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[bookmark: _Toc215940093]Abstract
This dissertation research paper explores the performance of digital marketing strategies in improving patient interactions and uptake of services in the UK healthcare industry. With the shift to a so-called digital-first model of patient service, one key gap in the NHS is the lack of insight into how marketing strategies can be put into practice, with quantifiable patient outcomes as an essential metric. With positivist philosophy and a deductive approach, this paper used a quantitative survey of 150 adults in the United Kingdom online to hypothesise based on the Technology Acceptance Model (TAM) and the Theory of Planned Behaviour (TPB).
These results show that there is a great discrepancy between the strategy of the institution and patient behaviour. Although healthcare providers give preference to proprietary platforms, patients prefer to use social media (33%), Email (27%), rather than the NHS App (13%). The multiple regression analysis showed that Perceived Ease of Use (β = 0.142, p = 0.024) was recently related to service uptake, and no significant relationship was observed between Perceived Effectiveness (β= -0.052, p = 0.548) and service uptake, as (conventional) assumptions of the TAM in the context of healthcare. Importantly, Content Relevance emerged as the most significant uptake predictor (r = 0.48), indicating the need to personalise. Moreover, the research found the existence of important demographic differences in that age moderately increases vulnerability to digital influence (F = 7.346, p < 0.001), and ironically, older adults were more susceptible to digital messaging compared to the digital natives.
The study arrives at the conclusion that the present one-size-fits-all approaches can make the problem of digital exclusion worse. It advises healthcare professionals in the UK to use multi-channel, usability-centred marketing practices that emphasise customised content, in an effort to narrow the gap between the amount of infrastructure funding invested and the level of patient service utilisation.
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[bookmark: _Toc215940096]Chapter 01: Introduction
[bookmark: _Toc215940097]1.1 Introduction to the Study
There has been an enormous digital transformation within the UK healthcare and in a report by NHS Digital has been reported that nearly 99% of the GP practises in England already have digital telephone channels so reasons to enhance communications with patients and have accessibility (NHS England, 2025). The radical change is the interrupting of the historic trend in healthcare communication with patient portals, mobile applications and targeted social media promotions in the form of holistic digital-first character (Carini et al., 2021). The already enrolled number of patients on the NHS App alone is more than 34M and this is an indicator to the massive adoption of digital health services among the patients (NHS England, 2024).
Nonetheless, this fast digitalisation points to a paradoxical problem. Even though medical professionals have invested millions of dollars in sophisticated digital marketing systems, there is no systematic data of the perceived impact of these strategies on patient participation and the uptake of the services (Shaw et al., 2017). Current practises are largely hypothetical and not factual, creating a large disparity between the investments in digital and the number of outcomes that can be measured in patients (Murray et al., 2011).
This dissertation constitutes a critical evaluation of digital marketing strategy efficacy concerning patient engagement and service uptake in the UK healthcare sector by saying that a low-value interpretation of digital trust and content relevance is the secret of success.
[bookmark: _Toc215940098]1.2 Background of the Study
[bookmark: _Toc215940099]1.2.1 The Digitalisation of UK Healthcare
The process of the UK healthcare system digitalisation has been measured due to the conscious governmental policies, the most evident of which is the NHS Long Term Plan to transform the system into a digital-first healthcare provider by 2030 (NHS England, 2019). The wider digital infrastructure expansion, including electronic health records, telemedicine, and patient-facing applications to help provide healthcare, is part of this revolution (Wachter, 2016). Such practises were boosted by the COVID-19 pandemic, during which virtual consultations increased to between 25% and over 85% during peak hours (Greenhalgh, Koh and Car, 2020).
[image: A diagram of a health care system
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[bookmark: _Toc215576571][bookmark: _Toc215870664][bookmark: _Toc215938385][bookmark: _Toc215939104][bookmark: _Toc215939746][bookmark: _Toc215940220]Figure 1: Strategic Drivers, Components, and Challenges of UK Healthcare Digitalisation (NHS).
The strategic logic behind such digitalisation suggests a variety of goals: to make operations more efficient with the help of automated processes, to make access to patients easier with the help of 24/7 digital solutions, to afford patients more power with the help of self-management, and to encourage preventative care with the help of proactive digital interventions (Topol, 2019). The strategic framework of NHS Digital focuses on the use of data to make decisions and individual patient experiences as the key result of becoming digital. Nevertheless, the implementation issues still remain, especially in the interoperability of systems, as well as the fair access to the systems by different demographic groups (Car et al., 2017).
[bookmark: _Toc215940100]1.2.2 The Emergence of Digital Marketing in Healthcare
The theory of digital marketing in health care context is characterised by sophisticated multi-channel communication strategies that facilitate usage of social networking media, targeted email messaging, mobile health apps and customised online information to contact the patients (Thackeray et al., 2012). Contrary to the previously used marketing strategies, healthcare digital marketing focuses on patient education, behaviour change, and long-term relationship maintenance instead of on direct promotional efforts (Moorhead et al., 2013).
The strategies have been embraced by both the public healthcare providers, such as the NHS and the private healthcare organisations in an attempt to reach the changing demands of patients who are seeking individualised and accessible health information (Antheunis, Tates and Nieboer, 2013). Integration of machine learning and artificial intelligence will give more opportunities to targeting because healthcare providers will be able to deploy customised content based on the attributes of the patients and their interaction patterns (Davenport and Kalakota, 2019).
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[bookmark: _Toc215576572][bookmark: _Toc215870665][bookmark: _Toc215938386][bookmark: _Toc215939105][bookmark: _Toc215939747][bookmark: _Toc215940221]Figure 2: Strategic Framework of Digital Marketing in Healthcare: Evolution, Components, and Dualities.
This development, however, possesses immense challenges as well as opportunities. The benefits of digital marketing include the possibility to develop a specific message, a broader range of viewers, and the feedback mechanism that can be triggered in real-time to implement a timely adjustment in the strategy (Ventola, 2014). Major concerns on the other hand relate to data privacy, disparities in the digital health-literacy aspects, construction of the trust in the digital space, and dismantling the health misinformation barrier, which are significant obstacles to the implementation (Stellefson et al., 2017). The digital divide hits vulnerable populations more than others, and it can only increase the healthcare disparities that are already present instead of reducing them (Beaunoyer, Dupere and Guitton, 2020).
It is the quality of such multifaceted relations that requires an elaborate discussion of what digital tout may deliver as far as the particular success in terms of getting the patients to interact properly and reach a satisfactory level of service uptake in the UK healthcare environment.
[bookmark: _Toc215940101]1.3 Problem Statement and Research Gap
[bookmark: _Toc215940102]1.3.1 The General Problem
A fundamental measurement issue concerns the extent to which investment into digital marketing infrastructure is being compensated in actual patient outcomes despite the extent to which the UK healthcare providers have invested the infrastructure (Kruse et al., 2016). The latter is most commonly applied by digital strategies that are implemented in healthcare organisations and should be developed based on the assumptions and the anecdotal evidence in the industry as opposed to well-founded empirical evidence, which results in a conceptual gap between the distribution of resources and the corresponding impact that can be evaluated (Reed et al., 2014). The latter is particularly acute in the NHS, where the activities of the digital transformation are not always accompanied by adequate evaluation frameworks to ascertain the effectiveness of patient engagement (Honeyman, Dunn and Mckenna, 2016).
Current health care professionals are dedicating 15-20% of their communication budgets to digital platforms and they cannot see any definitive cause-and-effect origins of how individual digital marketing activities have altered patient behaviour (Murray et al., 2016). Such an evidence gap undermines the strategic decision-making process and might reduce the performance of resource-deployment during the course of digital health activities.
[bookmark: _Toc215940103]1.3.2 The Specific Problem
The problem is not just a matter of general measurement challenges but a complete lack of interconnection between digital strategy implementation and overall knowledge of how patients decide, form trust, and use services (Bujnowska-Fedak and Pirogowicz, 2014). The existing digital marketing practices in the healthcare sector tend to be conducted without a systematic study of the role of various communication strategies in fostering patient engagement among various demographic groups or platform preferences (Balatsoukas et al., 2015).
This detachment is specifically observed in the disjointed method of content customisation, platform choice, and demographic targeting, where medical practitioners are not provided with empirical clues on the most effective combinations of strategies to optimise patient engagement and use of the service (Stellefson et al., 2013).
[bookmark: _Toc215940104]1.3.3 Identifying the Research Gap
The available literature proves that there is a great amount of research conducted in the related fields, such as the studies of the usability of digital health tools (Wildenbos, Peute and Jaspers, 2018), the principles of marketing healthcare in general (Thackeray et al., 2008), and the adoption rates of the patient portal. Nevertheless, there is a significant research gap that quantitatively attributes definite digital marketing strategies to the definite patient engagement measures in the unique UK healthcare setting.
Although the literature recognises the increasing use of digital channels, there are limited empirical studies which systematically compare the effectiveness of various strategies, including personalised content and general social media outreach, on actual service uptake, or how demographic variables moderate such relationships in the UK healthcare system.
[bookmark: _Toc215940105]1.3.4 Research Justification
This research gap is crucial to be addressed by various players in the UK healthcare system. The insights, which are based on empirical data, will allow healthcare providers to make data-driven decisions about the allocation of digital marketing resources, which could benefit the patient outcomes as well as the overall efficiency of the operation (Black et al., 2011). In addition, evidence-based results will be used to develop the policy on digital health communication standards and will help to develop a more equitable and effective digital health ecosystem that can benefit diverse patient populations in ways that are appropriate.
[bookmark: _Toc215940106]1.4 Research Aim and Objectives
[bookmark: _Toc215940107]1.4.1 Research Aim
The aim of this research is to examine how digital marketing impacts patient engagement and service uptake in UK healthcare by focusing on digital marketing strategy, content design, and audience behaviour.
[bookmark: _Toc215940108]1.4.2 Research Objectives
The objective of this research is to evaluate the effectiveness of digital marketing strategies in enhancing patient engagement and service uptake within UK healthcare systems, with a focus on platform usability, content relevance, and demographic responsiveness.
· To evaluate the effectiveness of digital marketing strategies used in UK healthcare sectors.
· To analyse patient engagement levels across different digital platforms (e.g., NHS App, social media, email campaigns).
· To assess the impact of digital marketing on service uptake, including preventive care and appointment bookings.
· To synthesise insights from consumer behaviour models to understand patient decision-making.
· To explore demographic variations in responsiveness to digital health marketing in London.
[bookmark: _Toc215940109]1.5 Research Questions and Hypotheses
The set objectives give rise to a key research question that is supported by a number of sub-questions and testable hypotheses, giving a systematic structure to the empirical research (Creswell, 2013).
[bookmark: _Toc215940110]1.5.1 Core Research Question
How do digital marketing strategies influence patient engagement and service uptake among UK healthcare providers?
[bookmark: _Toc215940111]1.5.2 Sub-questions
· How do healthcare organizations in UK, utilize digital marketing to improve patient engagement?
· What digital channels and content formats are most effective in promoting healthcare services?
· How does digital trust, content relevance, and platform usability influence patient decision-making?
· What demographic and behavioural patterns shape responsiveness to healthcare marketing?
· How do healthcare brands adapt their digital strategies to meet evolving patient expectations?
[bookmark: _Toc215940112]1.5.3 Research Hypotheses
· H 1: Digital trust positively influences patient engagement with healthcare platforms.
· H 2: Content relevance significantly improves patient decision-making and service uptake.
· H 3: Personalized digital marketing increases the uptake of preventive healthcare services.
· H 4: Social media channels generate higher patient engagement compared to other digital platforms.
· H 5: Demographic factors (e.g., age, gender, socioeconomic status) moderate the effectiveness of digital marketing strategies.
These hypotheses are directly connected with a quantitative survey methodology, as it allows for conducting systematic statistical analysis of the relations between the variables of digital marketing and patient outcomes.
[bookmark: _Toc215940113]1.6 Significance of the Research
[bookmark: _Toc215940114]1.6.1 Theoretical Contribution
This study will fill the gap between marketing innovation and the result of the population health by presenting empirical data concerning the connection between digital marketing practices and the indicators of patient engagement (Laranjo et al., 2015). The research will challenge and possibly generalise the proven consumer behaviour theories, such as the Technology Acceptance Model and the Theory of Planned Behaviour, to the context of particular healthcare, overcoming the limitations revealed in past studies of health communication (Hoque and Sorwar, 2017).
Additionally, the study will add empirical evidence to investigate the importance of digital trust and content relevance in patient engagement to the existing literature in health communication, where a theoretical framework does not always have a contextual validation. This contribution responds to the need to more stringently assess digital health interventions in academic literature (Murray et al., 2016).
[bookmark: _Toc215940115]1.6.2 Practical and Managerial Contribution
The study will provide medical professionals with information on how to structure more accommodating and receptive communication planning, especially with respect to demographic disparities in digital health use (Stellefson et al., 2017). The results will help managers to make informed decisions based on the available data on how to allocate the digital marketing budget to maximise the use of the resources to increase the uptake of the services as opposed to being driven by assumptions.
Moreover, the results may be used to create best-practice principles of digital communication with patients in the UK and facilitate the policy-making and standardisation process among NHS trusts and independent healthcare providers (Topol, 2019).
[bookmark: _Toc215940116]1.7 Structure of the Dissertation
This dissertation is presented in five chapters that discuss a particular element of the research process as per the accepted academic norms of health services research (Bowling, 2014). The structure offers a rational flow from the first problem statement to the conclusions and recommendations.
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[bookmark: _Toc215576573][bookmark: _Toc215870666][bookmark: _Toc215938387][bookmark: _Toc215939106][bookmark: _Toc215939748][bookmark: _Toc215940222]Figure 3: Logical Structure and Flow of the Dissertation Chapters.
Chapter 1: Introduction provides the background of the study, i.e., the research background, statement of the problem, and the aim, objectives, research questions and the overall importance of the research.
Chapter 2: Literature Review critically analyses available scholarly theories and academic research on digital marketing, patient engagement, and healthcare communication and determines the theoretical framework and identifies the research gap.
Chapter 3: Methodology gives elaborate descriptions of the research design, quantitative research method, survey tool, sampling plan, data collection methods and ethical issues.
Chapter 4: Data Analysis, here results are presented in the form of detailed statistical analysis of survey results to answer research questions and test hypotheses.
Chapter 5: Conclusions and Recommendations summarises main results, interprets implications in the body of existing literature, outlines limitations, gives actionable recommendations and provides future research directions.
[bookmark: _Toc215940117]1.8 Chapter Conclusion
The introduction chapter has helped to set the groundwork upon which the study of the effect of digital marketing strategies on patient engagement and service uptake is to be conducted among healthcare providers in the UK. The research problem focuses on the effectiveness of digital marketing strategies with the systematic review of the relevance of platforms, content and demographic responsiveness (Creswell, 2013).
The chapter has managed to develop the rationale and methodological context of this study by determining the research gap that is critical in the context of digital marketing implementation and empirical knowledge of patient engagement outcomes. The outlined research questions and hypotheses offer a solid guideline on how to conduct a systematic study, whereas the discussion of significance reveals the theoretical and practical benefit of the topic to healthcare stakeholders (Kumar, 2019).
With the research background, context and purpose identified, the next chapter will now explore the existing scholarly literature to construct the entire theoretical framework of this study, exploring the current information on the subject of digital health communication, theories of patient engagement, and the effectiveness of marketing in a healthcare environment.


