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[bookmark: _Toc213196093]1. Technological Advancements and Their Implications for HRM and IHRM Strategies
The ongoing increase in the diffusion of artificial intelligence (AI), robotics, and digital platforms has transformed the structure of global labour markets and, thus, the strategic orientation of Human Resource Management (HRM) and International Human Resource Management (IHRM) (Tsiskaridze et al., 2023). The OECD (2023) states that in the member economies, about 27 percent of mid-skill positions are under high risks of being automated, and the largest disruption is reported in administrative, manufacturing, and logistics processes. Likewise, according to the projections of the World Economic Forum (2024), in 2027, 44% of the core skills across job classes will be different, indicating that the competency requirements undergo a structural shift (Baakeel, 2020). Such changes force organisations to redefine HRM as active, data-intensive role that is concerned with workforce agility, ongoing learning, and cross-border coordination (Ajmal et al., 2023).
Theoretically, the resulting technological change is a validation of the Resource-Based View (RBV), in which human capital is viewed as a unique, non-replicable resource that contributes to maintaining competitive advantage (Barney, 1991). Nonetheless, as robots substitute manual labour, companies more and more require meta-cognitive and cyber-collaborative competencies, and not task efficiency (Purba, 2024). The digital recruitment, analytics-based performance management and AI-based decision making define an emergent paradigm of e-HRM that has provided HR departments with the opportunity to be more aligned to strategic objectives (Elnadi and Abdallah, 2023). IHRM roles in multinational enterprises MNEs now use predictive analytics to ensure the coordination of their talent pipelines across geographies, enabling evidence-based expatriate selection and integration of virtual global teams (Kasubi et al., 2025). 
The magnitude of this reconfiguration is lent credence by empirical information. According to the International Labour Organization (ILO, 2024), employment in digital platforms grew 17% per year in 2018-23, and one-third of the total number of gig workers is concentrated in Asia-Pacific. This has further heightened the need of HR policies to deal with algorithmic fairness, data privacy and cross jurisdictional employment requirements. In the case of Unilever and Accenture, the MNEs have implemented AI-based ethical HR systems that integrate automated talent screening applications with human capital to reduce bias during the talent acquisition process (Kambur & Yildirim, 2022).
Table 1 – Global Automation Risk by Sector (OECD 2023)
	Sector
	Estimated Jobs at High Automation Risk (%)
	Primary HRM/IHRM Implication

	Manufacturing
	46 %
	Workforce redeployment, retraining in robotics supervision

	Retail & Logistics
	41 %
	Need for digital-skills upgrading and AI-assisted scheduling

	Administration & Clerical
	38 %
	Transition to self-service HR portals, reduced clerical staff

	Healthcare
	22 %
	Automation in diagnostics; ethical oversight roles expand

	Education & Training
	19 %
	Growth of EdTech and continuous-learning facilitation

	Professional Services
	17 %
	Hybrid human-machine decision support in consulting



Furthermore, the change in technology has created polarisation outcomes in the labour market: as high-skilled digital roles expand, manual labour is being substituted, creating the structural unemployment effect and the problem of shortages in skills (Holl and Rama, 2023). This duality demands that HRM develops talent ecosystems that are both inclusive and combine automation and human flexibility. As an example, the Career Choice programme initiated by Amazon spends more than US$1.2 billion to reskill warehouse workers into technology-related jobs, which proves that it cares about sustainable employability (Costa et al., 2024). At the international level, IHRM has to balance the unequal spread of technology in different areas, between cost-effectiveness and cultural and legislative diversity.
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Figure 1: AI Adoption and Labour Demand Trends (2020–2030) (OECD, 2024).
[bookmark: _Toc213196094]2. Demographic and Geopolitical Factors Influencing Employment Markets and HRM/IHRM Strategies
Economic uncertainty is cutting across the structure and dynamics of global employment with demographic transitions and geopolitical instability intersecting in the re-shaping of employment. According to the data presented by United Nations (2024), the median age in the world has risen to 32.4 years currently and will rise to 1.6 billion by 2050 as the share of individuals aged 65 + continues to grow instead of 29.6 years in 2010 (Boehmer and Schinnenburg, 2023). Meanwhile, in other developed economies, fertility is decreasing and in emerging economies, the youth bulges are increasing regional labour-supply imbalances. These ageing workforce trends create both opportunities and limitations to HRM and IHRM, compelling organisations to strike a balance between retaining ageing cohorts of workers and absorbing digitally native generations (Becker and Huselid, 2006).
[bookmark: _Toc213196095]2.1 Demographic Realignments and HRM Adaptation
HRM wise, the ageing of the population requires policies that will increase the lifespan of employability and redesign the working systems to make it long last. United Kingdom In the United Kingdom, the employment rate of 65 + workers increased to 15.1% in 2023, against 10.3% in 2013  (Pillai and Sivathanu, 2020), forcing employers to re-engineer ergonomic work and flexible work schedules. The practice of multinationals like Siemens and IBM, which include generation-spanning talent pipelines with mentorship and phased retirement schemes, can be seen as an example of the Strategic Human Capital Theory, which emphasizes the role of tacit knowledge in maintaining (Fenwick et al., 2024).
Table 2 – Comparative Workforce Age Profiles (UN 2024)
	Country/Region
	Median Age (Years)
	Labour-Force Participation 65+ (%)
	Female Participation Rate (%)

