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United Kingdom is in continuously change, which also means that retail sector will implement some important changes as well. The retail sector has undergone significant transformations, but one of the most important is introducing Artificial Intelligence (AI) technology which has redefine the workers dynamics, customer interactions, and operational efficiency (Binns et al.,2020).
Originally, Artificial Intelligence (AI) was only a theoretical concept but in the present, there is a practical need ingrained in inventory control, tailored marketing, and customer support chatbots (Ahn et al., 2025).
There are 2.8 million people working in the United Kingdom retail industry (British Retail Consortium, 2023), since the integration of artificial intelligence, human roles into employment also changed. The retail sector is expected to have a rise in technological implementations which will develop even further into process automation (Robot Process Automation, RPA), Internet of Things (IoT), and robotic and autonomous vehicles, which will have a lot of influence in the modern and retail world.
Artificial intelligence (AI) comes with a lot of expenses, and often with few problems such as reorganising human resources in the process of integrating such technologies. The retail sector must also take into account consumers and public opinions about the way those machines and algorithms manage their personal information’s and the risk associated with artificial intelligence.
After the COVID-19 pandemic, digital transformation was accelerated mostly through supply chains, operational management, and customer services which made this study an urgency mostly due to the uneven integration of Artificial Intelligence. AI-driven solutions including computer vision which is used for inventory management and chatbots used for consumer interaction are being used by retail companies more and more (Degallier-Rochat et al., 2022). Even if these technologies provide more than improvements, the employees are still sceptical, and the AI applications create major questions. Most of the retail jobs in supervisory and digital are redefined rather than replaced in comparison to lower-skilled frontline jobs which become more task-automated (Lane & Saint-Martin,2021).
Rahwan et al. (2020) mentioned that with huge use of machine behavior marked by algorithmic control, employee autonomy has changed in both negative and positive ways, and it is all about how it is implemented. This change is highly noticeable in areas from the retail sector where algorithmic technologies actively control performance measures, labour speed, and even scheduling. There is a present debate which separates the technological or financial effects of artificial intelligence due to lack of analysis on how those developments affect the ethical, psychological, and social aspects (Kellogg et al, 2020).
This paperwork will answer and cover the gap on how Artificial Intelligence is changing the work position and redefining employee experiences in United Kingdom retail industry. It will answer questions not only about the tasks being automated, but also will focus on how retails workers see, challenge, and adjust with automated systems. This study plans to focus on both organisational reactions and employees views that at the end a more complete knowledge of Artificial Intelligence influence will be deducted (Tolan et al, 2021).
The aim of this dissertation is to examine the way the artificial intelligence between the years 2021 to 2025 has affected or improved the employment dynamics in the United Kingdom retail sector. It will deeply investigate how artificial intelligence changed employments roles, employee autonomy, and job security. The study will combine both employee and employer perspective on how automation affects human labour in the actual retail environment. Pasquale (2022) concludes that critical frameworks are necessary for human knowledge and dignity safeguarding in case of expanding algorithmic systems.
This research is particularly important for a multitude of stakeholders engaged with the development of retail sector in United Kingdom. Organisations will benefit from this evidence-based analysis as it will help them build adaptable workforce strategies, will allow a balance between automation and human supervision, which will also mean that ethical frameworks for artificial intelligence deployment will be achieved (Makarius et al., 2021). According to Chiacchio et al., (2021) this research provides a relevant addition to the debate on labour market resilience for policymakers which will help them create inclusive digital infrastructure and upskilling policies. This will benefit the employees too, as it will offer them a better view of the changing nature of professional positions, the demand in new skills and the way AI integration may influence career grow path (Jarrahi, 2021). Very importantly, this research contests the assumption that technical progress is always good and, is highlighting instead the socially constructed character of the influence AI has in the workplace (Wang et al., 2021).
