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Introduction 

The chosen BI system is the National Health Service (NHS), which embraces clinical, operating data such as HR and EPRs, which provide access to data analytics, visualisations and reporting. For instance, population-health analytics and effectiveness reporting with the use of machine learning (ML) for clinical risk assessment and adhering to the NHS’s privacy and security data guidelines. Data Services produces information to analysts working for NHS England in the form of data warehouses and packages of specific sets of data to provide evidence dashboards and reports to improve well-being across the UK. ETL processes transfer NHS raw data through platforms like Power BI, where the data is copied across and extracted from the original sources, so managers can assess the data from a variety of sources. These sources show that if the data is structured or unstructured, data evidence that is used within the NHS is primary, secondary and operational sources, which all have different components to extract their data from, such as radiology departments, optical and GP documents. A variety of NHS data were found and merged onto Power BI to create visualisations and PivotTables, where each data set was analysed and described. The data sets were effective overall, as they showed and provided insights into different data sources, for example, Mental health needs from 2022 to 2023 and also community services analytics from 2023 to 2025. Both data sets have their advantages and also their disadvantages; however, they both provide insights due to competitive edges and opportunities through the use of the layout of their data compared to competitors by strategically including key statistics.















Main Findings


System Design

Data Services was established by NHS England to ensure that information about the performance and impact of NHS services is available when decisions are made about the commissioning of health services. Data Services also ensures that information has been accessed legally in accordance with all applicable laws and mandatory guidance contained within the Health and Social Care Act 2012, the Care Act 2014 and the European Union General Data Protection Regulations 2018 (GDPR). Data Services provides information to analysts working for NHS England in the form of data warehouses and packages of specific sets of data. The packages of data produced enable analysts to provide evidence in the form of reports and dashboards to support the NHS drive to improve health and wellbeing across England. It also enables informed decisions to be made when planning for future patient services, for example, by providing the data for service evaluations (NHS England, 2025). Data sourcing layering intensifies the fact that the NHS’s community services data is classed as both internal and external structured sources, as it collects data from several systems and platforms.
ETL processes mean that it extracts, transforms, load—is a data integration process that combines, cleans and organises data from multiple sources into a single, consistent data set for storage in a data warehouse, data lake or other target system (IBM, 2021). In the form of ETL processes, it transfers NHS raw data that is copied across onto platforms like Power BI and extracted from the original sources so that managers can assess the data from a variety of sources. These sources are used to show whether the data is structured or unstructured. Some of the most popular data sources that are used within the NHS are primary, secondary and operational sources, which all have different platforms to extract their data from, such as radiology departments, optical and GP documents. However, within the operational data source, it is more heavily focused on finance and spreadsheets from different years within the NHS and is documented in the form of platforms like Excel. Furthermore, in the transform phase of ETL, the data is then processed, which is the most specific to the NHS for the reason that it involves aspects of coding and pseudonymisation. With regards to the data standardisation, some of the key transformations are demographics and coding to show all of the NHS numbers across the United Kingdom (UK); however, some personal details are to be removed, for example, names, addresses, and date of births. In this phase, it may also require filtering or cleaning of certain parts of the data that has been gathered, for example, switching or changing of rows and columns headers. 
Lastly, in the final phase of ETL processes, which is load, the gathered data is then kept and stored in an obtainable location and structure. For instance, the NHS data that was used is categorised into a data warehouse, as it is more commonly used for structured data. Examples of this include hospital statistics, security and cloud storage. Data warehousing contains details of all admissions, outpatient appointments and A&E attendances at NHS hospitals in England (NHS Digital, 2025). However, NHS data can also be categorised into a data Lakehouse as it does have a combination of both. Lakehouse’s accommodate unstructured data like video and audio, enable streaming data for real-time analytics, offer data governance and quality assurance, and support both reporting and predictive analytics from a single source of truth. Organisations that do so will be able to meet patients where they are, improve the quality and consistency of care, and deliver a better experience for patients and providers alike (Clegg, 2023).
OLAP operations (Online Analytical Processing) are used in places like the NHS and in healthcare data analysis. Operations like slicing, dicing, pivoting, roll-up, and drill-down help analysts explore data at different levels of detail. These techniques enable healthcare professionals to monitor patient trends, assess disease patterns, and make data-driven decisions for better public health strategies (Kaur, 2025). For these sets of data, it is used within the NHS to examine vast amounts of medical data for decision-making and enhancing patient confidentiality to help spread the data through frameworks like data warehouses. It is also used to show NHS A&E waiting times and the number of beds available.