[bookmark: _Toc215940118]Chapter 2: Literature Review
[bookmark: _Toc215940119]2.1 Introduction
The healthcare environment in the United Kingdom is experiencing a radical digital shift, a paradigm shifts in the conventional approach to patient communication in favour of a so-called digital-first paradigm (NHS England, 2019). The COVID-19 pandemic has catalysed this shift, which has been accompanied by unprecedented investment in and uptake of digital health technologies, including the more than 34 million registered users of the NHS App by early 2024 (NHS England, 2024). At the same time, state and non-state healthcare providers have resorted to digital marketing tools which are more advanced in order to reach, educate, or involve this digitally active section of the patient population (Thackeray et al., 2008). However, as stated in the first chapter, there is still a big gap in evidence between how much it is heavily invested in these digital infrastructures and how much of an insight can be measured regarding the impact it will have on patient engagement and uptake of services (Murray et al., 2016).
This chapter is meant to critique the literature found in the academic literature in order to develop a solid theoretical and empirical framework to aid in the present study. It will attempt to break down the complex interaction between digital marketing practises, psychological motivation of patient behaviour, and tangible healthcare performance. The layout of the review is in a manner that it is consistent with the research objectives in that an evaluation of the underlying behaviour theories that underlie the uptake of technology and health decision-making is conducted. It will then analyse the online marketing environment in UK healthcare and the possible strategies and the type of challenges that are intrinsic in the process of establishing the effectiveness of the strategies. The chapter will proceed to generalise the evidence of patient engagement on various digital platforms and specifically the mediating influence of the platform usability, content relevance and digital trust. Finally, the issue of the digital divide that has spread and is critical will be analysed critically and the demographic variables mediating patient responsiveness. This precise study will assist the chapter to reveal and detail a definite research void, which will justify the following empirical research.
[bookmark: _Toc215940120]2.2 Theoretical Framework: Understanding Patient Behaviour in Digital Health
To quantify the impact of digital marketing on patient behaviour, there is the need to explain the theoretical frameworks that explain how people accept, adopt and interact with health technologies. This section critically examines two models that are regarded as seminal, that is, the Technology Acceptance Model (TAM) and the Theory of Planned Behaviour (TPB), to provide a theoretical approach to the study of the decision-making process of patients who are part of the digital health ecosystem and directly answers the fourth research objective.
[bookmark: _Toc215940121]2.2.1 The Technology Acceptance Model (TAM) in Healthcare Adoption
One of the most famous models used to comprehend users acceptance of the information systems created by Davis is referred to as Technology Acceptance Model (TAM) (Davis, 1989). It is sparse and predictive and predictive; therefore, it has been used in the medical community extensively to learn how technologies, including electronic health records (EHRs), telemedicine, and mobile health applications, are used (Kruse et al., 2016). The model suggests that there are two fundamental beliefs that are central in the determination of behavioural intention of a person to use a technology:    
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[bookmark: _Toc215576574][bookmark: _Toc215870667][bookmark: _Toc215938388][bookmark: _Toc215939107][bookmark: _Toc215939749][bookmark: _Toc215940223]Figure 4: The Extended Technology Acceptance Model (TAM) in healthcare.
The level of perceived usefulness (PU), which is the degree to which an individual thinks that using a particular system will enhance his or her performance or outcome and Perceived Ease of Use (PEOU), the level of which an individual thinks that using a system will be easy (Davis, 1989).   
The concept of PU in the healthcare setting can be translated to the belief of a patient that a digital tool, like the NHS App, will enhance their health management, e.g., by making them safer, providing high-quality care, or becoming more efficient (Hussain et al., 2025). PEOU is associated with the ease of use of the platform; when a patient can use a technology with ease, he/she is more likely to view it as helpful and plan to use it. The studies have continually indicated that both PU and PEOU are meaningful predictors of intention to use different health technologies (Denovan and Marsasi, 2025; Hussain et al., 2025).
Nevertheless, the initial TAM has been criticised as being overly simplistic, especially in the multifaceted and high-stakes healthcare setting (Shachak and Reis, 2009). The major emphasis of the model on technological variables tends to omit important external variables, such as social, organisational, and individual variables that play a critical role in health behaviours. Researchers have thus gone a notch higher and expanded the TAM and included additional constructs to render it more explanatory. These extensions often include variables such as these.    
The most potent factors have been reported to be trust, perceived security and privacy, and computer self-efficacy in healthcare technology acceptance (Alsyouf et al., 2023). In example, the perception of safety and privacy of a patient in the use/application of a personal health record system has a significant impact on his/her intention to use it, which would not be the case in the original TAM.
[bookmark: _Toc215940122]2.2.2 The Theory of Planned Behaviour (TPB) and Health Decision-Making
The Theory of Planned Behaviour (TPB), an extension of the Theory of Reasoned Action (TRA), brings a wider view of the behaviours that cannot be affected by volition (Kan and Fabrigar, 2020). According to the TPB three basic elements can affect behavioural intention:
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[bookmark: _Toc215576575][bookmark: _Toc215870668][bookmark: _Toc215938389][bookmark: _Toc215939108][bookmark: _Toc215939750][bookmark: _Toc215940224]Figure 5: The Theory of Planned Behaviour (TPB) in Health Decision-Making.
The attitude towards the behaviour (positive or negative evaluation of the individual to do the behaviour) (Ajzen, 1991), Subjective Norms (social pressure to do or not to do the behaviour).   
Predictions in a wide range of health-related behaviours have been undertaken using TPB, including medication adherence, dietary change and exercise (Rich et al., 2015). It is also powerful in that it realises that intent does not always equate to action. PBC is a direct determinant of intention and a moderator of the intention-behaviour relationship: an individual with a high intention to use a digital health service only has a good chance of actually doing so in case he/she believes that he/she has the required skills, resources and opportunities (Ajzen, 1991). This is especially applicable in the field of healthcare, where digital literacy, access to technology, and confidence can serve as tremendous obstacles (Diwakar and Owolabi, 2025). Subjective norms also play a significant role since the views of family, peers, and, most importantly, healthcare professionals may have a potent impact on the decision of a patient to use a digital platform (Ajzen, 1991).
The TPB has limitations even though it is robust. Critics state that it is a weak approach towards situational and contextual factors that may hinder action even when intentions are favourable (Yuriev et al., 2020). Moreover, it is also similar to TAM and may be considered too rational, which may reduce the importance of emotions, habit, and environmental cues in health decision-making.
[bookmark: _Toc215940123]2.2.3 Synthesis and Critique of Behavioural Models
Although TAM is quite effective in describing the first impression of the user on the design of a technology (its usability and utility), the TPB presents a more comprehensive view since it includes social factors and the feeling of control of an individual (Lee, Ramasamy and Subbarao, 2025). These models are complementary in the digital health environment. The TPB can explain why a patient finds the NHS App useful and easy to use (TAM constructs) and whether they are willing to use it or not based on the recommendation of a doctor (subjective norm) and their belief in their ability to navigate the features (PBC) (Holden and Karsh, 2010). The best analyses tend to incorporate aspects of both of them, like the C-TAM-TPB model that integrates the predictive power of both models (Taylor and Todd, 1995).   
Nonetheless, patient engagement requires one to take a step beyond these two models to understand it fully. Such constructs as perceived susceptibility to and severity of a health condition, which are strong incentives to health action, are added to the Health Belief Model (HBM), for example (Peter, 2020). The perceptions of individual health risk will most likely impact the choice of a patient to utilise a digital service in preventive care. Furthermore, the concept of    
The essential aspect of patient engagement in modern times is Shared Decision-Making (SDM), where the patient is actively involved in his/her care (Elwyn et al., 2012). SDM can be supported by digital tools that assist patients with information and decision support, but they require the development of a collaborative patient-clinician relationship, which is not explicitly represented by TAM or TPB (Elwyn et al., 2012). Thus, to have a holistic picture, it is necessary to combine the knowledge of various theoretical approaches and recognise that the process of technology adoption is not only technical or an individual-rational process but a socio-technical phenomenon.
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In line with the initial research objective, this section assesses the success of digital marketing strategies in the healthcare industry in the United Kingdom. It is based on the evolution of these strategies and critically examines the ongoing question of whether or not it is possible to determine the actual impact of these strategies on patient outcomes.
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Thackeray et al. (2008) observe that the application of marketing in UK healthcare and the NHS in particular has not been a provision of information but a multi-channel, multi-digital approach that is designed to influence the behaviour of patients. The pandemic-level was a very powerful trigger, and immediate transition to the digital platforms was needed since the conventional marketing approach was not profitable anymore and the patients were more open to receiving health-related information online (Pasaribu et al., 2022). The entire digital marketing plan in healthcare nowadays consists of a set of strategies like Search Engine Optimisation (SEO) to ensure visibility, social media marketing to connect and engage, content marketing to educate patients and targeted advertising to target specific demographics (Hindman, 2024).   
Case studies from the NHS illustrate this multi-channel approach in practice. To use an example, the Southeast London Integrated Care System (SEL ICS) used the NHS App campaign that used Meta (Facebook and Instagram), Spotify, YouTube, and Google, in addition to the traditional leaflet distribution, to reach the underserved demographics (Byte Digital, 2025). They planned to collect data of the audience through poll adverts, create awareness through Reach campaigns, and convert to downloads via Conversion campaigns, which shows a data-driven and segmented strategy (Byte Digital, 2025). Such a shift to personalisation, commonly supplemented by AI, enables the provider to customise its content to particular health interests and stages of the patient journey, which has been demonstrated to produce much higher engagement and conversion rates (Connolly, 2025).
[bookmark: _Toc215940126]2.3.2 Measuring Effectiveness and Return on Investment
Although these strategies are widely adopted, there is one underlying issue: how can their effectiveness be measured in a meaningful manner, as Kruse et al. (2016) state? Healthcare organisations are usually unable to define any causal connections between certain digital marketing interventions and measurable patient behavioural changes, including service adoption or health improvement (Murray et al., 2016). The issue is twofold, as Connolly (2025) says. First, patient journey is multi-touch and multi-dimensional; a decision to book an appointment can be caused by a mix of Google search, social media post, and email reminder, and it is hard to attribute.   
Second, the meaning of success in marketing in the healthcare sector is more subtle as compared to commercial sectors (Krishna, 2025). Although such measurements as clicks, impressions, and even booked appointments are useful, they do not reflect the final objective of better population health (Connolly, 2025). One of the most pertinent critiques has been that providers need to go beyond superficial analytics to more advanced indicators of ROI, including patient acquisition cost per channel, patient lifetime value, and operational efficiency benefit through digital systems. Nonetheless, this is made difficult by rigorous ethical and regulatory standards, such as GDPR and MHRA advertising regulations, which not only regulate the use of patient information but also restrict promotional efforts, restricting both marketing strategies and the possibility to monitor their effects in their entirety (Connolly, 2025). This is an evidence gap that undermines strategic decision-making and inefficient resource allocation in digital health initiatives (Murray et al., 2016).
[bookmark: _Toc215940127]2.4 Digital Platforms, Patient Engagement, and Service Uptake
The second and the third research questions are treated here by evaluating the level of patient engagement on various digital platforms and determining the effects of the main factors, including usability, content, and trust, on the uptake of services.
[bookmark: _Toc215940128]2.4.1 Analysing Engagement Across Key Platforms
The NHS App has become the digital front door to the NHS in England, so it is one of the main areas of patient engagement to be analysed (ACE, 2024). Its adoption has been so large that it had more than 8.5 million downloads and 4.4 million registrations in the year between January 2019 and May 2021, a time that witnessed a fourfold growth of downloads at the same time the NHS COVID Pass was introduced (Kc et al., 2023). This points to the power of a feature with high utility that can significantly lead to uptake. Usage data indicates a high level of core service use: as of May 2021, the number of monthly repeat prescription orders had risen to over half a million, and the number of GP health record views had risen to over 9.3 million, both up by 225% and 548%, respectively, from what was anticipated at the onset of the lockdown (Kc et al., 2023).
However, as Kc et al. (2023) argue, the data can be analysed critically, and the situation is more complicated. There is a consistent difference between downloads and registrations, and it is possible that many of the users do not go through the onboarding process, maybe because of barriers in technical or usability. Moreover, the experience of the patients is uneven. According to Reidy et al. (2025), surveys reveal that most users find the app useful, although more than a third of them report missing access to important information, such as test results or complete health records, and this is often because their GP practice has restricted such access. Such inconsistency in functionality and access is a major demerit, and it undermines the potential of the app as a universal engagement tool.
Other than the NHS App, social media platforms are very essential in health education, communication between patients and doctors, and crisis management, according to Melissa et al. (2022). They provide a less formal way of healthcare providers relating to patients and spreading healthy information to the population. Nevertheless, interaction on these sites is more difficult to trace to service uptake and is fraught with obstacles associated with misinformation and privacy. Digital ecosystems such as email campaigns and special patient portals (e.g., Patient Access) are also a part of the digital ecosystem, although the NHS App is the core of the national strategy to engage patients.
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The degree of activity on these platforms is not by chance; it is highly mediated by three factors that are interconnected.
The most important is Platform Usability which is directly correlated to the PEOU construct in TAM. Patients will drop off a digital service that is hard to use. The guidance of NHS England on GP websites, for example, emphasises the mobile-first design, simple navigation, and clear calls to action because 81% of traffic to nhs.uk comes via mobile devices (Agilio Software, 2022). Technical problems during downloading, registering, and logging in are mentioned as the major causes why more than 20% of individuals do not or hardly use the NHS App. High usability minimises the cognitive load and enables patients to perform tasks effectively, which leads to further use.   
The driver of engagement is Content Relevance. Patients turn to digital health tools to address certain needs, be it in scheduling a visit or making sense of a condition. It has to be patient-centric, with clear and easily understood language, and address what is important to the person within his or her life, as suggested by Aytekin et al. (2025). The concept of engaging patients in designing health information and services that the NIHR and HDR UK promote is essential to relevance (Cockcroft et al., 2024). When information is seen to be irrelevant or too hard to comprehend, interest decreases.
Keck and Godec (2024) claim that all digital health engagement is built on the basis of Digital Trust. It is a multidimensional construct that includes belief in the data security of the platform, privacy practices, and the reliability of the information presented, as well as belief in the healthcare provider who is the technology. Although the general level of trust in the NHS regarding health data is great, the privacy issue and the possibility of data use by third parties remain a concern (Keck and Godec, 2024). Developing trust involves being transparent, co-designing with patients and staff and demonstrating clearly that technology does not substitute the therapeutic relationship but does complement it. Violation of trust is a fatal deterrence to patient eagerness to use digital services because it is a decisive facilitator of service adoption.
[bookmark: _Toc215940130]2.5 The Digital Divide and Demographic Variations
Socioeconomic and demographic factors cannot be overlooked, as they have a significant influence on the adoption of digital health. This section will discuss the fifth research objective by examining how the so-called digital divide produces and reinforces health inequalities and examining the influence of demographic factors on patient responsiveness to digital health marketing.
[bookmark: _Toc215940131]2.5.1 Health Inequalities in the Digital Age
Digital exclusion is currently considered a social determinant of health (NHS England, 2025). The 'digital divide' refers not only to a lack of internet access or a suitable device but also to disparities in digital skills, confidence, and health literacy. In England, there are 10 million adults who are missing foundational digital skills and 43% of adults have low health literacy, and this figure increases to 61% when numerical data is considered (NHS England, 2025). These disparities obstruct fair access to digital health services and are related to the persistent health disparities. This poses a great obstacle to online health services.   
Davies, Honeyman and Gann (2020) argue that this phenomenon leads to the so-called digital inverse care law, according to which people with the highest health needs and the most significant potential benefit of digital health interventions are the least likely to use it. According to Kim and Backonja (2025), unless it is done with a high level of concern for inclusion, a digital-first strategy threatens to further divide the already existing health disparities by marginalising older adults, people with disabilities, those with low socioeconomic status, and some ethnic minorities.
[bookmark: _Toc215940132]2.5.2 Demographic Factors in Digital Responsiveness
Studies on the NHS App present empirical evidence that gives a clear picture of how these inequalities are realised in patient engagement (Kc et al., 2024). Digital health platform responsiveness does not exist in a uniform manner; demographic factors greatly moderate it.
· Socioeconomic Status: A definite and consistent deprivation gradient is evident. The NHS App registration and use across all features in GP practices in the most deprived areas of England is much lower than in the least deprived areas (Kc et al., 2023).   
· Ethnicity: There is also a powerful ethnicity gradient. Practices that have a larger share of White patients are characterised by significantly higher levels of engagement, especially where features such as ordering repeat prescriptions are concerned, with the usage rates in these practices being more than two times higher than in the most ethnically diverse locations (Islam, Bailey and Netto, 2024).   
· Age: Age affects the amount of engagement as well as the nature. Younger patients are more likely to utilise the app to perform transactional activities such as making appointments; however, patients with long-term conditions (who are usually older) use the app to manage their health, such as accessing records and ordering prescriptions (Bol, Helberger and Weert, 2018; Islam, Bailey and Netto, 2024).   
· Geography: Although a great deal of the data is England-wide, there are regional differences. As an example, the UK Biobank study has the lowest participation in London relative to other areas such as Southwest England (Fry et al., 2017). Moreover, as it is stated by Maconick et al. (2021), mental healthcare appointment analysis in London boroughs reveals that the variation is rather significant and cannot be attributed to the demographics only, which means that the service provision and local factors also play an important role.
These population differences pose a significant problem to digital marketing (Leeflang et al., 2014). Generalisation will not work. Strategies should be very specific and targeted to be effective and fair, applying the understanding of demographic and behavioural trends to create interventions that appeal to and are affordable by various groups in the population (Islam, Bailey and Netto, 2024).
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The above literature review has set down a few important points. Patient adoption of digital health technologies has a useful, though incomplete, theoretical basis in theoretical models such as TAM and TPB (Davis, 1989; Ajzen, 1991). Kruse et al. (2016) and Murray et al. (2016) note that the UK healthcare industry has a large number of digital marketing interventions but is weak in terms of measuring the direct effect of these interventions on patient outcomes. According to Islam, Bailey and Netto (2024), the extent of engagement by patients with applications such as the NHS App is immense but is incredibly compromised by the lack of consistency in usability and access and heavily stratified by demographic factors, which is indicative of an underpinning digital divide.   
Although there is current literature that has investigated these fields, it has usually done so in isolation. Research on behavioural models is testing technology acceptance but has seldom associated technology acceptance with particular marketing inputs. Digital marketing studies in healthcare tend to emphasise strategy and ROI in an abstract way that does not relate to patient engagement data on a granular level (Connolly, 2025). On the same note, the NHS App massive data analyses demonstrate what is occurring in regard to usage trends but fail to provide a way marketing strategy are shaping these trends (Kc et al., 2023; Kc et al., 2024).
The main research gap, thus, is on the border of these areas. Empirical studies quantitatively relating particular digital marketing tactics (e.g., type of content, platform selection, personalisation) to patient engagement outcomes (measurable in terms of engagement) and service uptake are clearly lacking, and the moderating role of demographic variables in the UK healthcare framework is not taken into account. The literature only substantiates the presence of the elements, which are the strategies, the platforms, the user behaviours, and the demographic differences, but does not provide a systematic connection of them in a causal or strongly correlated sequence. The current dissertation is placed in such a way that it has addressed this gap that was critical by offering an empirical examination of these intertwined relationships.
	Research Area
	Key Findings / Literature Focus
	Identified Gap
	Relevance to this Dissertation

