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Introduction
Business Intelligence (BI) has evolved significantly in recent years, driven by emerging trends that empower the businesses to transform valuable data into actionable insights. The concept of Business Intelligence trends involves leveraging advanced technologies such as AI, NLP, and data democratisation to transform data into actionable insights (Bayer et al., 2017). Identifying their importance in modern businesses generally 5 major Business Intelligence trends have been focused.
[bookmark: _Toc141436858]1. Augmented Analytics
Description of the concept: Augmented analytics combines artificial intelligence (AI) and machine learning (ML) with Business Intelligence tools to automate data preparation, visualisation, and valuable insights generation making it much more accessible to non-technical users (Murugesan and Karthikeyan, 2016)
Applications: Augmented analytics simplifies the data analysis process by automating data cleansing, identifying patterns, and suggesting relevant visualisations. This allows companies to explore data in a much more effective way and make data-driven decisions in a faster manner. 
Limitations: The limitation of augmented analytics indicates that it heavily relies on the quality of the underlying data. This leads to the data used for analysis being flawed or biassed, leading to inaccurate insights as well as misleading conclusions.
Social impact: Augmented analytics has the potential to democratise data analysis, enabling more individuals across various industries to gain insights and make informed decisions. 
Ethical impact: Ensuring ethical use of augmented analytics, businesses maintain transparency about the algorithms used and the sources of data. Addressing potential biases in the data and algorithms is essential to avoid perpetuating discrimination or unfair treatment based on incorrect insights.
Industrial example: ASDA uses augmented analytics to analyse sales data, identify trends, and predict demand. AI-powered insights help ASDA to optimise inventory levels, plan promotions, and enhance customer experience (Patil, 2016). 
Insights gained: AI-powered insights thereby lead to automated data preparation and visualisation with improved decision-making as well as democratised data analysis for non-technical users.
[bookmark: _Toc141436859]2. Natural Language Processing (NLP)
Description of the concept: NLP integration with BI tools allows the users to interact with the data through spoken or written language. It simplifies the querying process while making data analysis as well as its exploration more intuitive and user-friendly
Applications: NLP enables the non-technical users to access as well as analyse the data without needing to write complex queries. As per Gupta and Jiwani, (2021), this enhances data accessibility while speeding up decision-making, and fostering a data-driven culture within the organisations.
Limitations: NLP technology faces challenges in understanding context-specific queries or colloquial language, leading to incorrect results (Marjamäki, 2017). 
Social impact: NLP helps in bridging the communication gap between technical and non-technical users, making data-driven insights much more accessible to a broader audience (Rathore and Sharma, 2022).
Ethical impact: Ethical concerns arise in terms of data privacy and security when using NLP (Purnomo et al., 2021). Businesses often need to ensure that the system does not inadvertently disclose sensitive or confidential information while responding to queries.
Industrial example: AstraZeneca plc. implements NLP in their Business Intelligence system to analyse unstructured patient feedback and medical records interpreting patient reviews and identifying common themes to improve healthcare services (Pereira et al., 2016).
Insights gained: This BI trend leads to simplified querying, real-time responses and enhanced data accessibility bridging the communication gap between technical and non-technical users.
[bookmark: _Toc141436860]3. Embedded Analytics
Description of the concept: It integrates the BI capabilities directly into the other BA or business applications, such as CRM systems or the marketing platforms (Liang and Liu, 2018). 
Applications: Embedded analytics empowers the users to access relevant data and insights without switching between multiple applications (Khder et al., 2021). This leads sales representatives to view the customer data and analytics within their CRM, enabling them to tailor their sales pitches based on real-time insights.
Limitations: The implementation of embedded analytics requires significant development efforts, especially when integrating with the existing applications.  Ensuring a seamless user experience and compatibility with different platforms indicates several challenges as well (Qushem et al., 2017).
Social impact: Embedded analytics also improve productivity and efficiency by reducing the time spent on data retrieval and analysis. By providing relevant insights in-context, it enables employees to focus on their core tasks, leading to better customer service and improved decision-making.
Ethical impact: It has been identified by Tripathi and Bagga, (2020), that businesses are also needed to be transparent about data collection and usage when embedding analytics into other applications. 
Industrial example: One common industrial example of embedded systems is in the automotive industry, where embedded systems are extensively used in modern vehicles. These embedded systems, often referred to as "Automotive Control Units" (ACUs), are specialised microcontrollers that manage various functions within the vehicle providing data and feedback towards the company. 
Insights gained: Embedded system indicates real-time data within applications, improving productivity, data-driven decision-making, and better customer service through in-context insights.
[bookmark: _Toc141436861]4. Data Democratisation
Description of the concept: Data democratisation involves making data available to a broader audience throughout the organisation, allowing employees at all levels to make data-driven decisions.
Applications: Data democratisation fosters a data-driven culture, where data is considered a shared asset, leading to more collaborative decision-making (Mirchandani and Gaur, 2019).
Limitations: Regarding data democratisation, lack of data literacy among users sometimes lead to misinterpretation of data and incorrect conclusions.
Social impact: In addition, the BI trends as data democratisation breaks down information silos within organisations, empowering employees at all levels to access data and contribute to decision-making. This inclusivity fosters a more transparent and accountable work environment. 
Ethical impact: Data privacy concerns mainly arise when sharing data between different systems, necessitating stringent security measures. Data democratisation therefore requires organisations to implement strong data governance policies to protect sensitive information and prevent unauthorised access.
E-commerce platforms like Shopify and Squarespace mainly integrate the embedded analytics into their seller dashboard where sellers can access real-time sales, inventory, and customer data within their dashboard, enabling better product management and marketing decisions.
Industrial example: Bentley as a leading company in the automobile sector adopts self-service BI, enabling plant managers to create customised production reports independently. This data democratisation allows various departments to access real-time data, fostering a data-driven culture.
Insights gained: A collaborative decision-making, data-driven culture and shared asset approach can be gained through this trend for inclusive insights across all levels.
[bookmark: _Toc141436862]5. Data Governance and Security
Description of the concept: Data governance involves defining policies, procedures, and roles related to data management, ensuring data integrity, quality and security throughout its lifecycle.
Applications: Data governance ensures the data being accurate, consistent and reliable making it much more valuable for decision-making. 
Limitations: Implementing data governance on the other hand is considered as time-consuming and resource-intensive, especially in larger organisations handling complex data ecosystems. 
Social impact: However, data breaches sometimes have severe social consequences, leading to reputational damage and loss of customer confidence. This leads to indicating the importance of data governance in an organisation. 
Ethical impact: On the other hand, data governance includes guidelines for ethical data collection and usage. Companies therefore are needed to maintain their transparency about data practices and obtain informed consent when collecting personal data ensuring ethical data handling. This leads to ensuring that businesses use data responsibly and respect individual privacy.
Industrial example: Barclays establishes data governance policies to ensure compliance with regulatory standards (Jakhar and Krishna, 2020). Robust data security measures protect customer financial data and prevent unauthorised access. 
Insights gained: This BI trend illustrates the different industries leveraging data integrity, reliable decision-making, protection against data breaches, and ethical data handling for customer trust and regulatory compliance.
[bookmark: _Toc141436863]Conclusion
Incorporating current Business Intelligence trends is essential for businesses to unlock the full potential of their data. Augmented analytics, data democratisation, NLP, embedded analytics and data governance offer unique opportunities to gain a competitive edge, foster a data-driven culture, and drive innovation in diverse industries. Embracing these trends is key to achieving long-term success and growth.
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