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This study examined the effectiveness of Artificial Intelligence (AI) in recruitment and selection processes within the UK retail sector. The research aimed to evaluate how AI influenced recruitment efficiency, accuracy of candidate evaluation, and fairness in hiring decisions while also identifying associated ethical and organisational challenges. A secondary qualitative research design was adopted along with a systematic literature review based on the the PRISMA framework. The collected data were analysed using thematic analysis informed by existing theoretical frameworks. The findings indicated that AI significantly improved recruitment speed and consistency but also raised concerns related to algorithmic bias, transparency and regulatory compliance within retail hiring practices.
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	Artificial Intelligence (AI)
	Computer systems that perform tasks requiring human intelligence.

	Recruitment
	The process of attracting and identifying suitable job candidates.

	Selection
	The process of evaluating and choosing candidates for employment.

	Applicant Tracking System (ATS)
	Software used to manage and filter job applications.

	Algorithmic Bias
	Systematic errors in AI decisions caused by biased data or models.

	Machine Learning
	A subset of AI that enables systems to learn from data.

	Natural Language Processing (NLP)
	AI technology that analyses and interprets human language.

	Predictive Analytics
	Use of data to forecast future outcomes or behaviours.

	Thematic Analysis
	A qualitative method for identifying patterns in data.

	Systematic Literature Review
	A structured approach to reviewing existing research.

	Transparency
	The extent to which AI decisions can be explained and understood.

	Data Privacy
	Protection of personal information from misuse or unauthorised access.
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[bookmark: _Toc218958215]1.1 Research Background
Artificial Intelligence (AI) has become increasingly embedded in organizational processes which include areas like recruitment where AI can automate tasks such as CV screening, Candidate Ranking and predict the performance. Previously, recruitment was based on advertising in newspapers or on job boards, but after digitalization, this has drastically changed and has now shifted towards emails and online applications. In this domain AI technologies represent a significant evolution as they can scan applications of thousands of applicants and based on that it can suggest the best candidates based on criteria of the job. Currently, the organization has adopted databases to properly track candidates in this digital technology era (Mukherjee and Krishnan, 2022). Studies have shown that AI can be very effective in terms of assessing human qualities like creativity, flexibility, and emotional intelligence (Talwar and Agarwal, 2022). This not only increases the efficiency of the recruitment process but also drastically decreases unconscious human biases and makes the recruitment process fair for all. Although the use of AI-based recruitment systems is growing among organizations, there is a need to actually determine the efficiency of the recruitment process in the retail industry.
However, there is another aspect of the uses of AI in the recruitment process is that extensive use of data-driven technologies like AI can lead to unintended bias and an absence of transparency. Critics also point out that using these technologies can create an ethical concern that which part of a candidate’s application gets more preference and importance during their hiring process, and supports inequality. This concern also extends to the use of data and data protection. There is a conflict between efficiency and ethical concern that needs to be balanced. Studies have shown that AI can also inherit algorithmic biases that lead to discrimination based on a specific criterion. This often occurs when AI is trained on historical data that reflects societal imbalance and leads to biased outcomes for the AI (Rout, 2025). This example highlights concerns related to this kind of system. This study seeks to find the positive and negative aspects of AI technology in recruitment so that organizations can effectively use this study to evaluate their use of AI in an effective manner. 
[bookmark: _Toc218958216]1.2 Research Problem
The implementation of AI offers significant efficiencies, increasing factors like time saving through thousands of application scanning in minutes, providing data-based candidate suggestion and workforce forecasting, all of which make hiring decisions more consistent (Allal-Chérif et al. 2021). AI driven recruitment systems furthermore contribute to better candidate experience by providing personalized communication and real-time feedback (Hunkenschroer, 2022). However, this technology is not perfect and needs some serious attention. There is a large gap in terms of the overall effectiveness and ethical sides of the studies. While there are studies that focus on the efficiency and technology of the AI system in recruitment, there is very little focus on the effect of this kind of system and the ethical concerns that have been raised by critics. AI systems are built through training machine learning or multimodal models on a large pool of datasets. The quality of the dataset is very crucial. If the data has biased trends or patterns, then the AI system can inherit algorithmic biases. While organizations only focus on the AI system and the technology, they also should make sure to verify the source of the data used to train the AI that they are willing to use in their recruitment process. 
Before choosing the dataset, a detailed data analysis on the dataset is needed to ensure that the data does not have any biases or patterns that can create discrimination, as has been seen in the case of Amazon, where they needed to scrap the system because their system had shown discrimination against female candidates (Rout, 2025). Amazon's experience serves as a caution about the risks of depending on poorly trained AI systems. The AI recruitment system, which was trained on past hiring datasets, ended up reinforcing gender bias by favoring male candidates, particularly for technical positions where skill is the most important factor. This situation highlights the need to ensure that AI systems are trained on diverse and representative data and are rigorously tested. The problem that this study addresses is the lack of understanding of effectiveness and ethical reliability of AI-based recruitment systems are within the UK retail sector.
[bookmark: _Toc218958217]1.3 Research Aim, Objectives and Questions
Aim
To evaluate the effectiveness of Artificial Intelligence in improving the efficiency, accuracy, and fairness of recruitment and selection processes in the UK retail sector.
Objectives
· To assess how AI tools enhance the efficiency of recruitment and selection in the UK retail sector.
· To examine the accuracy and reliability of AI in candidate evaluation in the UK retail sector.
· To analyse the impact of AI on reducing human bias in recruitment in the UK retail sector.
· To identify challenges and ethical concerns associated with AI-based hiring in the UK retail sector.
Research Question
· How does AI improve the efficiency of recruitment and selection processes in the UK retail sector? 
· To what extent is AI reliable in evaluating candidate suitability in the UK retail sector?
· Does AI help reduce human bias or create new types of bias in the UK retail sector? 
· What ethical or organizational challenges arise when implementing AI in recruitment in the UK retail sector?

[bookmark: _Toc218958218]1.4 Research Relevancy and Justification 
In this modern digitalized world, AI is like a revolution. Organizations have implemented AI in many sectors to increase their efficiency. In this day's organization also uses AI in the recruitment process to make it more efficient and less time-consuming. However, this practice raises many ethical and data protection concerns. Many studies have discussed the technology and process to implement AI to make the workflow of recruitment more efficient, but the most relevant concern about this implementation does not get as much light as it needs to get. 
This research is relevant to the UK retail sector due to its specific operational characteristics. The sector employs a large workforce and faces high staff turnover which creates a constant demand for high-volume recruitment. Retailers are rapidly increase their use of automated hiring tools when they faces pressures to reduce operational costs. This study is therefore essential to understand the balance between necessary automation and human control to ensure fairness and inclusiveness in hiring practices of the UK retail sector.  
Limitations like algorithmic bias, the absence of transparency, and ethical dilemmas regarding the privacy of personal data will become a major topic of discussion in the upcoming years when the use of this kind of AI recruitment system increases in the future (Basnet, 2024). 
[bookmark: _Toc218958219]1.5 Dissertation Structure
This Dissertation is organized into five chapters to logically represent the research from introduction to conclusion. 
Chapter 1: Introduction: This chapter provides the background and context of the study, discusses the current studies, and presents the problems and the research gaps. This chapter also provides the objective and the research question, which further guide the research. It also outlines the scope and relevancy of the research.
Chapter 2: Literature Review: This chapter represents a summary of the existing studies and defines the concepts related to the study. It also justifies the theoretical interest of the research question.
Chapter 3: Methodology: The Methodology chapter of this research details the design of this research and the empirical methods used in this research to answer the research questions. It presents the context of the study, the methods for data collection, and the specific data analysis method that this study employed. 
Chapter 4: Findings and Analysis: This chapter presents the findings of this research, and this chapter is dedicated to providing a clear and detailed response to the research questions, which are based on the analysis of the collected data.  
Chapter 5: Conclusion: It provides an answer to the research questions and synthesizes the entire research. It discusses theoretical contributions and managerial recommendations and also reflects the limitations of this research.  
[bookmark: _Toc218958220]1.6 Theoretical Framework
The Technology Acceptance Model (TAM) serves as a robust theoretical framework that elucidates the adoption and utilization of Artificial Intelligence (AI) within the recruitment and selection processes conducted by Human Resource (HR) professionals and organizations. Developed by Davis in 1989, TAM articulates technology adoption through two pivotal constructs: Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) (Mogaji et al. 2024). Perceived usefulness pertains to the extent of individuals' perceptions regarding the utility of a specific technology, while perceived ease of use relates to the simplicity and usability of that technology for users. In the context of AI-driven recruitment, HR managers are more likely to adopt AI tools when they perceive them as effective solutions for enhancing the efficiency of the hiring process, reducing manual tasks, and improving decision-making accuracy. Similarly, the likelihood of acceptance increases when AI applications, such as automated screening systems, chatbots, or predictive analytics, are designed to be straightforward and user-friendly (Aburbeian et al. 2022). These perceptions are also influenced by external factors, including organizational support, training, and technological infrastructure, which ultimately shape the intention to integrate AI into HR practices. TAM therefore provides a suitable lens to examine how HR professionals perceive and adopt AI-based tools which influence their integration within the UK retail recruitment process.  


[bookmark: _Toc216373529][bookmark: _Toc218958221]Chapter 2: Literature Review
[bookmark: _Toc216373530][bookmark: _Toc218958222]2.1 Introduction to Literature Review 
The growing use of Artificial Intelligence (AI) in organisational processes has greatly transformed the practice of recruitment and selection, especially in the retail sector in the UK. Retail organisations deal with a competitive and high-paced environment, and efficient attraction of candidates, screening, and appointment of appropriate candidates are crucial in the operations of the organization. Traditional recruitment techniques fail to suit operational needs in situations where there are high volumes of applicants, seasonal changes, and the need to make decisions quickly. Consequently, AI-based solutions, e.g., automated screening systems, predictive analytics, chatbots, and digital evaluation platforms, are increasingly a part of contemporary recruitment.  
This literature review explores the role of AI in transforming the recruitment and selection process based on the analysis of its use, contribution, challenges, and implications in the process of retail hiring. It examines some of the main concepts and definitions, reviews the application of AI throughout the recruitment process at various phases, and critically examines its efficiency, accuracy, fairness, and candidate experience. Also, the review deals with the emerging risks and ethical issues of AI-enabled hiring, such as transparency, bias, and regulatory compliance. Combining the existing scholarly arguments and finding gaps in the literature, this chapter will form the basis of the evaluation of the effectiveness of AI in supporting the recruitment and selection process in the UK retail industry.
[bookmark: _Toc216373531][bookmark: _Toc218958223]2.2 Conceptual Background and Key Definitions
[bookmark: _Toc216373532][bookmark: _Toc218958224]2.2.1 Artificial Intelligence in HR/Recruitment
Artificial Intelligence in recruitment can be defined as computational systems that process data and identify trends, and assist or make hiring decisions. In HR functions, AI improves the recruitment process by automating labor-intensive processes like CV screening and communication with the candidates, shortlisting, and suitability prediction. This is consistent with the overall trend in moving to data-driven HRM, where technology supplements human decision-making by processing high-volume and complexity datasets in a short period (van Esch and Black, 2021). Through historical hiring performance and job performance data, AI models assist organizations in making more evidence-based and consistent recruitment decisions and less administrative work (Paramita, Okwir and Nuur, 2024). 
[bookmark: _Toc216373533][bookmark: _Toc218958225]2.2.2 Overview of AI Tools Used in Recruitment
Various AI applications are utilized in order to optimize the recruitment processes. Applicant Tracking Systems powered by AI are able to extract and organize candidate data, filter the data to match the job requirements, and create ranked shortlists. Chatbots facilitate interaction with the candidates by answering questions, gathering pre-screening data, and arranging the interview. Predictive analytics is based on historical performance and behavioral data to predict job fit and future performance (Tambe et al., 2019). The analytics of video interviews assess vocal and facial expressions to make inferences about behavioral skills (Leutner, Akhtar and Chamorro‐Premuzic, 2022). Cognitive abilities and problem-solving skills are evaluated through gamified, machine-learning-based assessments in the form of interactive formats and built more dynamic evaluation environments.
[bookmark: _Toc216373534][bookmark: _Toc218958226]2.2.3 Key Concepts
The key ideas are as follows: recruitment and selection are structured activities in organisations; automation, in which algorithms operate on routinised activities; and algorithmic decision-making, in which systems affect or even construct hiring recommendations (Moro-Visconti, 2024). Key issues include equity, openness, and discrimination because AI systems can support the discrimination inherent in training data. It is important to make AI implementation in the employment context explainable and accountable, therefore (Srinivasan and San Miguel González, 2022; Dattner et al., 2020).
[bookmark: _Toc216373535][bookmark: _Toc218958227]2.2.4 Role of AI in Organizational Performance and HR Strategy in Retail
The high turnover and unstable demand in the UK retail industry increase the HR strategy by speeding up the recruitment of the workforce, better matching candidates to the new positions and improving workforce planning with AI. AI-based analytics helps to make timely decisions related to staffing, enhance quality of service, and achieve operational performance as retailers increase recruitment in response to seasonal and competition challenges (Langer et al., 2019).