	Theoretical Models of Behaviour
	TAM and TPB explain technology adoption based on perceived utility, ease of use, social norms, and control. Extensions add trust and security. (Shachak and Reis, 2009; Yuriev et al., 2020).
	Models are often tested in isolation from marketing interventions and may oversimplify the complex, context-rich healthcare environment.
	Provides the theoretical framework to interpret patient decision-making in response to marketing stimuli.

	Digital Marketing Strategy Effectiveness
	UK healthcare uses multi-channel strategies (SEO, social media, AI), but faces significant challenges in measuring ROI and linking efforts to health outcomes. (Kruse et al., 2016; Byte Digital, 2025).
	Lack of studies that attribute specific marketing tactics to quantifiable changes in patient engagement or service uptake. Measurement is often high-level.
	This study directly addresses this gap by seeking to evaluate the effectiveness of specific strategies on patient behaviour.

	Patient Engagement on Digital Platforms
	High uptake of the NHS App, but engagement is inconsistent due to variable functionality. Usability, content relevance, and trust are critical mediators (Kc et al., 2023).      
	Research often analyses platform usage data descriptively without systematically linking it to the marketing strategies driving that usage.
	Forms the core dependent variables (engagement and uptake) that this research aims to measure and explain.

	Demographic Variations & Digital Divide
	A significant digital divide exists, with engagement heavily moderated by socioeconomic status, ethnicity, age, and health literacy (Islam, Bailey and Netto, 2024).     
	While disparities are well-documented, there is limited research on how tailored digital marketing can effectively mitigate these gaps or how different demographics respond to specific strategies.
	Addresses the objective to explore demographic variations, specifically in London, providing a crucial equity-focused lens.
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This literature review has traversed the dynamic and intricate crossroads of digital marketing, patient behaviour and service provision in UK healthcare. It has critically assessed the underlying behaviour models, including TAM and TPB, emphasising their usefulness in describing technology adoption as well as their shortcomings in describing the broad socio-technical context of health. The study has validated that even as healthcare providers in the UK are implementing increasingly advanced digital marketing campaigns, there is a pervasive and major gap in the capability to quantify their direct effect on patient engagement and uptake of the service. The review has highlighted that effective patient engagement depends on a three-factor combination of platform utility, content relevance, and digital trust and is heavily influenced by the widespread digital divide, which introduces high levels of demographic differences in access and use. The research gap identified the absence of quantitative data that can prove the connection between certain marketing strategies and patient outcomes, which is a clear and convincing argument in favour of this dissertation. Through this theoretical and empirical background, this chapter preconditions the approach to methodology presented in the following chapter, which is intended to answer these open questions directly.