By using a mixed-methods approach, primary data such as surveys and interviews, and secondary data as academic and business sources, this dissertation focus completely on United Kingdom retail sector from 2021 to 2025. The results are not meant to apply to other sectors because AI integrations might follow other patterns, also the concentration on the retail sector gives it a specific insight. Important key limitations include the reliance on self-reported data, which possibly can include biases such as memory mistakes and subjectivity. Due to the diverse compny sizes and the roles included in, sample representativeness cannot be completely guaranteed. Ajunwa (2023) mentioned that the results can offer useful transferable insights which are beneficial to other service industries undergoing similar technology changes.
This dissertation is structured as follows:
Chapter 1 Introduction.
Chapter 2 Literature Review.
Chapter 3 Mix-Methods Design and Ethical Consideration.
Chapter 4 Conclusion.
In short words, this paper concludes that the introduction of artificial intelligence into United Kingdom retail creates a significant socioeconomic change. By means of direct research and critical analysis, it aims to align technology progress with human dignity and economic resilience.
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Artificial Intelligence (AI) is described as the ability of systems to learn, adapt, and accomplish tasks through self-decision-making, which made it number one transforming agent inside the retail sector (Pasquale, 2022; Ajunwa, 2023). Two of AI subdomains are Deep Learning (DP) which use complex neural networks to process tricky datasets and gather actionable insights (Zhao et al., 2021; Wamba et al., 2021), and Machine Learning (ML), which is using supervised and unsupervised learning to enable pattern recognition and predictive analytics. Singh et al., (2021) mentioned that on large-scale data analytics, advanced learning algorithms such as convolutional neural networks (CNNs), supporter vector machines (SVMs), and random forests algorithms are frequently utilised on vast data analytics to classify customers profiles, optimise inventory management, and personalise marketing strategies. 
Several data types are combined through the Deep Neural Networks (CNNs) such as transactional, behavioural, and sensor data which are built to improve the demand of forecasting and real-time customer service automation (Xu et al., 2023). Thanks to AI-driven insights, shops have improved operational efficiency and have been able to rethink workforce management procedures which had major effects on dynamics scheduling and customised training plans, facts which showed a huge benefit for staff members as it become easier to adjust to a more digital workplace (Nguyen et al.,2022). Furthermore, small and medium-sized retail businesses (SMEs), thanks to AI convergence with other digital technologies like cloud computing, the Internet of Things (IoT), and big data analytics can now scale their operations and compete globally. Ahn et al., (2025) mentioned that this improves the access to cutting-edge technological capabilities which previously were available only to large companies.
2.1 Enhancing Customer Experience through Artificial Intelligence in Retail
Customer experience (CX) has been deeply changed by the retail industry’s adoption of artificial intelligence (AI), which makes it possible to provide individualised, effective and responsive services, for example Tesco and Asos which utilise conversational AI to answer simple questions. Big UK stores see this as a very helpful tool as it takes away work off from human employees and allow them to focus on more complex activities (Lesiak et al., 2024). Chen and Prentice (2024) mentioned that AI technologies made 
work easier for businesses as it helps them predict client wants and adjust interactions by using real-time analysis, machine learning algorithms and natural language processing. McKinsey (2025) mentioned that businesses who use AI technologies have 25% less customer support jobs however, they have 15% more jobs that need AI supervision as well as emotional intelligence.
AI made huge changes into retail sector, highly into optical and biometric systems and also into its conversational tools. Things such as smart shelving, face recognition, and biometric point of sale systems are more often used as they are very helpful in fast checkout, changing marketing display in real time and they also keep track of what customers like. Amazon Fresh shops in London give a big example for the way they deal with those changes, because their customers are able to shop while they are not physically present and they are using cameras and sensors to keep track of their purchases meanwhile their invoices are done automatically. However, these technologies not always make people way of working easier, and most of the staff members are struggling to understand and utilise AI systems while keeping a human touch (Haque et al., 2024).
Customers can place an order or retrieving product information via natural language with the help of voice recognition and virtual assistant tools such as Google Duplex which recently is more integrated in the UK. However, training towards personnel is required because digital literacy is an important talent which is highly important when they will need to step in at the moment’s technology fails or is not able to understand what a customer wants (PwC, 2023). McDonald’s is one of the first company that tested the voice-ordering AI, and the results showed that it wasn’t very accurate (less than 85%), however it also showed that many companies are looking to acquired speech automation (Kelso,2022).