[bookmark: _Toc216373536][bookmark: _Toc218958228]2.3 The Use of AI in Recruitment and Selection
[bookmark: _Toc216373537][bookmark: _Toc218958229]2.3.1 AI in Talent Attraction
AI has greatly transformed the way talent is attracted because it has automated the process of attracting and engaging potential candidates. AI-enabled targeting applications will use online behaviour, profiles, and job-seeking activity to serve personalised job advertisements over digital platforms. These systems allow the recruiter to access people with the greatest chance of appropriateness, enhancing the accuracy and cost-effectiveness of employer outreach (van Esch, Black and Arli, 2020). Programmatic advertising based on AI and adjusted automatically in real time according to candidate response is advantageous to retail organisations that have a high level of recruitment. Chatbots also improve the attraction process with 24/7 engagement, reply to questions, and assist an applicant in the initial phases of the recruitment process, which makes accessibility and customer satisfaction better (Khandelwal, Upadhyay and Rukadikar, 2024). Also based on predictive analytics, AI helps employers predict the most efficient avenues to recruit new employees, eliminating the need to make decisions manually and maximizing the scope of recruitment activities (Dwivedi et al., 2023).
[bookmark: _Toc216373538][bookmark: _Toc218958230]2.3.2 AI in Screening and Shortlisting
The use of AI-powered screening systems is the key to handling large groups of applicants, as it automates the process of analyzing CVs and applications. ATS with machine learning algorithms read the important qualifications, skills, and experience on the resumes and compare them with job requirements at a high rate of consistency and speed (Paramita, Okwir and Nuur, 2024). Natural Language Processing (NLP) enhances the meaning of unstructured data, which facilitates intelligent keyword matching and contextual scoring (Acikgoz et al., 2020). Predictive analytics models expand screening functions by displaying an applicant with a high likelihood of success according to past recruitment and performance records (Kautish et al., 2025). Such data-based models minimize the human factor of errors and contribute to making less biased decisions, yet researchers warn that such screening by algorithms can reproduce the existing prejudices in case of unbalanced training data (Srinivasan and San Miguel González, 2022). Nevertheless, within large-scale industries such as retail, AI-based shortlisting can be used to speed up the process of screening applicants who meet the necessary criteria and enable HR practitioners to shift the emphasis towards strategic analysis.
[bookmark: _Toc216373539][bookmark: _Toc218958231]2.3.3 AI in Assessment and Interview
AI-based evaluation applications are becoming more popular in the determination of candidate competencies in the form of behavioural, cognitive, and situational assessments. Video interview services use facial recognition, voice recognition, and linguistic pattern recognition to evaluate the characteristics of confidence, problem-solving style, and communication skills (Roesler, Rieger and Langer, 2025). The scoring algorithms powered by machine learning are able to compare behavioural cues of candidates with the established criteria and provide standardised and faster assessments. Cognitive abilities and behavioural preferences are also evaluated in gamified AI tests of interactive situations, which are especially important in retail job positions where one must make decisions fast and communicate with customers (Leutner, Akhtar and Chamorro‐Premuzic, 2022). The purpose of these tools is to facilitate better prediction and minimize biased human judgment. However, researchers also point out that ethical concerns, e.g., explainability, fairness, and cultural specificity, may have an impact on AI interpretations (Langburd, Wright and Cowgill, 2024). Nevertheless, AI-aided interviews and assessments are set to grow in size because of their scalability, effectiveness, and compatibility with online recruitment. 
[bookmark: _Toc216373540][bookmark: _Toc218958232]2.3.4 AI in Onboarding
Onboarding can also be employed with the help of AI, automating administrative procedures and helping with customised induction programmes. Onboarding systems are intelligent, which reduces paperwork, signature of contract documents, payroll preparations, and compliance audits by automating workflows (Venkatesh et al., 2022). Chatbots give instant feedback to new hires when they ask about schedules, policies, and organisational processes, thereby saving the workload on the HR and improving the user experience. Learning systems based on AI tailor the training paths by suggesting modules depending on the job, performance metrics and skills deficiencies (Pillai and Sivathanu, 2020). In the retail sector, where the speed of employing new hires is very important as it decreases regularly, and it peaks in seasonal periods, AI can improve the efficiency of the process and prepare the workforce. These abilities would lead to quicker acclimatisation and better performance of the employees in their initial stages. 
[bookmark: _Toc216373541][bookmark: _Toc218958233]2.4 Effectiveness of AI: Benefits opportunities and contribution
[bookmark: _Toc216373542][bookmark: _Toc218958234]2.4.1 Efficiency and Time Saving
Among the most evident advantages of AI in the recruitment process, one can single out the radical speed increase of the workflow. An AI-powered device like an applicant tracking system (ATS), automated CV parsers, and predictive analytics reduces some of the most important timelines significantly. An example would be the automation of resume screening, pre-selection and candidate engagement activities that used to be well-compensated by manual labor, meaning that the HR teams could be engaged in strategic activities instead of administrative processing (Jarrahi et al., 2023). Experimental data indicate that the average time-to-hire can be greatly minimized by means of AI implementation to allow quick information processing and automatic communication, which expedites the decision-making process and minimizes the number of bottlenecks in the large-scale recruitment process (Nawaz et al., 2025). These enhancements are a direct contribution to the responsiveness of the organisation, which is especially essential in other areas such as retail, where employment peaks frequently. 
[bookmark: _Toc216373543][bookmark: _Toc218958235]2.4.2 Cost Reduction
AI saves time as well as leads to lower recruitment expenses. Automating the process of screening candidates, scheduling interviews and initial interaction, organisations reduce their reliance on agency services and their internal administrative capability that is costly (Sandeep, Lavanya and Balakrishnan, 2025). The reduction of costs can be seen especially in big organisations where the turnover rates are high because AI automation is proportional to the application volume (Paramita, 2024). The relocating of human resources in non-routine processing activities to value-added strategic processing activities further lowers the opportunity costs involved in delayed hiring and consequently enhances the ROI of the whole recruitment process. 
[bookmark: _Toc216373544][bookmark: _Toc218958236]2.4.3 Improved Quality of Hire
Data-driven AI capabilities make it possible to provide more subtle evaluations of the candidate fit based on large data sets, which capture skills, experience, performance predictors and behavioural indicators. The predictive analytics models enhance the chances of recruits performing well in their positions by determining the patterns that are related to previous performance (Dadaboyev et al., 2025). More so, AI systems reduce subjective prejudices of human decisions by adding uniformity to the criteria of the evaluation, which may result in greater compliance of candidate competencies with job demands (Madanchian, 2024). Consequently, organisations are able to enhance performance results in the job, lower early turnover, and enhance the workforce capability.
[bookmark: _Toc216373545][bookmark: _Toc218958237]2.4.4 Scalability in High Volume Retail Hiring
The retail organisations, especially those involving big chains and seasonal employees, are faced with large volumes of applicants and changing staffing. Compared to manual processes, AI systems are more easily scalable, as processing thousands of applications simultaneously is possible without increasing costs and time progressively (Dadaboyev et al., 2025). The AI chatbots and digital assessments are automated screening tools that allow recruiters to handle high staffing needs without having to hire additional staff. Such scalability enables retailers to keep the number of staffing during the surge times of the day, like the period of the holidays and retain quality and consistency. 
[bookmark: _Toc216373546][bookmark: _Toc218958238]2.4.5 Candidate Experience Improvements 
Both AI and candidate experience improve the key aspects of employer branding and recruitment efficiency. AIs' chatbots and similar tools can deliver real-time answers to the questions of the candidates, minimize ambiguity about the status of the application, and maintain uniform communication throughout the application (Madanchian, 2024). More responsiveness may decrease the anxiety of the candidates and enhance the attitude towards organizational professionalism (Bauer et al., 2024). In addition, individualized job suggestions, computer-assisted scheduling, and real-time feedback play a role in creating a smooth and interactive application process, which has been associated with increased acceptance rates and favourable post-offer emotions (Yahya and Ravi, 2025). Experience in this way is especially applicable in the retail sector, in which organisations struggle to recruit talent in the highly competitive labour markets.
[bookmark: _Toc216373547][bookmark: _Toc218958239]2.5 Risks limitation and ethical issues
The growing use of Artificial Intelligence (AI) in the recruitment process has both operational benefits and serious threats and ethical issues. These matters should be fundamentally reviewed, especially in the UK retail industry, where mass hiring and multi-cultural workforces require justice, transparency and accountability. Researchers underscore the fact that although AI may facilitate effective decision-making, it may also cause systematic damage when it is implemented without stringent measures. 
[bookmark: _Toc216373548][bookmark: _Toc218958240]2.5.1 Bias and Discrimination Risk 
Among the most popular risks are bias and discrimination. Kordzadeh and Ghasemaghaei (2022) contend that the AIs are biased by the historical training data, which may result in gender, racial or socioeconomic biases. Another issue pointed out by Fabris et al. (2024) is that the algorithmic hiring models may unintentionally be based on proxy variables, like location, education gaps, employment gaps, etc., which are associated with the protected characteristics. The latter are especially urgent in the retail sector, where heterogeneous applicant groups can further raise the possibility of biased algorithms that can systematically discriminate against certain groups. Dattner et al. (2020) also note that, despite the fact that organisations may explicitly delete sensitive attributes, latent patterns in datasets may still result in discriminative scoring, and thus fairness audits are necessary.
[bookmark: _Toc216373549][bookmark: _Toc218958241]2.5.2 Transparency and Accountability Issues
One of the biggest weaknesses of AI-based recruitment technologies is transparency. Balasubramaniam et al. (2023) introduce it as many commercial tools are used as a black box system, which is why the process of how the scores or decisions have been made is hard to comprehend, either by the HR professional or the candidate. This unaccountability reduces accountability, particularly when organisations are dependent on third-party vendors for the logic of whose algorithm is proprietary. Cheong (2024) emphasizes that transparency is a technical and ethical condition, and he believes that organisations should share meaningful information that relates to automated decisions in order to keep trust. Candidates might find the use of AI-based hiring arbitrary or unfair without clear documentation or anything that can be explained. 
[bookmark: _Toc216373550][bookmark: _Toc218958242]2.5.3 Legal and Regularity Concerns
The extraction of ethical use of AI hiring systems is focused on legal compliance. According to Hunkenschroer and Luetge (2022), GDPR and UK-GDPR state that data has to be fair and proportionate, have minimalization and protect data against automated decision-making. As Ochmann (2024) emphasizes, the right of the candidates to explanations of the algorithmic decisions means that the organisations should make sure that their systems comply with the regulations. Cecere et al. (2024) further note that the algorithmic instruments applicable in the employment setting receive greater scrutiny by regulators because of the imbalance of power and the potential of structural discrimination. Lack of conformity may lead to a tarnished image, lawsuits, or fines, especially within the retail industry, where bulk data processing is the norm.
[bookmark: _Toc216373551][bookmark: _Toc218958243]2.5.4 Candidate Perception and Trust Issues
Another ethical aspect of recruitment of relevance is candidate trust. According to Koelling and Wehner (2023), facial expressions or voice patterns are the aspects of AI-based evaluations that applicants tend to be skeptical about the fairness of the process. Fumagalli et al. (2022) demonstrate that procedural justice perceptions among the candidates can be lowered by the use of an algorithmic decision-making process, which causes organisations to be perceived as non-personal or biased. Horodyski (2023) goes further to point out that over-automation will diminish the feeling of control among the applicants, which can adversely impact the attractiveness of the employer. In retail, where brand employer is significant in drawing employees, a negative perception of the candidate can have a direct deleterious impact on the pipelines of talent.
[bookmark: _Toc216373552][bookmark: _Toc218958244]2.5.5 Risk of Over-Reliance on Technology
Excessive use of AI poses a weakness in operations. According to Cowgill, Dell’Acqua and Matz (2020), models deteriorate as soon as the labour-market conditions change or the job position is altered. Van Esch and Black (2021) emphasize that it will require human judgment to evaluate interpersonal qualities and contextual data that will not be reflected by algorithms. Trust in algorithmic recommendations too much can lead to the problem of automation bias, in which HR workers expect the work of an algorithm to be right. Cecere et al. (2024) cautioned that possible errors in hiring that are persistent, as well as the exclusion of desirable candidates and workforce diversification, can play out when the systems are not monitored. 
[bookmark: _Toc216373553][bookmark: _Toc218958245]2.6 Literature Gaps and Relevance to Research Questions
Regardless of the increased academic interest in AI-driven recruitment, there are still some gaps in the literature. According to Hunkenschroer and Luetge (2022), most current work is concentrated on theoretical or technological approaches and has minimal empirical data from industries, including UK retail. According to Fabris et al. (2024), studies frequently extrapolate the evidence on different industries without considering how high volumes and rapid environments in a retail business influence the adoption and results of AI. Köchling and Wehner (2023) point to inconsistencies in the measurement of the concept of effectiveness, and, therefore, it is complicated to compare results between studies. It lacks the understanding of candidate perception in the retail sector, especially in terms of fairness, trustworthiness of AI tools, and their acceptability (Fumagalli et al., 2022). These gaps explain why the research on the effect of AI on the quality of recruitment, efficiency, and candidate experience in particular in UK retail, would be necessary. This dissertation fills these gaps by analysing the views of the practitioners, adoption rates and benefits and perceived risks to the organisation.
[bookmark: _Toc216373554][bookmark: _Toc218958246]2.7 Conclusion
As the literature shows, AI has already become a powerful resource in the realm of recruitment in the modern world, as it can provide significant benefits in terms of efficiency and cost minimization and scalability, especially in large-volume industries like the UK retail. Nevertheless, research is always pointing to risks associated with bias, transparency, compliance with the law, and trust of the candidate, which means that AI will not be able to entirely replace human supervision. There are still major gaps, in particular, the empirical evidence provided by the UK retail industry and the regular measures of AI effectiveness. These gaps support the current research, which is aimed at assessing the application of AI in the context of retail recruitment and perceptions of organisations about the advantages and drawbacks.