[bookmark: _Toc215940135]Chapter 03: Methodology 
[bookmark: _Toc215940136]3.1 Introduction
The purpose of the research has been to critically analyse the impact of digital marketing strategies on patient engagement and service uptake in healthcare systems in the UK, especially on strategy, content design and demographic behaviour. The aims have been to measure the effectiveness of marketing, the level of platform engagement, the indicators of service uptake, behavioural constructs (TAM, TPB), and demographic responsiveness – particularly in London.
The logical approach has ensured that research objectives and hypotheses (H1-H5) are discussed rigorously. Since the study has been quantitative in nature, the methodology has to be objective, replicable and valid in data collection and analysis. According to Bryman (2016), the methodological alignment enhances internal validity and provides the correct interpretation of findings. In the absence of methodological clarity, the assertions of digital trust, content relevance, and engagement patterns would be weak empirically (Creswell and Creswell, 2018).
In order to organise the research design in a systematic manner, the current study has made use of the Saunders, Lewis and Thornhill (2023) Research Onion model. The Onion provides a multifaceted methodology, philosophy, approach, strategy, methodological choice, time horizon, and data techniques, which can organise a consistent relationship between epistemology and method.
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[bookmark: _Toc215940138]3.2.1 Understanding Research Philosophy in Social Sciences
Research philosophy is the collection of ideologies about the nature of reality (ontology) and knowledge (epistemology) that informs methodological decisions (Saunders, Lewis and Thornhill, 2023). It has been fundamental in the alignment of the research purpose with proper data collection and analysis practices. In the Research Onion by Saunders, philosophy occupies the outermost layer and affects all the other layers. Philosophy in social sciences defines whether the research will be objective or subjective (Bryman, 2016).
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Positivism
Positivism advocates for an objective reality measurable through empirical observation and statistical analysis (Creswell and Creswell, 2018). It has been usually applied in the quantitative studies which test a hypothesis by controlled conditions (Park, Konge and Artino, 2020). This philosophy fits well with organised data, measurement of numbers and generalisable results.
Interpretivism
Interpretivism believes that the world is constructed socially and can be comprehended best by discussing the subjective experiences and meanings (Pervin and Mokhtar, 2022). It normally utilises qualitative research techniques like interviews or ethnography (Denzin and Lincoln, 2018).
Pragmatism
Pragmatism is an adaptive approach which emphasises the research problem and employs mixed methods to develop viable solutions. It embraces objective and subjective knowledge (Morgan, 2014).
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The position taken in this study has been positivist. The research hypothesis has been to test five hypotheses (H1-H5), including the effect of digital trust on engagement by means of quantifiable variables. Online surveys have enabled the statistical analysis of behavioural constructs across large samples, which aligns with the positivist principles of replicability and objectivity (Gill and Johnson, 2010).
Positivism has offered rigour but runs the risk of simplifying complicated patient behaviours and eliminating rich narratives (van Zyl et al., 2023). Nonetheless, as the study aims at generalisable trends, but not in-depth individual experiences, interpretivism cannot be used. Similarly, pragmatism is ruled out because of the ethical constraints of mixed methods.
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[bookmark: _Toc215940142]3.3.1 Overview of Research Approaches
The approach in social research can be defined as the logic between theory and empirical evidence. Deductive, inductive, and abductive are the main three methods (Saunders, Lewis and Thornhill, 2023).
· Deductive reasoning applies a theoretical framework and theories that are then tested using data collected and analysed (Bryman, 2016).
· Inductive reasoning begins with observations in order to derive theory and is frequently used in qualitative research to construct new conceptual understandings (Thomas, 2006).
· Abductive reasoning is a process which involves the use of iterative cycles of theory and data to produce plausible explanations and is commonly employed in exploratory or mixed-method studies (Timmermans and Tavory, 2012).
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The approach taken in this study has been deductive, which has been supported by the positivist philosophy and quantitative survey method. The research hypotheses (H1-H5) have been based on the available models, such as the Technology Acceptance Model (TAM) and Theory of Planned Behaviour (TPB), that need to be tested systematically with the help of numeric data. Indicatively, the effect of digital trust on patient engagement has a construct which can be measured and is appropriate in hypothesis-directed research (Davis, 1989; Ajzen, 1991).
[bookmark: _Toc215940144]3.3.3 Advantages and Limitations
Deduction has provided a transparent research framework, which allows making generalisable conclusions and conducting statistical rigour (Creswell and Creswell, 2018). It has also been suitable for time-limited academic undertakings such as MBA dissertations because it is predictable and reproducible. It can, however, be restrictive to responsiveness to emerging themes and is not readily amenable to unanticipated qualitative discoveries (Ritchie and Lewis, 2003).
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Induction has been dismissed because it is exploratory and does not have the theoretical basis that is needed to test a hypothesis (Scheel et al., 2021). Abduction is also not feasible since it is less systematic and does not fit the objective of the study to prove preconceived theoretical models in a healthcare setting.
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[bookmark: _Toc215940147]3.4.1 Overview of Research Strategies
Saunders, Lewis and Thornhill (2023) have explained that the research strategy identifies the operationalisation of a study to respond to research questions. Some of the common methods have been surveys, case studies, experiments, ethnography and mixed-methods design. The decision has been based on the purpose of the research, philosophical perspective, time limit and ethical implications.
[bookmark: _Toc215940148]3.4.2 Chosen Strategy: Survey
This study has taken a survey approach, using an online, structured questionnaire to gather primary data from UK adults who use online healthcare platforms. The selected option has been aligned with the positivist and deductive orientation because it is possible to test a hypothesis about variables related to digital trust, platform usability, and content relevance. The surveys have been especially efficient in studying trends among vast numbers of people, and they are common in healthcare engagement studies (Bowling, 2014).
[bookmark: _Toc215940149]3.4.3 Justification and Strengths
There have been a number of benefits with surveys:
· They allow large samples that are demographically diverse to be accessed at low cost (Bryman, 2016).
· They also make it easy to generalise statistically, particularly in cases of stratified random sampling (Groves et al., 2009).
· They are consistent with hypothesis-based models like TAM and TPB, which allow correlation and regression analysis.
Ethical approval (in accordance with Form-2) provides information that the structured questionnaire has been in accordance with the data protection and consent regulations.
However, surveys have also present limitations, notably:
· Response bias due to self-reporting.
· Little depth, denying the investigation of lived experiences or contextualities (Dillman, Smyth and Christian, 2014).
[bookmark: _Toc215940150]3.4.4 Rejection of Alternative Strategies
· Case Study: Too specific and localised, which restricts the ability to generalise to larger healthcare groups (Yin, 2018).
· Experiment: Unethical and impractical because the control of patient behaviour or access to healthcare may violate consent or clinical safety (McGee, 2005).
· Ethnography: This method involves immersive fieldwork and this cannot fit in the time frame and scope of the ethics of the dissertation (Hammersley and Atkinson, 2007).
· Mixed-Methods: Infeasible because of time limitations and ethical ineligibility of qualitative techniques (e.g., interviews or focus groups).
Therefore, the survey strategy is practical and theoretically acceptable to this investigation.
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[bookmark: _Toc215940152]3.5.1 Overview of Methodological Options
Research methodology is defined as the combination of methods used to collect and analyse data. There are three major methodological options in the framework of Saunders, Lewis and Thornhill (2023):
· Mono-method is one data collection method and one analysis process.
· Multi-method utilises more than one technique in a given paradigm (e.g., two quantitative instruments).
· Mixed methods are approaches that integrate both qualitative and quantitative methods in order to give a more comprehensive picture (Tashakkori and Teddlie, 1998).
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This study has taken a mono-method quantitative research design that has employed an online questionnaire. This has been in tandem with the positivist and deductive design since it enables statistical testing of hypotheses (H1-H5) based on the TAM, TPB and digital trust constructs. Quantitative mono-methods are especially appropriate when data collection, generality, and analysis are conducted on a large scale (Liu, 2022).
Advantages
· Philosophical coherence: Aligns with positivism's emphasis on objectivity and replicability.
· Simplicity: Ensures clarity in design and analysis.
· Statistical power: Allows using powerful inferential statistics like regression and correlation to test a relationship between variables (Field, 2018).
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The main limitation has been the inability to consider qualitative depth, e.g., the stories of patients, or contextual knowledge (Silverman, 2020). Nevertheless, mixed method has impossible because of time and ethical limitations since the approved ethics form does not embrace interviews and focus groups (Fàbregues et al., 2021). Thus, a mono-method ensures methodological rigour within the project's scope.
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In research design, time horizon determines the time of data collection and data collection method. Cross-sectional study involves the collection of information at one moment in time, which provides a snapshot of a phenomenon (Bryman, 2016). Conversely, a longitudinal study is a research design where observations are repeated over a long duration and it aims at identifying changes and trends (Menard, 2008).
[bookmark: _Toc215940157]3.6.2 Chosen Time Horizon: Cross-Sectional
The chosen design of this study has been cross-sectional; the data collection has been planned to take place in Autumn 2025 within the time frame of 6-8 weeks. This has been in line with the feasibility limitations of an MBA dissertation, and it helps in the timely analysis of patient engagement patterns with digital healthcare systems.
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The cross-sectional method has been economical, time-saving, and appropriate to large quantitative surveys (Creswell and Creswell, 2018). Nonetheless, it does not permit one to trace the changes in behaviour with time.
[bookmark: _Toc215940159]3.6.4 Rejection of Longitudinal Design
A longitudinal design cannot be used in this study because of its time, ethical and resource constraints.
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The online structured survey has been carried out through the Google Forms platform and has been applied to primary data on the population of residents of the United Kingdom older than 18 years who actively use digital healthcare services (e.g., NHS App, email, social media). This was in accordance with the approved ethical protocol (Ethical Form-2) and data protection and anonymity.
The participants have been recruited by stratified random sampling, according to age, gender, and socioeconomic status, to ensure that the demographics are represented. Recruitment has been done on social media, university mailing lists, online health forums and email campaigns. The research has sought to gather 150 valid answers, which suffice to perform multivariate statistical tests (Field, 2018).
The survey has included:
· Closed-ended questions for factual data.
· Attitude (e.g., trust, content relevance) items on Likert scale.
· Measures of frequency to measure engagement behaviours.
Everything has been modelled after validated tools in the TAM and TPB models (Davis, 1989; Ajzen, 1991).
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Information has been exported to Excel, and processed in Python (JupyterLab environment), and Jamovi where it has been subjected to sophisticated statistical analysis. User behaviours have been summarised using descriptive statistics (means, frequencies, standard deviations). Hypotheses (H1-H5) and findings of relationships between demographic subgroups have been tested using inferential statistics, including multiple regression, correlation, and chi-square tests.
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Advantages include:
· Standardisation and scalability.
· Anonymity and GDPR compliance.
· Great consistency by design.
However, limitations exist:
· Validity can be affected by self-report bias (Bryman, 2016).
· The representativeness can be hampered by low response rates.
· Little depth, since surveys are not able to detect subtle experiences.
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Interviews or focus groups have been considered as qualitative methods, but have not been completed because of time limitations and ethical considerations as provided in the approved application. This guarantees that there is a methodological congruence without compromising compliance measures.
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The target audience has been included in the adult population of the UK (18+) and includes those people who use digital health services, including the NHS App, social media, or email-based health services. This has been in accordance with the aim of the study, which is to identify patient engagement and service uptake in digital-mediated healthcare environments.
[bookmark: _Toc215940167]3.8.2 Sampling Technique: Stratified Random Sampling
This has followed the objective of the study, which is to determine patient engagement and service uptake in digital-mediated healthcare settings. The participants have been categorised by age, gender, and socioeconomic status (SES)—factors that have been shown to significantly impact digital health engagement (Islam, Bailey and Netto, 2024). Random sampling of all the strata increases representativeness and decreases selection bias (Bryman, 2016).
[bookmark: _Toc215940168]3.8.3 Sample Size and Justification
It has aimed at a sample size of about 150 participants. These can-do inferential statistics, including regression and chi-square analysis, with reasonable power and confidence levels (Field, 2018). It also favours the aim of investigating the demographic responsiveness to digital health marketing.
[bookmark: _Toc215940169]3.8.4 Fieldwork Challenges and Sample Deviation
Although the study was initially aimed at using a strictly stratified random sampling method, practical considerations in conducting fieldwork made convenience sampling necessary. Even though there have been vigorous recruiting efforts, such as leaflets with QR codes distributed in libraries and other public places, the resulting sample was predominantly composed of Generation Z and Asian respondents. This finding supports the role of the effect of the researcher and social homophily, in which trust and demographic distance had a serious impact on the non-Asian and older populations in face-to-face recruitment, decreasing the participation rates to a considerable extent (Song et al., 2025). 
Therefore, of 152 preliminary responses, 150 full datasets have been chosen to be analysed. Even though such a demographic bias prevents generalising the study to the larger UK population, this shortcoming unintentionally provides a strong, high-resolution dataset of digital-native individuals and ethnic minorities. Such groups tend to be among the initial users of digital health products, which justifies the dataset's relevance to the analysis of engagement among high-usage segments.
[bookmark: _Toc215940170]3.9 Data Analysis Plan
[bookmark: _Toc215940171]3.9.1 Descriptive Statistical Analysis
The preliminary analysis has been descriptive statistics that have summarised major variables on patient engagement and service uptake. To measure trends in the usage of digital platforms, perceptions of the content, and behaviour patterns, frequencies, percentages, means, and standard deviations will be computed (Field, 2018). This has given an initial summary of the responses of the participants and aids in data quality checks.
[bookmark: _Toc215940172]3.9.2 Inferential Statistical Techniques
In order to test the five hypotheses (H1-H5), the study has made use of inferential statistics:
· The predictive effect of such variables as digital trust and content relevance on engagement has been evaluated with the help of multiple regression analysis.
· Pearson correlation has been used to test associations between continuous variables (e.g., usability and level of engagement of the platform).
· Associations between categorical variables (e.g., gender and platform usage) has been investigated with the help of chi-square tests.
[bookmark: _Toc215940173]3.9.3 Subgroup Analysis
The moderation analysis has been performed by age, socioeconomic status (SES), and gender, to determine demographic responsiveness--an act that directly fulfils the fifth research objective (Islam, Bailey and Netto, 2024).
[bookmark: _Toc215940174]3.9.4 Data Analysis Tools
Analyses have been done using python, R & Jamovi 
· Initial data cleaning and exploration has been done using python. It is a user-friendly tool for cleaning the raw data (Pallant, 2020).
· Jamovi has been used for analysis and presenting the data.
[bookmark: _Toc215940175]3.9.5 Advantages and Limitations
Statistical analysis enhances objectivity, hypothesis testing, and validity. Nevertheless, the outcomes can be misinterpreted in case assumptions are broken or the data is not cleansed well. Hence, it is important to check the data and preprocess it rigorously (Tabachnick and Fidell, 2019).
[bookmark: _Toc215940176]3.10 Ethical Considerations
[bookmark: _Toc215940177]3.10.1 Ethics Framework and Approval
This study has been guided by the approved Ethical Form-2, and thus it is ethical in regard to the constructions stipulated by the institutions and the general regulations. Ethical approval assures that the study design satisfies the criteria of participant safety, confidentiality of data, and informed consent (Budler and Stiglic, 2025).
[bookmark: _Toc215940178]3.10.2 Participant Safeguards
Some of the main safeguards has been adopted:
· The survey has been preceded by an informed consent screen with the description of the purpose of the study, duration, anonymity, and the right to participate in the study on a voluntary basis (Bryman, 2016).
· Participants have not been prohibited from exiting any stage.
· No sensitive personal or clinical health information (e.g., medical history) has been gathered, which will minimise the risk of harm.
· All information has been treated according to the requirements of the General Data Protection Regulation (GDPR), where anonymisation, safe digital storage, and utilisation of the information will be conducted to provide academic analysis only.
[bookmark: _Toc215940179]3.10.3 Advantages of Ethical Design
The ethical protection stipulates transparency, autonomy, and trust, which can enhance the response rates and participation (Wiles, 2013). The provision of clear information minimises perceived risk and makes sure that the participants will make informed decisions.
[bookmark: _Toc215940180]3.10.4 Limitations and Boundaries
Nevertheless, there have been strict ethical limits that can limit the breadth and adaptability of the study (Awal, 2023). An example is that omission of interviews and focus groups (because of time and ethical considerations) hinders the possibility of qualitative data collection on the stories of patients (Orb, Eisenhauer and Wynaden, 2001). Also, the anonymous survey design does not allow a longitudinal follow-up or clarification of unclear responses.
However, ethical integrity is more important, particularly in the case of conducting research on the public health issues with real-life participants.
[bookmark: _Toc215940181]3.11 Reliability, Validity, and Limitations
[bookmark: _Toc215940182]3.11.1 Reliability
Reliability is the constancy and permanence of the measurement instruments. The research has a high degree of reliability because it uses standardised question items of the Likert scale and closed-ended questions based on validated measures in line with the TAM and TPB models (Ajzen, 1991; Davis, 1989). A pilot test of 10-15 subjects will be needed to pinpoint the ambiguous wording, make the logical flow and improve internal consistency (Bryman, 2016). 
[bookmark: _Toc215940183]3.11.2 Validity
In order to guarantee the content validity, every question in the survey is premised on a set of theoretical constructs that pertain to digital engagement in healthcare. Factor analysis will be used to support construct validity and establish the underlying dimensions of trust, usability, and behaviour (Tavakol and Wetzel, 2020). Also, stratified random sampling enhances external validity because it can be represented in terms of age, gender, and socioeconomic status (Saunders, Lewis and Thornhill, 2023).
[bookmark: _Toc215940184]3.11.3 Limitations
It should be noted that there are three major limitations:
· Cross-sectional design is unable to make causal inference and is incapable of tracking changes in behaviour over time (Menard, 2008).
· Self-reported data also creates the risk of bias e.g., the social desirability or recall error that can compromise accuracy (Podsakoff et al., 2003).
· The online format by definition excludes non-digital users, which further restricts the representation of digitally excluded groups, which may lead to a possible digital divide bias (Van Dijk, 2020).
In spite of these restrictions, the methodological design is sound and can be used to draw generalisable insights within the specified boundaries.
[bookmark: _Toc215940185]3.12 Chapter Conclusion
The chapter used the Research Onion critically by Saunders to develop an evidence-based, coherent methodology. The study has a fit with hypothesis testing and quantitative inquiry by using a positivist philosophy, a deductive approach, and a survey strategy (Saunders, Lewis and Thornhill, 2023).
The selected mono-method of the quantitative design, which relies on the stratified sampling and online survey tools, directly addresses the research objectives: to measure the effect of the digital marketing strategies on patient engagement and service uptake in the UK healthcare.
The approach is both academically rigorous and practically constrained and ethically compliant, as affirmed by the approved Ethical Form-2. Research integrity is supported by the use of validated scales, procedures that are compliant with GDPR, and effective analytical tools (Python) (Bryman, 2016).
The following chapter will introduce the data analysis, in which the hypotheses will be tested by descriptive and inferential statistics and demographic factors will be investigated.


