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The essay digs into a thorough investigation of the pricing dynamics, statistical analytic approaches, and data mining methods used in the hotel business. The study examines the variations in hotel room costs over a six-year period, attributing changes to numerous contributing variables. It also explores how strategically differentiating hotel prices affects consumer preferences. The importance of analytical tools like SPSS and Excel is emphasized, demonstrating their value in obtaining insightful data. In the end, the article emphasizes the significance of data-driven decision-making in navigating the challenging and constantly evolving corporate landscape.
Part 1
The average room pricing in the hotel business saw significant changes between 2017 and 2022, a six-year period. The information in the table provides insights into the price fluctuations and percentage changes over time. This analysis examines the performance for each year as well as the possible causes of these changes. The average cost of a hotel room in 2017 was £90.05. This serves as our starting point for comprehending the ensuing alterations. Since this is the first year in the dataset, there is currently no year-to-year change or % change to report.
The average cost of hotel stays significantly increased the year after, in 2018. The average price increased by £16.40, or 18.22 percent, to hit £106.45, a record high. There might have been a number of influences on this sudden increase. The sharp price increase may have been influenced by favourable economic conditions, an increase in travel demand, and a reduction in supply because of special occasions or busy times of the year. In addition, upgrades to hotel facilities, restorations, or adjustments to the clientele may also contribute to these changes. In contrast to 2018, 2019 saw a decrease in average hotel rates. The average cost dropped to £101.78, representing a £4.67 or roughly -4.39 percent decline. There might be a number of causes for this decrease. Uncertainty in the economy, modifications in consumer tastes, or heightened competition may have prompted hotels to adopt a more aggressive pricing approach. As an alternative, accommodations may have altered their rates to preserve occupancy levels during times of lesser demand.
2020 saw a £3.56 or around 3.50 percent rise in average accommodation costs, which rose to £105.34. A number of things might be responsible for this improvement. The comeback may have been aided by better economic conditions, profitable marketing initiatives, or brand-new attractions in the region. In addition, adjustments in travel habits brought on by international calamities like the COVID-19 pandemic may have affected demand and pricing methods. There was a little decrease in the average room price in the following year, 2021. The average price fell to £101.23, representing a £4.11 or around -3.90 percent decline. This reduction can have been caused by a number of things. This decline in cost might have been caused by the pandemic's ongoing uncertainty, shifting travel choices, or heightened competition in the hotel sector. The average accommodation price showed a little rise in the dataset's last year, 2022. To reach £101.50 on average, the price increased by £0.27, or around 0.26 percent. Numerous things, such as the ongoing economic recovery, brand-new attractions or events, and adjustments in customer tastes, might account for such a tiny difference.
The examination of hotel room costs from 2017 to 2022 shows that the hospitality business is dynamic and ever evolving. Underscoring the susceptibility of hotel pricing to outside variables including economic conditions, travel demand, and consumer preferences was the sharp increase in 2018, followed by a reversal in 2019. Smaller oscillations are shown in the following years, which might be an indication of relative stability or adaptations to shifting market dynamics. It's crucial to understand that determining hotel prices is a complex process impacted by a wide range of factors. The pricing strategy of hotels is influenced by a number of factors, including the economy, regional events, pandemics across the world, customer behaviour, and competition. This research provides insights into the larger trends in the sector by offering a glimpse of how these elements played out over a six-year period.	