[bookmark: _Toc218096245][bookmark: _Toc218958247]Chapter 3: Methodology
[bookmark: _Toc218096246][bookmark: _Toc218958248]3.1 Chapter Introduction
This chapter presents the methodological framework which was undertaken for this research to examine the effectiveness of Artificial Intelligence (AI) in recruitment and selection processes within the UK retail sector. The research design adopts the secondary qualitative approach and the research undertakes systematic literature review to synthesize existing academic and industry information. The chapter includes the research philosophy, approach, strategy and methodological choices followed by a detailed description of data collection and analysis techniques, quality assessment and ethical considerations. The chapter also includes the limitations of the methodology and summarizing how the chosen methods support the achievement of the research aim and objectives.
[bookmark: _Toc218096247][bookmark: _Toc218958249]3.2 Research Philosophy
This study uses interpretivist research philosophy and this is appropriate to understand complex organisational phenomena such as AI-based recruitment practices (Mwita, 2025). The interpretivism philosophy puts focus on the subjective interpretation of social realities and recognizes that knowledge is socially based through human experiences, perceptions and context. In the context of AI adoption in recruitment, effectiveness, fairness and ethical concerns are not completely objective outcomes and gets influenced by organisational practices, stakeholder perceptions and regulatory environments.
Unlike positivist approaches which is completely dependent upon measurable variables and hypothesis testing the philosophy of interpretivism aids in increased engagement with qualitative information drawn from past empirical studies, conceptual frameworks and critical analyses (Khanday et al., 2024). This philosophical choices enables the study to understand how AI systems influence recruitment efficiency, bias reduction and decision-making from different scholarly perspectives and not attempt to quantify the outcomes numerically.
The interpretivist philosophy is especially justified for this research as it facilitates the examination of ethical debates, transparency issues and human and AI interaction in recruitment which cannot be completely understood by quantitative measures. Through the interpretation of patterns and themes across existing literature the study will provide a deeper understanding of AI effectiveness in the UK retail recruitment context. This philosophical choice is important to maintain alignment with the study’s qualitative secondary research design.
[bookmark: _Toc218096248][bookmark: _Toc218958250]3.3 Research Approach
This study adopts a deductive research approach which is suitable for examining the effectiveness of Artificial Intelligence (AI) in recruitment and selection within the UK retail sector (Kumar and Ujire, 2024). A deductive approach includes the development of the research inquiry based on existing theories and established academic knowledge which is followed by the evaluation of these theoretical assumptions using systematically reviewed evidence. In this research the approach is guided mainly by recognized theoretical frameworks such as the Technology Acceptance Model (TAM) along prior empirical studies on AI-based recruitment systems.
The deductive approach enables the study to understand whether widely cited theoretical claims such as improvements in recruitment efficiency, enhanced decision-making accuracy and reduction of human bias is being supported by existing research within a retail context (Gamage, 2025). Thus, rather than the development of new theoretical propositions the research focuses on the critical examining of how far current theories explain real-world outcomes of AI adoption in recruitment practices. This is especially relevant given the extensive body of literature already available on AI in human resource management.
Furthermore, the deductive approach ensures strong alignment between the research objectives, literature review and methodological design. The themes that have been seen in the literature review such as efficiency gains, fairness, ethical concerns and organisational challenges directly inform the analytical focus of the study. This has led to the improvement of conceptual consistency across chapters and allows for systematic evaluation of evidence in relation to predefined research questions. The deductive approach also improves the academic rigor and credibility of the study. It also allows for critical reflection on the limitations of existing theoretical models when applied to high-volume recruitment environments such as the UK retail sector.
[bookmark: _Toc218096249][bookmark: _Toc218958251]3.4 Research Strategy
The research strategy adopted for this study is a systematic literature review (SLR) which provides a structured approach for the identification, evaluation and synthesizing existing academic and industry-based research which is relevant to the effectiveness of AI in recruitment and selection within the UK retail sector (Agazu and Kero, 2024). An SLR is particularly justified for this study as it enables the consolidation of a vast body of literature on AI-bae recruitment technologies, ethical concerns and organisational outcomes.
The systematic literature review follows a transparent and replicable process to make sure that the selection of sources is not influenced by researcher bias. The predefined search protocols, inclusion criteria and exclusion criteria were applied consistently across multiple academic databases to ensure collection of relevant studies (Miranda et al. 2024). Peer-reviewed journal articles were prioritized to improve the academic credibility while selected industry reports were included to provide contextual relevance and practical insights into retail recruitment practices.
This strategy allows for comparative analysis across multiple studies to identify common themes, areas of agreement and contradictions within the existing literature. Through this process the research shows patterns related to recruitment efficiency, decision-making accuracy, bias reduction and ethical challenges connected with AI-based hiring systems. Additionally, the SLR facilitates the identification of research gaps in the empirical data within the UK retail context which directly supports the justification for the present study. Through the adoption of a systematic literature review strategy the study ensures methodological validity and strengthens the reliability of findings. The structured synthesis of evidence supports theory-based analysis and offer evidence conclusion regarding the effectiveness and limitations of AI in recruitment and selection. The SLR strategy aligns closely with the interpretivist philosophy and deductive approach of the study.
[bookmark: _Toc218096250][bookmark: _Toc218958252]3.5 Research Choices
This study adopts a mono-method qualitative research choice as it depends solely upon qualitative secondary data to understand the effectiveness of Artificial Intelligence (AI) in recruitment and selection within the UK retail sector. A qualitative mono-method design is justified as the research aims to develop an in-depth understanding of organisational practices, ethical considerations and outcomes of AI-based recruitment.
The usage of qualitative secondary data enables the synthesis of information from a wide range of academic literature, including peer-reviewed journal articles, conceptual studies and empirical research (Vila-Henninger et al., 2024). This approach allows the researcher to critically evaluate how AI technologies are used in different recruitment stages and how their effectiveness, fairness and limitations are interpreted within different organisational contexts. The qualitative analysis is particularly valuable to understand how complex issues such as algorithmic bias, transparency, candidate perceptions and ethical responsibility which cannot be completely understood through numerical data alone.
The adoption of the mono-method approach also ensures methodological stability with the interpretivist research philosophy and deductive research approach which is the basis of the study (Sharma, 2025). Since the methodology undertakes the adoption of only one type the research avoids inconsistencies that can arise from the usage of multiple methods and strengthens the depth and clarity of analysis. The approach supports systematic comparison of findings across studies which enables the identification of common themes as well as different viewpoints within the existing literature.
Furthermore, with the dependency only on the secondary qualitative data it reduces practical and ethical challenges associated with primary data collection such as access to organisations, confidentiality issues and time constraints. Despite the absence of primary empirical data the use of high-quality, peer-reviewed sources improves the credibility and reliability of the findings (Neal et al., 2024). The mono-method qualitative research choice provides a robust and suitable framework to achieve the research objectives and generating critical, theory-informed insights into AI-driven recruitment practices in the UK retail sector.
[bookmark: _Toc218096251][bookmark: _Toc218958253]3.6 Data Collection
This study undertook the utilization of a systematic secondary data collection process to identify, screen and select relevant literature to understand the effectiveness of Artificial Intelligence (AI) in recruitment and selection within the UK retail sector (Sharma et al. 2024). The data collection process was developed to ensure transparency, rigor and replicability which is synonymous with the best practices for systematic literature reviews.
[bookmark: _Toc218096252][bookmark: _Toc218958254]3.6.1 PRISMA
The Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) framework was used to conduct the literature selection process (Schleider et al. 2025). PRISMA provides a structured and transparent method for documenting the identification, screening, eligibility and inclusion of studies to reduce selection bias and improve the reliability.