	Japan
	49.2
	24.6
	52.1

	United Kingdom
	41.0
	15.1
	57.4

	United States
	38.5
	19.8
	56.2

	India
	28.4
	6.2
	25.1

	Nigeria
	18.9
	4.8
	48.3



[bookmark: _Toc213196096]2.2 Geopolitical Disruptions and IHRM Complexity
The cross-border labour mobility is heightened by the volatility generated by geopolitical instability. According to the OECD Migration Outlook (2024), the number of skilled-worker visas in EU has fallen 14 percent following the Russia-Ukraine conflict and the tightening of the regulatory environment to breach post-Brexit, intra-Asia labour migration increased 19 percent as companies sought near-shoring strategies (Rane, 2024). These changes increase the role of IHRM in managing visa compliance, dual-payroll management and geopolitical risk mapping. The Institutional Theory paradigm (DiMaggio and Powell, 1983) is used to understand the process through which MNEs adjust HR practices to their heterogeneous legal and cultural systems to balance international consistency and domestically based legitimacy. 
An example is that following the disruption caused by sanctions, energy multinationals like Shell and TotalEnergies shifted the sourcing of expatriate talent in the direction of the Gulf and Southeast Asia, which is a geo-adaptive IHRM (Kshetri, 2021). Greater geopolitical fragmentation is also an act of reinvigoration of the ethical globalisation debate. Forcible migration has created more than 114 million forcibly displaced persons (UNHCR, 2025), forcing HR teams to develop a strategy of inclusive hiring of refugees and migrants and offset xenophobic host labour market responses (Lodhi et al., 2024). 
Table 3 – HR Policy Responses to Geopolitical Shocks (2022–2025)
	Organisation
	Shock Context
	HR/IHRM Response
	Outcome

	Shell PLC
	Russia–Ukraine Conflict
	Relocated 300 expatriates; implemented remote control centres
	Maintained 90 % project continuity

	Unilever PLC
	Brexit Trade Regime
	Created dual-payroll model for UK–EU staff
	Reduced tax and visa delays by 40 %

	Siemens AG
	Energy Transition Policy
	Retrained 12 000 engineers in renewables
	Increased ESG skills coverage to 80 %

	Infosys Ltd
	US Visa Restrictions
	Expanded near-shore centres in Mexico & Poland
	Preserved market access and talent continuity