The bar chart in Appendix 1 provides a concise yet thorough overview of the pricing policy used by the hotel chain for each of its many room kinds. The separate representation of each room type with a matching pricing reveals the establishment's specialized strategy for accommodating a wide range of client preferences. Notably, Room Type 1 offers itself as a tempting compromise choice at a price of £95.92. It is carefully positioned to establish a pleasing mix between price and comfort, making it ideal to guests on a tight budget who nevertheless want a nice stay. The height of luxury and extravagance, on the other hand, is represented by Room Type 6, which is listed at the very top and costs £182.21. These upmarket amenities and an indulgent experience are suggested by the premium cost, attracting visitors looking for an opulent stay. While this is going on, a wide variety of options are displayed throughout the cost spectrum for different room kinds. For instance, Room Type 3, which costs £73.68, appeals to budget-conscious visitors who value simple yet practical lodgings.
It is significant that different room kinds are included in this strategic diversification. With Room Type 4 and Room Type 5 both costing roughly £125, the business is able to appeal to customers who are prepared to pay a little more for upgraded facilities as well as those who want a taste of luxury without spending the most. In a larger sense, the bar chart acts as a crucial tool for potential customers, giving them an instant understanding of the establishment's price structure. Because of this openness, visitors are better equipped to make choices that fit their preferences and financial constraints (Moon et al, 2019). The establishment's dedication to serving a variety of visitor profiles is essentially communicated through the strategic pricing that is shown through this graphic depiction. The business not only increases its income potential by providing a range of accommodation types catered to different requirements and budgets, but also highlights its customer-centric approach by assuring a fulfilling and individualized stay for each visitor.
The technique of computation used to get the average room cost for each year underlined a well-organized strategy that successfully tapped into Excel's flexible capabilities. Specific data cells pertaining to the various years from 2017 through 2022 were painstakingly identified using the skilful application of the "VLOOKUP" function, assuring an accurate dataset selection. The column containing the Average Price data was then intentionally given the "=AVERAGE" formula. When correctly applied, this technique computed the mean price for each distinct year with ease, providing a thorough lens through which to examine the year-over-year pricing patterns. This methodical approach not only ensured the precise recovery of important price data but also made it possible to conduct an in-depth and thorough examination of how pricing dynamics played out yearly (Todorova, 2019).
The methodical procedure used to determine the pricing for each unique room type demonstrated a structured and analytical process harnessed inside Excel's dynamic framework. Data was skilfully edited and arranged, utilizing the power of a "Pivot Table," to reveal a classified depiction of room types. The inherent strength of this dynamic feature was demonstrated by its easy ability to aggregate Average Price data, clearly highlighting the cost discrepancies visible across different room types. The "=COUNTIF" formula's capability was skilfully utilized in order to accurately calculate the total number of rooms for each particular room type, improving the accuracy of subsequent computations. Following the meticulous summation of cumulative prices attributed to each room type, a discerning division by the corresponding room count was judiciously executed. The culmination of this systematic process culminated in the precise determination of the average price for each distinct room category, culminating in a nuanced comprehension of the establishment's pricing strategies tailored to cater adeptly to a diverse spectrum of customer preferences.
Both times, these well calibrated and planned Excel-driven procedures demonstrated both a mastery of data manipulation and the skill of data analysis to provide clear and definite findings. The use of these complex methodologies successfully produced an empirical and data-driven understanding of typical room costs for certain years and room kinds, providing a solid foundation for making strategic decisions.