As some of the data was not needed, tools from Excel, like trim, were used to remove some of the pieces that were not necessary. SQL was not chosen for the reason that Power Bi is able to compare different data sources, and it also uses visualisations, making it easier to understand compared to SQL, which just manages data sources. The key Power Bi benefits include its ability to transform complex data into clear, actionable insights. The platform excels in data integration, offering real-time analytics and interactive visualisations that make information accessible to all stakeholders. One of the primary advantages of Power BI is its user-friendly interface combined with powerful analytical capabilities, making it suitable for both beginners and advanced users (Moczulski, 2025). 

NHS health and social care data has immense value beyond the direct care of patients. It accelerates the discovery of new treatments from industry and academia and helps the NHS to plan better services. Some of the examples include safe settings, the environment prevents inappropriate access, or misuse and safe data, information is protected and is treated to protect confidentiality. Secure data environments must be adopted by organisations hosting NHS health and social care data for research and analysis. These environments have features that improve data privacy and security, which will help build public trust in the use of their data. (Department of Health & Social Care, 2022). One form for ensuring data security and data management is that the NHS Resolution has been asked to share data from claims reported to us with the Getting it Right First Time Programme, which is hosted by NHS Improvement. The Getting It Right First Time (GIRFT) programme is helping to improve the quality of care within the NHS by reducing unwarranted variations. The information that will be shared is as follows: Patient age at incident, NHS Resolution Claim Reference, Claim ID and Description of medical negligence claim, including dates of incident, date of case creation (notification), case status and outcome, damages paid, case costs, causes and injury sustained. The Secretary of State for Health, through the Confidential Advisory Group (CAG), has approved the application by NHS Improvement on behalf of GIRFT to access this information, and NHS Resolution has carried out its own analysis to determine the security of staff and patients (NHS Resolution, 2025).

Excel Implementation and Data Analysis

The NHS data and analytics were gathered through the NHS website to show all of the community services in the UK from the years 2023 to 2025. Data warehouse integration is the process of consolidating structured and unstructured data from heterogeneous systems into a centralised data warehouse for analysis. It involves extracting records from transactional databases (Golombek, 2025). The NHS data were imported through Excel files onto Power BI and categorised into various forms, such as time, date and year, by exploring a range of different graphs and tables. This is an example of why Power Bi is a good intelligence tool to use, as you can input lots of different tasks straight into Excel, and it is also good for comparing separate data that has no correlation. Reshaping and cleaning of the NHS data was utilised by using a variation of Excel functions and tools in order to make the data more susceptible to what is needed. Firstly, one of the textiles and functions used was the trim tool, as the data results had some empty spaces within a few of the rows and columns on both sets of gathered data. 

Screenshot (SS 1 Appendix) The Excel Pivot Table serves as a layer of semantics for the BI system of the NHS, allowing researchers to examine combined data without changing the data sets that underlie it. Each row in this Pivot Table proceeds to display the year below each of the regions, for example, 2023 to 2024 and London. Every column depicts a KPI that was analysed and has a calculated value chain. The metrics are most likely generated in the ETL process prior to being stored in a data warehouse. The Sum of Normalised Weighted Population is reflected due to the population figures and data modified by using a normalisation or weighting technique in the NHS for distributing resources in an appropriate way. Furthermore, the Sum of Normalised Travel Time shows the accessibility of adjusted trip time, normalised and also weighted. It also plays a role in the BI system by contributing to the placement of services and modelling competitiveness in BI dashboards. The count of R23 is fairly populated in certain rows, which is useful for separating regions, for instance, using colours or highlighting similarities of the data at hand and also data confirmation to see how accurate it is. The rows throughout are a mixture of Years, Contacts and Combined weighted population as they are categorised into hierarchy levels of NHS data. The raw data and metrics, such as the population and region, are from government principles like the NHS website, data warehouses like the Years are kept in data and dimension tables. Screenshot (2) carefully shows row dimensions with the row labels indicating Combined Weighted Population, with Year and contacts included. A fact table metric is shown in each column to show KPI measurements, which are also produced during the ETL phase. The Sum of Registered Population column G shows the total population for the specified region and years combined, which is important for planning availability. Furthermore, the Sum of Travel Time column H shows the trend of a normalised measure that evaluates access during travel time, with its BI function being used for patients travelling from across regions and analysing anomalies within the data. Additionally, the Count measures in columns E and F ensure that every area provides the anticipated numbers of data by acting as row verification procedures. They are employed prior to metrics being implemented in dashboards in order to verify data accuracy. The PivotTable shows how the framework controls how the data is sectioned and grouped, with KPIs portrayed as headers.