[image: ]
[bookmark: _Toc218958286]Figure 1: PRISMA
(Source: Self-Created)
The initial identification included undertaking search in different academic databases such as Google Scholar, ScienceDirect, Emerald Insight, SpringerLink and Wiley Online Library. This stage resulted in large pool of relevant studies and based on this the duplicate records were removed maintain accuracy and avoid redundancy.
During the screening stage the titles and abstracts were viewed to understand the relevance to AI-based recruitment and selection practices. The studies that did not had recruitment, human resource management or organisational contexts were then excluded from the pool (Ghedabna et al. 2024). The eligibility stage included a full-text review where the studies were assessed against pre-defined inclusion and exclusion criteria. The initial database search identified 186 records across Google Scholar, ScienceDirect, Emerald Insight, SpringerLink, and Wiley Online Library. After removing 54 duplicate records, 132 studies remained for title and abstract screening. 87 studies were excluded due to irrelevance to recruitment, AI, or organisational contexts. 45 full-text articles were assessed for eligibility and from that 25 were. After the full screening and eligibility assessment a total of 20 peer-reviewed academic papers were finally selected. These studies provided enough theoretical, empirical and contextual coverage to support the qualitative synthesis. 
[bookmark: _Toc218096253][bookmark: _Toc218958255]3.6.2 Keywords and Search Strings
A systematic keyword search strategy was undertaken to make sure that the research was able to collect the relevant literature (Fabiano et al. 2024). The keywords were selected based on the research aim, objectives and the key concepts presented in the literature review. The main terms related to artificial intelligence, recruitment, selection and the retail sector was combined with the help of the Boolean operators to refine and expand search results.
The primary keywords included “Artificial Intelligence,” “AI recruitment,” “AI in hiring,” “automated recruitment systems,” “algorithmic hiring,” “AI selection tools,” and “machine learning in HR.” These were combined with contextual terms such as “retail sector,” “UK retail,” “human resource management,” “talent acquisition” and “employment selection.”
The Boolean operators such as AND, OR and NOT was applied to develop the search strings. For example the search strings included:
· “Artificial Intelligence” AND “recruitment and selection”
· “AI hiring systems” AND “UK retail”
· “algorithmic bias” AND “recruitment”
It was also considered that to maintain the relevance and currency of the literature the filters were applied include only studies published between 2020 and 2025 and written in English. The reference lists of key articles was also manually seen to find additional relevant studies that may not have present in database searches. This structured search strategy ensured high coverage of both theoretical and empirical research as well as maintained the focus of the research study.
[bookmark: _Toc218096254]

[bookmark: _Toc218958256]3.6.3 Inclusion and Exclusion Criteria
The inclusion and exclusion criteria is as follows:
	Inclusion Criteria
	Exclusion Criteria

	Peer-reviewed journal articles
	Opinion pieces and blog articles

	Studies published between 2019–2025
	Publications before 2019

	Focus on AI in recruitment and/or selection
	Studies unrelated to HR or recruitment

	Research related to retail or comparable sectors
	Studies focused solely on technical AI development

	English-language publications
	Non-English publications

	Ethical, organisational, or performance-focused studies
	Studies lacking methodological transparency


[bookmark: _Toc218958287]Table 1: Inclusion and Exclusion Criteria
(Source: Self-Created)
These criteria was used to make sure that only high-quality and relevant studies were included in the review. The exclusion of outdated and non-peer-reviewed sources was useful to maintain academic rigor and keep the focus only on recruitment-related AI which matches with the research objectives.
[bookmark: _Toc218096255][bookmark: _Toc218958257]3.7 Data Analysis
The data analysis in this study was undertaken using thematic analysis which consists of the six-phase framework proposed by Braun and Clarke. The thematic analysis is popular qualitative analytical method that enables the systematic identification, organisation and interpretation of patterns and meanings from the data (Braun and Clarke, 2024). This method is particularly justified for secondary qualitative research as it allows the synthesis of findings from multiple studies while also being able to preserve the contextual depth and meaning.
Although this study adopts a deductive research approach the thematic analysis was used in a theory-informed manner. The initial themes were guided by theoretical frameworks and concepts identified in the literature review such as TAM, recruitment efficiency, fairness, bias reduction and ethical governance. The first phase includes familiarization with the data where all selected studies are read repeatedly to get a comprehensive understanding of the content, arguments and findings. During this stage the initial observations are noted and attention is given to common discussions related to AI-based recruitment practices, organisational outcomes and ethical implications within the UK retail and comparable sectors (Sandeep et al. 2025).
The second phase is the initial coding in which the relevant data segments is systematically coded across all included studies. The coding was conducted manually to maintain close engagement with the data (Nicmanis, 2024). The codes were generated inductively which means the research enabled the natural emergence of themes from the literature rather than being imposed a priori. The examples of initial codes included time efficiency, algorithmic decision-making, bias mitigation, transparency, candidate trust and human overview.
In the third phase which is of theme development refers to the stage where the related codes are grouped into broader thematic categories. This process includes the identification of higher-level patterns that have shared meanings across studies (Naeem et al. 2024). The preliminary themes included recruitment efficiency, decision-making accuracy, fairness and bias reduction, ethical and legal risks and candidate view of AI-based hiring systems.
The fourth and fifth phases includes reviewing and refining themes to maintain internal coherence and clear distinction between themes. At this stage the themes are compared against the research objectives to confirm their relevance and explanatory value. In this stage the redundant and overlapping themes are merged while the weak themes were either refined or excluded from the study.
The final phase includes the interpretation and synthesis where themes were critically analysed in relation to the research questions and theoretical framework. This phase includes the integration of findings with the Technology Acceptance Model and broader debates on AI adoption in HRM. It can be said that the thematic analysis provided a structured and flexible approach which supports the nuanced and theory-informed understanding of the impact and limitations of AI in recruitment and selection within the UK retail sector.
[bookmark: _Toc218096256][bookmark: _Toc218958258]3.8 Quality Assessment
The Critical Appraisal Skills Programme (CASP) framework was used to assess the quality of the studies included in the systematic literature review (Campbell et al. 2024). The quality assessment is an important stage in secondary qualitative research, as it allows the researcher to understand the trustworthiness, relevance and methodological validity of the existing studies before synthesising their findings.
The CASP framework was selected because it provides a structured and widely recognised tool to critically appraise qualitative and mixed-methods research. This helps to undertake a consistent evaluation across different studies by focusing on the main methodological dimensions such as clarity of research aims, appropriateness of research design, data collection procedures, analytical rigor, ethical considerations and relevance of findings (Santhanam et al. 2025). The application of Applying CASP helped to ensure that only high-quality data is included in the research study which improves the validity and reliability of the study.
Each of the 20 selected studies was independently assessed against a predefined set of CASP criteria. To maintain consistency and reduce subjectivity, appraisal outcomes were recorded using a simplified Yes/No scoring technique against each of the criteria. This binary assessment facilitated transparent comparison across studies and minimised ambiguity in quality judgments. The individual appraisal scores were collated to an overall quality rating of High, Medium, or Low was assigned to each study based on the cumulative strength of methodological evidence.
Studies rated as High quality showed clear research objectives as well as appropriate research designs, data collection and analysis procedure and alignment with the research objectives of this dissertation (Agha et al. 2025). The medium-quality studies met most criteria but displayed minor limitations, such as limited methodological detail or contextual constraints. Low-quality studies which showed significant methodological weaknesses or insufficient transparency were excluded.
The use of CASP also supported triangulation as themes and conclusions were cross-validated across multiple high- and medium-quality studies (Campbell et al. 2024). This process improved analytical robustness as it ensured that findings were not dependent on isolated or methodologically weak sources. The systematic application of the CASP framework ensured that the evidence base underpinning this research was methodologically sound, credible and suitable to address the research objectives.
	Author(s) & Year
	Clear Aim
	Appropriate Methodology
	Data Collection Rigour
	Data Analysis Rigour
	Ethical Considerations
	Relevant to Research Aim
	Overall Quality

	Talwar & Agarwal (2022)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Mukherjee & Krishnan (2022)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Allal-Chérif et al. (2021)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Hunkenschroer & Luetge (2022)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	van Esch, Black & Arli (2020)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Acikgoz et al. (2020)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Paramita, Okwir & Nuur (2024)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Leutner, Akhtar & Chamorro-Premuzic (2022)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Langer, König & Papathanasiou (2019)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Moro-Visconti (2024)
	Yes
	No
	No
	No
	Yes
	Yes
	Low

	Dadaboyev et al. (2025)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Fabris et al. (2024)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Fumagalli, Rezaei & Salomons (2022)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Kordzadeh & Ghasemaghaei (2021)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Srinivasan & San Miguel González (2022)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Cheong (2024)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Cowgill, Dell’Acqua & Matz (2020)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Horodyski (2023)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium

	Madanchian (2024)
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	High

	Ochmann et al. (2024)
	Yes
	Yes
	Yes
	No
	Yes
	Yes
	Medium


[bookmark: _Toc218958288]Table 2: CASP
(Source: Self-Created)
The studies were classified as High quality when they met at least 5–6 CASP criteria, Medium quality when 3–4 criteria were met and Low quality when fewer than 3 criteria were satisfied. Low-quality studies were excluded from the final synthesis.
[bookmark: _Toc218096257][bookmark: _Toc218958259]3.9 Ethical Considerations
This study is based entirely on secondary data and therefore does not need interaction with human participants. As a result no risks related to informed consent, confidentiality or participant harm is present. Nevertheless, the ethical standards were strictly maintained throughout the research process in line with academic and institutional guidelines for secondary methodology. All secondary sources used in the study were obtained from reputable academic databases and peer-reviewed journals. Additionally, proper acknowledgement of original authors was undertaken such as accurate referencing and citation and thus, the plagiarism was avoided respecting the intellectual property rights. The research was conducted with transparency in the selection, analysis to prevent misrepresentation of the findings. Additionally, care was taken to critically evaluate sources to avoid the dissemination of biased or misleading information. 
[bookmark: _Toc218096258][bookmark: _Toc218958260]3.10 Methodological Limitations
The primary limitation of this study is that it is dependent on the secondary data which means no access to real-time organisational practices and first-hand experiences related to AI-based recruitment within the UK retail sector (Mahadeva et al. 2024). As the findings are derived from existing literature they are dependent on the scope, quality and methodological rigor of the existing studies. Thus, differences in variations in research design, context and analytical depth across sources may influence the consistency of the synthesized findings.
Furthermore, the lack of primary data collection such as interviews or surveys with HR professionals has limited the study’s ability to get current organisational perspectives and context (Chand, 2025). The emergence of developments in AI recruitment technologies will not be fully reflected in the analysis. Additionally, the focus on peer-reviewed and English-language publications have resulted in the exclusion of relevant industry practices or non-English studies. 
[bookmark: _Toc218096259][bookmark: _Toc218958261]3.11 Chapter Summary
This chapter outlined the methodological framework adopted to investigate the effectiveness of Artificial Intelligence in recruitment and selection within the UK retail sector. It discussed the research philosophy, deductive approach, systematic literature review strategy and qualitative mono-method research choice. The data collection was guided by the PRISMA framework and thematic analysis was used to synthesise findings from selected studies. The quality appraisal was undertaken using the CASP framework to ensure methodological rigor and credibility. The ethical considerations and methodological limitations were also addressed. 