[bookmark: _Toc215940186]Chapter 4: Data Analysis
[bookmark: _Toc215940187]4.1 Introduction
In this chapter, the overall analysis of the primary data gathered by use of an online structured survey on the target population of UK adults (18+) who actively use digital healthcare services is presented. This study directly relates to the research objective, which is to explore the effects of digital marketing approaches on patient participation and service utilisation in UK healthcare, because it tests five research hypotheses (H1-H5) critically using statistical tests. The data analysis was conducted with the help of descriptive statistics, inferential tests (correlation, ANOVA, multiple regression, and chi-square), and correlation analysis due to the adherence to the positivist paradigm and the deductive paradigm presented in Chapter 3 to study the effectiveness of digital marketing strategies among various groups of people, based on their demographics. 
The results are explained with references to the theoretical framework of the Technology Acceptance Model (TAM) and Theory of Planned Behaviour (TPB), discussed within the framework of the literature review, and critically analysing the lack of a digital divide in healthcare access elimination, which remains urgent (Davies, Honeyman and Gann, 2020). Having 150 meaningful responses collected by using stratified random sampling, the analysis aspect exposes subtle trends of patient behaviour that mislead some of the established assumptions about the connection to digital health engagement and verify the critical moderating influence of demographic factors.
[bookmark: _Toc215940188]4.2 Descriptive Analysis
[bookmark: _Toc215940189]4.2.1 Sample Characteristics and Demographics
The respondent demographic also gives the necessary background to the understanding of the engagement trends and answers Research Objective 5, which is the demographic difference in digital health responsiveness. The analysis of age distribution (Figure 7) shows that the sample is highly skewed, with the largest group (n=115, 77%) of respondents between the ages of 18-29 years, and the next largest group (n=30, 20%) of respondents between the ages of 30-44 years. The groups aged 45-59 years and above 60 years had the smallest number of respondents (n=5, 3 per cent, and n=3, 2%, respectively). Although this sampling accurately represents the convenience sampling constraints noted in the methodology, it is ironic because it is actually comparable with NHS App usage statistics, indicating the most significant uptake in younger and digitally native population groups (Kc et al., 2023). Nevertheless, this skew does not lend itself to quantifying digital exclusion in older people, a group that has been investigated to be especially susceptible to the digital divide (NHS England, 2025).
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[bookmark: _Toc215576577][bookmark: _Toc215870670][bookmark: _Toc215938391][bookmark: _Toc215939110][bookmark: _Toc215939752][bookmark: _Toc215940226]Figure 7: Age Distribution of Respondents.
There are three important observations of the demographics:
· Age Sampling Bias: The prevalence of 18-29-year-olds can be considered as an overstatement of digital health literacy and under sampling barriers impacting older patients who, according to Wildenbos, Peute, and Jaspers (2018), report having the greatest usability difficulties with health technologies. This restraint requires a careful extrapolation of the rest of the UK population.
· Ethnic Diversity: the ethnicity distribution (Figure 8) indicates that there were a great number of Asian or Asian British participants (n=90, 60%), smaller proportions of White (n=25, 17%), Prefer not to say (n=20, 13%), and Mixed/Multiple ethnic groups (n=15, 10%). This ethnic distribution (partially) solves the issue of Islam in the study by Bailey and Netto (2024) regarding digital disparities in health among minoritized communities, but again, there are not very many White Britons in comparison with national data.
· Gender Balance: There was a sensible gender balance in the sample of male and female participants, so that comparative analysis is possible as stipulated in H5.
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[bookmark: _Toc215576578][bookmark: _Toc215870671][bookmark: _Toc215938392][bookmark: _Toc215939111][bookmark: _Toc215939753][bookmark: _Toc215940227]Figure 8: Ethnicity of Respondents.
These demographic features are the essential key to interpreting patterns of engagement and hypothesis testing outcomes, especially when referring to the argument developed by Beaunoyer, Dupere, and Guitton (2020), according to which digital disparities in the context of healthcare digitalisation usually reflect and exacerbate the already existing socioeconomic differences.
[bookmark: _Toc215940190]4.2.2 Digital Platform Engagement Patterns
Platform preference analysis (Figure 9) is a direct review of Research Objectives 1 and 2 because it evaluates how different digital marketing channels can support the achievement of researchers in reaching patients. The result shows a unique rank of platform usage, which refutes the findings of the literature review regarding the primacy of official NHS channels:
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[bookmark: _Toc215576579][bookmark: _Toc215870672][bookmark: _Toc215938393][bookmark: _Toc215939112][bookmark: _Toc215939754][bookmark: _Toc215940228]Figure 9: Preferred Digital Health Platforms.
Platform utilisation ranking:
· Social Media Dominance (n=50, 33%): Social media platforms (Facebook, Instagram) were the most sought-after digital health channels, which confirms the results of Thackeray et al. (2012) on the effectiveness of social media as a communication channel on health. Nevertheless, the discovery poses a strategic dilemma: on the one hand, social media has a wide reach and engagement; on the other hand, Stellefson et al. (2017) discuss the issue of control over the quality of information and health misinformation risks when using social media. Its popularity is against the official NHS Digital plan, with the focus on proprietary systems, such as the NHS App (ACE, 2024), which indicates a lack of alignment between the institutional investment in digital infrastructures and the patient's actual use.
· Email Communication (n=40, 27%): Email has a high rate of second-order preference, which confirms the digital channels of communication. This matches the results of Moorhead et al. (2013), who have demonstrated that the patients appreciate asynchronous and non-intrusive health information communication means. The persistence in the favourable use of email against the spread of mobile applications implies that the multi-channel approach should be continued by healthcare providers instead of excessive investment in single-channel solutions (Paul et al., 2024).
· Websites Of Healthcare Providers (n=30, 20%): Direct provider websites are classified as number three, which means that patients are eager to get health-related information via authoritative means (Powell et al., 2011). This behaviour is indicative of the TPB construct of the perceived behavioural control, where patients are more comfortable with platforms that they can themselves use without the extra process of requiring further registration (Ajzen, 1991).
· NHS App/Patient Portal Underutilisation (n = 20, 13%): More importantly, the official digital infrastructure of the NHS demonstrates a lower preference even after investing enormous amounts of funds (NHS England, 2024). This observation adds credibility to the qualitative study by Reidy et al. (2025), who determined that the number of users downloading the NHS App is 34 million, but the reality is limited coverage due to usability concerns and a lack of uniform functionality across GP practices. Such disparity in the availability between technical and patient use illustrates the so-called digital inverse care law in which patients with the highest health requirements have the least access to digital services (Davies, Honeyman, and Gann, 2020).
Such a preference on platforms has significant ramifications for the resolution of Research Objective 1 (assessment of digital marketing strategy effectiveness). The data indicates that the existing UK healthcare digital marketing might not be in line with the preferences of the actual platforms, as too much attention is paid to the proprietary infrastructure (NHS App) instead of platforms on which patients tend to gather in large groups (social media). This mismatch can result in a decreased ROI and effectiveness of digital marketing in general, since Kruse et al. (2016) cautioned about the drawbacks of technology adoption in case the interests of the institutions predominate over the users.
[bookmark: _Toc215940191]4.3 Hypothesis Testing and Inferential Statistics
[bookmark: _Toc215940192]4.3.1 H1: Digital Trust and Patient Engagement (Trust vs. Effectiveness Relationship)
Hypothesis Statement: H1 assumed that digital trust has a positive effect on patient interaction with healthcare platforms and relied on extended TAM models, which include trust as an important antecedent to perceived usefulness (Alsyouf et al., 2023). Nevertheless, this theoretical assumption is contradicted by the correlation analysis, which gave some surprising outcomes.
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[bookmark: _Toc215576580][bookmark: _Toc215870673][bookmark: _Toc215938394][bookmark: _Toc215939113][bookmark: _Toc215939755][bookmark: _Toc215940229]Figure 10: Impact of Digital Trust on Perceived Effectiveness.
Statistical findings:
· Pearson Correlation Coefficient: r = -0.095.
· Statistical Significance p = 0.2523 (not significant at α = 0.05)
· Interpretation: Non-significant, negative correlation
Critical evaluation of results:
The fact that the positive relationship between digital trust and the perceived effectiveness is not significant differs from extensive research that indicated that trust is central to digital health adoption (Keck and Godec, 2024). There are three possible explanations that can be considered:
· Limitations in Measurement: It can be argued that the operationalisation of the scale investigated trust using Likert scale questions and could not capture the multidimensional aspect of digital health trust, with the authors asserting that it includes data security, privacy practices, information reliability, and provider credibility (Keck and Godec 2024). The use of single or simplified trust measures might not be construct valid in order to capture this complexity. Gagnon and others established in the long-term study of TAM in electronic health records that trust is a substructure that has different subdimensions (institutional trust, technological trust, and interpersonal trust) that have varying outcomes on intentions regarding adoption (Gagnon et al., 2014).
· Age Cohort Effects: Due to the dominant majority of 18–29-year-olds in the sample (77%), the correlation between trust and effectiveness might not be directional at all in the context of digital natives who experience a high level of technology comfort, even without considering the explicit trust levels (Hoffmann, Lutz and Meckel, 2014). According to Holden and Karsh (2010), the predictive validity of TAM differs significantly between age groups, where the young users are usually less sensitive to issues relating to trust than their older counterparts. It indicates a possibility that the effect of trust and effectiveness is moderated by age, and it requires sub-categorical analysis, which was not implemented in this research.
· Context-Specific Trust Mechanisms: Within the context of the UK healthcare environment, more specifically, institutional trust in the NHS as an institution can have a floor effect, as the variation in digital trust has little influence on the perception of platform effectiveness because institutional trust overrides technological trust (Currie and Suhomlinova, 2006). Apparently, Topol (2019) hints that the high levels of public legitimacy of the NHS could serve to cushion against the technology-specific trust implications that would be of greater importance in healthcare commercial settings.
Theoretical Implication: The non-significant result contradicts the direct transferability of the long-term TAM models, where trust is a central factor in defining the acceptance of technology in healthcare (Kim and Park, 2012). It implies that the role of trust can be more subtle, possibly a hygiene factor (needed but not desired), and not an incentive to work with someone. This conforms to the critique expressed by Shachak and Reis (2009) that TAM is a simplifying concept that does not recognise the intricate nature of the socio-technical environment of healthcare.
[bookmark: _Toc215940193]4.3.2 H2: Content Relevance and Decision making:
Assessed using Correlation (Heatmap), but not Regression. I have also factored in a Correlation Matrix as opposed to factoring it in the main regression model. I have verified this by a Correlation Heatmap (Figure 8). It has demonstrated that Relevance has been the most significant predictor of uptake in fact (=0.48). I have maintained the distinction between it and the regression model to maintain the analysis clean and to prevent the existence of variables that cancel one another (multicollinearity).
[bookmark: _Toc215940194]4.3.3 H3: Predictors of Service Uptake (Multiple Regression Analysis)
Specifically, the purpose of research Objective 3 was to evaluate the effect of digital marketing on the uptake of services, i.e., preventive care and booking appointments. Trust, effectiveness, and ease of use were assessed using multiple regression analysis as predictors of the composite Uptake Score (booking uptake + preventive care uptake) (Schnall et al., 2015).
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[bookmark: _Toc215576581][bookmark: _Toc215870674][bookmark: _Toc215938395][bookmark: _Toc215939114][bookmark: _Toc215939756][bookmark: _Toc215940230]Figure 11: Predictors of Service Uptake.
	Predictor
	β Coefficient
	Std. Error
	t-value
	p-value
	Significance

	Trust_Num
	0.191
	0.105
	1.817
	0.0713
	Marginally significant (†)

	Effectiveness_Num
	-0.052
	0.086
	-0.602
	0.5484
	Not significant

	Ease_Num
	0.142
	0.062
	2.279
	0.0241
	Significant (*)


[bookmark: _Toc215576569][bookmark: _Toc215870679][bookmark: _Toc215938400][bookmark: _Toc215939119][bookmark: _Toc215939512][bookmark: _Toc215939761][bookmark: _Toc215940235]Table 2: Regression Model Results.
Model fit: R² = 0.058, Adjusted R² = 0.039, F (3, 142) = 2.938, p = 0.035*
Critical analysis reveals several important patterns:
1. Significance of The Ease of Use: The ease of use (EaseNum) on the platform proved the only statistically significant predictor (β = 0.142, p = 0.024), which directly validated the original TAM hypothesis put forward by Davis (1989) of the Perceived Ease of Use (PEOU) as a significant predictor of behavioural intention. Such an observation confirms that the second Research Objective 2, which focuses on engaging the platform, is true by verifying that usability barriers are one of the keys limiting factors to the uptake of services. In reality, it can mean that the effectiveness of digital marketing of healthcare providers depends not on their convincing message but on the inestimable quality of the basic platform (Pasaribu et al., 2022). Wildenbos, Peute, and Jaspers (2018) established that older adults and lower-digitally-literate individuals are systematically locked out by the usability problems, in particular, the complexity of navigation, information overload, and non-intuitive interfaces, which contribute to the inequalities in health among the population.
2. Marginal Effect of Trust: The marginal effect of trust was found to be marginally significant with a positive value (β = 0.191, p = 0.071), indicating that the effect of trust is on the boundary of statistical significance. Such marginal significance suggests that trust could have a substantial significance even without satisfying the standard level of significance, especially because the sample size (n=146) was rather small (after the elimination of missing data), and thus the available statistical power was low. The positive directionality is consistent with the theoretical findings by Alsyouf et al. (2023) that trust helps in the use of health technologies, even though the effect size is small in this study.
3. Paradox of Effectiveness: The expectation brought about by the Perceived Usefulness construct of TAM was the opposite in that perceived effectiveness had no significant correlation with service uptake (β = -0.052, p = 0.548). This paradoxical result indicates that abstract beliefs of patients towards the effectiveness of digital health do not directly change into service utilisation behaviour. Such a gap between attitude and behaviour is a well-known phenomenon in health psychology; a meta-analysis of the literature by McEachan et al. (2011) showed that an intended behaviour (affected by an attitude, such as perceived effectiveness) explained only 19-38% of the variation in health behaviours regardless of implementation barriers, habit, and competing priorities.
4. Poor General Explanatory Power: The overall explanatory power is measured at R²=0.058, which means that all three measures taken cover only 5.8% of the variance in service uptake. There are three vital implications of this low explanatory power:
· Missing Predictors: The model has not captured some significant determinants of uptake of the service. Subjective norms (social influence by healthcare providers and family), habit/past behaviour, health literacy, access barriers (devices, internet), and actual health needs are examples of literature candidates (McEachan et al., 2011; Ajzen, 1991).
· Limitations Of the Theory: The TAM-based model does not fully capture the decision processes associated with healthcare. Subjective norms and perceived behavioural control included in the TPB could offer more predictive validity (Haque and Sorwar, 2017).
· Context-related Factors: There may be circumstances where individual-level perceptual variables are overwhelmed by contextual processors like GP practice policies limiting the use of the NHS App, service provision, or quality of organisational implementation (Reidy et al., 2025).
Practical implications to Research Objective 1: These results imply that to enhance the effectiveness of digital marketing, platforms should be improved in terms of usability rather than being encouraged to present trust or effectiveness in their message. Medical institutions should perform regular usability checks based on NHS guidelines published by Agilio Software (2022), stating that the mobile-first design, uncomplicated navigation, and call to action must be taken into account because 81% of all traffic on the NHS websites comes in through mobile devices.
[bookmark: _Toc215940195]4.3.4 H4: social media vs. Other Platforms
Assessed using Descriptive Data (Bar Charts). The percentages of the raw data (Figure 9) have been used instead of a complicated test. I have not required a sophisticated statistical test to this. Figure 3 bar chart has rendered the result irrefutable. The NHS App has not been popular with 33% of the people as compared to social media. The hypothesis has been adequately proven using the descriptive ranking.
[bookmark: _Toc215940196]4.3.5 H5: Demographic Moderators (Age and Gender Effects)
H5a: Digital Influence by Age (ANOVA)
ANOVA investigated the role that age plays in moderating vulnerability to digital marketing of health (Digital_Influence_Score, which includes reviews, ease of use, and comprehensible information).
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[bookmark: _Toc215576582][bookmark: _Toc215870675][bookmark: _Toc215938396][bookmark: _Toc215939115][bookmark: _Toc215939757][bookmark: _Toc215940231]Figure 12: Susceptibility to Digital Influence by Age.
	Source
	df
	Sum Sq
	Mean Sq.
	F-value
	p-value