Furthermore, screenshot (3) was generated by Power BI and constructed into a PivotTable to showcase the overall data. It showcases the number of mental health cases across the UK regions within the NHS in 2022. The Sum of Need Index shows the NHS BI as it is utilised for requirements-based distribution, poverty and also healthcare impacts across the UK. Secondly, the Sum of Normalised Weighted Population demonstrates the standard amount of population figures across the regions by calculating capitation equations. Thirdly, the Count of R23 is an indicator of the frequencies of records utilised for QC and data comprehensiveness. As stated, all of the bottom rows in the PivotTable account for all of the totals. The values are now presented; therefore, the metrics are displayed across the top panels in the column areas.

Patient data is also used for purposes that go beyond an individual’s care – to enable NHS organisations to understand the health needs of their local population, to monitor and manage services, and for research (Evans, 2018). Additionally, this is shown in screenshots (4) and (5) by the public health needs. The Sum of Travel Time assesses travel times for patients across the regions indicated in the data. These ss provide ETLs where the data is cleaned and normalised to get a better understanding of what is being shown. The Sum of Registered Population is the number of GP appointments appointed each year, and in each different region, there is an increase in Staff in general practice, carrying out 367.4 million appointments in 2024 compared to 300 million in 2019, an increase of 22.5% in five years (Karampatakis, 2019). Furthermore, the data displays page sorting, for example, regions and the years, as it is consistent with the PivotTable tools in Power Bi. In this PivotTable, the years shown are 2024 to 2025; these stand for the geometric characteristics grouped by KPIs in the form of R23 and region.   

Lastly, SS (6 & 7) Sum of Normalised Travel Time Adjusted represents whether any patients have difficulty arriving at normalised appointments, as it means that cross-area comparisons and average values were created and scaled. Secondly, the Sum of Contacts shows the number of interactions from across the UK that aid in calculation service usage and demand within the regions to report back to the NHS about what their figures are showing to help and improve wait times. Thirdly, the year 2022 broadcasts modelling-related baseline and benchmark values by also showing future KPIs. The rows were originally from Time Dimension using the year when analysing trends. Lastly, the Count of R23 is used to show if the rows are grouped correctly and see which regions have the highest population count, as these are the ones to look more closely at, as they may be in danger of overload. The overall totals were produced directly by Power Bi to make sure that everything was accurately calculated. Visualisations (1 and 2) were created with the data through bar and line charts to showcase the mental health needs and also the community needs. These were also created by using Power BI to show a more colourful and detailed way of looking at the data at hand.


Critical Evaluation

NHS, the chosen BI system, is effective overall, as it demonstrates and provides insights into multiple different data sources, for example, Mental health needs from 2022 to 2023 and also community services analytics from 2023 to 2025. For community services, it is effective as it gives evidence from a range of different regions in the UK and years including 2022, 2023, 2024 and 2025, which helps imply and facilitate comparisons and trend identifications. An example of this includes the Midlands vs London registered populations, as there is an increase every year, putting more strain on the NHS to try and accommodate the use of fewer beds available and not enough staff to cater to the patients. Furthermore, the effectiveness of this data in particular enables you to see the use of the key columns, such as contacts and travel time (tt) index, to further show administrators the relative needs within the NHS. As stated in an NHS blog, A year ago, we signalled the start of a journey on data with the publication of Data Saves Lives, our data strategy for health and social care. The pandemic showed us the power of data to transform health and care, and due to the urgency, we learned to work differently. Our vision in Data Saves Lives is to build public trust and establish modern data systems that are fit for purpose. We also want to improve how we use data in the health service (for direct care, planning, research, and innovation), and across adult social care. Over the last 12 months, we’ve delivered over half of the commitments made in the strategy (Tang, 2023). Correspondingly, Mental health needs are effective as it shows patients and employees which regions are more affected and which hospitals in the area may need to prioritise it more. This is shown through the practices section and the mental health need index. 