[bookmark: _Toc218790891][bookmark: _Toc218958262]Chapter 4: Data Analysis
[bookmark: _Toc218790892][bookmark: _Toc218958263]4.1 Chapter Introduction
Chapter 4 should also be revised to have a better structure with more direct sentences as well as shorter sentences to invoke better clarity and academic tone. The objective of the chapter should be indicated clearly, which should be the presentation and analysis of the main findings out of the systematic review. It is supposed to clearly relate the findings with the research questions, that is, how the themes respond to the purpose of the study. The background information that should not be included should be taken away so that it can have a narrow focus which is precise and is in line with the postgraduate standard of academic material.
[bookmark: _Toc218790893][bookmark: _Toc218958264]4.2 Data Extraction Table 
	Sl. No.
	Authors
	Study Context
	AI Tools Focus
	Methodology
	Efficiency
	Evaluation Accuracy
	Bias and fairness
	Ethical and Org. Challenges
	Key Findings

	1
	Talwar & Agarwal (2022)
	General Recruitment Sector
	AI based hiring tools
	Empirical Study
	Significantly helps to increase recruitment speed as it helps to automate routine selection tasks.
	Very effective at assessing human qualities like creativity and flexibility. 
	[bookmark: _Int_w6X0QOvp]It also helps to decrease unconscious human biases, which helps to ensure fair recruitment.
	Helps to balance technological efficiency with human-centric emotional intelligence. 
	AI tools help to enhance the overall effectiveness of the hiring process through speed and fairness. 

	2
	Mukherjee & Krishnan (2022)
	Modern Digital Technology Era
	Candidate Databases and tracking systems
	Academic Review
	Proper tracking of databases helps to improve the efficiency of organizations in this digital era. 
	[bookmark: _Int_YhUzWWLI]Systematic evaluation of sustainability with the help of longitudinal candidate monitoring. 
	Consistency in digital tracking helps to prevent subjective selection errors caused by humans.
	These are important for robust data management and protection strategies in HR. 
	Adoption of integrated databases is important as it helps in AI-driven candidate monitoring in the digital era.

	3
	Allal-Chérif et al. (2021)
	Intelligent Global Recruitment
	ML models that help in workforce forecasting
	Empirical Study
	Significantly helps to save time by scanning thousands of applications in minutes.
	Data-based suggestions help to improve workforce forecasting and also help to manage decision consistency. 
	Structured candidate suggestions help to reduce the bias of individual recruiters. 
	Challenges here are related to the management of large-scale databases across global recruitment operations.
	AI helps to make hiring decisions consistent and efficient with the help of predictive suggestions. 

	4
	Hunkenschroer & Luetge (2022)
	AI-Enabled Ethics in HR
	Ethical frameworks for selection
	Systematic Review
	Efficiency gains need to be critically weighed against ethical risks.
	Algorithmic transparency needs to be addressed, as it often limits the reliability of evaluation. 
	High risk of discrimination without ethical audits is important.
	There are major gaps in industry-specific empirical data. 
	Ethical compliance and transparency are important for AI-based recruitment.

	5
	van Esch, Black & Arli (2020)
	Digital Job-seeking platforms
	Personalized advertisements
	Empirical Study
	Collective outreach with the help of digital platforms
	Behavioural tracking helps to improve quality and outreach 
	Algorithmic targeting also often creates digital profiling barriers.
	Helps to monitor candidate perception during automated interactions.
	Personalised AI advertising helps to improve accuracy and employer outreach.

	6
	Acikgoz et al. (2020)
	Candidate Selection Systems
	NLP as it helps in NLP as it helps in NLP as it helps in contextual scoring
	Quantitative Study
	Keywords are the matching and contextual scoring of unstructured resume data.
	Perceptions of fairness often vary based on perceived transparency of the AI-based systems. 
	NLP helps to improve skill identification accuracy as compared to manual screening. 
	Candidates may feel less humanised during the automated selection process.
	Intelligent scoring helps to improve screening accuracy, but also often impacts candidate perceptions.

	7
	Paramita, Okwir & Nuur (2024)
	Organisational talent acquisition
	ATS and Machine Learning
	Empirical study
	Helps to automate resume screening and qualification matching at superior speed
	AI models help to process complex datasets, which help to enable evidence-based hiring. 
	Standardised criteria help to reduce subjective errors and administrative workload.
	This process requires strong organisational support during the integration of the tool. 
	AI helps to improve talent acquisition with the help of data organisation and filtering for candidate matching.

	8
	Leutner, Akhtar & Chamorro-Premuzic (2022)
	Data Science in Talent Management
	Video analytics and gamified tests
	Academic Review
	Interactive formats help to create dynamic and standardised assessment environments.
	Analytics assesses vocal and facial cues, which help to infer behavioural skills. 
	Standardised scoring helps to minimise biased human judgment in interviews.
	Cultural specificity often affects AI interpretation.
	Video analytics helps to provide better predictions of competencies in retail roles.

	9
	Langer, König & Papathanasiou (2019)
	The process of examining highly automated job interviews across multiple industries that are relevant to high-volume recruitment contexts, such as retail.
	The process of Automated video interviews involves using algorithmic scoring and AI-driven assessments.
	Quantitative study
	The process of AI significantly reduces the time taken for interviews and enables scalable recruitment processes.
This is achieved through  AI-enabled interviews, significantly diluting recruiter workload and shortening hiring timelines, particularly in high-volume recruitment contexts.


	The process of Standardized scoring improved consistency in the process of evaluations compared to human interviews.
	This is related to the concerns raised regarding the perceived fairness, particularly in high-stakes hiring scenarios.
	Candidate discomfort and reduced transparency of decision-making processes.


	 AI interviews enhance efficiency, which requires careful implementation to ensure candidate acceptance and perceived procedural justice

	10
	Moro-Visconti (2024)
	This focuses on AI-driven digital scalability and organisational growth, including HR and recruitment functions.


	This is related to AI-based analytics, automation tools, and decision-support systems.


	Systematic Review
	Demonstrating strong scalability benefits for organisations managing large applicant pools.
This provides important evidence for reducing time for hiring and administrative burden through AI automation.
. 
AI enables scalability and efficiency by automating repetitive recruitment tasks and enabling data-driven decision-making.
	This is related to the process of accuracy, which depends heavily on data quality and algorithmic calibration.


	This is analysed and highlights of the risk of reinforcing existing structural inequalities.


	This is founded on the over-reliance on automation and the lack of human oversight.


	This is based on AI, which improves recruitment efficiency and accuracy but requires ethical safeguards and regulatory alignment.



	11
	Dadaboyev et al. (2025)
	Thisis based on a systematic review of AI adoption in employee recruitment across sectors, including retail.
	ATS, predictive analytics, automated screening, and AI-based assessments.
	Systematic literature review 
	This is fascinated by consistently reported reductions in time-to-hire and administrative workload.

	Improved prediction of job performance and candidate job fit.
	This occurs through bias mitigation, which is possible but not guaranteed without fairness audits.
	This is related to Data privacy, transparency, and regulatory compliance challenges.
	This is supported on AI, which improves recruitment efficiency and accuracy, but requires ethical safeguards and regulatory alignment.

	12
	Fabris et al. (2024)
	Multidisciplinary examination of algorithmic hiring and fairness across global organisations.
	Algorithmic decision-making systems and machine learning hiring models.
	Comprehensive multidisciplinary literature survey.
	Efficiency gains noted, particularly in screening and shortlisting stages.
	Accuracy varies depending on training data and model design.
	Identifies systemic risks of algorithmic bias and proxy discrimination.
	Difficulty in operationalising fairness and explainability.
	AI hiring tools risk perpetuating bias unless fairness-by-design principles are applied.

	13
	Fumagalli, Rezaei & Salomons (2022)
	Explores worker perceptions of algorithmic recruitment systems across Europe.
	Algorithmic screening and automated decision-making systems.
	Qualitative interviews and a survey-based empirical study.
	Efficiency is acknowledged, particularly in early-stage screening.
	Accuracy is perceived as limited for assessing soft skills.
	Applicants reported lower perceptions of fairness and procedural justice.
	Reduced trust and acceptance among candidates.
	Candidate perceptions significantly influence the legitimacy of AI-based recruitment systems.

	14
	Kordzadeh & Ghasemaghaei (2021)
	Reviews algorithmic bias across information systems, including HR analytics.
	Machine learning algorithms are used in decision-making systems.
	Systematic conceptual review and synthesis.
	Efficiency benefits are recognised through the automation of repetitive tasks.
	Accuracy is compromised when biased datasets are used.
	Strong evidence of algorithmic bias inherited from historical data.
	Lack of bias detection mechanisms and governance frameworks.
	AI systems can amplify bias if data governance and bias audits are not embedded.

	15
	Srinivasan & San Miguel González (2022)
	Investigates accountability and empathy in AI-driven decision-making.
	Explainable AI and accountable algorithmic systems.
	Conceptual and ethical analysis.
	Efficiency gains are acknowledged but not the primary focus.
	Accuracy secondary to transparency and accountability concerns.
	Emphasises ethical responsibility over technical performance.
	Difficulty in assigning accountability for AI decisions.
	Trust in AI recruitment depends on explainability and ethical accountability rather than efficiency alone.

	16
	Cheong (2024)
	Examines transparency and accountability in AI systems affecting human wellbeing.
	AI decision-making and explainable AI systems.
	Normative and conceptual analysis.
	Efficiency is enhanced through automation, but risks opacity.
	Accuracy is less meaningful without interpretability.
	Fairness is compromised when AI decisions are opaque.
	Ethical duty to explain automated hiring decisions.
	Transparency is essential to maintain legitimacy and trust in AI recruitment practices.

	17
	Cowgill, Dell’Acqua & Matz (2020)
	Studies organisational responses to algorithmic fairness activism.
	Algorithmic decision-support tools in HR contexts.
	Empirical and analytical study.
	AI improves consistency and speed in decision-making.
	Accuracy improves when algorithms are actively monitored.
	Fairness concerns drive organisational change and oversight.
	Resistance to fairness interventions and organisational inertia.
	Algorithmic fairness requires continuous human intervention and governance.

	18
	Horodyski (2023)
	Focuses on applicant perceptions of AI in recruitment processes.
	AI-based screening, interviews, and assessments.
	Survey-based quantitative study.
	Efficiency is recognised by applicants, especially in communication speed.
	Accuracy questioned for evaluating interpersonal skills.
	Mixed fairness perceptions influenced by transparency levels.
	Reduced sense of control among candidates.
	Candidate acceptance depends on transparency and human involvement in AI hiring.