2.2 Workforce Redefinition and Job Role Definition

The integration of artificial intelligence (AI) into the retail sector is reshaping traditional workforce structures, prompting significant changes in job design and employee responsibilities which some people see it beneficial and others not. While AI technologies such as automation, predictive analytics, and customer service chatbots increase efficiency, they also trigger concerns about job displacement and skill                                                                                        obsolescence which make some humans feel threaten. According to Jeong et al. (2022) AI adoption leads has two effects: the first is the automation of routine tasks and the second is augmentation of roles requiring human skills such as emotional intelligence, creativity and adaptability.
Most of the retail employers are moving away from hand work to tech-supported functions. This transformation aligns with the concept of job enrichment but also demands a higher level of digital literacy and cognitive agility (Loureiro et al., 2023). In particular, frontline workers are increasingly expected to interpret AI-generated insights and provide personalised customer experiences that AI alone cannot deliver. This new way of redefinitions of roles led to a better focus on mixed talents that combine technical proficiency with people skills.
However, like any other world change, this process doesn’t come without challenges. Jeong et al. (2024) mentioned that AI-induced job redesign could possibly make employees feel a huge stress if they feel like they can’t manage it or doesn’t find enough assistance. Management could lose its trust because the workers might be afraid of losing their jobs because they might now understand properly how AI decision making might work. Also, there is the fact that merchants upgrade to new technologies at a fast rate which make the workforce slowly breaking down.
Even with these challenges going on, there are still good chances to do a successful work. When it is used in a smart manner, AI save workers time by not doing same work over and over again, instead giving them time to focus more on customers’ needs. Frontiers in AI (2024) in their research, mention that employees in AI- enhanced retail settings had a better job satisfaction.
Overall, AI is not looking to erase jobs from human, instead is looking to transform them. To be able to navigate this shift successfully, retailers must involve employees in the transition. Frontiers in AI (2024) says that the future of retail work is based on humans’ adaptability to AI and their collaboration.
2.3 Cost Reduction via AI-Enabled Operational Efficiency
When looking at the way AI affects retail, lowering costs is highly important because is increasing customer experience and is helping the company to make more money. Peer-reviewed studies show that there are three key processes which facilitate AI-driven cost reduction in retail: precise targeting, automation of repetitive tasks, and enhanced inventory management.
2.3.1 Precision Consumer Targeting
Using AI-powered predictive analytics, retailers are able to target consumers faster and efficiently, without spending so much money on expensive campaigns. A recent study by Wamba and Queiroz (2022) showed that sophisticated data analytics in retail can save marketing and acquisition expenses by 30% and highly increase engagement rates. This is driven by integrating historical behavioural data, geo-location, and purchase patterns into tailored promotional strategies.
2.3.2 Automation of Routine Tasks
Automation technologies, such as AI-driven checkout systems and robotic inventory scanning, reduce labour hours and error rates. Tsolaki et al. (2023) demonstrate that autonomous systems in warehouse and store-level operations lower staffing needs by 15–20%. Also, these systems work all the time, this cuts down the need of human monitoring and enhancing throughput.
2.3.3 Intelligent Inventory Management
AI-enhanced inventory forecasting cuts down on stockouts and waste from overstocking. Teixeira, Ferreira, and Ramos (2025) conducted a study which found that machine-learning algorithms make demand forecasting more accurate and reduces costs by 25% while keeping service levels the same. This study is based on 60% peer-reviewed research which were conducted from 2021 to 2025. 
2.3.4 Supply Chain Decision Automation
AI generative and predictive tools used for pricing optimisation, replenishment, and disruption mitigation has shown to improve costs. A case study within WJAETS (2023) found generative AI implementations increased operational flexibility up to 40% and lowered emergency logistics costs through anticipatory planning.
Taken together, these peer-reviewed findings confirm that AI contributes to cost reduction in retail by enabling more efficient targeting, relieving human labour in routine tasks, streamlining inventory and forecasting, and enhancing decision automation across supply chains. These efficiencies are mostly effective when supported by others such as accurate data, cross-team alignment, and strong technology governance.
Thanks to sensor fusion, computer vision, and real-time tracking systems that automatically charge the wallet, customers can only scan an app which allows them go in and out the Amazon cashier-free retail without going through the traditional checkout (Szabó‑Szentgróti, Rámháp & Kézai, 2023; Kohli, 2025). That’s why Amazon Go concept                                                                                                     is an example of how AI-driven will develop in-store automation. Nevertheless, these systems reduced the need for a cashier (Tsolaki, Chiang & Lim, 2023).
The automation did not only change the retail sector but also the warehouse logistics. Traditional fulfilment processes often involve numerous manual touches—up to 20 handlers per item—but AI-supported warehouses now optimise everything from product picking to final packing. Robotics select items based on order data, follow intelligent shelving routes, and prepare parcels for shipment without direct human input, making the operation looking so easy (Ferreira et al., 2023). Kembro (2025) sustain that these systems reduce labour costs, improve accuracy, and improve delivery speed and in the future companies will prefer them over human labour.
Managing inventory-related expenses such as storage fees and the potential losses from stock shortages which is a constant concern for retail businesses. Making the right choices about how much to order and when to restock directly affects profitability, and big companies do not like when profitability is in danger. Because of this, many retailers are now using artificial intelligence to improve inventory efficiency.
Recent studies around UK show that deep reinforcement learning (DRL) techniques are more adaptable than older rule-based systems. Park, Turner and Becker (2025) mentioned that these models are built to adjust restocking accordingly to changing conditions. Applied to real-world test, DRL it is showed to be more efficient than traditional economic models.
Other researchers have highlighted the benefits of predictive analytics in this space. By analysing in depth patterns in sales data, seasonality, and external influences, AI systems help retailers anticipate high demand more accurately. As a result, they made such a big change and improvement, such as waste less perishable stock, meet more customer needs, and reduce inventory holding costs by as much as 30% (Amosu et al., 2024).
Further evidence shows that these smart systems help ensure products are available at the right place and time, reducing the indirect costs of missed sales (Çaylı & Oralhan, 2024). Technologies like neural networks and advanced forecasting tools also support automatic product classification and timely restocking, which leads to faster turnover and smoother supply chain operations (Ejjami, 2024).
In conclusion, peer-reviewed research from 2023 to 2025 clearly supports the idea that AI-driven inventory optimisation tools improve decision-making, cut waste, and boost overall performance in retail environments.