	Age
	3
	26.5
	8.834
	7.346
	0.000128*

	Residuals
	145
	174.4
	1.203
	-
	-


[bookmark: _Toc215576570][bookmark: _Toc215870680][bookmark: _Toc215938401][bookmark: _Toc215939120][bookmark: _Toc215939513][bookmark: _Toc215939762][bookmark: _Toc215940236]Table 3: ANOVA Results.
Finding: Highly significant age effect (p < 0.001), strongly supporting H5.
Critical interpretation:
This finding is the strongest conclusion of the whole study, and it shows beyond doubt that age is a significant factor that will moderate digital health marketing responsiveness. As illustrated by visual inspection, boxplots reveal that the age group (18–29-year-olds) is the least susceptible to the influence of digital devices (median ≈ 2.0), whereas the years of greater age (especially 60-year-olds, though with n=3 only) have significantly higher numbers of influence scores (median ≈ 4.0) (Mohd Nizam and Law, 2021). This trend is contrary to what instinctive thinking would have predicted, which is that digital natives would be more receptive to digital marketing; rather, this implies that:
There are three theories that are used:
· Skill of Critical Assessment: Digital natives, being younger, have been socialised to expect digital marketing everywhere, which may have resulted in advanced advertising literacy and scepticism, checks and balances that can mitigate the ease of influence (Stellefson et al., 2013). Conversely, the elderly who have not been exposed to digital marketing as much in the past might perceive the digital health information in a more authoritative way (Leong et al., 2024).
· Disagreements in Health Salience: The result can be due to the differences in age-related health concerns and not entirely due to the effects of digital influence. Any health information can be more receptive to older respondents with more severe health needs and chronic conditions (Rich et al., 2015), which seems to have an apparent influence on digital.
· Measurement Validity Issue: There is a possibility of the composite Digital_Influence_Score conflating the true persuasive influence and the overall information value perceptions. Elderly people could record the scores high in terms of the actual need to have easy-read information on their health issues and not marketing vulnerability in itself (Shao et al., 2025).
Implications on Digital Divide: This result confirms the focus on the literature review of demographic stratification in digital health engagement (Islam, Bailey, and Netto, 2024). The large age effect supports Research Objective 5, which assumes that the one-size-fits-all digital marketing plans cannot be systemically effective in engaging diverse groups of patients. According to Van Dijk (2020), age-based digital divides extend beyond access and competency to also include patterns of utilisation and benefit actualisation, which is exactly what this analysis shows. The carers should thus adopt age-specific computerised techniques, which may include:
· Streamlined, relationship-focused communication with the elderly.
· Higher educational information-orientated strategies for younger adults.
· Selection of the age-specific platform (older ones will use email, younger ones will use social media).
H5b: Platform Preferences by Gender (Chi-Square)
The chi-square test of difference in platform preference between the two genders failed to work out (χ² = NaN, p = NA), probably because small cell frequencies in the contingency table were not able to satisfy the chi-square assumption.
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[bookmark: _Toc215576583][bookmark: _Toc215870676][bookmark: _Toc215938397][bookmark: _Toc215939116][bookmark: _Toc215939758][bookmark: _Toc215940232]Figure 13: Platform Preferences by Gender.
Critical methodological reflection:
This analytical shortcoming points to a weakness of the cross-sectional survey design and small sample size (n=150). Typically, the chi-square tests have requirements of 5% expected; in this case, there are six platform categories and two gender categories and 12 cells, which need n ≥ 60 to become robust. The experimental distribution of the sample had probably caused the cells to have expected frequencies of less than 5, which invalidated the test. This is an aspect of design that must have been envisaged when planning methodology that either:
· Larger sample recruitment (n ≥ 300)
· Collapsing of categories in platforms (merging similar platforms).
· Small samples (Fisher's exact test) are considered to have an alternative statistical approach.
Statistically Non-Significant Pattern Observation: Although the test failed, during the observation, a similar proportion between the preferences of various genders towards the use of the platforms can be visually observed, meaning that gender could be of lesser significance compared to age and socioeconomic factors to explain the disparities in the use of digital health apps, as evidenced in a study by Bol, Helberger and Weert (2018).
[bookmark: _Toc215940197]4.4 Integration with Theoretical Frameworks
[bookmark: _Toc215940198]4.4.1 TAM and TPB Applications
The observations made in the empirical study use subtle confirmation of the Technology Acceptance Model (TAM) assumptions and, at the same time, reveal weaknesses in TAM in the case of the complicated healthcare scenario. This original TAM introduced by Davis (1989) hypothesised that technology acceptance is jointly determined by Perceived Usefulness (PU) and Perceived Ease of Use (PEOU), with PEOU playing a secondary role in tech acceptance too. This framework is partly supported by the regression analysis: PEOU (EaseNum operationalised) significantly predicted service uptake (β = 0.142, p = 0.024), which proves the inclusion of this framework as a primary predictor of behavioural intention. Nonetheless, PU (operationalised as Effectiveness_Num) had no significant association with uptake, which is against the dual-pathway hypothesis of TAM.
The discrepancy is precursory to the basic constraints in applying consumer technology acceptance models to medical settings. Holden and Karsh (2010) contend that TAM oversimplifies the multidimensional, high-stakes context of making a decision to adopt health technology by neglecting:
· Necessity vs. Discretion: In comparison with the consumer technologies that people adopt voluntarily, technologies in healthcare are adopted as necessities in the case of a health crisis, and the subject of uses of these technologies fundamentally changes the perceived calculation of usefulness (Gagnon et al., 2014).
· Third-Party Influence: Clinicians are a strong influence in making the healthcare decisions (subjective norms in TPB), which are not explicitly modelled in TAM (Ajzen, 1991).
· Trust Considerations: Sensitivity of health data poses additional requirements of trust regarding technology acceptance, uniquely revealed by Alsyouf et al. (2023) through the addition of TAM constructs of security, privacy, and trust.
The Theory of Planned Behaviour (TPB) has the potential to provide a better explanatory value in the sense that it embraces subjective norms and perceived control of behaviour and attitudes (López-Mosquera, García and Barrena, 2014). A low marginal significance of trust (p = 0.071) in the regression model suggests the influence of social factors, which might be the effect of clinician and family recommendations as a subjective norm element. Moreover, such high age cater to digital influence susceptibility is due to perception behavioural control differences; older people might feel less certain about their digital abilities and limit engagement with digital despite positive attitudes (Kan and Fabrigar, 2020).
[bookmark: _Toc215940199]4.4.2 Digital Divide Implications
The results of the analysis offer empirical support to theoretical issues regarding how digital health has increased existing health disparities. The results show three aspects of the digital divide:
· Access Disparity: The sample consisted mainly of 18–29-year-olds (77%), which indicates that the participation was conditional on access to the digital environment and digital literacy, and that the 10 million UK adults with no basic digital skills were systematically excluded (NHS England, 2025). The choice of respondents causes this selection bias, where real obstacles encountered by digitally excluded populations are under-represented in the analysis.
· Skills Divide: The digital influence susceptibility difference (F = 7.346, p < 0.001) shows that later generations are more susceptible to digital influence due to a superior difference in digital literacy. The increased vulnerability scores of older adults could be, paradoxically, the sign of more presence of need and less ability to perceive critically – a weakness that Beaunoyer, Dupere, and Guitton (2020) claim COVID-19 digital acceleration made worse.
· Usage Divide: The platforms of social media (33%) and email (27%), compared to the NHS App (13%), indicate that, despite being included in the digital realm, the official healthcare digital infrastructure is yet to be effective even in digitally involved participants. This usage disparity supports the digital inverse care law proposed by Davies, Honeyman, and Gann (2020), in which those populations with the highest health needs (elderly, those with low SES) are the least likely to absorb digital health investments.
The policy implication is that the existing UK digital-first healthcare policy poses the vulnerability of increasing health inequalities unless there are well-formed digital inclusion initiatives, which coordinate access, skills, and usage barriers all at once (Diwakar and Owolabi, 2025).
[bookmark: _Toc215940200]4.5 Correlation Analysis and Key Relationships
When the predictors are displayed in the form of a correlation matrix (Figure 14), the terms of content relevance (Relevance_Num) are the highest predictors of service uptake among all the measured variables; content relevance has positive predictive correlations (0.48) with Uptake_Score, much higher than the other predictors (trust, ease of use, effectiveness, etc.).
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The observation relates to its Research Objective 4 (synthesising insights on consumer behaviour model) as it points to the quality of content design (or more precisely, the content that is personally relevant to individual health needs), which is the most significant contributor to the service utilisation. According to Aitken et al (2025) the mechanism of content relevance runs on personalisation, as follows: when health information is tailored to a particular condition, concern, and situation, patients experience a greater sense of personal salience, which activates Health Belief Model constructs of perceived susceptibility and severity, leading to preventive action (Janz and Becker, 1984).
Its practical implication regarding digital marketing strategy (Research Objective 1) is evident: healthcare providers need to focus on making the content personalised and segmented rather than creating messages that can be sent to everyone. As illustrated by Connolly (2025), AI-based content personalisation systems can dynamically illustrate health information according to the characteristics of different patients, and system content will attain significantly greater engagement and conversion rates in comparison to one-size-fits-all solutions. Nonetheless, this kind of personalisation will be limited by enormous regulatory and ethical limitations regarding the use of health data as required by the GDPR.
[bookmark: _Toc215940201]4.6 Chapter Summary
This theoretical review and synthesis of 150 answers demonstrates that digital health involvement is intricate and confirms and contradicts prior theoretical literature. Although platform ease of use turns out to be the critical predictor of service uptake (justifying TAM), the absence of a relationship between effectiveness and uptake, along with the insignificance of digital trust, indicates that the healthcare technology adoption is a much more complex process of decision-making than the consumer technology models can elucidate. The fact that the age moderation effect (p < 0.001) is highly significant is clear-cut information that demographic variables are the underlying determinants of responsiveness to digital health marketing, which confirms the concern of digital divides as a worsening factor of health inequalities. More importantly, the close positive relationship between content relevance and uptake (r = 0.48) shows that customised, targeted online marketing models significantly outperform generic ones. All of the mentioned findings imply that to enhance the effectiveness of digital marketing in the UK healthcare sector, the investments in the assets of the platform in terms of usability, age-based communication measures, content targeting, and extensive digital inclusion initiatives should take place to address all the systematic constraints of the older, lower SES, and ethnically minoritized demographics. Chapter 5 will summarise these results to provide possible healthcare policy and practice recommendations, acknowledging methodological shortcomings and suggesting future research avenues.


[bookmark: _Toc215940202]Chapter 5: Conclusions and Recommendations
[bookmark: _Toc215940203]5.1 Introduction
This dissertation aimed to investigate the effectiveness of digital marketing approaches on patient interaction and service adoption in UK healthcare organisations using a positivist, quantitative approach to test 5 hypotheses among 150 respondents. Understanding of the investigation was supported by the well-known theoretical frameworks Technology Acceptance Model (TAM) and Theory of Planned Behaviour (TPB) and critically assessed through the prism of digital health equity. This final chapter summarises empirical research findings in comparison to the objectives, critically examines theoretical implications, and offers evidence-based policy suggestions to healthcare providers, policymakers, and future researchers. More importantly, the analysis will show that effective digital health engagement is not merely a matter of technological complexity, but it is mediated inherently by usability needs, demographic stratification, and personalisation of content, which are not properly tackled by the present NHS digital strategies.
[bookmark: _Toc215940204]5.2 Achievement of Research Objectives and Critical Synthesis
[bookmark: _Toc215940205]5.2.1 Objective One: Evaluation of Digital Marketing Strategy Effectiveness
The initial aim was to determine the efficacy of digital marketing plans that are used within the UK healthcare sector. This is a paradoxical result of the empirical evidence, as even though required institutional investment was made in proprietary digital infrastructure, especially the NHS App, which has over 34 million downloads, social media (33%) and email (27%) were the most popular channels of engaging patients, with the NHS App being in third place with only 13%. This institutional digital strategy-patient platform mismatch is what Greenhalgh et al. (2020) refer to as technological solutionism: the flawed belief that the implementation of the new powerful technology is guaranteed to improve patient outcomes automatically. The observation supports the claim by Fisher and Clayton (2012) that digitalisation in healthcare should be a demand-orientated and not a supply-orientated effort, with emphasis on the behavioural patterns of patients over the organisational convenience. This misalignment in the strategy implies that the present digital marketing performance is undermined due to:
· Platform selection bias: The healthcare providers focus their resources on institutionally guided avenues instead of the platform preferred by patients, which leads to inefficient reach and engagement (Price et al., 2013).
· Lack of multi-channel integration: The isolated approach to Internet communications does not generate the continuous patient experience across touchpoints, which removes the impact of engaging with a company in a cumulative way (Verhoeff, Kannan, and Inman, 2015).
· Weak measurement systems: A weakness in the literature review is that the evidence-based decision-making in resource allocation cannot be demonstrated based on digital investments, which exacerbates the use of evidence-assisted decisions in resource allocation (Krafft and Mantrala, 2010).
[bookmark: _Toc215940206]5.2.2 Objectives Two and Three: Platform Engagement and Service Uptake
The second and third objectives, the analysis of platform engagement and impact measurement on service uptake, demonstrated that the usability of platforms compared to the perceived effectiveness was shown to not correlate statistically (β = 0.142, p = 0.024) but was shown to have no correlation (β = -0.052, p = 0.548), respectively. This empirical observation is essentially a contradiction of the construct of Perceived Usefulness of TAM, which theorises that the use of the technology is motivated by the perceptions of utility. The difference indicates that in high-stakes healthcare settings, utilitarian access prevails over the abstract efficacy beliefs, something that can be explained by the fact that in these contexts, the friction costs of digital health tools are significant, such that even the slightest usability regulation has a disproportionate negative effect on engagement among time-constrained or digitally isolated demographics. 
The lack of support of the poor overall model explanatory power (R² = 0.058) shows that the prevailing theoretical paradigm fails to describe the adoption specifics of the healthcare context. There is a fundamental difference between technology acceptance in health care and consumer technology acceptance, as Peek et al. (2014) suggest, since the health behaviours rely on necessity, are subject to social influence, and have authority figures that influence them (in this case, the clinical gatekeeper), which are poorly modelled in standard TAM applications.
[bookmark: _Toc215940207]5.2.3 Objective Four: Consumer Behaviour Model Synthesis
The fourth was an integrative synthesis of consumer behaviour to gain an insight into the decision on the part of patients. The correlation test showed content relevance as the best predictor of service uptake (r = 0.48), which is significantly bigger than trust, usability, or effectiveness. The empirical result confirms the patient-centred communication model put forward by Epstein et al. (2010) by focusing on information personalisation as opposed to general health communication. The mechanism was achieved by the construct of perceived salience in the Health Belief Model, whereby when content refers to specific individual situations, it prompts personal health risk-related awareness and action more than the population-level content (Glanz, Rimer, and Viswanath, 2008). The question of low value but non-significance of trust (p = 0.071), however, makes this image more complex, as there is possibly a factor of floor effects where the baseline institutional trust in the NHS possibly masks technology-specific trust variance, a contextual determinant that Salazar, Crosby, and Diclemente (2015) determine to be the difference between public healthcare and commercial digital services.
[bookmark: _Toc215940208]5.2.4 Objective Five: Demographic Variations in Digital Responsiveness
The fifth objective investigated the demographic differences, which produced the strongest finding of the study: age is a significant modifier of the digital influence susceptibility (F = 7.346, p < 0.001). Ironically, the scores of the older age group were more influential regardless of common beliefs regarding the digital native responsiveness. This reversed dynamic is what Lopez et al. (2023) describe as a more advanced form of digital advertising literacy, or the higher processes of digital persuasion of young cohorts to ignore and respond negatively to persuasive messages. The equity implications are immense: this implies that digital-first healthcare policies can directly benefit younger and more digitally fluent groups of individuals and, at the same time, overwhelm older adults with the information that they are less able to filter. This empirical data supports the fact that Yoon et al. (2020) are right in warning that, unless healthcare is digitalised with powerful inclusion policies and measures, it is prone to breaking the principles of distributional justice by adding a new layer of digital determinants of health that exacerbates already established socioeconomic inequalities.
[bookmark: _Toc215940209]5.3 Theoretical Contributions and Implications
This study has three substantive theoretical contributions. First, empirically, it proves that although partially supported by evidence through the relevance of Perceived Ease of Use, TAM in a healthcare setting has a weak explanatory capability (R² = 0.058), as Holden and Karsh (2010) note that TAM is simplistic in its understanding of health technology adoption. Second, it shows that moderating effects of attitudinal constructs are smaller when compared to those of demographic variables, specifically age, which criticises the individualistic approach to TAM/TPB and their ecological foundations, which predict the foreground of structural determinants. Third, it gives empirical data backing the content relevance primacy hypothesis: that contextually appropriate personalised information is of much higher quality compared to generic messaging in spite of the platform sophistication or perceived credibility. This result applies the Elaboration Likelihood Model to the digital health scenario, revealing that the central route to persuasion (substantive personal relevance) prevails over peripheral ones such as the aesthetics of the platform or the institutional branding (Petty and Cacioppo, 1986).
[bookmark: _Toc215940210]5.4 Practical Recommendations
[bookmark: _Toc215940211]5.4.1 Recommendations for Healthcare Providers
1. Multi-Channel Platform Strategy
· Instead of relying on single-platform digital strategies, healthcare organisations need to switch to multi-channel strategies that address the patients at the platforms they prefer the most, specifically, social media and email, but no longer solely on proprietary applications (Stephen, 2016).
· Interoperability and smooth patient experiences across touchpoints should be prioritised in investments instead of feature-richness on confined platforms (Wang et al., 2018).
· The current strategy of social media engagements focuses on broadcasting the dissemination of information but needs to be reoriented to interactive community-building and using peer-to-peer health information exchange (Giustini et al., 2018).
2. Usability-First Design Imperatives
· The design of the platform needs to put evidence-based principles of usability into practice: mobile-first responsive design, simplified nav structures, and accessibility based on the WCAG 2.1 AA standard (Schnall et al., 2016).
· Mostly, it is required to involve representative patient groups, both older adults and low-digital-literacy populations, in required usability testing before the deployment of the platform (Frishammar et al., 2023).
· Continuous usability monitoring, Implementation of heatmap analysis, session definition capturing, and friction point to improve user experience through continuous iteration (Timar, 2022).
3. Content Personalisation Infrastructure
· Implementation of AI-based content recommendation systems that tailor health information dynamically to unique patient profiles (type of condition, demographic, health literacy level, and engagement history) (Milne-Ives et al., 2020).
· Implementation of defined communication interventions that acknowledge the diversity of patient needs, as opposed to using mass communication that is not personalised (Brooks, Manias and Bloomer, 2019).
· Incorporation of the principles of behavioural nudges to frame health information in a manner that elicits the activation of personal relevance and people's psychological distance (Marteau et al., 2011).
[bookmark: _Toc215940212]5.4.2 Recommendations for Policy Makers
1. Digital Inclusion Mandates
· NHS Digital and Integrated Care Systems should create enforceable digital inclusion criteria that will ensure that all health digital efforts prove equity impact evaluations before implementation (Neves, Sanders, and Kokanovic, 2019).
· The development of supported digital access programmes, such as digital skills training and device provision, and assisted digital services, was aimed at systematically excluded populations (Fu, Ghauri and Lu, 2025).
· The regulatory framework with which all digital services that face patients must respond offers digital by default and analogue by necessity ramps so that non-digital options are still feasible.
2. Evidence-Based Investment Frameworks
· Standardisation of digital health ROI measurement frameworks that are not limited to vanity metrics (downloads, registrations) and that are directly proportional to meaningful patient outcomes: behaviour change, utilisation of a service, and health improvement (Murray et al., 2016)
· The digital health investment, above specified thresholds, will have mandatory assessment conditions with published outcome data so as to learn outcomes within the sector (Badr, Motulsky and Denis, 2024).
· Redirection of digital health funds on empirical effectiveness evidence, as opposed to technological novelty or institutional favour (Cascini et al., 2023).
3. Age-Sensitive Digital Health Guidelines
· Development of age-related digital health communication guidelines, which consider the existence of different processing skills, digital literacy, and susceptibility to persuasive messages (Wildenbos, Peute, and Jaspers, 2018)
· Regulatory protections from exploitative digital marketing procedures regarding older users with less digital advertisement literacy (Verpex, 2025).
· Funding of intergenerational digital health projects to aid older adults with digital interaction through family networks (Phang et al., 2022).
[bookmark: _Toc215940213]5.5 Research Limitations and Future Directions
There are four substantive limitations that have been recognised in this study. To begin with, the sample had a strong age skew (77% 18-29), providing an unfair representation of older correlates whose experiences with digital health are significantly different, which limits the generalisability of the sample to the rest of the UK population. Second, the cross-sectional design does not allow for causal inference, and it is impossible to assess the longitudinal behaviour change trajectories (Taris, Kessler and Kelloway, 2021). And third, although methodologically sound, a mono-method quantitative strategy does not provide the contextual richness to answer the question in order to understand the why behind the observed patterns, especially the contrary results of the two seemingly counterintuitive results about trust and effectiveness. Fourth, online-based convenience sampling has a non-digitally-inclusive nature, thus generating a selection bias that underestimates the degree of the digital divide.
The future research must utilise:
· Mixed-method longitudinal studies that trace patient journeys of digital health over time and yet include qualitative analysis of the decision-making process (Creswell and Clark, 2018).
· Intentional oversampling of the older adults, ethnic minorities, and people with a low socioeconomic status to represent digitally excluded groups adequately (Yoon et al., 2020).
· Digital health intervention studies that are assessed by natural experiments with quasi-experimental designs that allow for stronger causal inference (Craig et al., 2012).
· Cross-national research comparing the patterns of digital health engagement based on the configuration of the healthcare system (publicly financed versus insurance-based).
[bookmark: _Toc215940214]5.6 Concluding Remarks
The dissertation has also revealed that successful digital health engagement in UK healthcare is not only a technological challenge but is also essentially a human-centred design, equity, and communication challenge. The facts clearly disprove the build-it-and-they-will-come assumptions: the NHS App has been downloaded 34 million times, but under the surface, the system is experiencing significant inequality in engagement, and institutional digital investments have failed to meet patient platform preferences and usability demands. It needs the technology-centric paradigm shift into patient-centric digitalisation, which focuses on usability rather than sophistication, personalisation instead of standardisation, and inclusion rather than efficiency. Devoid of this recalibration, the digitalisation of healthcare risks increasing disparities in healthcare, because it will result in two-level systems with a digitally able populace receiving convenient and responsive services and the digitally unable groups facing further marginalisation. The challenge to UK healthcare is not whether healthcare should be digitalised but how to digitalise in an equitable, effective, and humane manner.
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Hello, my name is Sabir Hossain, and I am an MBA student at the University of Wales Trinity Saint David (UWTSD). I am conducting a study on “The Impact of Digital Marketing Strategies on Patient Engagement and Service Uptake in UK Healthcare Providers.” Healthcare providers, in the context of this survey, are organisations like the NHS, local GP practices, dentistry practices, and other clinics, as well as individuals working in them who are not classified as healthcare practitioners. This survey is meant to find out the impacts of digital marketing on patient awareness, engagement, and utilisation of healthcare services. This survey aims to understand how digital marketing affects patients’ awareness, engagement, and use of healthcare services. Your participation is completely voluntary, and you can stop at any time. All responses will be kept anonymous and confidential, and no personal information will be collected. By completing this survey, you are giving your consent to take part in this study. Your feedback is very valuable and appreciated.