	19
	Madanchian (2024)
	Reviews AI tools across the HR lifecycle, from recruitment to retention.
	AI recruitment platforms, predictive analytics, and HR decision tools.
	Applied research and secondary data analysis.
	Strong evidence of efficiency gains in high-volume recruitment.
	Enhanced accuracy through data-driven matching.
	Bias reduction is possible with proper system design.
	Ethical risks arise from over-automation and poor governance.
	AI supports strategic HR decision-making when balanced with human judgment.

	20
	Ochmann et al. (2024)
	Empirical study on perceived algorithmic fairness in recruitment.
	Algorithmic recruiting systems with transparency features.
	Experimental and survey-based empirical research.
	Automation improves process efficiency.
	Accuracy positively correlated with transparency and anthropomorphism.
	Transparency improves fairness perceptions among applicants.
	Complexity of explaining algorithmic decisions.
	Perceived fairness increases when AI systems are transparent and human-like, which is related to the process of recruiting through the Artificial Intelligence system.


[bookmark: _Toc218958289]Table 3: Data Extraction Table
(Source: Self-Created)
[bookmark: _Toc218790894][bookmark: _Toc218958265]4.3 Theme and Sub-Theme Table 
	Theme
	Sub-Theme
	Description
	Supporting Authors

	1. Recruitment Efficiency and Operational S
peed
	1.1 Automated Screening and Processing
 
 
 
 
 
 
 
 
 
 
 
 1.2 Cost Reduction and Resource Optimisation
	AI technologies help to enhance recruitment efficiency as they automate the screening process of thousands of resumes in minutes, which previously required extensive manual labour. In retail, tools like Applicant Tracking Systems (ATS) and chatbots help to facilitate rapid candidate engagement, and this process helps to eliminate bottlenecks effectively, and also reduces the overall time-to-hire.
 
Implementation of AI tools also leads to cost reductions as AI tools help to minimise reliance on expensive external hiring agencies and internal administrative processing. AI tools also help to automate routine tasks such as schedules of interviews and initial interactions, which helps retail organisations to reallocate human resources toward their strategic activities. This optimisation process also helps to improve the return on investment, as it helps to decrease opportunity costs that are associated with delayed hiring.
	Allal-Chérif et al. (2021), Dadaboyev et al. (2025)
 
 
 
 
 
 
 
 
 
 
Paramita, Okwir & Nuur (2024), Madanchian (2024)

	2. Accuracy and Reliability of Evaluation
	2.1 Predictive Analytics and Forecasting
 
 
 
 
 
 
 
 


2.2 Behavioral and Skill Assessment
	AI-driven predictive analytics utilizes historical data which helps AI tools to forecast candidate job fit and future performance and AI models also helps to enhance evaluation reliability as it often helps to identify success patterns and this process helps organizations to make more consistent hiring decisions that are also evidence-based.
 
Modern tools like Natural Language Processing and video analytics helps this process as these tools provide evaluations of competencies of candidates and as these technologies helps to assess behavioral cues which helps these tools to offer standardized assessment to organizations which helps to improve accuracy of predict of candidate’s job performance in retail. 
	Mukherjee & Krishnan (2022), Paramita, Okwir & Nuur (2024)
 
 
 
 
 
 
 
 
 
 Leutner, Akhtar & Chamorro-Premuzic (2022), Acikgoz et al. (2020)

	3. Impact on Human Bias and Fairness
	3.1 Unconscious Human Bias
 
 
 
 
 
 
 
 
 
 3.2 Algorithmic Bias and Training Data Risks
 
 
 
 
 
	AI systems helps to reduce subjective human bias as AI tools utilizes uniform evaluation criteria in the screening process and these data-driven models also helps to minimize individual errors and also helps to contribute in fair hiring outcomes in the retail environments where manual screening is often inconsistent.
 
AI tools also can often inherit historical biases that are present in its training dataset which often leads to discriminatory outcomes and this risk in this process demands fairness audits and it also needs to ensure that automated systems does not reinforce in societal imbalances. 
	Madanchian (2024), Srinivasan & San Miguel González (2022)
 
 
 
 
 
 
 
Fabris et al. (2024), Kordzadeh & Ghasemaghaei (2021)

	4. Ethical and Organizational Challenges
	4.1 Transparency and Accountability
 
 
 
 
 
 
 
 
 4.2 Legal Compliance and Data Privacy Risks
 
 
	In AI recruitment process a major weakness is the ‘black-box’ nature of decision making which often obscures that how candidates are scored. In this AI recruitment process this lack of transparency often undermines accountability and trust that is important for documentation and explanation of automated processes to remain ethical. 
 
Organisations often face significant challenges regarding data protection regulations like GDPR and UK-GDPR, and in this process, organisations need to ensure data minimisation and also need to protect candidates against automated decision-making, which is important for organisations to avoid legal fines and for them to maintain recruitment integrity. 
	Hunkenschroer & Luetge (2022), Cheong (2024)
 
 
 
 
 
 
 
 
 
 Hunkenschroer & Luetge (2022), Ochmann et al. (2024)