Community services data is very successful in providing strategic insights in the way that it highlights in the travel time index the less privileged areas across the United Kingdom. An example of this is clinic locations and mental health units. Poverty impacts negatively on children’s health and future life chances. Access to the UK’s National Health Service (NHS) is based on clinical need rather than the ability to pay, but horizontal inequities in access exist (Bidmead and Hayes, 2024). Another key strategic insight for this data is that the signals in trends such as index fluctuation from one year to the next can reveal whether the demand for policies and actions is shifting. On average, at any given time, five percent of NHS England hospital beds are occupied by patients awaiting discharge, and the majority of these beds are in acute care. A recent study coordinated by the NIHR and researchers from the Nuffield Department of Population Health at the University of Oxford found that caring for vulnerable, older people at home can improve patient outcomes (Post, 2023). 

Mental health needs data is successful in providing strategic insights due to it including competitive edges and opportunities through the use of focusing on how to vary the layout of their data compared to competitors by strategically including key statistics. This is important as a recent review of more than 150,000 people in 29 countries found that around one in two people will develop at least one mental health condition in their lifetimes (Blackburn, 2019). The mental health crisis across the UK has seen an increase in recent years and like the NHS healthcare are seeing more and more young people mental health reaching an all-time high as stated by them We want to support an increase in access to high-quality children and young people's mental health services, so that by 2023/24 an additional 345,000 people (aged 0-25 years) can access NHS-funded mental health services (NHS England Health, 2025).

Nevertheless, data like community services are prone to some challenges and limitations. These include that it significantly lacks a variety of factors, including age, gender and quality. The quality of the data can be questionable, as we do not know how many times the data has been refreshed or updated in the past year or so. To increase the effectiveness of this data in the future, more visualisations can be added, such as graphs and pivot tables for each change that occurs. Similarly, for the NHS’s mental health data records, it too does lack some statistics due to it only covering counties across England and not the rest of the UK. Similar to community services, mental health data have limitations, for example, the mental health index is not always accurate as insufficient workforces may not include all of their patient’s data, leading to miscounted statistics. Another limitation is that the data is not accounted for in every city, just generalised into wide regions like London and the Northwest, resulting in numerous sections of data missing, and it is not stable in the long-term.

The scalability of the community services shows that the current data is regional and yearly, showing that the smaller amounts of data are deemed reliable, as the BI system, like the NHS, can expand to include coverage across entire countries. The NHS has increased its adaptability to future technology. Throughout the pandemic, the progress of community providers towards the digital transformation envisaged in the NHS Long Term Plan has accelerated. NHS Foundation Trust’s digital health service rapidly expanded its size and scope, and this has helped it to treat older people in care homes in collaboration with partner organisations. It uses remote monitoring, shared patient records, downloadable prescriptions and other tools which have led to a reduction in emergency attendances and admissions as well as fewer GP, ambulance and community team callouts to care homes (Ridley, 2021). The scalability of mental health data on future technologies is shown through the reliance on digital platforms like EHRs to store their data. It can make operations and services more efficient, for example, through electronic patient records; enable earlier interventions and support people while they are on a waiting list for care (NHS Confederation, 2023b). It also shows that a trusted technology partner that understands mental health and offers a structured, well-tested approach can make a significant difference to the online approach of appointments (Health Service Journal, 2025).

There are always concerns with BI systems, such as the NHS, due to the high risks of data leakages and personal records being exploited by some people; these ethical concerns may seem to be alarming. The NHS-DS provides a useful grey-area case, particularly regarding the legal and ethical design of public data institutions that enrol participants, and gather, guard and distribute their sensitive data (Johnson and Kollnig, 2022). This calls for concerns, particularly with patients who have data privacy worries. However, some people may be willing to share personal data, for example, through social media or brand loyalty cards, but others will be more cautious. Individuals are prepared to make different trade-offs, depending on the benefits they receive in return. It may also depend on the type of data, for example, whether it relates to finances, health, travel or purchases (Understanding Patient Data, 2018).





Conclusion 

In conclusion, having strong data resources for a BI system like the NHS ensures that strict data quality standards are necessary to encourage it to be successful in all healthcare aspects. With regards to data warehouses, both sets of NHS data were categorised into a data Lakehouse as it combines and supports unstructured data. ETL processes and OLAP operations play an important role within the business for transferring NHS raw data across platforms such as Power BI, and OLAP operations are used to assess and examine medical data and patient waiting times. A form for ensuring data security and data management within the NHS is NHS Resolution and GIRFT, which is a programme that improves the quality of care by lowering unjustified variations, for instance, in patients' ages. Collectively, over the two sets of data gathered, reshaping and cleaning across the data was achieved by using key Excel tools like the trim tool for unnecessary columns or rows of empty data to remove inconsistencies from occurring. As always, limitations are prone in data sources, especially community services and mental health needs; these include a variety of factors, including age, gender and quality. Furthermore, the mental health data is not included for every city, just generalised into a wide range of regions. The NHS data sets were created into visualisations and PivotTables on Power BI to showcase each individual panel and column and were described in detail. For example, the region, population, year and time from across the UK and how when the population progressively increased, so did the amount of health issues.
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Visualisations 1 and 2 
[image: A screenshot of a computer

AI-generated content may be incorrect.]
[image: A screenshot of a computer

AI-generated content may be incorrect.]