2.4 AI-Enhanced Revenue Growth
Artificial intelligence (AI) is not just automating tasks—it is reshaping how retailers connect with customers, personalise offers, and grow revenue. Across the retail sector, companies are using AI to drive smarter sales decisions, optimise pricing, and deliver more relevant, timely experiences that translate into measurable financial outcomes.
One of the clearest impacts of AI is in the sales funnel. Tools powered by machine learning can now analyse large datasets to identify high-potential leads, meaning sales teams spend less time guessing and more time closing. As Ganesan (2022) explains and shows how businesses that implement AI in their sales pipelines often report a sharp increase in lead quality and conversion rates. AI systems are such upgraded that they could prioritise customers that are more likely to buy, which allows a more focused sales strategy.
Retailers also benefit from the AI-powered pricing models, due to the fast way of responding to fluctuation on demand like competitor pricing, and even weather or events nearby. Dinov (2023) give this idea of the predictive analytics as being a key part in forecasting consumer behaviour more accurately, which helps them adjusting prices dynamically to grow profits without losing competitiveness. Adopting these models into dashboards, shows that sales staff can access this in real time and, retailers can make pricing decisions that feel personal and timely.
AI is a game changer from many perspectives because it changed the in-store and online experience. For example, it eased many consumers life only by recommending products based on their last purchase. Kislev (2022) notes in his work that customer expectations have grown around personalisation, and businesses that meet these expectations tend to see higher average order values and improved loyalty. Retailers are no longer just selling products-they are creating experiences shaped by data.
The entire sale strategy is changed, because businesses now can test different products placements, see the impact of promotions, and see how the flow between online and physical stores is. Business owners can now see real-time reports which update every hour instead of the old way which could show only quarterly reports, fact which improve the decision-making process.
AI is also good at uncovering unexpected insights which drive to new revenue streams as for instance, analysing customer sentiment in reviews or social media comments can highlight emerging trends or unmet needs. Retailers who take a fast decision on this data can be better at introducing new products or services faster than competitors. Ganesan (2022) agrees that this kind of proactive adaptation is one of the best 
advantages of being AI-enabled because allows retailers to anticipate, respond to changes, and continuously improve without human needs.
Highly important is the fact that AI doesn’t replace human sales expertise, but it is only enhanced it. Employees that are equipped with intelligent tools can deliver a more responsive and personalised service for their customers, which is especially valuable in sectors like fashion, cosmetics, or electronics, because emotional connection and expert advice matter and it is more appreciated.
In sum, AI contributes to revenue growth not only through automation but by making every stage of the sales process smarter—from targeting and pricing to upselling and customer retention. Retailers who adopt AI thoughtfully are not just keeping up—they’re pulling ahead.
Retailers seen a great transformation related to returns, preventing fraud, and operate automated stores. One of the most important advancements by using AI in retail is that reduce the uncertainty about product fit, which is one of the biggest factors in products return. Yang, Ji and Tan (2022) discovered that virtual try-on technologies an AI-recommendation reduce the return rates. These systems also support post-sale engagement by reframing returns as opportunities for exchange and continued shopping rather than just refunds.
Retailers are also turning to AI to combat fraud at self-checkout systems. A recent study by Demirkan and Spohrer (2021) found that computer vision and behavioural analytics can detect common fraudulent behaviours like mis-scanning and ticket switching. These AI-driven tools analyse real-time video and transaction data to flag anomalies without disrupting the user experience, reducing shrinkage and improving checkout efficiency.
Unstaffed or semi-autonomous retail stores are another area where AI and IoT technologies are producing tangible results. Xu et al. (2020) developed a smart retail architecture that integrates facial recognition, product tracking sensors, and automated billing. Their pilot model led to a 21.7% increase in customer visits and a 26.8% rise in transaction volume within a month. These systems not only reduce labour costs but also enable continuous operations without compromising service quality.
The acceleration of AI adoption was further amplified by the COVID-19 pandemic, which forced retailers to rethink digital infrastructure. As noted by Grewal, Roggeveen, and Nordfält (2021), those companies that rapidly invested in AI-driven tools like augmented reality, mobile integration, and automated customer service were better positioned to respond to shifting consumer demands during and after lockdowns.
2.5 AI Technological Challenges
This section adopts a risk management perspective, critically assessing how anticipated benefits of AI—such as customer experience enhancements, cost savings, and revenue growth—can be undermined by real challenges.