[bookmark: _Toc218958290]Table 4: Theme and Sub-Theme Table
(Source: Self-Created)
[bookmark: _Toc218790895][bookmark: _Toc218958266]4.4 Thematic Analysis 
[bookmark: _Toc218790896][bookmark: _Toc218958267]4.4.1 Theme 1: Recruitment Efficiency and Operational Speed
· Sub-theme 1.1: Automated Screening and Processing
The results show that AI-related recruitment technologies help to reduce the duration of high volumes of applications in retailing. Seasonal pressure of hiring regularly presents operational bottlenecks in the retail organisations. Automated CV parsers and ATS systems facilitate speedy screening and short listing of candidates. However, although automation enhances the velocity of the processing, it still relies on the quality of data and the set-up of the systems, and this could be a limitation to the uniformity of such automation procedures in various recruiting situations. Findings from Allal-Chérif et al. (2021) and Talwar & Agarwal (2022) show that AI-based tools such as Application Tracking System (ATS) and automated CV parsers help the process of recruitment, as these tools can scan thousands of applications in minutes, and based on the scans, these tools can also suggest best-fit candidates. Research by Dadaboyev et al. (2025) furthermore provides evidence that the advantages that the AI tools provide help to minimise the time-to-hire, as these AI tools allow rapid information processing and automatic communication.
· Sub-theme 1.2: Cost Reduction and Resource Optimization
The implementation of AI helps minimise spending by deploying reduced resources on external recruitment companies and decreasing the number of administrative staff. Routine workloads (interview scheduling, and candidate communication) can be automated with the help of which the HR professionals can pay more attention to strategic recruitment processes. However, financial benefits are to be perceived with a grain of salt since implementation costs, as well as system maintenance, could be compensating any short-terms savings. Research by Paramita, Okwir, and Nuur (2024) finds that AI models allow for a decrease in administrative work as AI tools help to process a high volume of datasets in a short period of time, and this process benefits the high turnover retail sector. Madanchian (2024) furthermore argues that automating routine tasks such as initial interaction with candidates and schedules of interviews and pre-selection often helps recruiters to reallocate human recruiters to value-added strategic activities. Highlight tension between research findings of quicker recruitment and occurrence of delays in implementation of training programmes or high training expenses. This shift of resources not only helps to lower the opportunity costs but also helps to enhance the overall Return on Investment (ROI). The use of chatbots also helps to provide a cost-effective method for 24/7 engagement and helps to ensure that retail firms can maintain a consistent talent pipeline, while the recruitment process also helps to reduce expenses and improve organisational responsiveness. 
[bookmark: _Toc218790897][bookmark: _Toc218958268]4.4.2 Theme 2: Accuracy and Reliability of Evaluation
· Sub-theme 2.1: Predictive Analytics and Forecasting
Predictive analytics can contribute to the effectiveness of the recruitment decision-making process by relying on the historical workforce information to predict the suitability of candidates. These models facilitate evidence-based recruiting as well as enhance the uniformity of shortlisting. In contrast, predictive accuracy is related to the relevance of data and organisational role which implies that predictive tools are to be utilised as decision support tools and not as solution all by themselves. As per Paramita, Okwir, and Nuur (2022), these models assist organisations in making evidence-based decisions in recruitment, which helps retailers to make the decisions more consistent. Predictive models also help to identify behavioural patterns and success indicators, which help to increase the quality of hire, and, as Mukherjee & Krishnan (2022) further emphasize, these data-based suggestions help to provide workforce forecasting that helps to make hiring decisions more consistent.
· Sub-theme 2.2: Behavioral and Skill Assessment
The data extraction in Table 1 highlights the role of advanced technologies like Natural Language Processing and Video Analytics which help to provide nuanced evaluations of the competencies of the candidates. This shows contradiction between the literature that purports a higher predictive validity and those that undermine validity or situational sensitivity. Research by Leutner, Akhter, and Chamorro-Premuzic (2022) found that video-based interview services can help to assess vocal and facial expressions and communication skills, and these areas are important for retail sectors. Such innovative tools as video analytics and natural language processing will allow organising an evaluation of communication skills and work-related competences. This challenges of technologies assist in standardised screening and minimise subjectivity in recruitment at the initial stage. Acgikoz et al. (2020) demonstrate that NLP also facilitates keyword matching and contextual scoring of resume data that is unstructured, which helps to improve the accuracy of initial screenings. These interactive and dynamic evaluation environments, which also include gamified machine learning assessments, help to allow for a standardised measurement of cognitive abilities and problem-solving skills.
· Sub-theme 2.3: Behavioral and Skill Assessment
The data extraction in Table 1 highlights the role of advanced technologies like Natural Language Processing and Video Analytics which help to provide nuanced evaluations of the competencies of the candidates. Research by Leutner, Akhter, and Chamorro-Premuzic (2022) found that video-based interview services can help to assess vocal and facial expressions and communication skills, and these areas are important for retail sectors. Acgikoz et al. (2020) demonstrate that NLP also facilitates keyword matching and contextual scoring of resume data that is unstructured, which helps to improve the accuracy of initial screenings. These interactive and dynamic evaluation environments, which also include gamified machine learning assessments, help to allow for a standardised measurement of cognitive abilities and problem-solving skills.
[bookmark: _Toc218790898][bookmark: _Toc218958269]4.4.3 Theme 3: Impact on Human Bias and Fairness
· Sub-theme 3.1: Unconscious Human Bias
The sub theme that is Unconscious Artificial Intelligence is important in the recruitment process as it helps in decreasing the likelihood of unconscious prejudice in the selection process of a hired employee. The conventional hiring methods and processes are usually affected by subjective human influence, personal factors, and cognitive bias regarding gender, ethnicity, age, or education. Artificial intelligence-based recruitment tools helps in reducing this kind of biases by implementing standardized and data-driven evaluation criteria to every candidate. According to Madanchian (2024), the study claims that procedural consistency is also enhanced through the use of algorithmic screening systems.  This is mainly based on predetermined job-related qualifications. As per Srinivasan and San Miguel Gonzalez (2022), the study indicates that AI helps improve fairness by eliminating emotional and intuitive properties at low developmental levels. The use of AI in high-volume recruitment efforts, such as the retail sector, has fatigue and inconsistency issues. The theme also highlights that the minimisation of human bias is best achieved when AI is utilised as a decision-support tool. And opposed to a completely autonomous system, which supports the need to move to balanced human-AI collaboration.
· Sub-theme 3.2: Algorithmic Bias and Training Data Risks
Algorithmic Bias and Training Data Risks is based on the risk of algorithmic bias that is related to AI recruitment systems. Contrast argues that AI decreases human bias by providing evidence of recreation of algorithmic bias. Artificial intelligence models are conditioned on previous studies, which may be characterised by existing inequities in society and discriminatory employment. The systems reproduce or amplify bias unintentionally instead of removing it.  As per Fabris et al. (2024), this presents evidence that algorithmic employment-related tools usually base their data on proxy variables. This includes employment gaps or educational backgrounds, which are unfavourable to some members of certain demographics. According to Kordzadeh and Ghasemaghaei (2021), this discusses that the effect of biased training data is systematic discrimination on the scope, and this type of bias is especially in relation to tracking and eliminating. This is particularly high in the retail industry, where varied pools of applicants lead to the AI-led recruitment process killing the concepts of fairness and organisational legitimacy instead of increasing them.
[bookmark: _Toc218790899][bookmark: _Toc218958270]4.4.4: Theme 4: Ethical and Organizational Challenges 
· Sub-theme 4.1: Transparency and Accountability 
Issue linked to recruitment that is powered by AI is the ability to comply with employment legislation and data protection laws. Recruitment systems based on AI handle extensive amounts of sensitive and personal information about candidates. This poses a major threat to privacy, consent, and misuse of data. According to Hunkenschroer and Luetge (2022), regulations like GDPR and UK-GDPR are strict on issues concerning data reduction, processing that is lawful and the rights of the candidates to the information and clarification in the automated decision-making process. Lack of respect to these regulations may lead to penalties in the law, reputation of damages, and loss of stakeholder confidence. As per Ochmann et al. (2024), the study mentions that it is not uncommon to see organizations unable to strike the balance between the efficiency. This occurs through the advantages of AI and regulatory issues related to third-party recruitment platforms involved. High-volume recruitment is very common in the retail sector, so legal compliance is even more problematic. Professionals enhances the chances of automation bias.  
· Sub theme 4.2: Legal Compliance and Data Privacy Risk 
Data protection laws are also a very acute concern to AI-driven recruitment systems. Applicant data is sensitive and is distributed in large amounts by the retail organisations, exposing them to privacy violations and legal actions. However, Good governance systems and stringent policy on the management of the data are thus needed to achieve ethical AI implementation. According to Hunkenschroer and Luetge (2022), the transparency deficiency compromises the accountability of the organization. This is because information technology users might be unable to defend or challenge automated results.  As per Cheong (2024), highlights another ethical consideration, which is transparency, especially when it comes to employment, as any hiring decision has a direct impact on the livelihoods of a person. Explainability in the UK retail sector is not provided adequately, which is counterproductive to the candidate for trust and procedural fairness. The overuse of AI results by HR professionals enhances the chances of automation bias. 
[bookmark: _Toc218790900][bookmark: _Toc218958271]4.5 Discussion of Findings 
The findings of the study are tackled in this section with regard to the research objectives and other literature available. The results obtained on the basis of the thematic analysis of 20 peer-reviewed articles indicate that Artificial Intelligence (AI) is quite relevant when it comes to enhancing the recruitment and selection focus in the UK retail setting. However, the research indicates that there are significant weaknesses and ethical issues that balance out the overall efficiency of AI-based recruitment systems. The discussion is based on the main themes identified in Chapter 4 and connects the findings of the study with some pieces of evidence found in the reviewed authors.
The results obtained on the basis of the thematic analysis of 20 peer-reviewed articles indicate that Artificial Intelligence (AI) is quite relevant when it comes to enhancing the recruitment and selection focus in the UK retail setting. However, the research indicates that there are significant weaknesses and ethical issues that balance out the overall efficiency of AI-based recruitment systems. The discussion is based on the main themes identified in Chapter 4 and connects the findings of the study with some pieces of evidence found in the reviewed authors.
AI can significantly enhance the efficiency and speed of the recruitment process, especially in publications recruiting large quantities of employees (including retail). The findings demonstrate that AI-based software that includes Applicant Tracking Systems (ATS), automatic resume screening, and recruitment chatbots decreases time-to-hire and administrative burden. This also indicates that AI helps an organisation to sift through the applications of thousands of candidates in a short period of time, and uniformly, which is essential in the UK retail environment, where peak hiring and high turnover are typical. Allal-Cherif et al. (2021) and Dadaboyev et al. (2025) support the findings thoroughly by demonstrating tremendous efficiency improvement with the help of automation.  Paramita, Okwir and Nuur (2024) and Madanchian (2024) state that AI enables HR professionals to adopt a strategic approach in personnel planning instead of the mundane.  The findings indicate that AI-based recruitment can be more scalable without the costs being expanded accordingly.
These findings demonstrate that AI enhances the accuracy of evaluation and consistency of decisions, especially in structured tests and skills-based work.  The analysis shows that predictive analytics and machine-learning models assist organisations in making more standardised predictive and data-based decisions in hiring. AI helps in minimising the errors that are related to human judgment by implementing the same evaluation criteria for all candidates. This is related to the findings of Mukherjee and Krishnan (2022), according to which AI increases the reliability of candidate-job matching as it reveals patterns associated with performance. This is based on Leutner, Akhtar and Chamorro-Premuzic (2022) as AI-based measurements have proven their effectiveness in assessing both cognitive and technical skills. 
AI is not as effective in determining soft skills, emotional intelligence, and interpersonal qualities. This issue is reflected by Fumagalli, Rezaei, and Salomans (2022) and Horodyski (2023), which indicates that scepticism of candidates towards the quality of AI in assessing the human aspect is evident. AI enhances the accuracy where machines are concerned, but the results indicate that the medical system should complement, but not override, human judgment.
The findings demonstrate that AI affects bias and fairness in recruitment in two ways. AI minimises human prejudice that is unconscious by normalising the assessment procedures and limiting the subjective decision-making.  The personal recruiter biases and fatigue bias in data-driven screening, which is especially useful in retail staff recruitment. The same observation is consistent with Madanchian (2024) and Srinivasan and San Miguel Gonzalez (2022), whose view is that AI enhances procedural fairness, eliminating emotional and intuitive prejudice during the initial phases of recruitment.  This is also stated in the findings that bias may be reproduced or amplified by AI systems when they are trained using biased data in the past. The studies by Fabris et al. (2024) and Kordzadeh and Ghasemaghaei (2021) align in relation to the issue, with strong support by showing that proxy variables commonly encourage the emergence of algorithmic bias in terms of their inclusion in training datasets. 
 The results indicate that transparency is a crucial element that influences the perceptions of fairness. According to the analysis, accountable AI regimes enhance the trust between the candidate and procedural justice. The same is shown by the transparency to an important degree in improving the perceptions of fairness found by Ochmann et al. (2024) without lowering efficiency. Cowgill, Dell'Acqua and Matz (2020) suggest that interventions on fairness and monitoring should enable better results with algorithms compared to human decision-making. These papers reaffirm our discovery that ethical AI recruiting is based on transparency and accountability.
This is enabled by regarding ethical and organisational issues; the results indicate that transparency, accountability, and legal compliance are significant obstacles to the successful adoption of AI.   The black-box nature of most AI recruitment systems affects trust and accountability, and organisations cannot easily explain or justify their decision to hire individuals. The study is related to Hunkenschroer and Luetge (2022), who interpret that various systems undermine ethical directives in recruitment.  Cheong (2024) analyses that transparency is more than a mere technical prerequisite, despite being an ethical standard, more so when making decisions in any aspect of employment. This is related to the interpretation of  Hunkenschroer and Luetge (2022) and Ochmann et al. (2024), based on which several organisations have difficulties in meeting efficiency requirements. 
[bookmark: _Toc218944387][bookmark: _Toc218958272]4.6 Interpretation of Findings in Relation to Research Question
· How does AI improve the efficiency of recruitment and selection processes in the UK retail sector? 
The findings of this research indicate that Artificial Intelligence helps to improve the efficiency of recruitment and the selection process in the UK retail sector significantly. AI-driven tools such as Applicant Tracking Systems and Automated CV scanning as evidenced in this dissertation and recruitment chatbots also helps to allow organizations to process large volume of applications quickly and also helps organizations to maintain consistency. This fast-paced and efficient process is important for the retail sector as in the UK retail sector often experiences high employee turnover and also experiences seasonal recruitment peaks. The automation process of AI-based tools helps in repetitive administrative tasks which helps organizations to reduce time-to-hire and also helps organizations to minimize the delays that often occur due to manual screening and complex schedules of interviews. 
· To what extent is AI reliable in evaluating candidate suitability in the UK retail sector?
[bookmark: _Int_2IS1oIH9][bookmark: _Int_tzrAIa6J][bookmark: _Int_0zD5QbqG][bookmark: _Int_8klC2BtH][bookmark: _Int_WOdNtQJZ]The findings of this research suggest that Artificial Intelligence also helps to demonstrate a moderate to high level of reliability as AI-based tools help to efficiently evaluate the candidates based on their suitability in the UK retail sector. AI-driven assessment tools utilize data-based criteria which helps AI-based tools to analyze the skills of candidates and to provide a standardized evaluation. This process helps to reduce random or subjective-based decision-making which often occurs in the traditional recruitment process. The reliability of AI-based assessment however as shown in the findings are highly dependent on the quality and relevance of the data that AI-based tools used to train systems. In terms of the roles that require interpersonal skills and customer interaction which are important in the retail sector and often in these areas as findings show AI may not fully capture the contextual and emotional competencies. 