[image: A table with numbers and text

AI-generated content may be incorrect.]





1

image3.jpeg
Ve N oW N

B c D E F

A .
—!valws PivotTable Fields X
Row Labels Sum of Need Index  Sum of Normalised weighted population Sum of Normalised Travel Time adjusted WP Count of R23_Count of Reglon23 SUM € ¢y s to ad o the report and drag therm between the areas
£7118843.88150635 0.665230771 7541244.944 6829836.942 1 1 below:
£3076957.10091192 0.665230771 7541244.944 6829836.942 1 1 o
2023-24 0665230771 7541244.944 6829836.942 1 1 i
7311236.05608844 1210934796 7082420.973 7467791.408 1 1 Q  search 7 Fitters
512889749.06227833 1210934796 7082420.973 7467791.408 1 1 > [E] Region y0
202324 1.210934796 7082420.973 7467791.408 1 1
£7353090.18146794 1032867243 7191859.726 7463404.11 1 1 - [F] Region y1 =
£12934401.94802965 1.032867243 7191859.726 7463404.11 T 1 [Z) Combined wei. RS
202324 1.032867243 7191859.726 746340411 1 1 ) | Combined weighted popul...
18033015.68840248 1040220054 8209374374 7912351.02 1 1 & contacts 5:;‘"‘“’
3349565.35198153 1.040220054 8209374.374 7912351.02 1 1 i
202324 1.040220054 8209374.374 7912351.02 1 1
=9633835.27947969 1.000967518 9538161.267 9699295.469 1 1 () Normalised Tr. 01l Columns
£3891733.16357832 1.000967518 9538161.267 9699295.469 1 1 . Values
() Normalised w..
202324 1.000967518 9538161.267 9699295.469 a 1
910118313.7342826 1117823063 10073119.74 10149235.48 1 1 ) Rz
£4110005.38113305 1117823063 10073119.74 10149235.48 1 1 iy Z Valves
2023-24 1.117823063 10073119.74 10149235.48 1 1 (2 Regionzs Sum of Need Index
< Sum of Normalised weigh
£12335212.5025126 1059116279 122673663 12381632.89 1 1 © Registered po... i of sk Wi
£5005295.56376506 1059116279 122673663 12381632.89 1 1 S
2023-24 1.059116279 12267366.3 12381632.89 1 1 () Travel Time (r. oL
Count of Region23
161903547.3237401 1 61903547.32 61903547.32 1 .
(©) WP xTTindex Sum of Registered populati
£25257707.5716779 1 61903547.32 61903547.32 1 -~ Sum of Travel Time (1) ind.
Total 1 61903547.32 61903547.32 1 © Year Sum of WP x TT index
Grand Total 8127159724 123807094.6 123807094.6 7 8