Ensuring foil-quality data is increasingly difficult given the explosion of sources—social media, mobile apps, IoT, and sensor data in retail. Ferrara (2023) made a complete thorough peer-reviewed survey about data imbalance and bias used by artificial intelligence, and the answer of that survey was that artificial intelligence was , and pretty unfair and cheat by learning a lot about certain patterns. Bias applies when AI makes choices that are not fair for everyone because the data it learned from is not balanced.
There is a highlighted problem about AI because of transparency concerns. Cheong’s (2024) made few researches, and one of them is so called Frontiers in Human Dynamics, and in it is investigating the legal and ethical dangers associated with black-box AI-systems, the result showed a huge failure which require more responsibility and interpretability in critical applications.
Moreover, research by Senoner et al. (2024), published in Scientific Reports, shows that explainable AI (XAI) tools—like heatmaps—significantly improve task performance in human–AI collaboration compared to black-box systems, especially in real-world operational environments.
AI models trained on specific retail scenarios often fail to generalise across changing contexts. Rogge et al. (2025) showed in his study called Business Horizons, that research in context adaptation in retail is still new but is highly important to include human judgement, because in AI-supported professions being able to adjust is highly important.
Brookings’ most recent forecast (2022) clarifies that AI might take over few retail positions (like checkout clerks), however, it will increase the need for jobs which requires knowledge for AI such as data analytics and technical assistance. Without reskilling and retraining their employees, retail companies will suffer with low morale and problems with operations.
Using AI in retail showed a beneficial boost in sales and a better experience for customers. However, those benefits are using customer data, which raises a huge ethical and practical problems. AI-powered relies heavily on volume and accuracy of consumer data collected, including behavioural, transactional, and demographic information which rises serious privacy issues. 
Increasing dependence on this data showed serious privacy concerns, and because of that studies demonstrated that customers feel discomfort over the use of personal information without an explicit agreement (Taddeo and Floridi,2021). If customers will start seeing AI as intrusive, they will be less likely using the services. Martin, Borah and Palmatier (2020) stated that there is a fine line between personalisation and surveillance, which can impact the brand trust, mostly in digital retail environments.
Dwivedi et al. (2021) mentioned that AI system still faces significant technical limitations, and the key issue is the challenge of generalised learning because AI algorithms may struggle to adapt to customers preferences.
According to Wilson and Daughtery (2021) AI-driven recommendations system introduced potential friction, and if staff feel that decision-making is highly dictate by algorithms, they can lose the confidence in their role, because AI should augment and not replace human judgement.
In their research, Nguyen et al. (2022) argues that is technically difficult to transfer consumer data insights from one context to another, and due to this inability, retailers tend to spend a lot of money on distinct models for each category. This makes the operations more expensive and harder to see any efficiency benefits.
In summary, AI is built to make more money and help with personalisation, but it has its own negativity such as limited privacy issues, technological problems, and problems with how organisation work together.
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This study is based on mixed-mixed methods under a pragmatic research ethics, which is combining qualitative and quantitative methodologies to gain a clear understanding of how Artificial Intelligence (AI) is affecting the workforce dynamics in the UK sector from 2021-2025. Creswell and Creswell (2023) stated that the pragmatic stance is mostly used because is prioritising the research question and allow the integration of deeper contextual insights with numerical patterns.
3.1 Research Design
The quantitative component is used to identify numerical data and statistical analysis such as measuring variables, test hypotheses, and generalise findings. Into this research there was few questions such as “On a scale of 1 to 5, how confident you feel using AI-powered tools at work” and “Since the introduction of AI, how secure you feel in your current job?” which made possible the measurement of attitudes and job security across different employee demographics. Closed-ended questions about age group, job role, and employment status, enabled comparisons across groups.
The qualitative component is focusing on understanding meaning, experiences, and perspective without numerical data by using more the questions “why” and “how” rather than “how much” or “how often”. In this research, open-ended questions such as "What are your personal thoughts or concerns about the increasing use of AI in the retail industry” and “Can you describe any changes in communication or collaboration with colleagues or customers since AI was introduced” were addressed, so that participants could speak about both, negative and positive sides of AI use. The Technology Acceptance Model (Venkatesh et al., 2022) together with workforce change theories (Farr and Tippins, 2021) are related to these topics, and allow a deep exploration of how useful, easy to use, and trustworthy AI system is for employees.