· Does AI help reduce human bias or create new types of bias in the UK retail sector? 
The findings of this research also reveal that AI-based tools also help to reduce potential human bias in recruitment as in the recruitment processes biases are often linked to fatigue, inconsistency and personal judgement which often AI-based tools helps to reduce. AS AI-based tools apply standardized evaluation criteria which helps AI-based tools to maintain fairness during initial screening stages and this initial process is essential in the UK retail sector as in this sector recruiters often have to manage a large volume of applications in a limited amount of time. The findings of this research however also indicates that AI can introduce new types of biases where one of these re algorithmic bias which re derived from historical data or unbalanced training set. AI in the recruitment process for this reason although helps to eliminate human biases but these process needs regular audit and the system design needs to be transparent which helps to mitigate algorithmic bias in the UK retail sector.    
· What ethical or organizational challenges arise when implementing AI in recruitment in the UK retail sector?
The findings additionally of this research also highlights several ethical and organizational challenges that are associated with implementation of AI in the UK retail sector. The lack of transparency which is often known as the black-box nature of AI systems is one of the concerns in the retail sector and challenges in areas like data privacy, regulatory compliance and accountability also present significant organizational challenges. These challenges found in this study suggest that to integrate AI successfully organizations needs strong governance frameworks and ethical oversights.
[bookmark: _Toc218944388][bookmark: _Toc218958273]4.7 Comparison with Existing Literature 
The findings of this dissertation strongly align with the existing literature on the implementation of AI in recruitment and selection processes. The findings of this study are consistent with the findings of literature like Paramita, Okwir and Nuur (2024) and Jarahhi et al. (2023), which helps this study to confirm that AI-based tools help organizations to improve efficiency with the help of automated CV screening, initial communication and with interviews significantly which is valuable in the retail sector of the UK. 
The findings of this study in suitability further support research by Leutenar, Akhter and Chamorro-Premuzic (2022) who argue that AI helps to enable consistent and data-driven evaluations and in relation to bias the study reflects the concern that are raised by Dattner et al. (2020) and Köchling et al. (2023), which helps to indicate that while AI helps to reduce human biases but also it can also introduce algorithmic bias. This study also identifies the ethical and organizational challenges that are related to transparency and accountability which mirrors the arguments by Hunkenschroer and Luetge (2022) and they reinforce that for the implementation there is a need for responsible AI and governance in recruitment. 
[bookmark: _Toc218944389][bookmark: _Toc218958274]4.8 Explanation of Unexpected Findings
[bookmark: _Int_NPbWdHxV][bookmark: _Int_ruyJAO9P]One unexpected finding of this study was related to the limited reliability of AI in evaluating soft skills and emotional competencies as the findings of this study shows that some literature claims that AI-based assessments can accurately measure behavioral patterns. To explain this customer facing nature becomes important where interpersonal skills, adaptability and personal judgement are highly dependent on the context. These findings of this dissertation help to suggest that the effectiveness of AI in recruitment is often influenced by the requirements related to role-specific.
[bookmark: _Toc218944390][bookmark: _Toc218958275]4.9 Addressing Literature Gap
The study also contributes to address the existing literature gap as this study focuses on the UK retail sector as in this retail sector empirical research are limited and this study demonstrates that majority of research that examines AI in recruitment are based on general or industry based but this study highlights the impact on sector specific challenges like the high volume of hiring, ethical concerns and candidates perceptions in the retail sector. This research synthesized recent academic studies which helps this research to provide a contextual understanding of the effectiveness of the AI tools and also helps to highlight the limitations of the UK retail sector.
[bookmark: _Toc218790901][bookmark: _Toc218958276]4.10 Chapter Summary 
Regulations like GDPR and UK-GDPR are strict on issues concerning data reduction, processing that is lawful and the rights of the candidates to the information and clarification in the automated decision-making process. Lack of respect for these regulations may lead to penalties under the law, damage to reputation, and loss of stakeholder confidence. As per Ochmann et al. (2024), the study mentions that it is not uncommon to see organisations unable to strike a balance between efficiency. This results is stand on advantages of AI and regulatory issues related to third-party recruitment platforms involved. High-volume recruitment is very common in the retail sector, so legal compliance is even more problematic. 
Secondary research was done to test the applicability of Artificial Intelligence in recruitment and selection procedures in the UK retail industry. This is with the help of structured data extraction table and a thematic analysis, it was possible to determine significant patterns among 20 peer-reviewed studies. The results indicate that AI can greatly improve efficiency in recruiting as it saves time to hire and lessens management resources. The matter of transparency, fairness, data privacy and accountability proved to be the pressing issues affecting the efficiency of AI. 


[bookmark: _Toc218958277]Chapter 5: Conclusion
[bookmark: _Toc218944392][bookmark: _Toc218958278]5.1 Overall Conclusion
The thematic findings of the chapter are synthesised and their implications on AI in retail recruitment assessed. These findings indicate that AI enhances operational efficiency and screening consistency, but there are still serious risks of ethical concerns and bias. Human-AI collaboration comes out as a very important aspect that leads to a sustainable recruitment process. This is used for understanding that the process of AI technologies influences contemporary hiring practices.  The findings demonstrated that AI has become an informative force in the sector of retail recruitment that is based on the large volume contexts, which is interpreted by various types of turnover and workforce turnover. This outcome is driven based on the process of using different AI-driven tools, such as an Applicant Tracking system, and the process of automated screening. This also integrates the process of prediction analysis and the use of chatbot systems that enhance the efficiency of operations by reducing the time for hiring and administrative workload.  The findings also conclude that the effectiveness is related to the process of contribution of AI for consistent and data-driven evaluation. This improves the reliability of the assessment of the candidate, which supports the process of better hiring decisions.  
[bookmark: _Toc218944393][bookmark: _Toc218958279]5.2 Answer to Research Questions
· How does AI improve the efficiency of recruitment and selection processes in the UK retail sector? 
The findings from the first question demonstrate that the process of AI suggest that it may substantially enhances the operational efficiency. This is primarily influenced by implementing the activities that are traditional in the section workforce, which includes the screening of CVs and other parts although effectiveness may vary depending on system configurations and data quality. The other traditional parts are the communication with the candidate and scheduling of the interview. The process of retail organisations is the process of frequently managing various types of large volumes of applications and the process of hiring demands based on seasonal demands which indicates context-specific benefits.  This benefits in relation to the perspective of reduced time-to-time hiring, which lowers the administrative burden however, implementation cost and organisational reediness may influence outcomes.
· To what extent is AI reliable in evaluating candidate suitability in the UK retail sector?
The second research question is for understanding the extent to which the AI appears to can be trusted to determine the suitability of the candidate. AI enhances uniformity and helps in relation to the process in the evaluation of candidates with the help of predictive analytics based on the objective but accuracy depends on data relevance and model design. Natural Language Processing, and video-based tools of evaluation as these technologies helps in making judgments through numbers and data by determining a pattern related to job performance and matching of skills although contextual and interpersonal factors may not fully capture. The AI-assisted evaluation processes provide a standardised and scalable way of evaluation in areas such as retail however, human oversight remain necessary. This is where communication and flexibility are paramount factors that are based on AI recruitment.
· Does AI help reduce human bias or create new types of bias in the UK retail sector? 
The third research interprets the fundamental perspective, which is whether AI minimises human bias or creates new forms of bias.  AI helps reducing the unconscious human bias using standard criteria and less subjective judgment to some extent. Algorithm systems might be affected by historical biases present in training data, which result in discriminatory results indicating mixed evidence and fair outcomes. This proves that AI does not necessarily ensure fairness without appropriate governance structure. This is based on moral design, ongoing audit and accountable leadership which are required to mitigate bias risks. This also integrates the factor that there is a certain fairness that is solely dependent on the process of continuous auditing and the governance responsible that is related to the AI process.
· What ethical or organizational challenges arise when implementing AI in recruitment in the UK retail sector?
The last research question is related to the process of understanding the concerned part that is with ethical and organisational issues. Transparency, accountability, compliance with the law, and trust in the candidates are important issues which remain ongoing challenges. The process of using black boxes diminishes explainability in the process of using AI recruitment which may reduce candidate trust. The process of ethical and organisational challenges, as there are various laws on data protection, demands that automated hiring needs the strictest requirements and consistent monitoring mechanism. These issues demonstrate that the successful introduction of AI does need robust governance policies, employee oversight. This is fascinated by the regulation across the UK retail field as without the ethical and organisational challenges as the sector faces a huge gap in the area particularly withing the UK retail regulatory context.
[bookmark: _Toc218944394][bookmark: _Toc218958280]5.3 Academic and Practical Implication
The practical implication that a contribution to the process of interpreting literature on Artificial Intelligence in Human Resource Management as the research offers an industry-specific synthesis of the UK retail industry.  The literature analyzes AI recruitment in a general or technology-focused manner. This study shows that operational efficiency, evaluative accuracy, fairness, and ethical governance are the many-sided dimensions that make up the concept of efficacy. The use of systematic literature review and thematic analysis addresses the gap in relation to the knowledge regarding the operation of AI in high-volume, high-turnover settings. The results interpret the use of Technology Acceptance Model in relation to recruitment is determined not only by speed and performance but also by trust, transparency, and ethical legitimacy.
This also validates that AI can greatly contribute to the acceleration of recruitment, its uniformity, and scalability, which contributes to workforce planning and operational responsiveness. The route is related to the process of organizations based on legal, ethical, and reputational risks. This highlights the importance of the human-centered method of AI integration whereby it will supplement, not substitute the human judgment by professionals. The implications can be used to promote more informed, responsible, and sustainable integration of AI in the retail recruitment practice.
[bookmark: _Toc218944395][bookmark: _Toc218958281]5.4 Recommendations
There are certain recommendations that are to be helpful as AI is to be interpreted as a decision-support system and not as an autonomous decision-maker. Human supervision is to be used as the medium in the stages of shortlisting and final hiring. Algorithms is not able to understand all the aspects of retail jobs that are based on contextual knowledge, emotional intelligence, and situational judgement. The human-AI hybrid approach is such that efficiency gains is not be at the basis of fairness, empathy, and organizational values cost. 
AI recruitment systems have strong governance structures in organizations as this involves employment of regular algorithmic audits. This is for determining the prevalence of discriminatory patterns, training dataset review for him or her to be representative and hiring results of every gender, ethnic group, age, and disability. The perspective of keeping the Fairness principles must also be based on the procurement phase, as vendors must show bias reduction measures and transparency policies prior to the deployment. 
The focus is on transparency in order to enhance trust and accountability. Retail employers need to collaborate with technology providers in order to ensure that the AI tools can provide explainable results so that recruiters can understand how the rankings and recommendations are made. The role of AI in the hiring process and the use of its data by the candidates should also be explained. Open and honest communication leads to increased procedural justice, better candidate experience, and safeguarding employer brand reputation in competitive labour markets. 
The criminal or regulatory compliance is to be interpreted in relation to HR. The organizations need to make sure that the UK-GDPR requirements are enforced such as an option of data minimization, safe storage, informed consent, and human review in decision making are made. This is for reducing the threat of legal and reputational issues related to the mass processing of data in retail hiring. This is important for implementing regular data protection audits and a detailed record of the AI processes. 
The most important process is creating awareness for HR teams, who should be given continuous professional development in AI literacy. Hiring companies should prepare for the process of handling the results of algorithms, understanding the machine suggestions, and identifying possible discrimination. Training decreases the automation bias and makes practitioners critical and responsible users of AI instead of accepting system outputs without questioning.
[bookmark: _Toc218944396][bookmark: _Toc218958282]5.5 Limitations of the Study
The lack of primary data interprets the process of accessing real-time practices in organisations and the lived experiences of HR professionals and applicants in the UK retail sector. There may be certain changes that are based on the information that can be derived from different themes and sub-themes from the literature reviews. AI technologies are rapidly changing as there might be some outdated information based on the AI from the literature that has been reviewed.  The weaknesses describe that the research conducted in the future might include primary empirical techniques for understanding and integrating the results.
[bookmark: _Toc218944397][bookmark: _Toc218958283]5.6 Future Research
This study helps to examine the effectiveness of AI in recruitment phases and selection processes within the UK retail sector. Future research to this study should include primary data such as interviews with the HR professionals or candidates which will help the study to gain deeper insights to AI-based empirical practices and beside this, longitudinal studies can examine the impact of AI-based tools and fairness or AI over a period of time. Comparative studies related to this can include different sectors and geographic regions which can help to identify the contextual differences which this study mentioned in the adoption of AI.
[bookmark: _Toc218944398][bookmark: _Toc218958284]5.7 Final Reflective Statement
[bookmark: _Int_5iDgdd3a]This research helped me to develop a deep understanding of the application of the Artificial Intelligence within the UK's retail sector. The systematic literature review helps me to strengthen my critical analysis and academic research skills which have helped me to synthesize complex information and to evaluate ethical implications. I have also gained insights to the importance that it needs balance between technical efficiency with human judgement for managerial decision-making and this dissertation also helps me to enhance my confidence in independent research.
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