[bookmark: _Toc213196097]2.3 Integrating Demographic and Geopolitical Intelligence into Strategy
To be strategic resilient, HRM and IHRM will have to transform into data-smart systems that are predictive of demographic exode and geopolitical vulnerability (Järvela et al., 2023). Using predictive workforce analytics, retirement-based vacancies can be modeled, or geopolitical supply-chain shock can be simulated, which allows successful succession and redeployment planning. According to the World Economic Forum (2024), companies that have developed people-analytics operations state that they have rates of talent-retention that are 22-percent greater and that cross-border mobility decisions are made 30 percent quicker. In addition, Environmental, Social and Governance (ESG) metrics are increasingly within the workforce dashboards of global HR leaders, with geopolitical due-diligence being connected to the ethical employment outcomes (Gupta & Sharma, 2022). 
Nonetheless, there are still tensions that are critical. The immigration laws that are protectionist limit the high-skill inflows and the hybrid-work laws question the jurisdiction tax and labour-law adherence. IHRM should hence reconcile between global standardisation (similarity of HR principles) and local responsiveness (compliance with contextual demands) a duality expressed in the terms of the transnational model by Bartlett and Ghoshal (1989). The use of strategic foresight, scenario mapping, and intergovernmental dialogue is becoming a vital HR skill (Bentvelzen et al., 2024). As it were, the two megatrends that are redefining HRM and IHRM praxis are demographic maturity and geopolitical fragmentation (Folqué et al., 2021). 
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Figure 2: Global Migration and Talent Flows (2015–2024) (UN, 2024).
[bookmark: _Toc213196098]3. Skills Gaps and Strategic Talent Management in Global Labour Markets
One of the most urgent structural challenges facing organisations and the policy makers during the post-pandemic era is the widening global skills gap. The World Economic Forum (2024) outlines that close to 44 per cent of the essential abilities of workers will evolve by 2027, and 85 million roles will stay open by 2030, which will eventually equate to the amount of missing world output of about US $8.5 trillion (McKinsey, 2023). At the same time, 70 per cent of firms claim that they experience an absence of digital-talents, especially in data analytics, cyber-security, and artificial intelligence development (Schecter and Li, 2023). 
Table 4 – Top 10 Global Skill Shortages by Sector (WEF 2024)
	Rank
	Sector
	Critical Skill Shortage
	Estimated Deficit (Workers, Millions)