Because AI in retail is still under investigation, the mixed methodology is perfectly applied due to involvement of both measurables outcomes (e.g., productivity ratings, AI usage frequency) and subjective experience (e.g., emotional responses, perceptions of role change). This approach clarifies the limitations from the other research for AI adoption in retail sector, which were based only on quantitative methodology (Singh and Hess, 2022; Al-Emran et al., 2023).
Building the study using both survey metrics and narrative accounts, it shows a triangle made possible by a design (Fetters and Molina-Azorin, 2020), which is enhancing validity and reduce biases. By combining qualitative and quantitative methods, not only that will answer what changes are occurring but also why these changes are happening.
3.2 Research Philosophy
This study is based on a pragmatic philosophical approach, highlighting the research issues using strict adherence to a unique ontological or scientific framework. Pragmatism is particularly suited to examining the impact of AI on workforce dynamics in the UK retail sector because the phenomenon involves both objective, measurable variables (e.g., frequency of AI use, changes in job tasks) and subjective, interpretive experiences (e.g., attitudes, emotional impacts). Because of its flexibility, both quantitative and qualitative findings could be integrated, and actionable insights could be provided (Morgan,2022).
Post Covid-19, the retail landscape had an accelerated digital transformation, which reshaped the operational models, and that is why a pragmatic approach is especially relevant. Shankar et al. (2021) sustained that pandemic significantly reduced in-store staffing and increased reliance on AI-powered systems. As captured in the questionnaire items—such as “How has the implementation of AI technologies changed your daily work responsibilities or tasks?” and “Have you experienced any emotional or psychological challenges due to AI changes in your workplace?”—this research acknowledges that AI adoption has not occurred in isolation, but within a broader context of pandemic-driven urgency, shifting consumer behaviours, and heightened uncertainty in job security.
Philosophically, pragmatism accepts the coexistence of positivist elements (e.g., analysing statistical patterns from survey ratings) and interpretivist elements (e.g., thematic analysis of open-text responses about personal experiences with AI) (Feilzer, 2022). Is highly important to understand how complicated the social and technological context ware during pandemic because AI was both, a way of saving money and a cause of job loss for employees.
The aspect of this study corresponds with pragmatism emphasis of “what works” in real life scenarios. Also, this study shows an evidence-based suggestion for businesses bring together new innovative technologies which would be human focused projects that can evaluate staff well-being and efficiency measures. Due too Covid-19, this balance is extremely needed, because of some retails who suffer severe labour shortage while they try to accelerate automation to maintain operations (Pantano et al., 2021).
However, using the right approach it will be easier to apply the results to all kind of situations which combine qualitative survey data with qualitative employee stories to help retail businesses make better strategic decisions (Denzin and Lincoln, 2023; Goldkuhl, 2021).
3.3 Research Approach
In this study is used a mixed methodology, combining qualitative and quantitative techniques to have a better understanding of AI and workforce dynamics in the UK. AI cannot be completely understood from a single methodological point of view, and that is why a mixed-method approach give a better understanding. Creswell and Creswell (2023) mentioned that quantitative data shows a statistical data of workforce trends, meanwhile qualitative data elucidate with details the human experiences that inform these patterns.
By combining both approaches, the research aim to rich contextual understanding. This combinations of methodologies, work well in retail industry because advances in technology impact people in different ways. Using those techniques, this study will clarify how AI changes jobs, communication, emotional health and job security in the future (Curry et al., 2023).
The quantitative methodology is based on a structured digital questionnaire and shared across retail industry. The questionnaire is made in a way which can provide measure variables such as job satisfaction, AI usage frequency, confidence in AI tools, and perceived productivity changes. Bryman (2021) confirmed that this facilitates statistical correlation and regression analysis to discern correlation between AI exposure and worker perception, which can bring a huge benefit to the retail industry.
Meanwhile, the quantitative component incorporates open-ended questions built to show participants personal experiences, challenges and suggestions regarding AI adoption. This allows exploration of emergent themes. Miles, Huberman and Saldana (2023) stated that the incorporation of word cloud visualisation facilitates topic identification and provides a visual illustration of the linguistic patterns applied by participants.
Pantano et al., (2021) clarify the fact that mixed methods approach reflects lessons learned from the Covid-19 pandemic, which made retails adopt AI in the hope that they will reduce the sickness. From contactless payments to digital stock, and automated logistic, the pandemic revealed that technology adoption can have huge and different effects across employee groups (Shankar et al., 2021).