Online Survey: The Impact of Digital Marketing on UK Healthcare
Demographic Questions
1. What is your Gender?
a) Male
b) Female
c) Prefer not to say
2. What is your age group?
a) 18-29
b) 30-44
c) 45-59
d) 60+
3. What is your ethnic group?
a) White
b) Mixed or Multiple ethnic groups
c) Asian or Asian British
d) Black, African, Caribbean, or Black British
e) Another ethnic group
f) Prefer not to say
4. To what extent do you feel that digital health communications from UK healthcare providers are culturally relevant to your ethnic background?
a) Very Irrelevant
b) Irrelevant
c) Neutral
d) Relevant
e) Very Relevant
f) I prefer not to say


Main Questions
5. Which digital platform do you prefer for receiving health-related information?
a) Email
b) Social media (e.g., Facebook, Instagram)
c) NHS App / Patient Portal
d) Healthcare Provider Website
e) I do not prefer digital channels for health information
f) Other……….
6. How likely are you to interact with (e.g., like, comment, share) health-related content posted by a healthcare provider on social media?
a) Very Unlikely
b) Unlikely
c) Neutral
d) Likely
e) Very Likely
7. How frequently do you use the NHS App or other patient portals to manage your health?
a) Never
b) Rarely
c) Sometimes
d) Often
e) Very Often
8. How effective do you find the digital communications (e.g., emails, social media posts, app notifications) from healthcare providers in informing you about available services?
a) Very Ineffective
b) Ineffective
c) Neutral
d) Effective
e) Very Effective
9. The information I receive from healthcare providers through digital channels is trustworthy.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
10. The digital marketing messages from healthcare providers are relevant to my personal health needs.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
11. Digital reminders (e.g., via email, SMS, or app notification) have prompted me to book a healthcare appointment.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
12. I have used a preventative care service (e.g., flu jab, health screening) as a direct result of seeing a digital advertisement or communication.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
13. The ease of use of a healthcare provider's website or app influences my decision to use their services.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
14. Clear information about the benefits of a health service, presented digitally, makes me more likely to use it.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
15. Positive reviews or testimonials seen online influence my choice of a healthcare provider or service.
a) Strongly Disagree
b) Disagree
c) Neutral
d) Agree
e) Strongly Agree
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APPLICATION FOR ETHICAL APPROVAL
In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. 
The University follows the OECD Frascati manual definition of research activity: “creative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. As such this covers activities undertaken by members of staff, postgraduate research students, and both taught postgraduate and undergraduate students working on dissertations/projects.
The individual undertaking the research activity is known as the “principal researcher”.
This form must be completed and approved prior to undertaking any research activity. 
SECTION A: About You (Principal Researcher)
	1
	Full Name:
	Sabbir Hossain

	2
	Student Number:
	2420704

	3
	Email address:
	2420704@student.uwtsd.ac.uk

	4
	Programme of Study:
	MBA

	5
	Supervisor:
	Daniela Hallyer


SECTION B:  Internal and External Ethical Guidance Materials
	
	Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific dodes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.

	1
	UWTSD Research Ethics & Integrity Code of Practice
	☒
	2
	UWTSD Research Data Management Policy
	☒


SECTION C: Details of Research Activity
	1
	Indicative title:
	The Impact of Digital Marketing Strategies on Patient Engagement and Service Uptake in UK Healthcare Providers 

	2
	Proposed start date:
	8 August, 2025
	Proposed end date:
	8 December, 2025

	
	Introduction to the Research (maximum 300 words in each section)
Ensure that you write for a Non-Specialist Audience when outlining your response to the three points below:
· Purpose of Research Activity
· Proposed Research Question
· Aims of Research Activity
· Objectives of Research Activity
Demonstrate, briefly, how Existing Research has informed the proposed activity and explain
· What the research activity will add to the body of knowledge 
· How it addresses an area of importance. 

	3
	Purpose of Research Activity
The purpose of this research is to explore how digital marketing strategies influence patient engagement within UK healthcare services. As healthcare systems increasingly adopt digital tools—such as targeted social media campaigns, email outreach, and mobile health apps—understanding their impact on patient behavior becomes essential. This study aims to investigate which digital marketing approaches are most effective in encouraging patients to access services, adhere to treatment plans, and participate in preventive care initiatives.
By analyzing patient responses to various digital marketing techniques, the research will identify patterns in engagement, trust, and perceived value. It will also examine demographic and behavioral factors that shape how patients interact with digital content. The findings will contribute to both academic literature and practical applications, offering healthcare providers insights into designing more inclusive and responsive communication strategies.
The study will use an online questionnaire to gather data from UK-based participants, ensuring ethical compliance and data protection throughout. Ultimately, the research seeks to bridge the gap between marketing innovation and public health outcomes, helping healthcare organizations better serve diverse patient populations through strategic digital outreach. This aligns with broader goals of improving health literacy, access, and equity in a digitally evolving healthcare landscape.

	4
	Research Question
This section seeks to collect data from UK residents who actively engage with digital healthcare platforms. The responses will support an analysis of how digital marketing strategies influence patient engagement, service uptake, and trust in healthcare communication.
Core Research Question

How do digital marketing strategies influence patient engagement and service uptake among UK healthcare providers?
Sub-questions
· How do healthcare organizations in UK, utilize digital marketing to improve patient engagement?
· What digital channels and content formats are most effective in promoting healthcare services?
· How does digital trust, content relevance, and platform usability influence patient decision-making?
· What demographic and behavioural patterns shape responsiveness to healthcare marketing?
· How do healthcare brands adapt their digital strategies to meet evolving patient expectations?
Hypothesis:
· H 1: Digital trust positively influences patient engagement with healthcare platforms.
· H 2: Content relevance significantly improves patient decision-making and service uptake.
· H 3: Personalized digital marketing increases the uptake of preventive healthcare services.
· H 4: Social media channels generate higher patient engagement compared to other digital platforms.
· H 5: Demographic factors (e.g., age, gender, socioeconomic status) moderate the effectiveness of digital marketing strategies.

	5
	Aims of Research Activity
The aim of this research is to examine how digital marketing impacts patient engagement and service uptake in UK healthcare by focusing on digital marketing strategy, content design, and audience behaviour.

	6
	Objectives of Research Activity
The objective of this research is to evaluate the effectiveness of digital marketing strategies in enhancing patient engagement and service uptake within UK healthcare systems, with a focus on platform usability, content relevance, and demographic responsiveness.
· To evaluate the effectiveness of digital marketing strategies used in UK healthcare sectors.
· To analyse patient engagement levels across different digital platforms (e.g., NHS App, social media, email campaigns).
· To assess the impact of digital marketing on service uptake, including preventive care and appointment bookings.
· To synthesise insights from consumer behavior models to understand patient decision-making.
· To explore demographic variations in responsiveness to digital health marketing in London.

	
	Proposed data collection methods (maximum 600 words)
Provide a brief summary of all the methods that may be used in the research activity to collect data, making it clear what specific techniques may be used. If methods other than those listed in this section are deemed appropriate later, additional ethical approval for those methods will be needed. You do not need to justify the methods here, but should instead describe how you intend to collect the data necessary for you to complete your project.

	7
	This research will utilize a quantitative data collection approach, primarily through structured online surveys. The target population includes UK residents aged 18 and above who actively engage with digital healthcare services such as the NHS App, private clinic portals, and other digital platforms. The survey will be designed to capture user behaviors, engagement patterns, and perceptions related to digital healthcare marketing.
Data will be collected using Google Forms, a secure and scalable platform that enables efficient distribution and centralized data capture. This tool allows the researcher to reach a broad and diverse sample across the UK, including urban and suburban populations. The questionnaire will consist of closed-ended and Likert-scale items, which are suitable for measuring variables such as:
· Awareness of digital health campaigns
· Frequency of engagement with online health content
· Confidence in healthcare providers’ digital messaging
· Satisfaction with digital healthcare services
· Appointment booking behavior via digital platforms
The survey will be distributed electronically via email, social media, and healthcare-related online communities. Participants will be selected using stratified random sampling, ensuring representation across key demographic groups including age, gender, and socioeconomic status. The sample size will be approximately 150 respondents, with data collection scheduled over a 6–8-week period during Autumn 2025.
For primary data collection, the structured questionnaire will guide respondents through specific topics, ensuring consistency and clarity in responses. This format supports streamlined analysis and minimizes ambiguity. No audio or video recordings will be collected as part of this research. Therefore, no personal data classified under GDPR/DPA2018 related to multimedia content will be handled. All responses will be anonymized, and participants will be informed of their rights and the voluntary nature of participation.
In addition to survey data, secondary data sources will be used to support and contextualize the findings. These sources will include peer-reviewed academic papers, industry reports, practitioner blogs, and publicly available articles relevant to digital healthcare marketing. Secondary data will help identify existing trends, benchmark engagement metrics, and provide a broader understanding of the digital health communication landscape in the UK.
All collected data will be stored securely and used exclusively for the purposes of this research project. The researcher will ensure compliance with ethical standards and data protection regulations throughout the study. If additional data collection methods—such as interviews or focus groups—are deemed necessary at a later stage, separate ethical approval will be sought before implementation.
This multi-source data collection strategy is designed to provide a comprehensive and reliable foundation for analysing how digital marketing strategies influence patient engagement and service uptake in UK healthcare settings.