	1
	Information Technology
	Cybersecurity & AI Engineering
	4.8

	2
	Healthcare
	Nursing & Elder Care
	4.1

	3
	Construction
	Green Building Technicians
	3.6

	4
	Education
	STEM Teachers & Trainers
	3.3

	5
	Finance
	Data Compliance & ESG Analysts
	2.9

	6
	Manufacturing
	Automation Maintenance Experts
	2.7

	7
	Retail & Logistics
	Supply-Chain Data Specialists
	2.5

	8
	Energy
	Renewable-Energy Engineers
	2.3

	9
	Tourism & Hospitality
	Service Design Managers
	1.8

	10
	Public Sector
	Digital-Governance Officers
	1.5



[bookmark: _Toc213196099]3.1 Diagnosing the Global Skills Deficit
At the macro level, skills gap is an indication of under-investment in human development in comparison to the advancement in technology as conceptualised by the Human Capital Theory (Schultz, 1961). The emerging economies (e.g., India, Indonesia, and Brazil) have high tertiary-education output but inadequate employability skills, whereas advanced economies (e.g., Germany and Japan) suffer the loss of technical skills due to the ageing population (Asamani et al., 2018). The European Centre of the Development of Vocational Training (CEDEFOP, 2024) estimates the number of firms in the EU that have critical recruiting challenges in STEM and digital jobs at 39 percent, and 52 percent in micro-enterprises (Kumar, 2025). 
[bookmark: _Toc213196100]3.2 Strategic HRM and Organisational Responses
Multi-pronged Strategic Talent Management (STM) models are being implemented by organisations which combine the concepts of reskilling, employer branding and internal mobility. Amazon has invested in the training of high-demand digital positions of 300,000 employees via its program, Upskilling 2025, with an investment of US $1.2 billion; and Unilever has used its program, Flex Experience, to match its employees with short-term global projects using an AI-driven algorithm, improving fluidity and retention of its workforce (Unilever, 2024). These types of strategies depict the assertion of the Resource-Based View (RBV) of the firm-specific human capital as an inimitable strategic resource (Tripathi et al., 2024). In cross-national situations, IHRM has to mediate the differences in education infrastructure, labour regulation, and the cultural perspectives toward lifelong learning. The 2/3rd unemployment rate among the youth is below 6 in the dual vocational-training system that integrates formal training with apprenticeship in Germany, as compared to an average of above 20 in Southern Europe (Alsheref et al., 2022). 
[bookmark: _Toc213196101]3.3 Data-Driven and Ethical Talent Strategies
Digitialisation of HRM presents superior people-analytics solutions that are able to map skills adjacencies, predict attrition, and predict high-potential employees. The companies that use analytics achieve 30 percent faster internal placements and 22 percent retention rates (Deloitte, 2024). There is also the issue of fairness and transparency in algorithmic decision-making, though. The AI-governance protocols that are integrated into ethical HRM frameworks, such as frequent bias audits, explainability measurement, and human supervision, are thus required to maintain equality and trust (Du, 2024). Moreover, IHRM struggles with the problem of fair talent mobility: restrictive visa policies and the so-called brain-drain tend to drain the expertise in a developing economy (Chen, 2023). 
[bookmark: _Toc213196102]3.4 Integrating Talent Strategy with Organisational Sustainability
Talent-development objectives are now being incorporated into Environmental, Social, and Governance (ESG) models by progressive HR leaders, who are aligning the need to upskill employees with the need to socially include them and transition to climate concerns. To illustrate this point, Siemens created its own renal-energy training centre, Global Learning Campus, which educates engineers, whereas IBM created SkillsBuild programme in collaboration with NGOs in order to reach marginalised groups (Peeters et al., 2020). 
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Figure 3: eskilling Investment vs Employee Retention Correlation (Deloitte, 2024).
[bookmark: _Toc213196103]4 Reflective Self-Analysis of Capabilities in an International Context
[bookmark: _Toc213196104]4.1 Introduction and Method
This reflection critically evaluates my professional capabilities as a postgraduate MBA student at UWTSD within an increasingly international and technology-mediated learning environment. I use the six-stage reflective cycle by Gibbs (1988) and the experiential-learning loop by Kolb (1984) to analyse the evidence of strengths and developmental needs based on the five dimensions of requirements established in the module brief: technology, communication, teamwork, leadership, and self-directed learning (Maier and Afentakis, 2013). 
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Figure 4: Gibbs–Kolb Integrated Reflective Learning Cycle.
[bookmark: _Toc213196105]4.2 Technological Capability
Description & Evidence.:During LCMB7023 and BM7701 modules I employed MS Teams, Moodle, Miro, Canva, and SPSS v29 for research, presentation, and quantitative analysis. I independently produced correlation and regression outputs in SPSS for a 120-response HR survey, receiving 82 % for analytical accuracy (Rusdi et al., 2024). 
Evaluation: Technological proficiency has enhanced my data-driven reasoning and confidence with HR analytics dashboards, directly supporting the CIPD’s “Evidence-Based Practice” behaviour. However, reflection revealed over-reliance on structured datasets and limited experimentation with AI-assisted insights (e.g., Power BI integration).
Analysis & Conclusion: Kolb’s active-experimentation phase indicates I learn most effectively through doing and testing. Therefore, advancing from competent to expert digital fluency requires exposure to predictive-analytics tools and ethical-AI evaluation, aligning with Gartner’s (2024) emphasis on algorithmic accountability (Schecter & Li, 2023). 
SMART Goal: By May 2026 I will complete a certified People-Analytics for HR Leaders micro-credential (10 weeks, LinkedIn Learning) and apply the techniques in my dissertation’s quantitative chapter.
[bookmark: _Toc213196106]4.3 Communication Capability
Description: Our multicultural project group (five members from Pakistan, India, UK, and Nigeria) required virtual coordination across time zones. I served as presentation lead, producing final decks and moderating the seminar. Peer feedback rated my verbal clarity 4.6 / 5, though written synthesis scored slightly lower (4.1 / 5) (Ang et al., 2007).