Part 2
The examination of the gender distribution within a given dataset was effectively carried out within the context of Appendix 5. The strategy included selecting "Frequencies" from the "Descriptive Statistics" option after navigating to the "Analyze" section. The study that followed showed that 1056 of the dataset's participants were classified as female students, accounting for 49.5 percent of the total, while 1077 of them were male students, making up the remaining 50.5 percent. This feat demonstrates how well SPSS may be used for simple descriptive statistical tasks. The results are consistently presented in a detached, third-person viewpoint, which guarantees an objective and formal tone appropriate for academic environments.
The procedure for the Appendix 6 includes choosing the appropriate row and looking at the lunch variable. The "Frequencies" feature under the "Descriptive Statistics" category was then used after accessing the "Analyze" section. The study that followed produced important insights on the dataset. In particular, it was discovered that 1215 pupils (or 57 percent) of the student body did not qualify for free or reduced meals. In contrast, 918 students (or 43% of the class) met the requirements to participate in this program. The completion of the analysis proved that SPSS may be used effectively for crucial descriptive statistics jobs. The results are presented in a way that maintains impartiality and respect to academic standards by taking a detached stance.
In the context of the Appendix 7, the procedure required making a new number column with the labels 1 and 2 to distinguish between pupils who qualified for reduced/free lunch and those who did not. The mean and median of these values were then calculated. To do this, go to the "Analyze" section, then to "Reports," where you may choose "Case Summaries." In this framework, the variable "Lunch" was selected, and statistics for "Mean" and "Median" were included. The analysis's findings showed that the mean value was 1.31 and the median was 1. This method demonstrated how to properly compute descriptive statistics using SPSS tools without using any personal pronouns while maintaining a formal, objective tone appropriate for academic environments.
The activity, which was included in the Appendix 8, included calculating the mean and median values for a set of individuals' pretest and post-test scores. The process involved going to the "Analyze" area, choosing "Reports," and then "Case Summaries." The variables "Pretest" and "Posttest" were chosen for this situation, and statistics for "Mean" and "Median" were added to these choices. The study that followed showed that the computed mean values for the pretest and post-test scores were 63.52 and 76.40, respectively. In addition, the medians for the pretest and post-test results were found to be 63 and 76.5, respectively. This methodical technique demonstrates how to use SPSS tools to create descriptive statistics while retaining a distant, objective tone that is in line with academic standards.
Following are a few data mining methods,
Cluster Analysis: Using a data mining technique called cluster analysis, related data points are grouped together according to common traits (Zhang, Zhang and Zhang, 2021). For instance, a retail chain may use cluster analysis to divide its clientele into several affinity groups. The merchant may design focused marketing efforts that are suited to the interests and needs of each cluster by evaluating consumer behaviour, demographics, and shopping patterns. Increased revenue and greater consumer involvement may result from this.
Association Rule Mining: Large datasets may be mined for links and patterns using association rule mining. This method may be used to find goods that customers regularly buy together on an e-commerce site. The platform may provide individualized product suggestions and employ successful cross-selling techniques by identifying these correlations (Telikani, Gandomi, and Shahbahrami, 2020). For instance, the platform can combine these products or advertise them as a package offer if users frequently buy both cameras and camera accessories.
Regression Analysis: Based on the connections between variables, regression analysis makes predictions about numerical results. Regression analysis is a tool that lending institutions may use to determine the factors that affect loan default rates (Telikani, Gandomi, and Shahbahrami, 2020). The institution can create a prediction model to calculate the probability of a borrower defaulting on their loan by examining past data and characteristics including credit scores, income levels, and loan amounts.
Decision Trees: Decision trees are visual models that show probable outcomes of a choice, which helps in decision-making. Decision trees can be used, for instance, by an internet streaming service to suggest material to subscribers. The platform may direct users toward films or shows that match their interests based on their choices, watching history, and ratings, boosting user happiness and engagement (Kretowski, 2019).
Time Series Analysis: Analysing time series includes looking at data points gathered over a period of time to spot patterns and trends. A retailer can use time series analysis in the field of supply chain management to predict product demand (Zou et al, 2019). The store may optimize inventory levels, decrease stockouts, and improve overall operational efficiency by examining historical sales data, seasonal trends, and outside influences like holidays.
Following are a few text mining methods,
Sentiment Analysis: The sentiment conveyed in text data, such as customer reviews and social media remarks, is evaluated using sentiment analysis. For instance, a hotel business can study internet evaluations to comprehend the degree of client contentment. By measuring customer satisfaction, the business may pinpoint areas for service and amenity enhancement, eventually resulting in improved guest experiences.
Named Entity Recognition (NER): In text data, named entity recognition recognizes entities like names, dates, and locations. In the healthcare industry, NER may be used to extract patient data, medical problems, and treatment information from electronic health records (EHRs). This makes it easier for healthcare professionals to manage patient information and medical histories (Kim et al, 2019).
Topic Modelling: Using topic modelling, a big corpus of text may be broken down into its main concepts. Media companies can use topic modelling to classify news stories into pertinent categories like politics, sports, or entertainment (Moro et al, 2019). For both journalists and consumers, this simplifies the structuring and retrieval of material.
Text Categorization: Text classification entails putting documents into groups that have already been determined. This method may be used by customer service centers to automatically direct consumer enquiries to the relevant division (Zou et al, 2019). The technology can make sure that inquiries are sent to the most appropriate team by evaluating the content of customer communications, which will result in faster response times and more customer satisfaction.
Information Extraction: Extracting structured information from unstructured text is known as information extraction. Information extraction can be used in the legal industry to take case names, dates, and legal arguments out of court papers (Sezer, Gudelek, and Ozbayoglu, 2020). This quickens the case management and legal research procedures, allowing legal practitioners to concentrate on higher-value duties.
Data mining and text mining techniques are essential tools for deriving insightful information from large datasets in the dynamic commercial environment of today. These methods enable businesses to improve client experiences, make more informed decisions, and streamline many areas of their operations, eventually resulting in long-term success and development. Businesses may maintain their competitiveness and respond to shifting market dynamics by utilizing the power of data and text analysis.
Following is a discussion of the advantages and disadvantages of using SPSS and Excel,
	SPSS