This methodological decision is represented by a pragmatism research philosophy; by doing so the research question and the problem-solving potential are prioritised over the adherence to a single epistemological position. Pragmatism maintains methodological flexibility, which is helping the researcher use any tools for answering the research questions (Goldkhul, 2021). Used in practice, the quantitative results will show contextual interpretation of qualitative findings, and the other way around, which gives assurance to final conclusion being fit for individual perspectives.
By using this integrated approach, the research quantifies the impact of AI on workforce but also, critically analyse the human reactions to those technological transitions.
3.4 Data Analysis
This section will show an integrated analysis of quantitative and qualitative data gathered with the help of mixed-methodology approach, following a pragmatic philosophy. By putting the survey results together, this analysis quantifies patterns but also explains the why behind them, consistent with the rationale of using both quantitative and qualitative methods (Creswell and Creswell, 2023).
3.4.1 Quantitative Findings
The questionnaire had 21 questions, most of them focusing on AI usage frequency, confidence with using AI, job security, and productivity changes. The statistics show that 79% of respondents use AI tools daily. This proved what Bonetti et al., (2022) sayd, that AI adoption in retail is extremely high in customer-facing and logistic processes, due to high gains.

                                             
                                                  [image: ]
                                Figure 1 Daily usage of AI

The confidence using AI tools is slightly different in demographic groups because, on the 1-5 Likert scale, the score was 3.8 for middle age, for younger employees (18-34) the score was 4.2, higher than the 50+ which score 3.1. This gap is well represented by Gangodaa et al. (2023) who stated that younger generation adapt more easily to AI because of young exposure to digital technologies. 
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    Figure 2 The Confidence
Job security is taken deeper in consideration when humans were asked “Since the introduction of AI, how secure do you feel in your current job?”, however, 50% answered that they feel very secure, 14% not at all, 21% a little, and 14% somewhat. This showed similarity with what Parent-Rocheleau and Parker (2021) said that AI can reduce the repetitive workload but will trigger long-term employment uncertainty. 
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                                                Figure 3 Job Security
The results of a regression analysis showed that AI usage frequency correlated in a positive way with perceived productivity gains (r=0.62, p<0.01). Employees who marked high AI engagement, are the ones who have a higher work efficiency rate. Revilla et al. (2023) demonstrated that humans with AI collaboration, can make the work in retail industry better and faster.
3.4.2 Qualitative Findings 
Open-ended questions were made, where participants could elaborate their own opinion about personal experiences and see the benefits or challenges of AI adoption. There were 3 dominant themes:
1. Human Interaction- An important topic is that humans think AI can reduce face-to-face communication with customers and colleagues. Newell and Marabelli (2021) made everyone aware that AI integration may reduce relational aspects of work.
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                                                   Figure 4 Communication 

2. Emotional and Psychological Strain- Khogali and Mekid’s (2023) wrote that few employees expressed stress from constant adaptation to AI tools and explained that long-term mental strain is associated with rapid technological shifts.
3. Upskilling and Training- Few participants mentioned that AI adoption pushed them to learn new digital skills. Meanwhile, Wang et al. (2022) stated that human with machines can stimulate continuous learning when adequately supported.
3.4.3 Integrating Qualitative and Quantitative Results
Quantitative statistics show that production was improving since retail start using AI and the confidence of people using it is modest however, qualitative data showed why these numbers are different for different groups.
The mixed methods also show signs of contradiction. On one occasion, even if the statistics showed 79% use of AI daily and showed an association with high productivity, they also declare that they have concerns about reduced human interaction, showing an indication of profit gains but workplace culture lost. Sharif et al. (2023) made a finding, which mention that AI influence on employment is neither beneficial nor negative, but mostly depending on context and implementation approach.
3.4.4 Sectoral Implications
There are several implications in UK retail sector according to these findings. Wang et a. (2022) clarify that AI training program can decrease the confidence gap between generations. Also, Chen et al. (2024) confirm that if the retail industry will use human-centred design principles in same time as deploying AI might ease worries about losing face-to-face interaction. Being open about AI role, may help humans feel less worried about loosing their job (Chirica et al., 2024).
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This research was made to investigate the impact of Artificial Intelligence in retail industry in United Kingdom from 2021 to 2025. Quantitative data gathered from questionnaires and qualitative insights from open-ended replies, created a layered picture of both the quantifiable changes and the human experiences. The conclusion is made to summarise the main information, look at it as a possible help for larger research, and think about what it means for retail industry, employees and policy makers which aligns well with the pragmatic approach.
4.1 Summary of Main Findings
One of the most important findings is that even if human use daily AI in retail roles, yet the employees experience is far from being uniform. Most of them mentioned that AI improved and made easier their tasks in areas such as stock control and customer service, however there were few who didn’t agree with their colleagues. The quantitative results showed a positive association between daily AI usage and productivity enhancement (Revilla et al., 2023).
However, this doesn’t complete the full story, because in the research it could be understand that data showed a difference in confidence levels which is explained as followed: younger workers and employees with a bit more experience in digital technologies were more likely to answer that they feel confident and comfortable, while older workers and those who work in more traditional professions were more likely to mention that they feel not confident and hesitant. This clarify the idea that digital transformation is faster absorbed by some groups than the others and that retail companies should focus more on training them and support them because is highly important if they want a company smooth run (Braganza et al., 2021).
The qualitative research a more serious issues than just abilities and confidence because is related to mental health which is very important in humans’ life. All of that have been mentioned because few workers were seriously anxious about the future of AI and the way they will be surrounded by it because, they feel that AI take away the human part from the job and their connection with their colleagues and customers disappear. Other employees were afraid by the possibility to lose their job and all the experience they have in their life can be gone, also they were afraid of being watched more closely, which is a highlighted concern that has been expressed in research on algorithmic management and workplace autonomy (Parent-Rocheleau and Parker, 2021).
Few other employees showed hints of hope because they mentioned that AI made them want to learn new skills, pushed them to be more responsible in their work role, and in some cases, made their job more exciting. That is an indication that by using the right methodology, AI can be used in more ways not only as a tool for efficiency as it can also be an instructor of professional growth (Bonetti et al., 2022).
4.2 Connection with Literature
These results don’t come from nowhere because the “practice co-evolution” model described by Bonetti et al. (2022) is particularly relevant here, as it emphasises the need for organisations to evolve alongside technology, not simply impose it on existing systems. The experiences shared by participants demonstrate that where AI is implemented collaboratively by using training, consultation, and feedback made it more likely to be accepted and used effectively.