1 @ Region y2
= Regionindex + I





image4.jpeg
D E F G H 1

B} PivotTable Fields U
250 Sumof Normalised Travel Time adjusted WP Count of R23 Count of Region23 Sum of Registered population Sum of Travel Time (TT) index Sum of WP x TT index
34944 6829836.942 1 1 10701314.77 0.906087887 6833030.699  Choose fields to add to the report and drag them between the areas
44944 6829836.942 1 3 10701314.77 0.906087887 6833030699 IO
54904 6829836.942 1 1 10701314.77 0906087887 6833030699 &
60973 7467791.408 1 a 6037679.388 1.054905309 B —, i
70973 7467791.408 1 T 6037679.388 1.054905309 7471283.484
80973 7467791.408 1 1 6037679388 1054905309 7arizs3aga | B Regony0
99726 7463404.11 s 1 7119104.83 1.03824246 466894135 | [y poion vt
10 9.726 7463404.11 1 i 7119104.83 103824246 7466894.135 — = Rows
119726 746340411 1 1 7119104.83 1.03824246 7466894.135 s i [ Combined weighted popul..~
124374 7912351.02 1 1 7722419557 0964269702 7916050.981 () contacts Contacts
134374 7912351.02 1 1 7722419.557 0964269702 7916050.981 - Vear
14 4.374 7912351.02 1 1 7722419.557 0.964269702 7916050.981 (/) Need Index
15 1.267 9699295.469 1 1 9624523.381 1017369152 9703831.037
() Normalised Tr... | i columns
16 1.267 9699295.469 1 1 9624523.381 1017369152 9703831.037
17 1.267 9699295.469 1 1 9624523.381 1.017369152 9703831.037 (/) Normalised w... Values
181974 10149235.48 ! 1 9051802.624 1.008027475 10153981.45 .
191974 10149235.48 1 1 9051802.624 1.008027475 10153981.45 &) ' 5 Values
20 19.78 10149235.48 1 1 9051802.624 1.008027475 10153981.45 () Region23 T
211366.3 12381632.89 1 1 11646702.77 1.009786654 12387422.77 X S ot o R W
22 366.3 12381632.89 1 1 11646702.77 1.009786654 12387422.77 (/) Registered po... Sum of Normalised Travel
23 366.3 12381632.89 1 1 11646702.77 1.009786654 12387422.77 @ Travel Time . Count of R23
24 47.32 61903547.32 i 61903547.32 1.000467618 61932494.56 . Count of Region23
25 47.32 61903547.32 1 61903547.32 1.000467618 61932494.56 [£) WP xTT index Sum of Registered populati
26 47.32 61903547.32 1 61903547.32 1.000467618 61932494.56 i Sum of Travel Time (TT) ind.
27 0946 123807094.6 7 8 1238070946 7.999156257 123864989.1 & Year SUmGEWPXFE index
2
= 1 [ Regiony2

= Regionindex + c




image5.jpeg
(A File~ View- Readingview Mobilelayout Open semanticmodel - ¢ B
tome | Ko, ed  Menalhesthneed ndex  Normaed weighted population  Pracies 23 Ram weighted popuiaton R Regutered popubaon e k |
agevsed Mol beshnedinde_ Noised wehedpopin_ Prctkes W53 S wegied opiion_ Segon T ———— o z
o v e ssassomsaen o e e s T
» Vs ssows s e S et e
Wotkpaces || 115 h s s vz pr prrrn o Q search
W ssasen e @ v oo el ted o izbe
o ||= Soesoriasre s e T Gerumsm otk Gatdee s oz 1 v g e bie 1
e 2 1.1800763340516718 12575623.06326179 195 Y6 8606285356859497 London 10660007 916666664 2022 base. = e L
w o stesnie s o e e T, 0 e B LD average us.
wotspace || Cusssemaseas  Tosoeasonass o seansesenn Sommes i vear .
: s cmalised
W |y | B Nomisedwe:
Untited. Filter type © B Practices
IS Basic itering 8 3
2 search B Rawveighed
Lo O selectal S reoin
= B egsterd pop.
) O 2022buse
Untitled © Total 1 8 Yo
e Columns
i - |
U} 207 - UDaveragewsed v x
fegn Mental bealt e n. + *
e
Nomalised weighted .. <
O Reauiresinleseecton
] g Practces v
fegon o
index Add data fields here L

Raw weighted popula.. v *
Region v
Registered population ~ *

Filters on all pages.

Add data fieds here L S

4 Dril theough
N . | D





image6.jpeg
A [ c D E F

PivotTable Fields G 5%
1 values
2 Row Labels Sum of Travel Time (TT) index _Sum of Need Index _Count of R23._Sum of Contacts _ Sum of Combined weighted population Sum of Registered  ciyoose ields toadd tothe report and drag them between the areas
3 £1202425 6.999260978 7.127038287 7 257481904 62154630.31 below:
4| 116845480.41975113 0.906085901 0.664264131 1 312973657 7131175614 -
5 London 0.906085901 0.664264131 1 312973657 7131175614
6 =7503470.77000416 1.038281591 1033633295 1 2993782638 7388291185 Q_ search ¥ Filers
7| Eastof England 1.038281591 1.033633295 1 2993782638 7388291.185 (=R s
8 ©17524836.45391875 1055037754 121219515 1 2954624.46 7362568.525 3 yaar
9 South West 1.055037754 121219515 1 2954624.46 7362568.525 - S Rows
10 97927777.56014331 0.9642995 1037897267 1 3405749791 8044064.807 B ey =
11 North West 09642995 1.037897267 1 3405749.791 8044064.807 i
12 =9758945.70640872 1017385636 1.002986163 1 3973658352 9687569.076 &) Combined wei.v (I ¥ ;:; ;”dex
13 South East 1.017385636 1.002986163 1 3973658352 9687569.076 5 “comiess e
14 910176297.2750992 1.008080229 1.117400016 1 4181844816 10139377.02
15 North East and Yorkshire 1.008080229 1.117400016 1 4181844816 10139377.02 () Need index 0l Columns
16 12456768.0330759 1.010090367 1058662265 1 5108793777 12401584.08 5 e Values
17| Midiands 1.010090367 1058662265 1 5108793.777 12401584.08 =
18 STotal 1.000626597 1 25748190.4 62154630.31 () Normalised w..
19 £62193576.2184013 1.000626597 1 25748190.4 62154630.31 . Vel
20 England 1.000626597 1 25748190.4 62154630.31 &) Ras Sum of el Time (T7) inc,
21 Grand Total 7.999887575 8127038287 7 5149638081 124309260.6 @ Region23 z“n""n“’:‘;j‘i Indek
= < Sum of Contacts
2 &) Registered po... Sum of Combined weighte.
2 () Travel Time (T. Sum of Registered populati.
25 : Sum of Normalised weight
% (Z) WP xTTindex Sum of Normalised Travel
- @ vear