SECTION D: Scope of Research Activity
	
	Will the research activity include?
	YES
	NO

	1
	Use of a questionnaire or similar research instrument?
	☒
	☐

	2
	Use of interviews?
	☐
	☒

	3
	Use of focus groups?
	☐
	☒

	4
	Use of participant diaries? 
	☐
	☒

	5
	Use of video or audio recording?
	☐
	☒

	6
	Use of computer-generated log files?
	☐
	☒

	7
	Participant observation with their knowledge?
	☐
	☒

	8
	Participant observation without their knowledge?
	☐
	☒

	9
	Access to personal or confidential information without the participants’ specific consent?
	☐
	☒

	10
	Administration of any questions, test stimuli, presentation that may be experienced as physically, mentally or emotionally harmful / offensive?
	☐
	☒

	11
	Performance of any acts which may cause embarrassment or affect self-esteem?
	☐
	☒

	12
	Investigation of participants involved in illegal activities?
	☐
	☒

	13
	Use of procedures that involve deception?
	☐
	☒

	14
	Administration of any substance, agent or placebo?
	☐
	☒

	15
	Working with live vertebrate animals?
	☐
	☒

	16
	Procedures that may have a negative impact on the environment?
	☐
	☒

	17
	Other primary data collection methods. Please indicate the type of data collection method(s) below.
	☐
	☒

	
	Details of any other primary data collection method:
(This box should expand as you type)
	
	


If you have ticked NO to every question then the research activity is (ethically) low risk and you may skip section E and continue to section F.
If YES to any question, then no research activity should be undertaken until full ethical approval has been obtained. 
SECTION E: Intended Participants
	
	Who are the intended participants?
	YES
	NO

	1
	Students or staff at the University?
	☒
	☐

	2
	Adults (over the age of 18 and competent to give consent)?
	☒
	☐

	3
	Vulnerable adults?
	☐
	☒

	4
	Children and Young People under the age of 18? (Consent from Parent, Carer or Guardian will be required)
	☐
	☒

	5
	Prisoners?
	☐
	☒

	6
	Young offenders?
	☐
	☒

	7
	Those who could be considered to have a particularly dependent relationship with the investigator or a gatekeeper?
	☐
	☒

	8
	People engaged in illegal activities?
	☐
	☒

	9
	Others. Please indicate the participants below, and specifically any group who may be unable to give consent.

	☐
	☒

	
	Details of any other participant groups:
Complete this only if your participants cannot give consent. This includes animals. If students choose individuals under the age of 18 and or vulnerable individuals, a DBS (Disclosure and Barring Service) check is essential.
(This box should expand as you type)
	
	



	
	Participant numbers and source
Provide an estimate of the expected number of participants. How will you identify participants and how will they be recruited? 

	10
	How many participants are expected?

	Approximately 150 UK-based adults will be recruited through online outreach (social media, forums, university channels). Surveys will be distributed via Google Forms.

	11
	Who will the participants be?

	Adults aged 18+, including students and patients who use digital healthcare platforms like the NHS App or private clinic portals.

	12
	How will you identify the participants?
	Participants will be reached through targeted online channels. Stratified sampling will ensure diversity in age, gender, and socioeconomic status.



	
	Information for participants:
	
YES
	NO
	
N/A

	13
	Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?
	☒
	☐
	☐

	14
	Will you tell participants that their participation is voluntary?
	☒
	☐
	☐

	15
	Will you obtain written consent for participation?
	☒
	☐
	☐

	16
	Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?
	☒
	☐
	☐

	17
	If the research is observational, will you ask participants for their consent to being observed?
	☒
	☐
	☐

	18
	Will you tell participants that they may withdraw from the research at any time and for any reason?
	☒
	☐
	☐

	19
	With questionnaires, will you give participants the option of omitting questions they do not want to answer?
	☒
	☐
	☐

	20
	Will you tell participants that their data will be treated with full confidentiality and that, if published, it will not be identifiable as theirs?
	☒
	☐
	☐

	21
	Will you debrief participants at the end of their participation, in a way appropriate to the type of research undertaken?
	☒
	☐
	☐

	22
	If NO to any of above questions, please give an explanation 

	
	You should be able to tick YES for all of these questions. If not, then explain why not in this box.
(this box should expand as you type)



	
	Information for participants:
	
YES
	NO
	
N/A

	24
	Will participants be paid?
	☐
	☒
	☐

	25
	Is specialist electrical or other equipment to be used with participants?
	☐
	☒
	☐

	26
	Are there any financial or other interests to the investigator or University arising from this study?
	☐
	☒
	☐

	27
	Will the research activity involve deliberately misleading participants in any way, or the partial or full concealment of the specific study aims?
	☐
	☒
	☐

	28
	If YES to any question, please provide full details 

	
	You should be able to tick NO for most of these questions. For any cases that you have ticked YES then provide details in this box. If you are using cameras/voice recorders to record interviews then please state that in this box.
(This box should expand as you type)


SECTION F: Anticipated Risks
	
	
Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them.  

	1
	Risks to participants
For example: sector-specific health & safety, emotional distress, financial disclosure, physical harm, transfer of personal data, sensitive organisational information. If you have identified in section D that there are no participants then enter N/A and go skip to question 3.

	
	Risk to participants:
There are always risks. Do not write N/A unless you have no participants.
The research involves minimal risk. However, potential risks include mild emotional discomfort when responding to questions about personal healthcare experiences, and the transfer of non-identifiable personal data (e.g., age, gender, digital platform usage). There is no collection of sensitive health records, financial information, or multimedia recordings.
	Steps to mitigate risk to participators:
Participants will be fully informed about the nature and purpose of the study before participation. All responses will be anonymous, and no identifiable personal data will be collected. Participants will have the right to skip any question and withdraw at any time without consequence. Data will be stored securely and used solely for academic purposes, in compliance with GDPR and institutional ethical standards.



	2
	If research activity may include sensitive, embarrassing or upsetting topics (e.g. sexual activity, drug use) or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities

	
	This research does not include any topics that are likely to be sensitive, embarrassing, or upsetting to participants. The questionnaire focuses on general engagement with digital healthcare platforms and perceptions of digital marketing strategies. No questions will be asked about personal health conditions, illegal activity, or emotionally distressing experiences. Should any participant experience discomfort during the survey, they will be advised to discontinue participation. As no sensitive disclosures are anticipated, no further action or referral procedures are required.

	3
	Risks to the investigator
For example: personal health & safety, physical harm, emotional distress, risk of accusation of harm/impropriety, conflict of interest

	
	Risk to the investigator:
There are always risks. Do not write NA.
The research poses minimal risk to the investigator. However, potential risks include emotional fatigue from managing participant responses, the possibility of misinterpretation of intent during online interactions, and the risk of data handling errors or perceived impropriety if confidentiality is not maintained.
	Steps will be taken to mitigate the risk to the investigator:

All communication will be conducted professionally and transparently, with clear participant information and consent procedures. Data will be collected anonymously via Google Forms and stored securely to prevent breaches. The investigator will follow institutional ethical guidelines and maintain a neutral, respectful tone throughout all participant-facing materials to avoid misunderstandings or reputational risk.

	4
	University/institutional risks
For example: adverse publicity, financial loss, data protection

	
	Risk to the University:
There are always risks. Do not write NA. 

Potential risks include reputational impact if participants misunderstand the study’s purpose, data protection concerns if survey responses are mishandled, and the possibility of non-compliance with ethical or GDPR standards.
	How you will mitigate the risk to the University:

All participant-facing materials will clearly explain the study’s purpose, procedures, and voluntary nature. The research will strictly follow institutional ethical guidelines and GDPR compliance to ensure transparency and safeguard the University’s reputation.

	5
	Environmental risks
For example: accidental spillage of pollutants, damage to local ecosystems

	
	Risk to the environment:

This research involves no physical fieldwork, laboratory procedures, or use of hazardous materials. As it is conducted entirely online through digital surveys, there is no risk of environmental damage, pollution, or disruption to ecosystems.
	Steps will be taken to mitigate the risk to environment:

All research activities will be carried out digitally, minimizing environmental impact. No travel, physical resources, or waste-producing processes are involved. Data will be stored electronically, reducing the need for printed materials or physical storage.


SECTION G: Feedback, Consent and Confidentiality
If you have identified in section D that there are no participants then enter skip this section and continue to section H.
	1
	Feedback
What de-briefing and feedback will be provided to participants, how will this be done and when? 

	
	You don’t need to email your participants with your final report. Good alternatives are (i) to set up an email address that they will be able to contact for further details or results and or (ii) set up a blogspot or social media page (not a personal social media page) that shares your main findings.
Participants will be thanked and debriefed at the end of the survey, with a summary of the study’s purpose. A dedicated email and public blog or social media page will be provided for accessing key findings once available.

	2
	Informed consent
Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before data collection begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded in accordance with prevailing data protection legislation.

	
	If you are using a paper questionnaire then you should have the participants sign an appropriate consent form. These forms will count as personal data and should be noted as such in section J.
If you are using an online questionnaire, then you should have a screen before the questions start that acts as a consent form, informing participants that by clicking on the NEXT button they are providing consent.
Potential participants will be informed of the study’s purpose, procedures, and their rights via a clear introductory statement before the questionnaire begins. For online surveys, a dedicated consent screen will appear prior to any questions, explaining that by clicking “NEXT,” participants confirm their informed consent in accordance with data protection regulations.

	3
	Confidentiality / Anonymity
Set out how anonymity of participants and confidentiality will be ensured in any outputs. If anonymity is not being offered, explain why this is the case. 

	
	Do not collect names unless you really need them. Do not name participants or organisations in any research publications (including the thesis) without their explicit permission.
Participants’ anonymity will be protected by avoiding the collection of names or any identifiable personal data. All responses will be reported in aggregate, and no individuals or organizations will be named in any outputs without explicit written permission.



SECTION H: Data Protection and Storage

	
	Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 “GDPR” and the Data Protection Act 2018 “DPA”)?
	YES
	NO

	1
	“Personal data” means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants is considered to be personal data.
	☒
	☐

	
	If YES, provide a description of the data and explain why this data needs to be collected:

	2
	This includes audio/video data of participants, but can also include IP addresses and usernames. Names, addresses and emails also count, as do consent forms.
According to the form of ethics which you have given me, the response to the part concerning the description of personal data to be collected should be as follows.
Personal data that will be gathered in the course of the research will take the form of demographic data, namely age, gender, and socioeconomic status. Also, since the data will be collected with the help of online questionnaires (i.e., Google Forms), it is possible that online identifiers, such as IP addresses or email addresses linked to accounts of participants, will be processed.
The following are the reasons why this data is important:
· Stratified Sampling: The stratified random sampling will be used and the demographic information will be needed in order to ensure that the 150 participants represent a wide cross-section of the population.
· Meeting Research Objectives: The gathering of such information will be essential to meet one of the important research objectives, which is: "To investigate the demographic differences of responsiveness to digital health marketing".
· Hypothesis Testing: The information will be required to test the following specific hypothesis that "Demographic factors (e.g., age, gender, socioeconomic status) moderate the effectiveness of digital marketing strategies" (H5).
Although online identifiers can be gathered by the survey platform, the responses will be anonymized to safeguard confidentiality of the participants.

	
	Does it involve special category data (as defined by the GDPR)?
	YES
	NO

	3
	“Special category data” means sensitive personal data consisting of information as to the data subjects’ –
(a) racial or ethnic origin,
(b) political opinions,
(c ) religious beliefs or other beliefs of a similar nature,
(d) membership of a trade union (within the meaning of the Trade Union and Labour Relations (Consolidation) Act 1992),
(e) physical or mental health or condition,
(f) sexual life,
(g) genetics,
(h) biometric data (as used for ID purposes),
	
☐
	
☒

	
	If YES, provide a description of the special category data and explain why this data needs to be collected:

	4
	What counts as ‘sensitive’ will differ between cultures. Any information on behaviour that is not in accordance with cultural norms would count as sensitive personal data.
(This box should expand as you type)



	
	
Will data from the research activity (collected data, drafts of the thesis, or materials for publication) be stored in any of the following ways?
	YES
	NO

	5
	Manual files (i.e., in paper form)?
	☐
	☒

	6
	University computers?
	☒
	☐

	7
	Private company computers?
	☐
	☒

	8
	Home or other personal computers?
	☒
	☐

	9
	Laptop computers/ CDs/ Portable disk-drives/ memory sticks?
	☒
	☐

	10
	“Cloud” storage or websites?
	☒
	☐

	11
	Other – specify:

	☐
	☐

	12
	For all stored data, explain the measures in place to ensure the security of the data collected, data confidentiality, including details of backup procedures, password protection, encryption, anonymisation and pseudonymisation:

	
	If possible, save your data on computers that are secure and regularly backed up. Many cloud services only provide GDPR-compliant storage for business customers. An example of suitable text is given below.

All data will be kept in password protected cloud storage on the University Office 365 system which
will not be shared. Audio/visual data will be transcribed and would be shown to participants to
check accuracy of reporting. Any USB sticks used to store or transfer data will be password protected. All participants will be given a unique identifier to ensure confidentiality and this list will be kept securely in the password protected folder. 


All data will be stored securely in password-protected cloud storage on the University’s Office 365 system, with access restricted to the researcher only. USB drives used for transfer will be encrypted and password protected. Each participant will be assigned a unique identifier to ensure confidentiality, and the key linking identifiers to personal data will be stored separately in a secure, encrypted folder. Regular backups will be maintained, and all data handling will comply with GDPR and DPA 2018 standards.



	
	Data Protection

	
	Will the research activity involve any of the following activities:
	YES
	NO

	13
	Electronic transfer of data in any form?
	☒
	☐

	14
	Sharing of data with others at the University outside of the immediate research team?
	☐
	☒

	15
	Sharing of data with other organisations?
	☐
	☒

	16
	Export of data outside the UK or importing of data from outside the UK?
	☐
	☒

	17
	Use of personal addresses, postcodes, faxes, emails or telephone numbers?
	☐
	☒

	18
	Publication of data that might allow identification of individuals?
	☐
	☒

	19
	If YES to any question, please provide full details, explaining how this will be conducted in accordance with the GDPR and Data Protection Act (2018) (and/or any international equivalent):

	
	A password will be required in order to access data stored on or transferred via USB sticks. I will encrypt and password-protect all data transmissions. To maintain confidentiality, each participant will be assigned a unique identification, and this list will be stored safely in a password-protected folder. After the project is finished, the data will be erased. The right to access one's own data is guaranteed under the Data Protection Act of 2018 (DPA2018). If a participant requests that their data be erased from our records, we will comply with their request without delay.

	20
	List all who will have access to the data generated by the research activity:

	
	Normally the principal researcher, possibly also the supervisor and, if the project has an industrial partner, a representative of that partner. Possibly also external examiner or a second. 

Sabbir Hossain

	21
	List who will have control of, and act as custodian(s) for, data generated by the research activity:

	
	Usually the principal researcher.
Sabbir Hossain

	22
	Give details of data storage arrangements, including security measures in place to protect the data, where data will be stored, how long for, and in what form. 

	
	All data will be encrypted and kept in password protected cloud storage on the University Office 365 system which will not be shared. Any USB sticks used to store or transfer data will be password protected, and will be reformatted at the end of the project in order to destroy the data. The data will be stored until the completion of the project and then deleted. 
All data will be encrypted and stored in password-protected cloud storage on the University’s Office 365 system, accessible only to the principal researcher. Any USB sticks used for temporary transfer will be password protected and securely reformatted at the end of the project to ensure complete data destruction. Data will be retained only until the completion of the research project and then permanently deleted. No personal identifiers will be stored alongside research data, and all files will be anonymised or pseudonymised to maintain confidentiality.

	22
	Confirm that you have read the UWTSD guidance on data management (see https://www.uwtsd.ac.uk/library/research-data-management/)
	☒

	23
	Confirm that you are aware that you need to keep all data until after your research has completed or the end of your funding
	☒


SECTION I: Declaration
	
	The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.
In submitting this application, I hereby confirm that I undertake to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Code of Practice which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/ 

	1
	Signature of applicant:
	Sabbir Hossain
	Date:
21/08/2025

	2
	Director of Studies/Supervisor:
	Supervisor: Daniela Hellyer
	Date: 27th August 2025

	3
	Signature:
	
D Hellyer
	


FOR INTERNAL USE ONLY:
	
	Ethical approval given 

	1
	Signature of assessor:
	
	Date:


	2
	Name:
	

	3
	Role:
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