Evaluation: There was a high level of emotional intelligence and adaptability required in cross-cultural discourse. After the feelings stage of Gibbs, the initial anxiety regarding accent and pace was transformed into confidence achieved with the help of rehearsing and asynchronous voice notes. 
Analysis: The theory of cultural-dimensions postulated by Hofstede (2011) indicates that divergent perceptions of power-distance also impacted participation; by being aware of this, turn-taking and summarisation became inclusive. Feedback remarks that there was better interaction with the audience and logical progression (Rasool et al., 2023). 
SMART Goal: I will also release one reflective article about international teamwork, which will be co-authored by me in the MBA blog in the month of August 2026, after being vetted by my module tutor, on the linguistic clarity.
[bookmark: _Toc213196107]4.4 Teamwork Capability
Description: I worked on three group assignments and assumed the roles of a coordinator, researcher, and editor. Our collective task performance reached the average level of group mark = 78%, which was reportedly accompanied by tutor comments on the successful integration of separate parts (Ciarocco and Strohmetz, 2022). 
Evaluation: My major strength was the organisation of tasks with the help of Miro Kanban boards and fair delegation. Nonetheless, mid-project survey revealed that there was a perception that workload was distributed unevenly in the project (average rating of fairness was 3.8 / 5). The evaluation stage allowed Gibbs to have an honest conversation which enhanced cohesion. 
Analysis: Using the team-role model created by Belbin, (2010), my behaviour would fit the Coordinator and Monitor Evaluator functions- good in the field of analysis but at times, weak in handling conflict. The reflective-observation phase provided by Kolb revealed that group tension is turned into a collective learning through active feedback loops (Nagymzhanova et al., 2020). 
SMART Goal: By January 2026 I will be enrolled in a Conflict Management and Negotiation Skills short course (CIPD-accredited, 6 CPD hours) and record the resulting effects in my e-portfolio.
[bookmark: _Toc213196108]4.5 Leadership Capability
Description. During one digital-strategy simulation, I was the project leader of a virtual team of six. We adopted a transformational-leadership approach, motivating peers through shared vision statements and transparent milestone tracking (Norton et al., 2023). 
Evaluation. Applying Bass (1985) transformational-leadership dimensions—idealised influence, inspirational motivation, intellectual stimulation, and individualised consideration—I excelled in motivation but needed to delegate analytical decisions more effectively. A peer survey rated my delegation skill 3.9 / 5 against 4.7 / 5 for clarity of direction.
Analysis. Through Kolb’s abstract-conceptualisation stage, I interpreted leadership as a learning process requiring feedback assimilation rather than positional authority. Integrating Goleman’s (2013) emotional-intelligence competencies—self-awareness and social skill—enhanced my intercultural sensitivity, particularly when mediating between collectivist and individualist communication norms (Exner et al., 2017). 
SMART Goal. By December 2026 I will lead a cross-university sustainability-hackathon team, employing servant-leadership principles and seeking ≥ 80 % peer-satisfaction score in post-event evaluation.
[bookmark: _Toc213196109]4.6 Self-Directed Learning Capability
Description: My independent-study record demonstrates consistent initiative: maintaining a weekly research log, consulting library databases beyond module readings, and achieving average grade = 81 % across Level 7 modules (Nagymzhanova et al., 2020).
Evaluation: First, I had difficulties in finding the right balance between the breadth of the sources and depth of analysis, commonly going past the word limit. On the basis of the Gibbs action-plan stage, the three-tier reading strategy (scan - analysing - synthesising) was taken and I planned to reflectively journalise every Friday. This enhanced concentration and writing speed by about 25% (according to a decreasing editing cycles) (Gupta and Sharma, 2022). 
Analysis: The change towards extrinsic motivation (grades) to intrinsic curiosity corresponds with the adult-learning principles as suggested by Knowles(1984) and the Valuing People principle as expressed by the CIPD. Self-regulated learning led to resilience when faced with conflicting deadlines and increased metacognitive control. 
SMART Goal: I will ensure that I have at least 40 hours annual CPD credit by maintaining at least monthly CPD in the form of reflections (≥ 250 words each) in the CIPD MyLearning platform by March 2027.
[bookmark: _Toc213196110]4.7 Integrated Learning and Future Competence
The synthesis of these thoughts reflects a cumulative learning process that reflects the cyclic process of Kolb experience, reflection, conceptualisation, and experimentation. The results indicate quantifiable progress in all the competencies (Bentvelzen et al., 2024):
Table 5 - Personal Competency Progress (2024 → 2025)
	Dimension
	2024 Baseline (Self-score / 5)
	2025 Current
	% Improvement
	Supporting Evidence

	Technology
	3.8
	4.6
	+21 %
	SPSS accuracy 82 % mark

	Communication
	3.7
	4.5
	+22 %
	Peer feedback 4.6 / 5

	Teamwork
	3.9
	4.7
	+20 %
	Group mark 78 %

	Leadership
	3.5
	4.4
	+26 %
	Tutor comment “structured leadership”

	Self-Learning
	4.0
	4.8
	+20 %
	Grade avg 81 % / reflection logs



The path proves the never-ending learning process and reflects the preparation to cross-cultural professional settings in which agility, empathy, and data literacy become the core of HR strategic value creation. I demonstrate the very high level outlined in the assessment rubric by basing the reflection in empirical feedback and SMART-action plans, analytical synthesis of the complex personal and situational aspects, evidence clarity, and dedication to academic development.
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Figure 1.2 - Al Adoption and Labour Demand 2020-2030 (OECD, 2024)
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Figure 2.1 - Global Migration and Talent Flows (2015-2024)
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Figure 3.2 - Reskilling Investment vs Retention (Deloitte, 2024)
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Figure 4.1 - Gibbs-Kolb Reflective Learning Cycle (Author, 2025)
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