= Regionindex +





image7.jpeg
D E F G H )
1

2 ntofR23 Sum of Contacts Sum of Registered population Sum of Normalised weighted population  Sum of Normalised Travel Time adjusted WP

3 7 25748190.4 62154630.31 6215463031 6215463031
a 1 312973657 10735451.89 755500159 6841193.748
5 1 312973657 10735451.89 7555001.59 6841193.748
6 1 2993782638 7147884.282 7226816.726 7498772.061
7] 1 2993782638 7147884.282 7226816.726 7498772.061
8 1 2954624.46 6073748542 7132291.168 7520124.366
9 T 2954624.46 6073748.502 7132291.168 7520124.366
10 1 3405749.791 7750347.805 8221281413 7922813.149
1 1 3405749.791 7750347.805 8221281413 7922813.149
12 1 3973658.352 9658726.548 9592179566 9752834609
13 1 3973658.352 9658726.548 9592179.566 9752834.609
14 1 4181844816 9074079.894 10094729.55 10169924.83
15 1 4181844.816 9074079.894 10094729.55 10169924.83
16 1 5108793.777 1171439135 1233233029 12448967.55
17 1 5108793.777 1171439135 1233233029 12448967.55
18 25748190.4 62154630.31 62154630.31 6215463031
19 25748190.4 62154630.31 6215463031 62154630.31
20 25748190.4 6215463031 6215463031 6215463031
21 7 5149638081 124309260.6 124309260.6 124309260.6

2




image8.jpeg
No s W N

10
11
12
13
14
15
16
17
18
19

A B c D E F G H
values

Row Labels | Sum of Normalised Travel Time adjusted WP Sum of Contacts Sum of Normalised weighted population  Sum of CS Need Index Count of R23 Count of Region23  Sum of Registered population  Sum of Registered pc
=17104737.80659999 6816747.296 3023362.633 7525653.297 0.666485228 1 1 10660007.92

2022 base 6816747.296 3023362.633 7525653.297 0.666485228 1 3 10660007.92
-17260438.47842646 7415984.444 2825483.302 7033098.674 1.209782866 1 1 6001439.333 .

2022 base 7415984.444 2825483.302 7033098.674 1.209782866 1 3 6001439.333 i
17314501.13610629 7424533.463 2873926.658 7153682.259 1.031807229 1 1 7089019.083

2022 base 7424533.463 2873926.658 7153682.259 1.031807229 1 1 7089019.083
=18015784.56976401 7895806.062 3290716.008 8191140.39 1.041880468 1 7693574.083

2022 base 7895806.062 3290716.008 8191140.39 1.041880468 1 & 7693574.083
=19578277.94829522 9643848.331 3809485.018 9482442.882 0.998873939 1 1 9589075.833 !

