correlation means that films watched more often are almost always liked more as well. All correlation is statistically significant, meaning the relationships are unlikely to be due to change. 
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t-Test (English and non-English) 
A t-test is a statistical test used to examine whether the average values of two groups are significantly different from each another (Sauders, Lewis, Thornhill, 2019). An independent samples t-test can be used to compare the average rating English and non-English films. If the p-value is less then 0.05, this would mean there is a statistically significant difference between the two groups. This test helps identify, whether language has an impact on audience rating. 
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Regression analysis 	
 Regression analysis is a simple statistical method used to see if some factors can help explain changes in another factors (Field, 2018). In this study, regression was used to check whether likes, fans, and runtime can predict the average rating of films. The SPSS results show that model is significant (p< .001), which means the result are reliable and not due to change. The R value of 0.108 shoes that about 10.8% of the different in films ratings can be explained by likes, fans and runtime. The results also show that likes and fans have the strongest effect rating, meaning films with more audience engagement usually receive higher rating. Runtime has smaller effect, which suggest that films with length is less important than audience interest. Overall, the analysis shows that audience engagement is more important than film length in predicting how highly a film is rated. 
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6. Recommendations
 Based on the finding from the data analysis, several practical recommendations can be made for business in the film and entertainment Industry. First 	the results show that audience engagement variables such as likes and fans are the strangers’ predictors of film rating and popularity. Therefore, film’s producers and distributors should focus more on strategies that increase audience engagement. This could include active promotion on social media platforms, encouraging viewers to rate and likes film and creating online communities where fans can interact and share opinions. Since films with higher ratings tent to have more watches, business should invest in improving film quality to meet audience expectations. This can be done by using viewer feedback and rating data to understand what audiences like and dislike. By analysing past successful films, producers can identify popular themes, genres and storytelling styles that lead to higher rating. The analysis shows that runtime has only a small effect on rating, meaning film length is less important than content quality and audience interest. However, filmmakers should focus on creating engaging content rather than strictly fallowing a specific runtime. While most films fall between 90 and 120 minutes, there is flexibility if the film keep viewers interested. 
Language can also influence audience reach and engagement. English films often reach wider audiences, but non-English films can still perform well if they are accessible.  Business should consider using subtitles, dubbing and international marketing strategies to help non-English film reach global audiences. This can increase watches, likes and fans across different regions. Finally, businesses should continue using business intelligence tools such as Excel and SPSS to regularly analyse audience data. Continuous data analysis can help organisation make informed decision, predict trends and adjust marketing and production strategies quickly. Using clean and accurate data will support better decision-making and improve overall performance in the competitive film industry.

7. Conclusion 
In conclusion, the result shows that films with higher audience engagement, such as more likes and watches, tent to perform better than those that only differ in length. The use of Excel and SPSS helped identify important patterns rating, genres and viewer behaviour, showing how data-driven analysis can support better decisions in film industry. 
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