	Aspect
	Advantages
	Disadvantages
	Practical Examples

	Ease of Use
	For analysis, SPSS offers a user-friendly interface (Purwanto, 2021).
	Learning curve: It can be too complex for inexperienced users.
	examining survey results to discover consumer preferences in a retail setting.

	Advanced Analysis
	Provides sophisticated statistical testing and analysis (Pallant, 2020).
	Complex analyses may not be fully customizable.
	doing multivariate regression to comprehend the variables affecting sales in various geographical areas.

	Data Visualization
	Creates a variety of graphs and charts for visualization.
	Limited customization: Additional tools are needed for advanced visualizations.
	Using bar charts to display sales data for various product categories (Purwanto, 2021).

	Data Management
	Enables data transformation, cleansing, and manipulation.
	Limited data handling: Working with big datasets could take a while (Pallant, 2020).
	removing duplicates and anomalies from raw sales data through cleaning and transformation.

	Excel

	Aspect
	Advantages
	Disadvantages
	Practical Examples

	Familiarity
	The fundamental features of Excel are known to the majority of users.
	Excel does not have many sophisticated statistical capabilities, limiting statistical analysis (Choi et al, 2020).
	Using Excel to enter basic data and arrange customer contact details.

	Spreadsheet Features
	Provides flexible data processing and organizing.
	Limited statistical outputs: Does not provide analysis-specific output (Todorova, 2019).
	Creating a pivot table to compile and examine sales information broken down by product and location.

	Accessibility
	Widely accessible and utilized in many different sectors (Choi et al, 2020).
	Limited statistical capabilities: Add-ins are needed for advanced analysis.
	Employing the fundamental mathematical functions of Excel to monitor inventory levels and determine reorder points.

	Collaboration
	Enables simple file exchange and collaboration (Todorova, 2019).
	Version control problems: Cooperative modifications may result in mistakes.
	Team members may update and track spending by using an Excel budget sheet (Choi et al, 2020).



In conclusion, this investigation emphasizes the hotel industry's dynamic character using data mining and text mining methodologies. The essay examines the benefits and drawbacks of SPSS and Excel for data analysis, placing special emphasis on each program's function in drawing conclusions from big datasets. The examination of data mining techniques demonstrates how they may be used in real-world situations for things like sentiment analysis and customer experience improvement through clustering. An example of how thorough data manipulation might reveal pricing tactics and client preferences is the study of hotel room prices and gender distribution. In the end, the article emphasizes how crucial data-driven insights are for driving corporate strategy, providing customized services, and adjusting to shifting market conditions. These strategies provide anyone with a competitive advantage, fostering success and growth in the fast-paced business world of today.
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Appendix
Appendix 1: Average Price Of Room Based On Years
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Appendix 2: Bar Chart of Average Price of Each Room Type
[image: ]
Appendix 3: Computation of Average Price of Each Room Type using Pivot Table
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Appendix 4: Average Cost Of Hotel Stays
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Appendix 5: SPSS Number of Male and Female
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Appendix 6: Number of Students Who Qualify for Lunch
[image: ]


Appendix 7: Mean And Mode Of Students Who Qualifies And Does Not Qualify For Reduced/Free Lunch
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Appendix 8: Mean And Median Differences of Students Pre-Test and Post-Test Scores
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