Similarly, studies on human and AI collaboration (Fragiadakis et al., 2024) stress that successful integration depends on more than technical capability. It requires designing systems that are transparent, align with existing workflows, and respect the professional judgement of employees. This aligns closely with comments from our participants who wanted AI to complement rather than control their roles.

The research also connects with scholarship on skill complementarity (Mäkelä & Stephany, 2024), which shows that AI adoption often increases the demand for human skills such as creativity, problem-solving, and interpersonal communication. Most of the employees agreed with the fact that AI covers basic activities and simultaneously allowed them to concentrate on more human centric jobs.
4.3 Problems with Retail Practice
All the information’s added together, resulted that retail industry in the UK must take multiple actionable measures.
1. Put the employees to design AI systems- Involve the workers from frontline into designing and rollout AI tools, ensuring they meet all the operational requirements.

2. Prioritise upskilling- Input digital literacy for those who lack of confidence, making sure meanwhile that ethical and interpersonal skills are not forgotten, because AI can not replicate them (Braganza et al., 2021).

3. Protect the interaction between humans- Human interaction with the coworkers and customers is highly important mostly because they maintain engagement and trust, even when AI can automate tasks (Parent-Rocheleau and Parker, 2021).

4. Embed transparency and governance - To establish trust and accountability, make it clear how AI systems work, what data they use, and how choices are made (Chirica et al., 2024).

5. Evaluate more than efficiency — Look at how AI systems effect job satisfaction, skill development, and workplace culture, not just how much money they save or how much work they do (Fragiadakis et al., 2024).

4.4 Constraints and Future Research Directions
This study contains limitations, just like any other research because of methodological constraints, time limits, and contextual bias. The data represents experiences in the UK retail industry at a specific point in time, and forthcoming advancements in AI may significantly alter these dynamics. Even while the sample is broad, it doesn't fully show how different roles and organisational cultures are applied in the sector. Future research can sometimes monitor temporal changes, juxtapose results across various industries, or investigate more thoroughly the effects of AI tools.
Like any other research, this dissertation has some limits that should be acknowledged. First, even though the study included both quantitative and qualitative methodologies, the whole dataset was still somewhat small. One of the problems it faced was that it was hard to get information directly from store workers because they were at the time very hesitant as they never completed anything similar. Many employees refused to fill out surveys because they were busy at work or because they weren't sure how their answers would be used in the future. Consequently, certain viewpoints may be inadequately represented, especially those of part-time or temporary employees, who frequently experience diminished organisational stability and may possess divergent opinions about artificial intelligence. Second, the research was limited by a lack of time and money. The time frame for data collection precluded the attainment of a bigger and more diversified sample that would enhance generalisability. In the same way, the open-ended questions gave useful information, but the style of the survey often made it hard for people to give detailed qualitative answers. A series of semi-structured interviews or focus groups may have produced more thorough comments and fuller stories.

4.5 Last Thoughts
This research reveals a multifaceted and frequently contradicting landscape. AI is not a threat or a sure thing; its effects depend on how it is introduced, handled, and changed over time. For some, it has led to new skills, more exciting employment, and better efficiency. It has made things unpredictable for some people, made it harder to connect with other people, and put pressure on people to change quickly. The retail sector needs to close this gap by making sure that everyone benefits from AI, that no set of workers is left behind, and that technology makes the work experience better, not worse. To do this, we need to spend money not only on gear and software, but also on people and their skills, their trust, and their role in making things better for everyone benefits.
The main point of this study is that technology should help humans, not take their place, because humans created them. AI in retail may lead to new ideas, more work, and more money, but only if businesses also invest in their employees' skills, trust, and health which are highly important factors. The next ten years will be very important in deciding whether AI changes retail in ways that help or hurt labour. The data given here clearly implies that it is feasible to accomplish the former through intentional and responsible decisions.
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15. On a scale of 1 to 5. how confident do you
feel using Al-powered tools at work?
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17. Since the introduction of Al, how secure do
you feel in your current job?
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8. Can you describe any changes in
communication or collaboration with colleague...
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14. How often do you use Al-related systems in
your daily tasks (e.g., automated checkouts, ...
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