2022 base 9643848.331 3809485.018 9482442.882 0.998873939 b 2 1 9589075.833 ‘
110092029.7641212 10123268.36 4036038.67 10046372.67 1.117768754 1 | 9028727.75

2022 base 10123268.36 4036038.67 10046372.67 1117768754 1 1 9028727.75
112273688.1300202 12319269.87 4904078.194 12207067.66 1.060122432 1 1 11577613.83

2022 base 12319269.87 4904078.194 12207067.66 1.060122432 : ) 3 11577613.83
=161639457.8333333 61639457.83 24763090.48 61639457.83 1  } 61639457.83 L

Total 61639457.83 24763090.48 61639457.83 X b3 61639457.83 \
Grand Total 123278915.7 49526180.97 123278915.7 8.126720916 g 4 8 123278915.7




image9.jpeg
1
2. Sum of Registered population Sum of Registered population2  Sum of Travel Time (TT) index  Sum of WP x TT index

31 10660007.92 10660007.92 0.906091529 6818930.703
41 10660007.92 10660007.92 0.906091529 6818930.703
51 6001439.333 6001439.333 1054778289 7418359.787
61 6001439.333 6001439.333 1.054778289 7418359.787
7)1 7089019.083 7089019.083 1038194216 7426911.544
81 7089019.083 7089019.083 1.038194216 7426911.544
9|1 7693574.083 7693574.083 0.964253415 7898335.092)
101 7693574.083 7693574.083 0.964253415 7898335.092
11 9589075.833 9589075.833 1017347257 9646937.259
121 9589075.833 9589075.833 1.017347257 9646937.259
131 9028727.75 9028727.75 1.007976827 10126510.85
141 9028727.75 9028727.75 1.007976827 10126510.85
151 11577613.83 11577613.83 1.009514822 12323215.74
161 11577613.83 11577613.83 1.009514822 12323215.74
171 61639457.83 61639457.83 1.0003203 61659200.98
181 61639457.83 61639457.83 1.0003203 61659200.98
19'8 123278915.7 123278915.7 7.998476657 123318402




image10.jpeg
@ Difie~ - bgont v @ Shae | 8 bplore (B Subcr

0 swsen 0 wor | £ kst Dcwin @ O~ O~|0 @ @
S o o e >
s s
e | e
= [ = 5
. s
o n &
PERRE EEEgE .
- by

o

oy

sumofomased v
oy

[rar—
ey

oy
ey




image11.jpeg
R D~ > bpon v @ Swe  bolore (@ Sibsaibe O Setoert © Montor | £ £t

He He ife fo e o fo 1

Sum ot Combined weigs
Boputaion Sum afConacs Sum of
B e Sum ot ormatees.

Sum o Compinedwaign
Bopuiaion Sum ol Comacs Sum of
R ndes S ot wormatsed

SumatCompinedwagn
Randes. Som ot Normaeed Ty

::7!7]

a

CEREREEES
= fiters
& sowen

[ T —




image12.png
Region_index

outputs

2022 base

202324

202025

&3

&3

North East and Yorkshiro
North West

Midlands

Eastof England

London

South East
South West

North East and Yorkshire
North West

Miclands

Eastof England

London

South East

South West

North East and Yorkshire
North West

Midlands.

Eastof England

London

South East

South West

9028728|F 4036039 7
7e0s574|7 32907167
1sT7614[r 4904078 7
Tos019|r 28739277
10660008[7 3023363 7

7 38004857

7 28254837

90516037 41100057
7722420| 33495657
1646703)F 5005296 7
7119105 20344027
10701315)7 3076957 7
96205237 38917337
6037679)7 28897497

907a080| 41818457
7750348|7 3405750 7
1714391)7 51087947
71a7884|F 29937837
107ssas2|r 329737 ¥
o658727|7 3973658 7
6073749) 295456247

10,046,373
8,191,140
12,207,068
7,153,682,
7,525,653

10,073,120
8200374,
12,267,366
7,191,860
7,541,245
953,161

10,004,730)
8221281
12332330
7226817
7,555,002,
9,592,180

7132291

1,008 7 10,126,511 7
09647 7,898,335 7
10107 12323216
10387 74269127
09087 68189317
10177 9646937 7
10557 7,418,360 7

1,008 7 10,153,981 7
0964 7 7916051 7
10107 12387423 7
10387 7,466,894
09067 68330317
10177 97038317
10557 74712837

1,008 7 10,176,297 7
09647 79277787
1,010 12,456,768 7
10387 75034717
09067 6845480 7
10177 9758048
1,055 7 752483 7

10,123,268

7,895,806
12319270
7.4245%)
6816,747]
964384
7,415,984,

AAAARAL

10,149,235
7912351
12381633
7,463,404
6829837
9699295
7,467,791

AAARAAL

10,169,925
7922813
12,448,968
7,498.772)
6841,194)
9752835
7,520,124

AAMARAL

10,082,030

10118314
8033016
12,335213
7,353,000
7118844
0633835
7,311,236

10139377

9578278
7,260,438





image1.png




image2.png




